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Abstract

Artificial Intelligence (Al)-enabled voice-assistansuch as Alexa and Siri are increasingly reptative
search engines since the consumers are actively ti@m for accomplishing a variety of their daydty tasks.
Technology providers as well as marketers incrghsfiocus on leveraging the use of voice assistantsgage
their customers and offer them more personalizddevaropositions. The study examines the different
consumption values associated with the use of vasséstants. Based on a theoretical framework dootéhe
“Theory of Consumption Values” (TCV), we undertakemixed-method research approach that comprises
interviews with experts (n = 5) and consumers @0¥and a cross-sectional survey with active uskvsice-
assistants (n = 371). Five consumption values waresidered namely social identity, convenience,
personification, perceived usefulness and percgieyfulness. In addition to this, two types of gsaf voice
assistants namely information search and taskifumetere considered. Our findings contextualize exteénd
the TCV framework using voice-assistants technolagy get empirical support showing that the congiomp
values are interrelated. We find that social idgrdand personification has a strong positive assimei with
both usefulness and playfulness. Furthermore, lsefsi and playfulness shared positive associatidim w
information search and task function. In additionthis, trust and frequency of use significantlpgjtive)
moderated the association between usefulness apt wd voice assistants. The technology providats a
marketers find the research outcome useful to deirg various voice-enabled applications and sesvio

enhance the consumer experience and engagement.
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1. Introduction
Artificial Intelligence (Al) has become ubiquitoasd integrated into the day-to-day life of conswsner
fundamentally transforming customer interactionthwtakeholders [1], [2]. Amidst a wide variety of
Al-enabled virtual personal assistants, the grositkioice assistants (e.g., Alexa, Siri, OK’ Google,
etc.) has attracted the attention of marketerst@ctthology providers who are increasingly intergste
in engaging with their existing and prospectivestaners through the medium of voice.

Voice-assistants have recorded the fastest grawtiiei consumer technology segment next to
the growth of smartphones and disrupted the waysahs interact with computers [3]. Accordingly,
they have continuously evolved by adapting theneseto serve the user needs most conveniently [4].
Voice-assistant is an Al-enabled virtual-assisthat uses natural language processing algorithms fo
speech synthesis and recognizes the voice to oatryarious complex conversations with users in
real-time [5]. Consumers make use of voice-asdistaot only to carry out the search function babal
to complete tasks such as online shopping, ordesintpb, control their home automation, set
reminders, play music, listen to jokes, and so6dn[f]. Stenvanovid8] reports that there were nearly
3.25 bhillion active voice-assistants in 2019 argbglredicts that this number will cross the 8 dilli
mark by 2023.

Given this unprecedented growth, voice-assistargseapected to revolutionize the way
consumers interact with the different technologyers. Yet, the theoretical basis of this impitta
practical phenomenon has received less attentml&s argue that the use of voice assistantstis n
limited to the interactions aimed at executing seartommands or completing tasks [9]. Instead,
consumers tend to express an emotional bondingthgih human-like voice-assistants [9]. Although
the adoption of voice-assistants is steadily ingireg still many consumers are apprehensive about
making use of voice-assistants in their day-to-tifey citing security and privacy risks [10], [11].
Practitioners also suggest that despite the higiptezh and rapid surge in the number of voice-based
interactions, the actual usage of voice assistamsv, and it is limited to performing basic taskeh
as: information search, controlling gadgets, amyipg music [10].

Though academic attention is scant, practitionexehlemphasized that technology providers
and marketers can exploit the inbuilt support ptediby voice assistants for handling complex search
gueries of the consumers for achieving their bissirabjectives [12]. Marketers optimize the voice-
assistant Search Engine optimization (SEO) and rtfakéorand, product, or service-related content

searchable as per the search algorithm used by \&#arch engines [12]. Similarly, Klaus and



Zaichkowsky [13] suggested that since consumerptadpvoice-assistant for shopping, both online,
as well as offline retailers, are competing to aodirate with various platforms owning these voice-
assistants. Academic literature examining the coesbehavior related issues concerning the voice-
assistants is currently limited since very few ampl studies do exist on this subject [5]. Kapéard
Haenlein [14] explored and discussed the varioydicgtions of voice-assistants, while [6] proposed
different content creation strategies for marketiragvoice assistants.

To complement this limited body of research, engpiristudies examining the consumption
values related to the use of voice-assistantslar@sanon-existent. It is currently not known asvioy
do consumers make use of voice assistants or&n wtbrds, what are the different consumption values
sought by the consumers that derive the use oevassistants. The current study aims to bridge this
gap in the prior literature. The study seeks tav@nghe following research questions: 1) What hee t
consumption values associated with voice-assistardshow these consumption values influence the
different types of usage (e.g., information seaarid task function)? 2) How do the different
consumption values in the context of voice-assistare related to each other? 3) Do moderators such
as frequency of usage and trust on voice-assistaotierate the strength of the relationship between
consumption values and types of usage? Therefagegrstanding consumption values pertaining to
consumption of voice-assistants is a critical reseagenda with implications for practice as wsll a
theory and hence must be addressed.

We draw on the theory of consumption values (TCM][to develop and test the research
model. A mixed-method approach was utilized, whadnsists of a qualitative (n = 35) and a
guantitative study (n = 371). TCV only offers ganeconsumption values; thus, we utilized a
gualitative study to map the generic consumptioesto the voice-assistant specific consumption
values as suggested by recent literature [16],. [AftErward, the different research questions were
answered by evaluating the developed model usorgss-sectional research design consisting of 371
users of voice-assistants.

The present study has first theorized and laterierafly validated the extended consumption
values in the context of voice-assistant usage s€quently, this study sheds crucial insights on the
different motivations associated with the use date&eassistants and also significantly contributes t
the literature on consumption values. The resefamdings offer a thorough understanding of how and
why consumers are using voice-assistants, whaéhty derive from using voice-assistants, and what

value brings is this technology in its current use.



This study makes several contributions. Firstppgically extents the generic values by a better
understanding of the consumption values that dsitlee usage of voice-assistants— new technology
that is highly interactive. Second, it contributeshe TCV framework [15] by not only contextuatigi
and extending it for voice-assistants technologgpectives but also finds empirical support that th
consumption values are not at the same level ratterelated. Third, we find that personificatioas
a strong positive association with both perceivedfuiness and perceived playfulness. This further
strengthens the typology of relationships that aorexs build with their voice-assistants [9]. Fourth
this study observed that the perceived playfulness a significant association with not only
information search but also influence task functidrich corroborates with the findings of Martin et
al. [19] and Venkatesh et al. [20] that the heddr@oefits significantly influence consumer choices
while adopting a technology [21]. The manufacturéeshnology providers and marketers find the
research outcome useful to developing various vei@dled applications and services to enhance the
consumer experience and engagement.

The rest of the study is organized as followstiSa@ provides a review of the extant literature
discussing relevant hypotheses and conceptual Wanke Section 3 explains the empirical results and
the fourth section presents managerial and theatemplications. Finally, limitations of the studye

discussed along with future research directions.

2. Literaturereview

2.1. Voice-assistants

The human desire to hold a conversation with cosigutias been exemplified through science
fiction movies starting from ‘space odyssey’ rekghin 1968 to the 2013 movie ‘Her’ portraying the
unique story of a man falling in love with Samanthaew operating system [5], [22]. In the realpr
we recognize Samantha with the names of Alexa amndT&e software controlling voice-assistant is
on a continuous listening mode awaiting for a keydvo wake up [4]. Upon hearing the keyword, it
starts recording the user’s voice and transmitstihe main server, which processes the voice rgessa
using natural language processing and machineihgpatgorithms. The server responds to the user’s
command and transmits the reply to the voice-assisivhich is then played back for the user [5)sTh
communication process facilitates consumers tkestrinatural conversation with their voice assistan
[9]. The dominant voice-assistants currently avddain the market and their key functions are
described in Table 1.



Table 1. The dominant voice assistants and their key funstio

Functions per formed by Voice-Assistant

VoiceAssistf Ownedb{ Noofusers 1} 2/ 3 4 5 6 71 8 9 1 11 12
Alexa Amazon >100 Millio N N N \ S N N N \ \ \ \
Sir Apple 375 miliof | O R/ RN A I O Y I
OK' Google| Google 500 Millio \ \ x/ V \ \ \ x/ x/ \
Cortona Microsoft 800 millior] v v N N N

Bixby Samsung >10 Milliorp N N N N W N

HelloJio Jio* NA N N N N N N

Nina Nuance** NA N N N I N
AliGenie, | Alibaba 500 Millior] | | A N W - N

1 —search, 2 —texting & email, 3 — shopping,ctistomer support, 5 — updates (news, weather, éte.play music, 7 — traffic
navigation, 8 — control other devices, 9 — set nglais & alarms, 10 — play games, 11 — make paymgats tell a story or a
joke.

*This is available on my Jio app which has over Million downloads

**50 Thousand Downloads (data is not availablelanihternet on the active number of users)

Voice-assistants are increasingly replacing coneeat search engines because the voice
assistants handle complex search queries of theuomers [6]. For example, consumers can ask the
voice assistant to search for “the best smartwatahd under $50 (USD)” or “which is the best organi
honey in the market”. Similarly, there are alsa@gng number of studies suggesting that consumers
are using voice-assistants for placing online ardier their shopping needs [13].

There is a paradigm shift in using voice-assistalotsshop online [13]. Three main
phenomenological observations are: (a) consumensareasingly using product attributes or product
benefits as a search criterion, e.g., they useke¢arms such asrganic honeyand ‘hand-crafted silk
scarf [23]; (b) consumer interaction is shifting froneaching directly for the brands to asking
guestions about the brand to their voice-assistaiis information is retrieved by algorithms otth
respective voice-assistants, which ultimately ieflage the consumer purchase decision making; and

(c) consumer choices are shifting from visual stiraiaudio stimuli of their voice assistants.



There are some attempts in the literature to egplbe psychological dimension related to
consumer’s decision making in the context of Al dadv Al-based disruptive technologies such as
voice assistants are influencing consumer chofgl$d]. However, it remains unknown at present as
to what are the consumption values sought fronusi@sof voice-assistants to complete actions ranging
from information search, performing different tasksbetter understanding of consumption values
specific to voice-assistants will be useful for keders to develop and redesign consumer interaction
using voice-assistants and offer a superior valtpgsition to their existing and prospective
consumers. The current study aims to address #ps and it utilizes the TCV framework as an

overarching theoretical framework in the contexvoite-assistants.

2.2. Technology adoption literature

The adoption and use of new technology across wadmmains have invariably been explained
by using the technology acceptance model (TAM) rhotleough TAM offers an overly simplified
explanation of drivers of behavioral intentionstiopt a new technology it is criticized for itshilay
to explain the actual usage. The behavioral inbastioften do not converge into the actual behavior
and hence, TAM is criticized as it fails to predice actual use behavior [24]. The unified thedry o
acceptance and use of technology (UTAUT) is an avigsed version of TAM aimed at addressing the
limitations of the initial model and claims to eapl the ongoing use of technology. The UTAUT
though is grounded in TAM, theory of reasoned ac{joRA), theory of planned behavior (TPB),
social cognitive theory and diffusion of innovattomodel it has been criticized for numerous
shortcomings. Bagozzi [25] criticized UTAUT for bgitoo complex and chaotic. Similarly, Van Raaij
and Schepers [26] further evaluated the model andladed that the model was less parsimonious as
compared to TAM and the explained variance wasifsggnt only when the four moderators are

included in the model.

Given that, consumers perceive voice-assistantsioky technological device and their interaction
with the device is conversational, the existingptietical models offer little insights on this dinsem.
Additionally, in the context of voice-assistantse tadoption of technology is a given, as consumers
readily interact with technology [27]. Voice-asaist is rather a companion of consumers and hence,
for brands to be able to design effective voicdiegpons it is important to understand how constsne
choose to interact with their voice-assistants ooutine basis and what determines the usage. Thus,



TCV can be a useful theoretical framework thatasdal on actual usage of the technology to advance

our understanding of this new domain

2.3. Theory of consumption values

The theory of consumption values (TCV) can be w=ed theoretical paradigm to understand the
consumption and use of new technologies and infmm&by the consumers [17]. According to TCV,
consumer’s decision to adopt and use technologyvisluntary choice that they make based on the
‘perceived consumption valuessociated with the use of the selected prodwand, or service [15],
[16], [17]. TCV combines both intrinsic and extimsbehavioral dimensions that drive the
consumption decision, i.e., to use or not to use, much to use and when to use a product or acgervi
[28], [29]. Sheth et al., [15] argue TCV is axiomagince it can be applied in multiple contexts] &n
has been validated across 200 product categomeshd context of voice-assistants, the TCV
framework is relevant since it is not limited torgliase decisions only. Still, it can provide ingggh
about the decision of consumers on whether to engagot with their voice-assistants regularly.
Furthermore, TCV can be useful in the context ofitmlogy products such as voice assistants as it ha
been validated in the context of micro-computeidddeo recording devices [15], IT/digital artifact
[30] such as social media and navigation devic8% 2owever, in comparison to the extended body
of prior TCV literature, to the best of our undarsding, no prior study has examined the consumption

values in the context of voice assistants.

3. Extending TCV consumption values from the voice-assistants per spective

The recent literature on TCV is in favor of usirantext-specific measures compared to generic
measures to understand how consumption valuesivahe context of products and services [16],
[17]. Scholars have emphasized that TCV offersumé&work for contextualizing the generic values in
specific contexts for a better understanding of lvowsumers value products and services [16], [17].
Therefore, we contextualize the generic consumptadues by understanding the specific values that
consumers derive from the use of voice-assistarabl¢ 2). TCV offers three major propositions.
These are as follows: a) adoption of a new produ¢echnology is a function of five consumption
values [15], b) each consumption value has a diffigal contribution [15], and c¢) the consumption
values are not independent of each other instegddtiare some kind of associations as suggested by

the recent literature [17].



3.1. Qualitative study

We used qualitative research to identify contex¢cefr consumption values. Qualitative
research included in-depth interviews (5 expen& a0 consumers), and content analysis of the
popular online information sources. First, we iniewed five experts, out of which, three expertseve
working in the industry at senior positions hangdlgtrategic business units related to voice-aststa
and the other two experts were senior researchieslatter has published extensively in the area of
digital technology and digital marketing. The expavere asked the following questions: (1) What are
the primary and secondary needs of consumers loaistgk existing use cases of voice-assistants. (2)
How the adoption of voice-assistants was evolvifByHow consumers were buying voice-assistants.
(4) What opportunities voice-assistants can provedine technology providers and brands. (5) What
the concerns are in the adoption of voice-assstdifite industry experts helped us in identifying th
factors related to the use of voice assistants frenperception of the industry. It also helpedesign
an interview schedule for the consumers.

In the next step, we interviewed thirty existinghsomers of different voice-assistants. The
interviewees had extensive experience of usingevagsistants for at least six months (17 males and
13 females; aged between 19 years — 53 years)bfeincan in-depth understanding of the usage of
voice-assistants, an aided recall strategy wastadaguring the interviews. The participants were
given multiple usage scenarios (book a cab, cdimgoloT devices, news updates, order online,
playing music, search internet etc.,) as stimulh&dp them recall their past usage and share the
experience of using voice-assistants. We askedtiquesrelated to various occasions, duration,
frequency, and types of use, and the perceivedfitetieey associate with using voice-assistantg Th
gualitative data were analyzed using an affinitypmiag technique, and recurring themes were
identified as suggested by other scholars [16]in&{f mapping is a data analysis technique used to
analyze qualitative data [18]. Researchers emplayéshm of four research associates to carry out
affinity mapping by spreading research notes ort gaslips on a soft board. Next the notes were
arranged into groups to identify themes. Followingmes were identified in this process: a) ease of
use, b) convenient, c) faster, d) personalizedaegs time, f) part of a lifestyle, g) fun and gment,

h) practical utility, and i) beneficial.

After the interviews, qualitative content analysis popular online news articles, marketing

blogs, and consumer reviews about Amazon Alexafamdzon Echo published between 2018 and

2020 about different voice-assistants to understhrdmajor sentiments related to different values



consumer perceive from the voice-assistants. agpsoach is popularly utilized in the prior marketin
literature [57]. The qualitative content analysis 1@ articles and 80 consumer reviews further
strengthened the themes identified through thenimes with 30 consumers of voice-assistants. A
panel of academic experts (two professors and ésearch associates) with expertise in qualitative
research techniques and one industry expert haxipegrtise in voice-assistants reviewed the firsi po
of research themes. The panel suggested to consimmér themes and also suggested to drop
redundant themes further; we organized the remgitiiames into relevant consumption value. The
raters achieved sufficient inter-coder reliabibity measured using Cohen's Kappa [71].

The final pool of themes was mapped with prior TiE&fature to develop and map the different
context-specific consumption values associated wighuse of voice assistant to the generic TCV
proposed by other scholars. The final set of comdiom values were ‘perceived usefulness’ (generic
value - functional value), ‘social identity’ (gemewvalue — social value), ‘personification’ (gereeri
value - emotional value), ‘perceived playfulneggrferic value - epistemic value, and ‘convenience’
(generic value - conditional value) (Table 2). Goalitative data has suggested that trust and dérecyu
of use as the two influential variables that inflae the consumption values and the usage of voice
assistants. Due to this reason, the current stadyeltamined their moderating role in the studied
associations.

Table 2. Mapping of generic values and extended values®f T

Generic Valug Proposition Extended Value Proposition
Functional Value | The value is derived from the | Perceived The extent to which consumers
utilitarian attributes of a product usefulness perceive voice-assistants to be
(functional or physical). [15] useful enhances the value

=

consumers derive by using the
voice-assistants.

Emotional Value | The value is derived from the | Personification The extent to which
ability of a product to arouse personifying voice-assistants
feelings. [15] arouse emotions among

consumers of voice-assistants,

Sacial Value The value is derived from the | Social identity The extent to which using
association of a product with so voice-assistants helps
imagery and the ability of the consumers to affirm their social
product to boost self-image. [15] identity.

Epistemic Value | The value is derived from the | Perceived The extent to which consumers
ability of a product to entice playfulness perceive using voice-assistants

inquisitiveness, offer uniqueness
or satisfy the pursuit of knowled
[15]

to be playful and enjoyable.
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The value derived from a
in the context of a set of
circumstances. [15]

Conditional Value

The extent to which using voice
assistant creates convenience
users under specific conditions,.

produciConvenience

4. Research framework and hypotheses development

for

The research framework (Figure 1) consists of theedonsumption values as the latent constructs and

two dependent variables, namely, information-segkiehavior and task behavior. The consumption

values are assumed to be hierarchical, whereiralsealue, conditional value, and emotional value

leads to functional and epistemic value. The reseanodel also examines the moderating role of

frequency of use and trust on voice-assistantsandaihtrolling for age and education.

(social value)

Convenience

(conditional value)

Personification

(emotional value)

(functional value)

Trust on VA Controls

(H6a-b)

Age

Perceived
Usefulness

Hig

\

Information

search

Perceived
Playfulness

ok
/ N
' 2o

(epistemic value)
Frequency of

use (H7a-b)

CONSUMPTION VALUES

Figure 1. Research Framework

4.1. Perceived usefulness (functional value)

The prior research discussed the significanceraftfanal value in predicting the behavioral intens

and use behavior of new-age technology productssandces [16], [31], [32]. Functional value is

conjoint of perceived utility consumer derives fraiifferent attributes of a product or service and i

characterized as perceived utilitarian value op$yrperceived usefulness [15], [33]. Functionaligs

been identified as an important benefit that coreysreeek from using a smart speaker [34], [35]. The
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scholarly research examining the adoption of Aldohgroducts shows that perceived usefulness
significantly influences the adoption and usageAbfenabled devices such as virtual personal
assistants [1], [36], [37]. Moriuchi [1] found thaérceived usefulness positively influences thegise
engagement with google assistant for transactiasalell as non-transactional activities. Consumers
use voice-assistants for multiple purposes sualf@asnation search, asking questions, and comgetin
tasks such as controlling their 10T devices, b@ktia Uber, place orders online and make payments
etc. Hence, we advance the following hypotheses:

H1la: Perceived usefulness is positively associated imfttrmation search in the context of voice-
assistants.

H1b: Perceived usefulness is positively associated tagtk function in the context of voice-assistants

4.2. Perceived playfulness (epistemic value)
Extant research has suggested that epistemic vayesonsumers desire to explore new technologies
and learn new practices significantly influencesuke of new technology such as mobile apps, Virtua
products in online games, hyped technology artefatt. [16], [32], [38]. Consumers derive epistemi
value by using products having the ability to amasriosity or offer a pleasurable experience bgeau
of unique attributes [15]. Park and Lee [39] id@ed perceived playfulness as a feeling of an
individual's curiosity and observed its strong agsmn with purchase intentions. The existing
literature characterizes playfulness as the tendehconsumers to interact with the new technology
instinctively and innovatively [40]. Yang et al4]] identified playfulness as an important compdnen
of value in the context of wearable devices and &owruk, [36] found that perceived enjoyment in the
context of smart speakers was significantly assediavith behavioral intentions. The attribute of
playfulness has utilitarian benefits and acts m®fvational force influencing the use of behay#i].
If a consumer feels good about interacting withirthveice-assistants, they would be intrinsically
motivated to use it more frequently and are likelyexperience a high degree of engagement. Since
voice-assistants are capable of carrying out andmwsgnous conversation, consumers playfully use
their voice assistants to carry out both searclsewell as complete various tasks. Therefore, we
advance the following hypotheses:
H2a: Perceived playfulness is positively associated witbrmation search in the context of voice-
assistants.

H2b: Perceived playfulness is positively associated taisk function in the context of voice-assistants
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4.3. Social identity (social value)
The social identity is a psychological state usgdanbdividuals to collectively represent who theg ar
and where they belong by associating themselvds edttain social groups [43]. It is argued that
consumers derive value from their social identitg ¢he perceived membership of social groups is of
emotional significance for them [44]. Social idépntnotives such as self-expression, enhancing self-
image, and self-esteem has been advocated as kéybators for developing strong associations
between consumers and the technology providers [43]

The literature suggests that a substantial amolusb@al identity motives are embedded in
innovative products and services such as smartghdtieenabled products, mobile apps, and digital
artefacts, [30], [45]. According to Truel et alOJ3using digital artefacts helps consumers to tifien
themselves as sophisticated or trendy and hencedprgignificant social value. Badker et al. [45]
argue that consumer uses the newest smartphoteastite iPhone that is highly noticeable to idgnti
themselves with a certain social stratum. Simila@gbanufe and Gerhart [46] argue that consumers
purchase a smartwatch to affirm their social idgrdind hence enhances purchase intentions [47].
Furthermore, Talwar et al. [16] found that consusnese mobile apps, as it not only stimulates social
approval but also helps users build a strong pesithage. Hence, we argue that social identity is a
strong driver of social value.

Social identity affects how consumers perceivearaluate various offerings both cognitively
as well as emotionally which further results inghg consumer behavior by influencing their attéad
and beliefs [48], [49]. It is argued that the vaperception in the minds of consumers gets intestsif
if a product or a service can reinforce their safntity and hence, consumers perceive such preduct
to be more useful [50]. Similarly, amidst the ragdolution of social media and virtual digital
environment, consumers not only seek identity esgiveness but also look to experience fun and
enjoyment [51]. For example, consumers are playyuselecting various avatars for expressing their
social identity while playing online games to expece fun and entertainment [52]. Therefore, social
identity has a positive effect on perceived usefatnas well as perceived playfulness. Based on the
above arguments, we propose the following hypothese
H3a: Social identity is positively associated with ussdss
H3b: Social identity is positively associated with fldgess
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4.4. Convenience (conditional value)

The conditional value refers to the perceivedtytilvhich is acquired in a specific context, looati
or time [16]. For example, consumers use go-proagmure adventurous moments such as bungee
jumping or scuba diving. Similarly, some produats@levant only during festive seasons, while some
products are subtly associated with specific comatsuch as drinking beer while enjoying a fodtbal
game [28]. Studies related to consumption valudéisarcontext of digital gadgets refer to ‘conveo&n
as an important conditional value that consumee& séhile using the product [45]. [32] also adopt
convenience as a measure of conditional value astlifates that ability to push location-based data
over a smartphone is an important condition to niaation-based services more useful. In the cantex
of voice-assistants, the location of the user mélyence the decision to use the voice-assistant. F
example, a user may wish to turn on his air cooddr remotely or arm the door of his house-sitting
at the terrace. Similarly, a user may perceive igerassistant to be useful while he is engaged in a
certain activity such as using a voice-assistarievehniving to connect calls or search informatj68].
Voice-assistants perform functions that allow conets to not only save time but also complete the
task with convenience in specific conditions. Tlawenience in the context of specific activities,
situations, or location, influences the usage dterassistants and hence can be used to represent
conditional value in the context of voice-assistant

Chang et al., [54] argue that time, place, and @tx@c convenience significantly reduces the
cognitive and affective efforts enhancing the éficy of consumers and making them feel the flow
[55]. With the increased efficiency consumers tenelxperiment more which results in enjoyment and
playfulness [56]. The convenience in the contextae-assistants not only allows users to complete
a wide range of tasks anytime, hands-free, and suitiple voice commands allowing them to multi-
task it also offer flexibility and allow consumedrs be experimental and playful. Hence, we propose
the following hypotheses:
H4a: Convenience is likely to have a positive effedhenusefulness

H4b: Convenience is likely to have a positive effegplagfulness

4.5. Personification (emotional value)
Emotional value refers to the capabilities of tmedoct and service to evoke feelings and emotions
[15]. Consumers are often emotionally attachedhtrtpossessions and draw emotional value by

personifying such products [57]. Literature confirthat IT gadgets arouse emotions and consumers
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feel emotionally attached to their personified @ibassets as their virtual partners or pseud&rigimid

[57]. Unlike other technological devices, voiceissmt is a conversational agent, and hence, users
personify it with human-like traits [58]. BoonroddKetavan [22] reported that consumers share an
emotional bonding with their voice-assistants deips them fulfill their hedonic desire to feeddi
they are communicating with a human being whileratting with their voice-assistant. The current
study measures personification (a form of emotimadie), which refers to the attribution of human-
like qualities and characteristics to imagined hoiman agents and voice assistants [59].

Scholars have suggested a positive associatiowebat personification, usefulness, and
playfulness. To begin with, Pradhan et al. [60]nfduhat older users of voice assistants showcase a
positive association between their personificatibmoice-assistants and their interactions. Scleeeit
et al. [9] explored the typology of relationshigmesumers build with their personified voice-enabled
devices. The study argues that consumers perstifly voice-assistants either as a friend, partner,
servant, or as a master. When personified asradfoe a partner, the consumers associate theievoic
assistants with fun, playfulness, and accomplighasinteraction tasks [9]. Whereas, when a voice-
assistant is personified as a servant, consumgegsipe it useful and interact with their voice-assnts
to derive utilitarian values [9]. Therefore, basad the aforementioned discussion, it is likely that
personification is likely to be positively assoe@twith playfulness and usefulness of the voice-
assistant. Therefore, we advance the following Hygses:

H5a: Personification is positively associated with uedss.

H5b: Personification is positively associated with fldgess.

4.6. Moderators
Identifying and validating moderators enhances ooderstanding of boundary conditions and
individual differences observed in consumer behg@b]. A review of the prior literature revealsath
trust remains a primary concern among users ofaskeld smart devices [62]. Wells et al. [63] found
that consumers' trust in smart speakers is relgtiogr as compared to other technological devices
such as computers and smartphones. The literatargifies trust as an enabler of user engagement
[74]. Similarly, it is observed that lack of trugtsults in the user's aversion [65]. While it isdewnt
that the adoption and usage of voice-assistantmareasing at an unprecedented rate, consumers are
also skeptical about trusting voice-assistants. [@@nsumers perceive voice-assistants as intrusive,
and it is reported that approximately one-thirdisérs are not comfortable sharing their finanaia a

personal details over voice-assistants due to ggaancerns [10]. We also found in our qualitative
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study that while searching for information aboubducts and brands through voice-assistants,
consumers are apprehensive that this may leadrtecessary marketing calls. The consumers who
trusted their voice-assistant perceived that thedirch information would not be used for commercial
purposes, and it was found that such consumersigxédy used their voice-assistants to search for
information. Based on the above literature andchoatitative interviews, we propose that trust ircee

assistants will influence the usage of voice-aastst Therefore, we test the following hypotheses

H6a-b: Trust will positively moderate the association bew usefulness and usage of voice-

assistants, playfulness, and usage of voice-assssta

Using a new technology frequently enhances theli@nty and comfort level of the consumer and
hence the frequency of using new technology has begied to moderate the usage of new products
or services [67]. Marketers differentiate betweezady users from light users in their market
segmentation strategy, which indicates that thguieacy of use significantly positively moderates th
use of behavior [68]. Similarly, Baptista and Oireg[69], found that the frequency of use positwel
moderates the usage of mobile banking servicehelrontext of voice-assistants, frequent users are
likely to become more proficient in using varioestures of voice-assistants and hence may develop

a habit of using voice-assistants intuitively. Téfere, we advance the following hypotheses.

H7a-b: Frequency of use positively moderates the relahgnbetween usefulness and usage of voice-
assistants, i.e., information search and task fiomest

4.7. Controls
The prior literature has noted confounding effdci@mographic variables on the related consumer
behavior [4], [16]. McLean and Osei-Frimpong [4]ggested that age, gender, educational
background, and household size controls usageludime voice assistant. Similarly, in the context of
new technology adoption, it has been further arghatisince younger people are more likely to adopt
new technologies [20]. Based on the evidence frdaor pterature and insights from qualitative study
we argue that demographic variables i.e., agegdndation may have a confounding effect on use of

voice-assistants.
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5. Research Method
To identify and measure the context-specific corgion values regarding the voice assistants, we
have utilized a mixed-method research design [[I&]}. The research design consists of qualitative
interviews [16] which includes in-depth interviewsth experts (n = 5), end-users (n = 30), and a
gualitative content analysis of popular online nantgles and consumer reviews related to Alexa and
Amazon Echo (Figure 2). Qualitative study helpedcostextualize the consumption values and
formulate research hypotheses. Next, we conducttfjative research using an online cross-sectional

survey with 371 active consumers of voice-assistamvalidate the hypotheses proposed in research

framework.
Stage 1 Stage 11
Qualitative Study Quantitative Study]
—-‘ Pilot survey (n=50) ‘
|, In-depth mterviews
(Experts 05) Affinity (M ‘ Main survey (N=371) ‘
mapping
In-depth interviews
(Il}sers 30) Generated — ‘ Measurement model ‘
recurring themes
B Content analysis Qualitative —"‘ Common method bias ‘
(12 Blogs & 80 ;:ustomer coding
Teviews (M s
Independent ‘ Path analysis ‘
review of themes
by Expert panel ) )
- — ‘ Moderation analysis ‘
Context specific | |

consumption values

Figure 2. Overview of the research outline

5.1. Quantitative study
Finally, a pre-test of the above consumption valuas conducted using a pilot survey to establish th
quality of the survey instruments on parameters siscreadability, clarity, and unambiguity. Further
we used a cross-sectional survey to collect regsoffom 371 active users of voice-assistants to
empirically validate the five consumption valuesl dmeir impact on the usage of voice-assistants. We
discuss the quantitative study by first presenting proposed hypotheses, and subsequently, we

present our analysis.
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5.2. Sample and data collection

A random sample was selected from an online supamel, and data were collected from 371
respondents. The online panel was used for tw@nsasirst, it provided us with a sampling frame at
a global level, and second, it helped us seleetndom sample. Screening questions were asked to
select respondents with experience of using vossgstants for at least three months. Data cleaning
was done to remove incomplete responses, non-edgaggondents, and outliers. A usable sample of
371 respondents was obtained after cleaning ttee(@able 3). Further, we carried out pre-processing
of data to test the following: (a) normality tet) test of multi-collinearity, and (c) homoscedzisy.

The three conditions for multi-variate analysis eveatisfied and hence, we decided to proceed éor th

analyzing data using structural equation modelling.

It was observed that the data collected were coafyp@macross geographic locations, gender, and
age groups. The respondents were using one oblloging voice-assistants: Amazon Alexa, Apple
Siri, and Ok Google. These voice-assistants weosearh for the study as they had the capability of
carrying out multiple functions. One-third of resgents (36.4%) reported using their voice-assistant
for multiple purposes, i.e., for carrying out traosons, conducting information search, and conget
various tasks. Moreover, these voice-assistantdeantegrated with unique brands; they can order a

cab, book a flight ticket, replenish groceries, gt¢

Table 3. Sample characteristics

Total Percentage
Gender Male 207 55.79%
Female 164 44.20%
18-24 87 23.45%
25-34 94 25.34%
(i n';g:r 9 35-44 76 20.48%
45-54 64 17.25%
<=55 50 13.48%

Total 371 100%
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5.3. Data analysis

A two-step approach was adopted to analyze thevdagae we first build a confirmatory model
followed by the structural model [72]. The confitmgy model was used to test the reliability and
validity of constructs in the research frameworkereas the structural model helped us examine the

strength and significance of the structural patieppsed in the research framework.

6. Results
6.1. M easurement model

Confirmatory factor analysis (CFA) was carried osing AMOSS 21.0 to establish validity measures
of the measurement model along with assessingdabéngss of fit and construct reliability. CFA was
used to examine the psychometric properties adealen constructs. In addition to the measurement
model results, the reliability of the construcs, ui-dimensionality, and validity was assessedgusi
the average variance extracted (AVE), and compasliability (Table 4). Further, all item loading
was greater than 0.60 (higher than the recommeadltedff value 0.40 suggested by Hair et al., [73]
and hence establishing item reliability. Finallgsassment of multi-collinearity confirmed that miult
collinearity issue was absent in our model. Thersany of model fit indices for both measurement

and structural model are presented in table 5.



Table 4. Confirmatory factor analysis
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Factor
Study M easur e* M easur ement items L oadings
Personification (PR) [74] The voice assistant sounds like a human to me. 0.81
| find my voice assistant friendly 0.78
My voice assistant is quite competent 0.86
| feel attached to my voice assistant 0.78
| feel delighted while interacting with my voicesistant 0.77
My voice assistant is quite intelligent 0.68
| find my voice assistant to be often sensitivenpneeds 0.66
Social identity (SI) The use of voice assistants among people arourid grewing fast 0.76
[4], 130] | have heard a lot about the features and beruffilsing voice assistants 0.72
People | know will appreciate the fact that | usee-assistants 0.69
| get a lot of encouragement from people aroundanesing my voice assistant 0.71
Convenience (CV) [75] It is more convenient for me to complete tasks yigh a voice command 0.90
Voice assistant allows multi-tasking 0.86
| can automate some of my routine tasks using nigevassistant 0.87
| like the ability of my voice assistant to save tinge and effort in doing things 0.84
Interacting with the voice assistant is easy amdrty understandable 0.80
Perceived Usefulness (PU) [1], [4] Using voice assistant in my work enables me to mgdish my tasks more quickly. 0.87
Using voice assistant improves my work performance. 0.85
Using voice assistant is useful in my daily life. 0.88
| find voice assistant more helpful than sales #&jen 0.82
Using voice assistant is a more efficient way ofkirg 0.78
Using voice assistant improves my work experience 0.72
Perceived Playfulness (PP) [30] Voice assistant makes the work more interestingpagful 0.88
Using voice assistant is satisfying. 0.88
The engagement | have with a voice assistant iayawneaningful 0.78
| am always curious to use my voice-assistant andev things with it 0.85
| actively look forward to using instances wherh use a voice assistant. 0.76
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Information Search (1S) [20] | commonly use voice-assistant to search for infirom 0.81
Voice assistant is a helpful learning tool. 0.74

| regularly ask questions to my voice-assistant 0.75

Task Function (TS) | use voice assistant regularly to play music 0.92
| use the voice assistant to place order online 0.86

| use the voice assistant to control my smart dvic 0.71

0.75

Voice assistant is now an important tool for meaj arely a lot on my voice assistant

*All the study measures including their measueat items are developed from the qualitative sty past literature
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Table 5. Model fit indices

The goodness of fit measures Recommended valy Structural M easurement mg
model
Chi-square/degree of freedom <3.00 2.43 1.45
Goodness-of-fit (GFI) >0.90 0.97 0.90
Adjusted goodness-of-fit (AGFI) >0.80 0.91 0.88
Normalized fit index (NFI) >0.90 0.96 0.92
Comparative fit index (CFI) >0.90 0.97 0.97
Root mean square error of approximation (RMSEA) <0.10 0.04 0.03
Tucker—Lewis fit index (TLI) >0.90 0.93 0.97

A Satisfactory model fit was obtained, both staddad factor loadings of items and AVE
values of the constructs were greater than 0.50C&haalues greater than 0.70 hence, the convergent
validity was established [76], [77]. All construasplayed high levels of reliability (0.80 or hegf)

[76]. Discriminant validity was established sinbe tAVE values of the constructs were greater than

the squared inter factor correlations (Table 6).

Table 6. Validity and reliability estimates

X ° CR AVE MSVY  ASV Sl PU PP PR CvV TF IS

Sl 272 066 081 0.52 0.16 0.11 0.72

PU 397 057 0.93 0.68 0.30 0.18 0.32 0.82

PP 3.63 075 0.92 0.69 0.29 0.18 0.31 0.480.83

PR 315 074 o0.91 0.59 0.29 0.16 0.39 0.36 0.540.77

Ccv 215 071 0.93 0.73 0.16 0.09 0.40 0.23 0.23 0.39.86

TF 404 065 0.89 0.67 0.41 0.16 0.17 051 0.36 0.26 0.26.82

IS 477 048 081 0.59 0.41 0.22 031 055 051 043 0.22 0.68.77
Bold values on diagonal = SQRT (AVE), off-diagoratorrelation coefficients, composite reliabili@R), average
variance extracted (AVE), maximum shared variaM8Y), average shared variance (ASV), Sl-social figgrPU-
perceived usefulness, PP-perceived playfulnesgd?Bonification, CV-convenience, TF-task functit8xjnformation
search

6.2. Common method bias
Data collected for the study were vulnerable to iwmmn method bias since it includes self-reported
behavioral constructs [78]. Hence, we attempt tiresk the issue by using a multi-pronged approach,
as suggested by Chang et al. [79]. First, we raimzighthe questionnaire items, and efforts were made
to reduce ambiguity in the instrument [80]. Secardpondents were informed that the purpose of the
study is academic, and their identity would remaionymous. We also informed respondents that
there is no right or wrong answer, and we were@sted in only knowing their perception about the
various aspects of using voice-assistants [78c@npletion of data collection, we conducted post ho

Harman's Single Factor test, and it was foundttietotal explained variance by the single factas w
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30.29%, which was well below the cut off value 686 [81]. Finally, we included a common latent
factor, and no common method bias was observedefdre, we assume that common method
variance is absent, and further correction foraismon method variance while testing the structural

model was not required.

6.3. Structural mode
The research model (Figure 3) was empirically \aéd using the SEM equation with the maximum
likelihood method. The results indicate a modeMfith acceptable indicators. The chi-square was
significant(J? = 133.79,df = 55,p = 0.00,? /df = 2.43). The other model fit indices such as root
mean square error of approximatidRMSEA= 0.04), comparative fit indexCEl = 0.97), Tucker—
Lewis fit index [TLI = 0.93), were observed as per the recommendedficutdues [73], [82], [83].

Figure 3. Structural Model
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All hypotheses barring H4a and H4b were supporfgglufe 3). It was observed that while social
identity is positively associated with perceivedefutness £ = 0.21,p < 0.00I™) and perceived
playfulness g = 0.12,p < 0.01"), it has a direct association with informationrsba = 0. 02,p <
0.001™). Personification positively affected perceivedefutness g = 0.27,p < 0.001™) and
perceived playfulnesg(= 0. 27,p < 0.001™). Perceived usefulness was positively associaidu w
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both information search3(= 0.39,p < 0.001™) as well as task functio (= 0.46,p < 0.001™).
Similarly, perceived playfulness was positively@sated with both information seargh= 0.26,p <
0.001™) and task functionf(= 0.13,p < 0.001™).

6.4. Moderatorsand control variables

The moderating effect of frequency of use and toasbutcome variables were examined using the
Hayes process macro method [84]. We used 5000 tomptsamples at a confidence interval of 95
percent to assess the moderating effect. We présertsualization of moderation effects in Figdre
Frequency of use significantly moderates the aatiooi between perceived usefulness and
information searchf(= .08,p < .05,CI [.038 — 0.113]), task functio = .07,p < .05,CI [.019 —
0.128]). The frequency of use had no moderatiorcefbetween playfulness and usage of voice-
assistants. Trust moderated the association betperenived usefulness and usage of voice-assistants
i.e., task functionf = 0.10,p < .001,CI [.002 - .193]), and information seargh=< 0.08,p < .001,CI
[.019 - .148]).

Figure 4 (a). Moderating effects — Trust x usefulness
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Figure 4 (b). Moderating effects — Frequency of use x usefulness
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We controlled for age and education and resulteated insignificant confounding effect of
age however, education significantly controlledabécome variables. The findings are consistertt wit

the prior literature [4].

7. Discussion
We made a systematic attempt to understand howuogutfon values drive the usage of voice-
assistants for various purposes and how these ogtgn values are interrelated. We adopted a
mixed-method approach to answering the above quesstiirst, we used a qualitative study to identify
the consumption values relevant to the contextoddéerassistants — social identity, personification,
convenience, perceived usefulness, and perceiadujiess. The qualitative study also helped us
identify the measurement items for the above caotr Thereafter, an extensive review of literature
helped us construct hypotheses, and the proposationships were empirically investigated by
measuring the constructs using an online surveglpdihe research findings reveal that except H4a
and H4b, all other hypotheses were empirically sutegl.
It was found that perceived usefulness and perdeplayfulness shared a significant positive
association with information search and task fuumcfH1 & H2). Consumers appreciate the ability of
voice-assistants to generate pleasurable expeserxat helps consumers to satisfy their hedonic

motives. Therefore, the higher the playfulness, rtigre likely consumers are to use their voice-
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assistants. Similarly, consumers perceive thaoerassistants to be useful and due to which, diney
likely to use them for both information search &ask function.

The H3 was supported which suggests that socialitgean important consumption value, was
positively associated with usefulness and playfsgndhe study results suggests that consumers are
motivated to use voice-assistants as it providesitiith an opportunity to express their social tdgn
in a digitally dominated social environment. Furthere, the consumers connect with the voice-
assistants as their need for self-expression isfieat Due to these reasons, consumers consider th
use of voice-assistants as useful and playful. fihgéng is in line with the observations of Ogb&nu
and Gerhart [46] in the context of a smartwatch

The H4 was not supported as study results sudggaistonditional value, i.e., convenience, is
not associated with perceived usefulness (H4a) mardeived playfulness (H4b). This finding is
consistent with the arguments of Park and Lee8f] found that conditional value to be inapprogriat
in the context of online games. Similarly, Turelagt [30] also dropped conditional value from the
research framework while examining the behaviarantions to use digital artefacts. In the context
of voice-assistants, convenience is an inherembckexistic, and hence consumers can use theievoic
assistants at any time. Other possible reason ¢mittiat although the voice-assistants are becoming
popular, the awareness about the full potentiattions and specifications of voice assistants is
extremely low among users. Due to which, the redpots in the current study failed to fully envision
the conditions under which voice-assistants caateradditional convenience. As a result, convem@enc
was not a significant value component for the @xgstisers in this study.

The H5 was supported, which suggest that persatidic consumption value is positively
associated with perceived usefulness (H5a) anceped playfulness (H5b). Humanization of voice
assistants (e.g., Alexa and Siri) in a conversagiarh as greeting its users with "good morningayé
a good day" etc. reinforces its personificationywtach the consumers reciprocate by saying "thank
you" to their voice-assistants, hence making thé&ayfpl. This implies that personification enhances
the interaction between consumers and their vassestants and result in playfulness [60].
Furthermore, in the pursuit of interacting withiatelligent voice-assistant, consumers obtain hrfge
of extending themselves and enjoy the control #ercise on their voice-assistants as a master or a
companion [9]. Due to this, consumers find voicsistants as useful.

The support for H3 and H5 clearly suggest thattiressumption values were inter-related, and

they share positive associations, something wisichrely studied in the prior extended literature.
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The study results confirmed the significant positmoderating impact of trust (H6) and
frequency of use (H7) on the association of pertkiusefulness with information search and task
function. To the best of the authors' knowledgeenof the existent studies have examined the trust
and frequency of use as a moderator in the confextice-assistants or digital artefacts. Consetiyen
there is no a priori to the study findings with pest to the findings concerning the moderating
variables. In our study, we found through the datlie interviews that consumers are comfortable
trusting their voice assistants for shopping grpeed pizza. When consumers place high trust an the
voice assistants than they are more likely to bemtfor information search and task functions, tue
which, they are more likely to consider them aduls€urthermore, qualitative interviews have also
suggested that if consumers perceive high risk (oe trust) in using voice-assistants than they a

less likely to engage in information search as aeltask function.

7.1. Theoretical Implications

This study makes four major contributions to théstxg literature. First, voice-assistants are
increasingly becoming popular, and their penetraigoexpected to grow exponentially. However, a
little is known about the underlying behavioral éimsions that drive the usage of voice-assistahis. T
study aims to bridge the existing gap and attertgptarther our understanding of consumer behavior
in the context of this new technology that is hyginteractive.

Second, it is the first study to adopt the TCV feawvork and empirically extend the generic values
in the context of voice-assistant to gain a betteterstanding of the consumption values that dsiver
the usage of voice-assistants. Therefore, the n@dsdeamework presented in the study and the
empirical validation offers a unique contributionhancing our understanding of consumer behavior
in the context of voice-technology. The extensibthe generic values [16], [17] and identificatioh
the measurement items for extended constructs wsingxed-methods approach is a noteworthy
contribution of this study. Furthermore, the stadytributes to the TCV framework [15] by not only
contextualizing and extending it for voice-assitanut also finds empirical support that the five
consumption values are not at the same level ratiey are interrelated.

Third, this study identifies and validates the matiag influence of trust and frequency of use.
The previous research has drawn attention towaelsriist issues associated with digital technology
and consumers' intention to use such technology¥hjle the existing literature remains unequivocal

[85] about the role of trust, this study observidt thigh trust strengthens the association between
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consumption values and information search. Furthes,is the first study to add trust as a modegati
factor to the TCV framework.

Finally, this study enhances the limited understagmaf the consumption values of voice-
assistant users. The study covers a broad samgecompassing users from the USA, Europe, and

India; hence, the results are generalizable imgetacontext.

7.2. Managerial implications

The findings of this study offer several managemmaplications for technology providers and
marketers. This research will benefit the develspénvoice-assistants as they can focus on integrat
the consumption values that are derived by thewuoess using voice-assistants. With the continuous
development in deep learning, neural network algors, natural language processing, and Al the
producers of voice-assistants can enhance the hlikeaqualities of voice-assistants, i.e., focus on
personification value which will further increaseetusage of voice-assistants by the consumers.
Similarly, social identity is reported to influenperceived usefulness, perceived playfulness as wel
as information search. Therefore, the technologyviders and marketers can engage various
influencers and opinion leaders such as celebatielutilize them for endorsing the voice-assistant

The study further finds that consumers use voisgsamts for two major purposes, i.e.,
information search and task function. Thereford, ardy the producers of voice-assistants but also
other marketers can focus on optimizing their anlaontent that is searchable by voice-assistants.
Additionally, marketers must reconsider their SHgbathms and create content strategies that can
boost SEO in the context of search queries raisatbiwe-assistants. Brands can use the insights fro
this study to create effective voice search stragethat can help them offer unique and persoralize
consumer experiences.
The study findings reveal that consumers using thace-assistants for performing tasks such

as controlling IoT devices, placing online ordexts,, are influenced by both perceived usefulneds a
perceived playfulness. Therefore, the developerskimg on designing applications for voice-
assistants should focus on developing skills ice@ssistants that meet the task completion ndeds o
consumers. For example, a home appliance firm mi@grate intelligent voice skills in their devices
based on the five consumption values discussdasrstudy.

This study reveals that trust is an important caméer users and consumers to perceive their voice-

assistants to be intrusive. According to the erogividence, trust has a significant negativeiarice
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on the information search. Therefore, the produckwice-assistants must focus on taking necessary
measures that can reassure consumers about thatn@miveness of voice-assistants and develop
effective communication campaigns to convince cores that their search queries remain

confidential.

7.3. Conclusion, Limitations and future research

Consumption values can facilitate the adoption eodtinuous usage of voice-assistants. Prior
literature argues that consumption values deriomfthe usage of digital artefacts. However, it &tk
evidence in the context of voice-assistants. Thisysmakes the first attempt to bridge this gap in
proposing a consumption value based theoreticakhad validating it with the active users of veice
assistants across three continents. This studyttanhpted to extend the TCV literature and further
our understanding of consumer behavior in the cordévoice-assistants [86], [87]. The study has
examined a) the association between the consumyiags, b) the association of perceived usefulness
and perceived playfulness with the usage of vogsesgants, i.e., information search and task fongti
and c) the moderating effect of trust and frequesfayse on the associations shared between pedceive
usefulness and the usage of voice-assistants.

The present study has some limitations that caadoessed in future studies. First, in this
study, we limit our analysis from the perspectitve@ansumption values. However, future studies can
use a different approach, such as stimulus-orgarésponse (SOR) [88], [89] and behavioral
reasoning theory (BRT) [90], [91], to provide ateahative explanation of consumer behavior in the
context of voice-assistants. Second, we classiéyhi®havior into two categories of usage. Future
research studies can further classify the usageige-assistants on a different parameter such as
transactional vs non-transactional usage, andulavioe interesting to know how consumption values
influence user behavior under a new classificafldrird, the current study has included only twoetyp
of moderating variables. In future studies, sct®lzan include additional moderating variables to
capture how consumer behavior changes in thedighéw moderators. Example, it will be interesting
to know how the users and non-users of voice-asgsdiffer from each other. Fourth, the current
study suffers from a methodological limitation tlitahas used a cross-sectional data which is a self
reported research design, due to which, causaditwéen study variables cannot be established. Due
to this, scholars can utilize longitudinal desidasunderstand how behavior gets modified over a
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certain period of ownership. Furthermore, experitwiean be conducted to study the causality between

the key variables.
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