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Abstract  3 
 
Abstract 

Adverse health effects from exposure to air pollution, although at present only 

partly understood, are a global challenge and of widespread concern. 

Quantifying human exposure to air pollutants is challenging, as ambient 

concentrations of air pollutants at potentially harmful levels are ubiquitous and 

subject to high spatial and temporal variability. At the same time, individuals 

have their very own unique activity-patterns. Hence exposure results from 

intertwined relationships between environmental and human systems add 

complexity to the assessment process. 

It is essential to develop a deeper understanding of individual exposure 

pathways and situations occurring in people’s everyday lives. This is important 

especially with regard to exposure and health impact assessment which provide 

the basis for public health advice and policy development.  

This thesis describes the development and application of a personal monitoring 

method to assess exposure to fine particulate matter in a variety of 

microenvironments. Tools and methods applied are tested with respect to 

feasibility, intrusiveness, performance and potential for future applications.  

The development of the method focuses on the application in everyday 

environments and situations in an attempt to capture as much of the total 

exposure as possible, across a complete set of microenvironments. Seventeen 

volunteers took part in the pilot study, collected data and provided feedback on 

methodology and tools applied.  

The low-cost particle counter applied showed good agreement with reference 

instruments when studied in two different environments. Based on the 
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assessment of the two instruments functions to derive particle mass 

concentration from the original particle number counts have been defined. 

The application of the devices and tools received positive feedback from the 

volunteers. Limitations are mainly related to the non-weatherproof design of the 

particle counter. The collection of time-activity patterns with GPS and time-

activity diaries is challenging and requires careful processing.  

Resulting personal exposure profiles highlight the influence of individual 

activities and contextual factors. Highest concentrations were measured in 

indoor environments where people also spent the majority of time. Differences 

between transport modes as well as between urban and rural areas were 

identified.  
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1 Introduction 

1.1 Rationale 

Despite continuous improvements in air quality in large parts of the world over 

the past decades, poor air quality remains a challenge in many urban areas, 

particularly in emerging and developing countries. The WHO’s International 

Agency for Research on Cancer (IARC) has recently published a press release 

stating that outdoor air pollution is a major cause for cancer on a global scale 

(WHO, 2013a), indicating that health impacts due to exposure to air pollution 

are of widespread concern and by no means an issue of the past. Having clean 

air to breathe is a basic requirement of life and everyone is entitled to it 

(Brunekreef et al., 2012, WHO, 2010).  

Air pollution can affect the respiratory, cardiovascular, cardio-pulmonary and 

reproductive system and lead to cancer. The evidence for these health effects is 

robust, even though there are still knowledge gaps regarding the exact 

mechanisms by which air pollutants affect human health (including the effects of 

pollutant mixtures), and which pollutants should be tackled with priority (EPA, 

2012, EEA, 2013, WHO, 2013b, WHO, 2013a, Maudgalya et al., 2008, WHO, 

2012). Reducing air pollution does not only directly reduce adverse health 

effects, but increases general well-being, quality of life and improves public 

health and can have positive impacts on ecosystem services. Reducing 

emissions can also have positive influence on regional agricultural crops, and 

the cultural landscape, reduce disruptions to the hydrological and biochemical 

cycles and adverse effects on the cryosphere (Harmens et al., 2011, Shindell et 

al., 2012). The monetary benefits due to avoided individual risk (e.g. quantified 
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by assessing the willingness to pay for reduced risk of air pollution exposure), 

avoided primary and secondary health care expenditures and reduced 

absenteeism from work can be substantial and by far outweigh emission control 

costs (Watkiss et al., 2005, Pascal et al., 2013).  

Because of the complex, intertwined relationships between the human and the 

environmental system it is necessary to integrate contextual factors such as 

environmental, socioeconomic and behavioural, into exposure assessment, 

which covers all aspects of estimating or measuring exposure to an agent. 

Investigating variations of individual exposure to pollutants of concern by age, 

gender, socioeconomic status, neighbourhood characteristics, activity level or 

ethnicity for instance requires new methods and tools. 

Our modern society is moving away from a traditionally low mobility society 

living in an area with stable living conditions for large parts of an individual’s life 

to a much more mobile lifestyle (Rainham et al., 2010). In fact mobility plays a 

role in daily life, with travelling for leisure and commuting for work being part of 

many people’s life. People are constantly moving in time and space, while the 

(air) pollution landscape is spatially and temporally highly variable at the same 

time. This determines to a large part individual exposure to air pollution and 

monitoring needs to take account of this. 

At the same time though, the amount of physical activity and manual labour as 

compared to being sedentary in a car or an office have decreased, resulting in 

people spending a lot of time in indoor and transport environments which makes 

these environments important for the total exposure assessment process.  

The level of detailed information gained from personal monitoring is 

substantially different from what traditional methods to generate population level 

exposure estimates (based on fixed-site monitoring networks and location of 
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residence) are able to provide (Steinle et al., 2013). Personal monitoring 

provides a much more detailed picture of indoor air quality, which is important 

since people spend a large part of their time in indoor environments, and this 

compares to the exposure outdoors, which has been the primary focus of air 

pollution exposure research to date. 

Personal monitoring offers the opportunity to collect datasets of specific air 

pollutants at a much higher spatiotemporal resolution within a certain area than 

traditional fixed-site monitoring approaches which usually provide more 

pollutants but only for one point. Personal exposure monitoring methods are 

also well suited to be integrated into a citizen science approach where 

individuals are not only observers but at the same time the study subjects. 

Working with personal data on an individual level and containing detailed 

information on individual habits and whereabouts raises confidentiality issues 

which need to be considered. The individual’s privacy must be respected first 

and foremost and data protection requirements need to be considered (Tweddle 

et al., 2012)). This means that data cannot be released without measures being 

taken to anonymise data where required if intended for publication. This is 

inherent to the personal exposure assessment.  

A variety of methodologies and study designs has been applied by the research 

community in recent years and the feasibility of personal exposure assessment 

methods has been widely demonstrated (e.g. Cole-Hunter et al., 2012, 

Delgado-Saborit, 2012, Dons et al., 2011). The research focus has been on 

certain exposure situations in specific environments. Such approaches 

however, leave the assessment of exposure incomplete as not all exposure 

situations that a person experiences in their daily life are included in the 

assessment. Conclusions about the total exposure, as a component of and a 
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step towards a quantification of the exposome (a measure of effects of 

exposure over the full lifetime on human health) on an individual level are 

therefore not possible. It is important to consider not only the heterogeneity of 

individual exposure in a certain environment but also the diversity of 

environments in a person’s life as the variety of the environments visited leads 

to a heterogeneity of exposure components.  

In line with this rationale a pilot study to assess personal exposure to particulate 

matter including the full heterogeneity of environments a person typically visits 

throughout a day has been designed, including the development of a portable 

monitoring solution for particulate matter.  

1.2 Aims and hypotheses 

The main objective of this thesis is to improve the knowledge about sources of 

particulate matter and exposure pathways in people’s everyday lives. Knowing 

when a person has been exposed to which concentration is vital information 

required for exposure assessment on individual and population scale, and 

ultimately to develop robust evidence for policy advice. This thesis describes 

the development, application and assessment of a methodology for monitoring 

personal exposure to particulate matter in a variety of microenvironments. The 

methodology has been tested and validated in a small scale pilot study in 

Scotland according to the following aims: 

a) Evaluation of the performance of a portable particle monitor for personal 

air quality monitoring indoors and outdoors. 

b) Assessment of a methodology for personal monitoring in everyday 

microenvironments. 
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c) Assessment of the implications of individuals moving through the 

changing air pollutant concentration field on the applicability of air quality 

monitoring solutions. 

 

The thesis is divided into three key areas with the respective hypotheses 

relating to individual chapters:  

a) The portable particle counter Dylos DC 1700 is a viable instrument for 

personal air quality monitoring, providing robust, reliable results when 

compared to reference instruments in outdoor settings (chapter 4). 

b) Method and study design applied are feasible for monitoring personal 

exposure to particulate matter in everyday microenvironments (chapter 

5). 

c) Depending on environment, personal time-activity patterns and other 

contextual factors, exposure to air pollution is notably different between 

individuals, which can be revealed by personal monitoring (chapter 6). 

1.3 Thesis Overview 

Chapter 2 introduces the concept of exposure and exposure assessment and 

briefly discusses air pollution and its effects on human health. The literature on 

different methods of exposure research and air pollution monitoring is 

summarised and discussed. The need for an integrated exposure assessment 

approach taking account of the environment in its broadest sense is highlighted. 

This provides a detailed underpinning of the research methodology applied in 

the following chapters.  
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Chapter 3 provides an overview of the study design, briefly characterises the 

study area and introduces the study population. Tools and methods applied are 

explained and the data collection process is summarised.  

Chapter 4 describes the approach taken to evaluate the performance of the 

particle monitor used against reference instruments. The development of 

functions derived based on this evaluation for converting particle number counts 

into PM2.5 mass concentrations is outlined. 

Chapter 5 explores the feasibility of the approach taken and monitoring system 

applied in the pilot study. Individual tools are evaluated and the development of 

data processing methods is described. The applicability of the method for future 

studies with a special emphasis on citizen science projects is assessed.  

Chapter 6 presents results of the pilot study, showing time-activity patterns and 

neighbourhood characteristics of the study population. PM2.5 concentrations are 

discussed and put into context. A number of individual exposure profiles are 

discussed in detail emphasising the variety of contextual influences affecting the 

ambient concentrations measured.  

Chapter 7 reflects on the findings of the research, considers its implications for 

exposure research, public health and policy advice, and makes 

recommendations for further studies in this research area.  
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2 Quantifying human exposure to air pollution 

In this chapter concepts of exposure, exposure assessment, air pollution and air 

pollution related health effects are introduced and discussed based on the latest 

research findings. A literature review on recent personal monitoring studies is 

included which leads the discussion to the need for an integrated exposure 

assessment approach taking account of the environment as a whole.  

2.1 Introduction  

Air pollution presents a challenge on global, regional/national and local levels. It 

affects not only human health, but also causes damage to ecosystems and 

agricultural crops, reducing the value of ecosystem services and impacting on 

the production of food and energy crops (Harmens et al., 2011). Having clean 

air to breathe is a basic requirement of life and everyone is entitled to it 

(Brunekreef et al., 2012). Substantial growth in individual transport activities and 

energy consumption reflect increasing affluence and contribute considerably to 

high ambient air pollutant concentrations especially in urban areas. These 

characteristically have high population densities and consequently high traffic 

flows and other pollution sources. Poor air quality remains a challenge in urban 

areas worldwide and the health impacts due to exposure to air pollution are of 

widespread concern (EEA, 2013).  

Air pollution in Europe has significantly decreased over the last decade as a 

consequence of the successful implementations of air quality legislation. There 

is however still a lot to do regarding ambient and indoor air quality for which 

there is currently no dedicated European legislation in place (EEA, 2013, EEA, 

2012). Air pollutants can affect human health in many ways, however there are 

still knowledge gaps regarding which pollutants need to be treated with priority 
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as well as about the mechanisms by which air pollutants affect human health 

(EEA, 2013, EPA, 2012, WHO, 2012, WHO, 2013b). Good air quality also 

promotes a green and clean environment as well as public health and wellbeing 

and contributes to a sustainable society.  

Air pollutants are ubiquitous and a certain level of exposure is inevitable, 

whether a person is indoors or outdoors. For risk and impact assessments of air 

pollution effects and the design of control policies, such as the EU Air Quality 

Framework Directive (Directive 2008/50/EC) and Local Air Quality Management 

(LAQM) (DEFRA, 2013) it is necessary to quantify human exposure to air 

pollution as accurately as possible. Traditionally, personal, environmental 

exposure has not been directly assessed for individuals, but rather by 

estimating population-wide exposure via networks of fixed monitoring sites 

deriving annual ambient average concentrations and spatial interpolation of the 

results. It is the quantification of exposure to air pollution in an assessment 

process however, which is particularly challenging because human exposure is 

a function of concentration and time (Nuckols et al., 2004). Exposure is thus not 

straightforward to calculate and based on complex relationships and 

interactions between environmental and human systems.  

Technological advances now allow scientist to explicitly monitor personal 

exposure with portable or wearable devices. Time-geography is a crucial 

determinant of personal exposure in this context as it accounts for the 

movement of a person in space and time, acknowledging the fact that every 

human activity has a spatial and a temporal dimension (Rainham et al., 2008). 

The following quote from the founding father of time-geography, Torsten 

Hägerstrand, reflects this well: 
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“Existence in society implies people are constantly in motion. Virtually every 

individual possesses his own unique field of movement, with his residence in 

the centre and with places of work, shops, places of recreation, residences of 

intimate friends, and other similar locales serving as nodal points.” 

(Hägerstrand, 1967p. 8). 

In this chapter air pollution and its impacts on human health are discussed. 

Following this, concepts of exposure and the exposome as well as conceptual 

models to work with the complex interactions between human and 

environmental systems are introduced. Characteristics of air pollution and 

methods to monitor pollutants are discussed. The focus of the chapter is on 

personal exposure assessment methods and tools which are discussed along 

with example studies.  

It is beyond the scope of this chapter to give a complete account of exposure 

science and human exposure research. The reader is hence referred to recent 

books and reports (Lazaridis and Colbeck, 2010, Ott et al., 2007, Committee on 

Human and Environmental Exposure Science in the 21st Century et al., 2012) 

and several articles (Lioy, 2010, Ashmore and Dimitroulopoulou, 2009, Hertel et 

al., 2001a, Monn, 2001, Morawska et al., 2013) covering the emergence, state 

and methods of this research area and its subtopics more comprehensively. 

Moreover this thesis concentrates on research in industrialised countries where 

time-activity patterns, emission sources and lifestyle, and hence the methods 

applicable, are different to the ones in developing countries. 
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2.2 The concepts of exposure and exposome 

Exposure science addresses the intensity and duration of the contact between 

humans (or other organisms) and the respective agents, in this case air 

pollutants, as well as the fate of the agents in the human system (Committee on 

Human and Environmental Exposure Science in the 21st Century et al., 2012). 

The focus of this project is on personal exposure which can be defined as the 

event during which a person comes into contact with a pollutant of concern (Ott, 

1982).  

To assess human exposure to air pollution a pollutant concentration is required, 

which is simply the numerical amount of the respective pollutant per unit volume 

of air at a particular time (or averaged over a period of time) (Morawska et al., 

2013). The spatial concentration field will change as a person moves through 

space; therefore exposure is a function of time (Ott, 1982). More specifically, 

Branis (2010) defines personal exposure as the measurement of a pollutant of 

concern performed by a monitor or sampler which is worn by a person at a point 

near the breathing zone of the person while sampling. According to 

Nieuwenhuijsen (2000) the breathing zone from where air is inhaled is within 

around 30 cm of nose and mouth. Personal exposure takes place when the 

pollution concentration at a particular place and time is above zero, and the 

person is present in that same place and at that time. However, this does not 

necessarily mean that the person receives a dose (i.e. the amount of a pollutant 

that actually enters the human body). Thus, exposure can be without a dose, 

but there can never be a dose without exposure (Ott, 1985).  

Personal exposure to air pollution includes pollutants such as oxides of nitrogen 

(NOx), particulate matter (PM), carbon monoxide (CO) or ozone (O3) from 
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outdoor and indoor air as well as pollutants generated by the person’s activities 

itself. The latter is subject to the so called personal cloud effect (Rodes et al., 

1991, Wallace, 1996). The personal cloud was one of the findings of the Total 

Exposure Assessment Methodology (TEAM) studies carried out by U. S. EPA 

and is discussed in more detail in other publications (Ozkaynak et al., 1996, 

Wallace, 1993, Wallace, 1987, Wallace et al., 1986) 

Exposure assessment is defined as a process of measuring or estimating the 

frequency, magnitude and duration of exposure to the agent of interest together 

with the characteristics of the exposed population (Zartarian et al., 2007). 

Ideally, it is a complementary concept describing sources, pathways, routes as 

well as the uncertainties in the assessment. Personal exposure assessment is 

evolving quickly and the latest advances in technology enable the tracking of 

individuals while simultaneously measuring pollutant concentrations.  

For this study the focus is on developing a method to measure short term 

exposure to elevated PM2.5 concentrations in contrast to long-term or even 

lifelong exposure.  

A relatively new concept is the exposome which was introduced by Wild (2005): 

“At its most complete, the exposome encompasses life-course environmental 

exposures (including lifestyle factors), from the prenatal period onwards...the 

exposome is a highly variable entity that evolves throughout the lifetime of the 

individual.”(Wild, 2005, p. 1848). 

The exposome has three broad categories on non-genetic exposures: internal 

(e.g. metabolism), specific external (e.g. air pollution) and general external (e.g. 

socioeconomic factors) (Wild, 2012). While a person’s genome is fixed at 
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conception, internal and external sources of exposure cause the human’s 

internal chemical environment to vary throughout life (Rappaport, 2011). 

Essentially, an individual will have a particular profile of exposure at any given 

point in time which makes the characterisation of the exposome so challenging 

(Wild, 2012). It is a concept to measure effects of a lifelong exposure to 

environmental influences on human health and therefore requires longitudinal 

sampling especially during foetal development, early childhood, puberty and the 

reproductive years (Rappaport, 2011). These measures include external 

monitoring and modelling of media such as air and water but also biomonitoring 

(i.e. measurements) of biological markers of exposure through methods such as 

blood or urine sampling (Lioy and Rappaport, 2011). Rappaport (2011) 

prioritises a top down approach applying biomonitoring to identify all important 

exposures, over a bottom up approach which is based on air, water or soils 

samples to identify all exogenous exposures. Van Tongeren and Cherrie 

(2012), on the other hand, support the aim of developing an integrated concept 

of exposomics taking all sources of available exposure information into account. 

Internal and external exposure data, personal behaviour and environmental 

measurements could thus be used to determine the exposome. This requires 

the collaboration of researchers from a variety of disciplines to promote the 

concept and unravel complex relationships between social interactions, 

biological effects and the risk of diseases (Wild, 2012).  

The exposome has a public health orientated objective and the aim of its 

application is to upgrade from a group of individuals to a population, providing 

the basis for public health decisions (Wild, 2012). According to Wild (2012) even 

a partial description of the exposome can lead to major public health benefits. 

Nevertheless, Peters et al. (2012) caution against replacing environmental 
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exposure assessment with exposome measurements as direct links to 

environmental exposure measures and their sources are likely to be excluded 

from analysis. Indicators and sources of environmental exposures are 

necessary to implement mitigation strategies on time. The authors (Peters et al., 

2012) recommend that a strong link with the external environment needs to be 

maintained when applying the concept of exposome to environmental health 

problems.  

The assessment of personal exposure has the advantage that not only ambient 

air quality is taken into account but also the person’s actual and individual 

movements, activities and lifestyle in space and time. This way exposure 

assessment becomes a comprehensive snapshot of a person’s exposome for a 

specific period of time.  

2.2.1 Air pollutants 

Air pollutants are ubiquitous and comprise a range of substances interacting, 

reacting in the atmosphere creating many heterogeneous pollutant mixes. It is 

impossible to attribute any individual air pollutant as a sole causal agent to an 

adverse health effect (Branis, 2010, Goldberg, 2007). Moreover, environmental, 

meteorological and microclimatic influences, which are changing dynamically, 

add to the complexity as well as people moving in space and time, showing 

individual behavioural patterns (McKone et al., 2008). As a consequence, 

individuals can be exposed in any environment to a large variety of individual 

pollutants as well as pollutant mixtures (Branis, 2010, Goldberg, 2007). 

The pollutant of interest in this thesis is particulate matter (PM), as its adverse 

health effects (section 2.4) are currently the most prominent driver of policy 
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development regarding air quality improvement (Monks et al., 2009). Commonly 

PM is split into different size fractions such as PM10 which refers to particles 

with an aerodynamic diameter smaller than 10 µm for analysis. This study 

specifically focuses on fine particulate matter which refers to particles with an 

aerodynamic diameter smaller than 2.5 µm (PM2.5). Particulate matter is a 

complex atmospheric constituent. The term refers to any substance, except 

pure water, that exists under normal conditions in the atmosphere in the liquid 

or solid phase. Its size range reaches from a few nanometers to tens of 

micrometers. Primary PM is emitted directly from a source, secondary PM is 

formed from gases that react and interact in the atmosphere. Residence time in 

the atmosphere varies from a few days to a few weeks and particles are 

removed by settling, dry and wet deposition (Seinfeld and Pandis, 2006).  

2.2.2 Outdoor and indoor air pollution 

Air pollution has often been associated with outdoor air only, since sources 

such as power plant stacks or road traffic emit key pollutants such as NOx, CO 

and PM which are visible and considered to be harmful to human and 

environmental health. Even though indoor air quality is not a new phenomenon 

(Colbeck and Nasir, 2010) it has been neglected in exposure research for a 

long time (Jantunen and Jaakkola, 1997, Lippmann and Lioy, 1985). It has, in 

recent years, however become an inherent part of exposure research, gaining 

particular attention in policy making (Colbeck and Nasir, 2010) and for the 

development of guidelines for certain pollutants (WHO, 2010). Indoor air quality 

is of special interest since according to the WHO (2005b) two thirds of an 

average person’s time-activity is spent at home, and one fifth at the workplace. 

Notably, people in industrialised countries - depending on the climate zone - 
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spend most of their time in indoor environments, especially children and the 

elderly (Franklin, 2007, Harrison et al., 2002). Using only the outdoor 

component of exposure is not sufficient as several potentially confounding 

variables are omitted from the exposure assessment process (Quackenboss et 

al., 1986). Indoor air quality, exposure and health are discussed by several 

authors (Colbeck and Nasir, 2010, Mitchell et al., 2007, Wallace, 1996, 

Morawska et al., 2013, Fernandes et al., 2009) providing a good overview of 

research focusing on indoor air quality and indoor environments since the 

1980s.  

There are a variety of primary sources of potentially harmful substances in 

indoor environments such as environmental tobacco smoke (ETS) cooking and 

heating with natural gas or solid fuels which are independent of the outdoor 

environment, but can modify a resident’s exposure substantially since they are 

often within their immediate personal space are sources too (Ferro et al., 2004, 

Franklin, 2007, Freeman and Saenz de Tejada, 2002, Lai et al., 2006, Rodes et 

al., 1991). Diffusion of outdoor air into buildings contributes to a mixture of 

indoor and outdoor pollutants. Resulting indoor exposure levels depend on 

ventilation, air conditioning and on the indoor-outdoor temperature gradient 

(Branis, 2010, Lai et al., 2004). 

2.2.3 Legislative framework for air quality 

Adverse effects of PM on human health have been known for many decades, 

especially in relation to coal combustion and associated smog events, such as 

the “London Smog” in 1952 (Met Office UK, 2014). However with the decline of 

emissions from this source the problem was perceived to be solved (Williams, 

2007). Since it has emerged though that adverse effects can occur at much 
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lower levels than previously thought and thus the development of stringent 

legislation for the protection of human and environmental health is vital.  

The legislative framework for ambient air quality in Scotland is governed by 

European law, in particular the EU Air Quality Framework Directive (Directive 

2008/50/EC) (European Commission, 2012) which is currently under review to 

provide robust guidance based on the latest scientific findings (Fowler et al., 

2013). With regard to human health effects at present the most problematic 

pollutants are PM. The group PM2.5 or fine particles are of particular concern as 

they can be small enough to penetrate from the lung into the bloodstream (EEA, 

2012). 

The annual mean limit value set by the European Union for PM10 is 40 µg/m3. 

The Scottish Government set a more stringent annual mean objective of 18 

µg/m3 to be achieved by 2010, however this was not met at eight monitoring 

sites in Scotland in 2012 (The Scottish Government, 2013a).  

For PM2.5 the EU limit value is 25 µg/m3 (annual mean) which in 2012, has been 

met at all sites in Scotland. The EU has also set a target to reduce PM2.5 in 

urban areas as a three-year average of concentrations, which for the UK will be 

either a 10% or 15% reduction, depending on the 2010 baseline, over the 

period 2010-2020 in relation to a 13 µg/m3 threshold. The Scottish Government 

has also set a lower annual mean objective for PM2.5 of 12 µg/m3 which is to be 

met by 2020 and does apply for all measurement locations apart from kerbsides 

(Air Quality Expert Group, 2012). The Scottish objectives are based on the Air 

Quality Standards (Scotland) Regulations 2007 (SSI, 2007) (meanwhile 

replaced by (Scottish Statutory Instrument, 2010)) for the purpose of Local Air 

 
 



36  Quantifying human exposure to air pollution 2 
 
Quality Management (currently under review (The Scottish Government, 

2013b)) but are not in Regulations (Air Quality Expert Group, 2012).  

There is no overall legislation regulating indoor air quality other than for specific 

locations or environments, for instance the smoking ban in public buildings. The 

WHO provides guidelines for a number of selected pollutants, however, these 

do not cover PM (WHO, 2010). In private spaces (e.g. residential homes or, as 

currently discussed in Scotland, in private cars to protect children from second 

hand smoke inhalation) a legislative approach would be difficult to implement 

and monitor. Here educational work aiming to instigate behavioural change 

applying citizen science approaches, such as that conducted by Semple et al. 

(2013) on SHS exposure in homes to support smoking cessation can raise 

people’s awareness of air quality in their private space and their own 

contribution, respectively actions to reduce this. 

2.3 Cause-effect models 

The assessment of exposure to air pollutant concentrations in space and time is 

not trivial as it is affected by many determinants and governed by complex 

relationships and interactions between environmental and human systems. For 

risk and health impact assessment (HIA), different conceptual models and 

frameworks have been developed reflecting these relationships. The idea 

behind such cause-effect relationship models is to execute impact pathway 

analyses which means structuring and simplifying working with the complex 

interactions between environmental and socio-economic factors (EEA, 2007). 
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2.3.1 The basic risk model 

In the 1980s Ott (1985) describes human exposure as an emerging scientific 

concept with a focus on human beings as receptors of environmental pollution. 

Compared to earlier studies the research is not primarily concerned with 

sources or transport, but with exposure levels of the population. Exposure 

research is based on aggregated populations as well as on individual daily 

activity patterns. The distance between source and receptor also influences the 

level of exposure to a certain degree, hence the geographic location of sources 

is an important determinant of exposure (Elliott et al., 2000). Based on this new 

approach Ott (1985) presents a risk model with the following five key 

components to describe correlations and impacts:  

1. Emission – the source and specification of the pollutant 

2. Transport and transformation – transport of pollutants from source to 

humans as well as physical and chemical processes in the atmosphere 

between source and exposed person 

3. Exposure – the actual exposure of humans to the pollutant 

4. Dose – amount of pollutants received by those who are exposed 

5. Effect – adverse health effect/health outcome resulting from the dose 

Note that the model does not take account of the different susceptibility of 

individuals to the environmental stressor as discussed in section 2.4.3 as the 

pilot study was focusing on the concept of monitoring exposure across a variety 

of microenvironments, not intake or difference in dose-effects. This 

environmental risk model describes a chain of events, where each component 

constitutes the input of the following one. Hence, the lack of valid information on 

any component seriously impairs the ability to make an accurate assessment of 
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public health risks. Additionally, the absence of data on human exposure has 

serious adverse implications for policies designed to protect human health (Ott, 

1985, Branis, 2010). None of the model components exists independently of the 

others, although each can be studied independently. The focus of the research 

presented in this thesis is on the “exposure” component.  

In his article “Personal exposure measurements” Branis (2010) extends the 

basic risk model that had been described 25 years earlier by a sixth component, 

namely: 

“6. Policies – regulations designed and measures taken to minimize emissions, 

prevent exposure, or mitigate/treat health impacts on human health…”  

(Branis, 2010, p. 99). 

The integration of policy as a component transforms Ott’s basic risk model into 

a cycle because policies can quantitatively or qualitatively change 

• the behaviour of sources (by means of financial or legal constraints),  

• the characteristics of exposure (e.g. by means of prescribed use of 

protective equipment) and 

• the dose level or the severity of the effect (by application of medical 

treatment)  

Nonetheless, neither the transport and transformation processes nor the 

ambient concentration of pollutants can be reliably influenced as long as the 

source of pollution is not regulated.  

2.3.2 The mDPSEEA model 

“Policies” in Branis’ approach also correspond to “actions” in the modified 

Driving forces–Pressures–State–Exposure–Effect-Action (mDPSEEA) model 
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(Figure 2-1) which is described as a conceptual model for a strategic approach 

to the environment and health (Morris et al., 2006). It represents an impact 

pathway analysis, structuring and mapping the complex interactions between 

environmental and socio-economic factors. The “modified” in mDPSEEA 

addresses the explicit recognition of context, i.e. socio-economic, demographic 

and environmental factors, as modifiers for potential exposure and effect. 

Context can thus account for aspects affecting the susceptibility to and severity 

of an effect due to the same or similar exposure in different receptors.  

 

Figure 2-1 The modified DPSEEA (mDPSEEA) model (The Scottish 

Government, 2008) 

 

Its linearity is similar to the basic risk model and represents a hierarchical chain 

of causation which allows mapping actions or interventions directly on to the 

chain. “Actions” can influence all other parts of the model in the same way as 

Branis’ “Policies” does.  
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2.3.3 The eDPSEEA model 

Human health and wellbeing are intricately linked and dependent on the quality 

of the environment. In fact, human health depends on the functionality of 

ecosystems (Rayner and Lang, 2012) yet, interdisciplinary thinking and 

research have proven to be challenging (Phoenix et al., 2013). Based on the 

cause-effect models discussed above, a new conceptual model has been 

proposed, the ecosystems-enriched, in short “eDPSEEA” model which 

integrates the concept of ecosystem services (Lawton, 1998) and ecological 

public health to improve the assessment of environment and health (Reis et al., 

2013). The model extends “State” of the mDPSEEA model (Figure 2-1) and 

allows reflecting upon different pathways from “Pressure” via ecosystem 

services to “Exposure”. “Actions” in eDPSEEA goes beyond just policies and 

also includes individual behaviour change and empowerment. Human health is 

not only affected by the actual pathogen but moreover by the whole 

environment the person is spending time in. This includes other humans and 

their activities, the state of the natural environment but also socio-economic 

factors. Two microenvironments might have the same concentration of a certain 

pollutant however other characteristics such as noise, the amount of green 

space and built-up area or access to services will also have both, positive and 

negative effects on human health and contribute to the whole exposure an 

individual will experience during their lifetime. This new model addresses the 

need to integrate human health, environment and societal factors to assess 

feedbacks and relations between these humans and their environment.  
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2.4 Human health effects from air pollution 

Health is regarded as a fundamental human right by the World Health 

Organisation, WHO, which defines health as: 

“A state of complete physical, mental and social well-being and not merely the 

absence of disease or infirmity.”(WHO, 1946, p. 1). 

Moreover it is a resource of everyday life and a positive concept which 

emphasises social and personal resources and physical capabilities (WHO, 

1998).  

2.4.1 Determinants of health 

Health is strongly influenced by the social, cultural and physical environment in 

which we live as well as individual lifestyle. In other words, health has the 

environment of the respective person or population as its geographical context 

(Cromley and McLafferty, 2002). It is influenced by the so-called determinants 

of health - personal, social and environmental factors such as lifestyle, social 

status, education, access to health services and resources, state of the physical 

environment which contribute to and influence (i.e. determine) the status of 

health (WHO, 1998). Considerable impacts on health and well-being thus result 

e.g. from the state of the environment, access to any kind of resources, 

exposure to risks and the capacity to cope with these (Quigley et al., 2006).  

Ecological public health is a concept dealing with emerging global 

environmental problems that have a substantial impact on human health. It 

highlights the fact that achieving health goes hand in hand with sustainable 

development and focuses on economic and environmental determinants of 

health (WHO, 1998). Human health and wellbeing, environment, societal and 
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economic factors are interrelated in manifold and elaborate ways. A conceptual 

model like eDPSEEA (section 2.4.3) is designed to address these complex 

relations and ease the understanding and assessment process (Reis et al., 

2013).  

2.4.2 Health outcomes 

A certain level of exposure to air pollution is inevitable, whether a person is 

indoors or outdoors. Adverse health effects from air pollution have been 

identified regarding the respiratory, cardiovascular, nervous and reproductive 

systems and can lead to cancer. The evidence for these health effects is robust, 

however there are still knowledge gaps regarding the mechanism by which air 

pollutants affect human health, which pollutants should be treated with priority 

and the role of pollutant mixtures (WHO, 2013b, EEA, 2013, EPA, 2012, WHO, 

2012, WHO, 2013a). In 2011 the WHO stated that some 235 million people 

suffer from asthma, the most common chronic disease among children 

(European Comission, 2010). According to the Asthma UK charity (Asthma UK, 

2013) there are currently 368,000 people in Scotland receiving treatment for 

asthma while Coronary Heart Disease (CHD) kills around 8,000 people in 

Scotland each year (ISD, 2012). CHD is not only influenced by air pollution 

(Langrish et al., 2012) but also by other risk factors such as smoking, poor diet 

and lack of physical activity (ISD, 2012). 

Reducing air pollution directly reduces adverse health effects and increases 

general well-being and the quality of life and improves public health. 

Furthermore, the monetary benefits due to reduced primary and secondary 

health care expenditures and absenteeism can, according to Pascal et al. 
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(2013) and Watkiss et al. (2005) be substantial and outweigh emission control 

costs by far.  

Health effects from exposure to PM are broad but predominantly affect the 

respiratory and cardiovascular system (WHO, 2006). Direct effects from PM 

exposure from diesel exhausts include irritation of the nose and eyes, changes 

in the lung function, airway inflammation, headache, fatigue and nausea, while 

chronic exposure may cause symptoms such as cough, production of sputum 

and decrease in lung function (Sydbom et al., 2001). Particulate matter emitted 

by diesel engines, has recently been classified as a Group 1 carcinogen to 

humans by the WHO’s International Agency for Research on Cancer (WHO, 

2012). This category means in the first instance that there is sufficient evidence 

of carcinogenicity in humans through the respective agent.  

This categorisation is based on evidence that exposure to diesel exhaust is 

associated with an increased risk for lung cancer. In a recent press release the 

WHO stated that outdoor air pollution generally is carcinogenic to humans 

(Group 1) and causes lung cancer (WHO, 2013a). 

With respect to fine particles (PM2.5), neither short-term nor long-term studies 

give evidence for a threshold below which there are no adverse health effects 

from PM2.5 exposure. Therefore any reduction of PM2.5 will improve public health 

(WHO, 2013b).  

The size of particles determines how deep they can penetrate into the 

respiratory system, where they cause damage or irritation through chemical and 

physical interactions with lung tissue (EEA, 2013, European Comission, 2012). 

The composition of the particles plays an important role as well. Rohr and 

Wyzga (2012) reviewed literature about fine PM components and health effects 

showing that health impacts in epidemiological studies are most strongly related 
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to carbon-containing PM components. Toxicological studies imply an 

association with carbonaceous components too, but also suggest that several 

elements such as aluminium, silicon, and nickel are closely related to adverse 

health outcomes.  

2.4.3 Susceptibility to air pollution 

Not everyone has the same susceptibility to air pollution. As McKone et al. 

(2008) argue, there are significant differences between exposure and intake, 

intake and dose and dose and effect for different pollutants. Every person is 

different and individuals have a different health status, different activity levels, 

metabolic and breathing rates for example. All these factors can modify the 

individual’s susceptibility and induce variations in health impacts between 

individuals who are experiencing very similar exposure to pollutants. A recent 

paper by Peled (2011) reviews the population groups at high risk. These groups 

include the elderly, infants and children, pregnant women and newborns, people 

suffering from respiratory, cardiovascular and other diseases and allergies, as 

well as deprived populations. 

2.5 Methods and concepts for personal exposure assessment 

2.5.1 Microenvironments  

Most exposure studies apply the concept of microenvironments (MEs) to 

connect exposure to a specific, homogenous “space”. An individual’s 

whereabouts largely determine their exposure so it is important to know what 

time a person spent and where. The term microenvironment (ME) has been 

defined as  
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“...a chunk of air space with homogenous pollutant concentration” (Duan, 1982, 

p. 305). 

People move through a variety of MEs during their daily routines. For analysis it 

is necessary to categorise them into thematic groups with similar characteristics 

such as home, work or transport. These groups are a crucial element of 

structured questionnaires and time-activity diaries (TADs), relating activities to a 

spatial unit.  

People spend around 20% of their time at work, school or other locations away 

from their residence and approximately 4% of time is spent in transit (WHO, 

2005b). This time-activity pattern is reflected in the most commonly used MEs in 

exposure studies (e.g. Jantunen et al., 1998, Lai et al., 2004, Wu et al., 2005a): 

indoor home, outdoor home, other indoor/outdoor (work, school) and transport. 

Nevertheless, air quality within any ME may differ substantially depending on 

the location of pollution sources or the activities happening within the ME at that 

point in time. The home environment, where a substantial amount of time is 

spent, is an important ME with highly variable pollution levels due to the variety 

of sources and activities happening there. For ME measurements of the home 

environment commonly, only one monitor representing indoor exposure is 

combined with measurements from a monitor outside a subject’s house. The 

pollutant concentrations measured in the MEs are usually combined with time-

activity information providing an insight into people’s whereabouts and activities. 

Microenvironmental measurements can be integrated with or compared to 

personal monitoring data to gain more information and validate the ME 

measurements (Harrison et al., 2002, Lai et al., 2004, Monn et al., 1998). This 

provides a comparatively detailed exposure assessment on the individual level. 
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Rodes et al. (1991) stress that ME measurements intending to characterise the 

room and personal measurements can be quite different, especially for shorter 

durations.  

In many studies data from routine air quality monitoring network sites are 

incorporated for comparison and to investigate relationships between 

concentrations observed in MEs and personal measurements to test if the fixed-

site monitor can be considered representative of the area of interest (Gulliver 

and Briggs, 2004, Physick et al., 2011, Piechocki-Minguy et al., 2006, Wu et al., 

2005a).  

Often study designs focus on a single ME which is investigated in detail. The 

transport ME received particular attention in environmental exposure studies 

(Hertel et al., 2001b, Kaur et al., 2007, Knibbs et al., 2011, WHO, 2005a). A 

considerable amount of time, in general 1-1.5 hours per day (WHO, 2005a), is 

spent in the transport ME (including commuting to work and travelling for 

leisure).Road traffic, which includes vehicle exhaust, brake and tyre wear, and 

road abrasion is an important contributor to PM2.5 concentrations too (Air 

Quality Consultants, 2012) which places a particular emphasis on this ME. As a 

result, some studies only focus on different aspects of the transport ME to gain 

detailed information about exposure (Thai et al., 2008, Kingham et al., 2013, 

Houston et al., 2013, Kaur et al., 2005). Single ME studies have the advantage 

of focussing in detail on specific situations within one ME. They do however lack 

the aspect of total exposure with respect to the exposome approach which is 

covered better in multi ME studies.  
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2.5.2 Report based approaches for time-activity data collection 

An approximated or exact outline of the participants’ movements and lifestyle to 

relate exposure to certain places, times, activities and habits are required 

depending on the study design and aim. This is becoming more and more 

important as we move away from a traditional low mobility society living in an 

area with stable living conditions to a much more mobile lifestyle (Rainham et 

al., 2010). Time-activity diaries and questionnaires are essential tools in 

personal exposure research as they are used to gain information about human 

behaviour and activities (Lioy, 2010). Both tools are relatively inexpensive and 

can be applied in manifold ways. In spite of these approaches being considered 

as a traditional tool for time-location studies, there are nevertheless concerns 

regarding recall bias and the reliability of TAD and questionnaires, hence it is 

necessary to test them before application (Freeman and Saenz de Tejada, 

2002, Monn, 2001). These concerns are of a generic nature, but need to be 

taken into account. For instance confusing questions or questions framed in a 

way that leads the participants to answer in a particular direction can complicate 

their use or introduce bias. Difficulties can also arise through the language 

barrier for non-native speakers which can affect the reliability of results 

(Elgethun et al., 2007). Bias can also be a problem when people need the 

assistance of the researcher to complete the forms. To encourage participants 

to fill in the forms without getting bored, time requirements for the survey 

process need to be kept low (Crosbie, 2006, Freeman and Saenz de Tejada, 

2002, Freeman et al., 1999). Brevity should also help to reduce recall bias and 

increase reliability (Klepeis et al., 2001).  

 

 
 



48  Quantifying human exposure to air pollution 2 
 
The format is also crucial for the design and use of TADs and questionnaires. 

Using an open format gives the participants the opportunity to record activities 

and other information in their own words. Often a more structured format where 

activities and MEs are pre-grouped is preferential to ease the evaluation of data 

collected (Crosbie, 2006). TAD and questionnaires require literacy, a sense of 

time and a certain amount of commitment, thus it is useful to train the 

participants in using them (Elgethun et al., 2007, Freeman and Saenz de 

Tejada, 2002, Freeman et al., 1999). This is particularly the case for 

questionnaires presented on personal digital assistants (PDAs) and other 

electronic devices such as smart phones. 

The concept of self-reported TADs can be laborious for the participant as a tight 

record has to be kept. The active cooperation of the participants in the 

monitoring process has to be fostered and interference with the participants’ 

usual behaviour and lifestyle needs to be reduced to a minimum. The aim is to 

facilitate the process of “tracking” the person’s movements, for example using 

Global Positioning System (GPS) signal receivers. 

The classic questionnaires and TADs are in paper format. Recently however, 

small electronic devices such as smart phones or PDAs have been used for 

these purposes, with the data recording becoming more flexible in space and 

time (Ohmori et al., 2005) and minimising the burden on participants (Dons et 

al., 2011). The use of such electronic devices is becoming more common and 

widespread. Wu et al. (2005a) for instance provided PDAs to their participants 

to record activities every 15 minutes over two weeks. Dons et al. (2011) used a 

small handheld computer to record the participants’ activities and whereabouts, 

using GPS receivers for coordinate tracking. Ohmori et al. (2005) developed a 

GPS-enabled mobile phone based activity diary survey system to collect data 
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and compared this method with data collected by classical paper format surveys 

with the result that the time-lag in data entry as well as the time needed to fill in 

the TAD is reduced. Since the mobile phone used in this study included a GPS 

receiver the device also directly reads and logs the location. Shareck et al. 

(2013) developed an activity location questionnaire using a mobile phone with 

integrated GPS. Volunteers would display their GPS track with a specific online 

application; this prompted them to recall the locations they visited throughout 

the day. The authors conclude that this new questionnaire can be applied as 

alternative or complementary to the GPS receivers and traditional surveys used 

in health and place research.  

Usually a questionnaire has to be filled in only once during the study period. 

Most TADs are accompanied with questionnaires to collect supporting 

information about the participants, their residence, workplace etc. Well 

structured and precise, online questionnaires which require a few mouse clicks 

only, are a viable and low-impact option. Electronic communication also 

enhances direct contact between researchers and participants. In order to get 

satisfactory response rates, Crosbie (2006) note that it appeared to be 

necessary to stay in contact with the person during the process of the study. 

Therefore face-to-face-interviews instead of - or in combination with - electronic 

questionnaires can be considered as a reliable method. Electronic devices and 

communication can also be used to remind participants to fill in questionnaires, 

for instance by contacting them via telephone, text message or email.  

In summary, the use of TAD and questionnaires can be critical, as a fair amount 

of commitment is required from the participants to fill it in regularly and reliably. 

The information needed has to be chosen carefully, questions need to be 
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concise, non-ambiguous, easy to understand and to answer. Hence a well 

structured, short format is best suited. Consequently, development is moving 

away from the classic paper format towards the use of portable electronic 

devices and internet based survey forms. As the reviewed literature implies, the 

overall goal is the facilitation and simplification of the survey process. The 

implementation of electronic internet-based TADs and questionnaires has 

advantages such as more flexibility for the participant, reducing time needed for 

data input (which is also prone to human error) and the availability of the data 

straight after completion (Wu et al., 2011). The data is also saved electronically. 

2.5.3 GPS – objective time-activity data 

In several recent studies GPS receivers have been used for tracking 

movements of people in space and time (e.g. Houston et al., 2011, Elgethun et 

al., 2003). This method provides “objective” time-activity data and can help 

reduce the intensity of keeping TADs (Wu et al., 2012). Nevertheless, special 

attention has to be paid when aiming to link data from GPS devices and TADs 

to determine a person’s location. Associating these two datasets is problematic 

as it requires the conversion of geographic coordinates from the GPS receiver 

into descriptions of real locations and activities. Time mismatches between the 

two datasets are an issue and the common way to match data is to process 

them manually which is time intensive (Mavoa et al., 2011, Wu et al., 2012). In 

addition not all study participants may be familiar with or keen on using 

electronic devices and the application of advanced communication technology 

may result in anxiety and misuse, potentially limiting the applicability of these 

methods (Bricka et al., 2012). 
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2.5.4 Monitoring air pollution  

2.5.4.1 Fixed-site measurements 

Traditionally data from fixed-site air quality monitoring networks has been used 

to assess human exposure to air pollutants. Such monitoring sites are usually 

part of a national network and tend to provide a large quantity of data for a wide 

range of pollutants, albeit for one point in space. Typically annual average 

concentration maps are created from monitoring data through the application of 

interpolation techniques, or statistical models. With this derived pollution 

surface, pollutant concentrations can be spatially related to a population or to a 

particularly susceptible subpopulation such as asthma patients, children or 

pregnant women (Harrison et al. 2002, Nethery et al., 2008a, Nethery et al., 

2008b). Allocating a population to a monitoring site is most suitable for large 

population studies regarding outdoor air (Chow et al., 2002). Compared to real 

exposure scenarios such an aggregated approach is however unavoidably 

affected by assumptions implicit in the application of this indirect method 

(Cattaneo et al., 2010, Hertel et al., 2001a). Exposure assessment based on 

averaged measurements artificially diffuses pollution and operates on 

aggregated demographic data. This is naturally problematic for personal 

exposure assessment as it neither provides a representative measure of an 

individual’s personal exposure nor does it reflect real-world activity patterns 

(Rodes et al., 1991, Setton et al., 2011).  

2.5.4.2 Personal monitoring  

All human activities have a spatial and temporal component and can therefore 

be described as a path (Rainham et al., 2008, Thrift, 1977). Thus personal 
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exposure assessment requires not only the pollutant concentrations in the 

environment through which a person is exposed but also information about the 

person’s time-activity patterns (Sabel et al., 2009). The traditional tool to record 

such a path, as well as additional information, is TADs which have to be filled in 

by the participants (section 2.5.2).  

The key factor to understand the causal chain of exposure related health 

impacts is to know when and where a person has been exposed to which 

concentration. The aim of studying the heterogeneity of individual exposure is to 

draw conclusions for larger populations. It has to be kept in mind, however, that 

complex links between exposure and health effects exist. Personal exposures 

of individuals in a population can be lower, equal or higher than those derived 

from ambient pollutant concentrations (McKone et al., 2008) for a specific 

location (e.g. the residence of an individual).  

Recent developments in electronic communication and sensor design enable 

personal monitoring in many different ways and offer in particular opportunities 

for citizen science. Citizen science involves lay people in the process of 

collecting data, with a specific focus on the involvement of and engagement 

with non-scientists. It covers a wide range of potential applications and 

approaches (Irwin, 1995), including the collection of environmental information 

(for instance about air pollution levels, biodiversity, seasonal events or species 

occurrence) thus contributing to expanding knowledge about the topic of 

interest (Roy et al., 2012, Tweddle et al., 2012). The added value of citizen 

science methods is that a substantial amount of data can be collected across a 

large geographic area without having to resource field work experts. Citizen 

science also engages volunteers in environmental research, raises awareness 

about the environment and human (including the citizen scientists’ individual) 
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influences on it, thus educating and enabling, providing a basis for informed 

behavioural change (Roy et al., 2012).  

In the case of monitoring personal exposure to air pollution, pollutant of interest 

may directly affect the health and well-being of the volunteers themselves. 

Furthermore, the spatio-temporal variability that needs to be captured by 

observations makes it a well-suited application for a citizen science approach. 

In addition to environmental data, contextual information about the volunteers 

themselves, their activities, habits and whereabouts can be collected and 

analysed. This may, however, introduce issues with confidentiality and 

identifiability of individuals, as discussed in Steinle et al. (2013). The ease of 

data collection methods, which need to be designed to minimise substantial 

disruptions to volunteers, is vital for citizen science approaches. This is even 

more relevant as, in the case of personal exposure to air pollution, the volunteer 

may well be study subject and observer at the same time, depending on the 

project design. Approaches that are specifically targeted to decrease the burden 

of entering data in TADs and questionnaires, as well as the form factor, weight 

and operation of the monitoring equipment, are of particular interest. 

One example of citizen science engagement in an air pollution monitoring pilot 

study is the iSPEX project in the Netherlands which made use of smart phones 

with their inbuilt geolocation technologies and a simple optical device to 

measure aerosol concentrations in the atmosphere (ISPEX, 2013). Another 

study, making use of the large number of smart phone users worldwide, aimed 

to collect geolocation and physical activity data and was conducted in Spain (de 

Nazelle et al., 2013). The data collected was processed and linked with street-
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scale maps of nitrogen dioxide (NO2) concentrations to estimate population 

level exposure.  

2.5.4.3 Pollution monitors for personal monitoring 

An essential part of all exposure studies is the development and application of 

suitable monitors for the respective pollutant concentrations. The basis for the 

development of specific personal exposure, time-budget and health studies 

which developed since the late 1970s (Ott, 1982) were occupational/industrial 

studies and the portable and wearable monitors developed (e.g. Sherwood and 

Greenhalgh, 1960). These monitors were not yet capable of sampling, storing 

and manipulating data. Wallace and Ott (1982) describe in their paper “Personal 

monitors – a State-Of-The-Art survey” the issue of manually writing down large 

quantities of data and the development of a personal CO monitor with an 

internal data-logging system to successfully generate personal exposure data. 

Meanwhile a wide range of portable, personal monitors as well as stationary 

monitors either for individual pollutants or multi-pollutant concentrations have 

been developed and applied in research (section 2.5.4.5).  

In general, personal monitors should be portable and not interfere with the 

person’s usual behaviour and habits throughout the day. They should be 

lightweight and battery operated (or passive) as well as robust, user friendly and 

flexible (Branis, 2010; Lippmann and Lioy, 1985; Monn, 2001; Nieuwenhuijsen, 

2000; Wallace and Ott, 1982). Many devices are now capable of measuring air 

pollutant concentrations at resolutions ranging from seconds to minutes 

attaining acute short-term or peak exposures to be measured reliably in time 

(Adams et al., 2009). This is not viable with personal monitors collecting time-

integrated concentrations, especially passive samplers, which tend to miss peak 
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exposures but provide chronic exposure information (Lawless et al., 2012). In 

addition, passive samplers are known to lack accuracy. Their advantage, 

however, is that they are comparatively inexpensive, do not require power and 

can be worn on outer clothing (Branis, 2010, Monn, 2001). Despite substantial 

achievements and developments in sensor design, many air pollution monitors 

are still not sufficiently sensitive regarding their capacity to obtain highly 

selective multi-pollutant measurements outside of laboratories (Committee on 

Human and Environmental Exposure Science in the 21st Century et al., 2012). 

2.5.4.4 Purpose and challenges of personal monitoring 

The traditional approach for assessing personal exposure to air pollutants is 

depicted in Figure 2-2. Personal exposure is derived from a person moving 

within the changing concentration field. The synchronised measurement of air 

pollution and the individual's movement is implemented either with one 

integrated device or several sensors which are running parallel, with a trend 

towards the use of GPS-enabled devices (section 2.5.5). Data from personal 

monitoring studies is also used as input to and for the validation of exposure 

models (e.g. Dons et al., 2014, Gerharz et al., 2009, Gulliver, 2005, Hertel et al., 

2001b, Hertel et al., 2001a).  

 
Figure 2-2 Conceptual model illustrating the traditional approach for the 

assessment of personal exposure to air pollution (Steinle et al., 2013). 
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Personal monitoring studies which are cost-, time- and labour-intensive are 

often conducted as non-representative pilot studies (Dons et al., 2014). Derived 

exposure estimates form part of the bigger picture with the aim to eventually 

contribute to or improve Health Impact Assessment (HIA) and policy advice 

(Quigley et al., 2006). According to Flachsbart (2007), the direct approach 

provides the most accurate exposure estimates because the actual exposure of 

people during their activities is surveyed, rather than calculations from static 

concentration data from fixed-site network monitors. Lawless et al. (2012) stress 

that this is only the way though if exposure misclassification is minimised and 

confounders that cause misinterpretation of the data are reduced, both through 

the implementation of measures and strict compliance about how to wear the 

monitors. The authors define “wearing compliance” as how well a participant is 

wearing the personal monitoring in accordance with the sampling protocol.  

The issue of behavioural changes of the participants when wearing a monitor is 

avoided when researchers or volunteers follow scripted activities in certain 

locations which are representative for high exposure situations (Lioy, 2010). 

Such a scripted study design might also improve wearing compliance. In single-

participant studies where the only participant is usually the researcher (e.g. 

Cole-Hunter et al., 2012; Greaves et al., 2008) compliance and behavioural 

changes are avoided. 

2.5.4.5 Example studies 

Studies using different methods, approaches and monitors to assess personal 

exposure to a variety of air pollutants are described below. The studies reflect 

the possibilities available to study personal exposure to a variety of air 

pollutants. Each study with its individual set of tools and methods provides a 
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part of the total exposure picture. Based on a review of this literature, a pilot 

study is developed with the aim to bring together those individual parts into a 

wider picture of the total exposure as a snapshot of a persons’ exposome.  

 

Passive samplers 

Monn et al. (1998) used passive nitrogen dioxide (NO2) samplers worn on outer 

clothing within the chest-head region and were exposed for one week each. 

Personal measurements were only carried out in the first week of the month-

long monitoring period. The reason given for this is that participants need to be 

much disciplined in order to carry out the personal sampling and it is laborious 

on the participants to wear the equipment on a daily basis. Additionally 

stationary monitors indoors (in the bedroom) and outdoors (in close proximity to 

the home) measured ambient concentrations for these respective MEs (home 

indoors, home outdoors). Information on the characteristics of the 

accommodation, occupational exposure and personal habits was available but 

no information was given on the method for data collection for all participants. 

Since NO2 concentrations were measured averaged over one week, no time–

activity information was collected. In this study a strong relationship between 

personal exposure and indoor concentration levels was observed.  

Piechocki-Minguy et al. (2006) developed a new passive sampler to measure 

personal exposure to NO2 in four MEs. The sampler consisted of a porous 

cartridge which is fitted in a protective cylindrical box. The sampler was 

deployed in two campaigns, with volunteers providing information on home and 

work location, home characteristics and their lifestyle in a questionnaire. 

Personal exposure was measured over two periods of 24 hours, once on a 
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weekday, once on the weekend. Each person received a sampler including four 

porous cartridges. Each cartridge was for one of the following MEs – home, 

other indoor, transport, outdoors – and had to be changed every time the 

person moved to a different ME. The respective times of the changeover had to 

be recorded in a TAD. Additionally, each home NO2 concentration value was 

taken from a nearby fixed-site monitor considered representative of the 

neighbourhood in which the home was located, to evaluate if personal exposure 

could be predicted based on fixed-site concentration data. Correlations were 

weak which led the authors to suggest that fixed-site monitors are poor 

predictors for personal exposure to NO2 at home. In this study, the highest 

levels of NO2 were found in the transport ME, followed by outdoors, other indoor 

and the home.  

Physick et al. (2011) measured NO2 with passive samplers attached to the 

outer clothing at chest height and compared the measured data with results 

based on modelling methods. Data was collected over four two-day periods. To 

allow for precision checking, two sets of two passive samplers were worn at all 

times. One set was measured NO2 over the 48 hours period. The other set 

measured NO2 in certain MEs (home, work, transit between work and home, 

other). Volunteers kept TADs with times of arrival/departure in and from 

different MEs, details of cooking and heating appliances, usage times and also 

recorded information about open doors and windows. Additionally, samplers 

were placed outside the volunteer’s homes and workplaces and only exposed 

when the person was present in the respective environment. Measurements 

were compared to hourly observations from the nearest fixed monitoring station. 

The highest exposures and variability were measured when people were in 

transit, with the highest value measured by a cyclist (42ppb).  
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Active samplers 

Kaur et al. (2005) measured PM2.5, ultrafine particle counts (UPC) and carbon 

monoxide (CO) concentrations with personal monitors at a street canyon 

intersection in Central London. The measurements were conducted by four 

volunteers who collected samples three times a day, along two different routes 

by walking, cycling, bus, car or taxi. For measuring PM2.5, a high-flow personal 

sampler connected to a pump which was carried in a rucksack sampled 

airborne particles onto a filter. The sampling head was worn on the lapel or on 

the rucksack strap. Start and end time of the measuring period were recorded 

with a dictaphone using synchronised stopwatches. Particle counters measured 

UPC with a 1 second resolution. The UFP counters were either handheld at 

waist height of an adult, placed on a seat of the vehicle used for travelling or 

attached to the bicycle crossbar with the inlet on the handlebar, explicitly 

representing the breathing zone of children. Combined CO and temperature 

monitors measured with a 10 second resolution. These monitors were also 

strapped to the lapel or rucksack strap. In addition, PM2.5 and CO hourly 

averages from two AURN network sites (urban background and kerbside) were 

compared to personal measurements and found to be relatively poor predictors 

of the exposure that an individual experiences. Findings indicated that the mode 

of transport as well as route and timing had an effect on the exposure to the 

pollutants.  

A similar approach to Kaur et al. (2005) was applied by Cattaneo et al. (2010) 

for measuring personal exposure in Milan. Active monitors measuring PNCs for 

ultrafine particles (UFP), fine particles and coarse particles with a 30-second 

resolution were strapped to the participant’s thorax. The samplers for measuring 
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the gaseous pollutants CO (passive sampler measuring continuously) and O3 

(1-minute resolution) were placed within the breathing zone. Monitoring took 

place on five consecutive working days. The participants followed a 

standardised route including major and minor streets, an office ME and a park, 

and used different modes of transport. Instead of tracking time explicitly, a 

certain amount of time was allocated and prescribed for the different elements 

and activities along the route. Parallel to these personal measurements, the 

pollutants were also sampled as “individual exposure” within 3 m vicinity of the 

subject. This was done with the so-called mobile monitoring unit, a trolley 

containing a variety of monitors and weighing about 25kg. Results showed that 

there are significant differences between individual and personal exposure to 

coarse particle counts and CO. PNCs of fine and ultrafine particles measured in 

the breathing zone as well as in the vicinity of the subject, however, do not 

show significant differences which the authors explain by the low space 

variability sand lower velocity compared to PM10.  

“These findings suggest that future experimental studies dealing with human 

exposure to PM10 or its finer fractions could be carried out measuring the 

individual exposure without losing accuracy with respect to breathing zone 

(personal) measurements.” (Cattaneo et al., 2010, p. 377). 

Gulliver and Briggs (2004) measured different size fractions of PM in the 

transport ME by applying wearable monitors which were carried on the chest 

while walking or placed on the front passenger seat when sitting in the car. Two 

prescribed routes were used for monitoring during peak traffic times. 

Comparisons were made between the transport modes by particle size fraction 

and vice versa as well as between the transport ME and concentrations from a 

nearby fixed monitoring site. Results show that, on average, observed PM10 
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concentrations were higher during journeys made by car than walking. With 

increasing distance to the location of the fixed monitoring site, a declining 

representativeness of the concentrations observed at that location was noted 

compared to the direct measurement of journey-time exposure. 

Wu et al. (2005a) measured PM exposure of children with direct reading 

personal nephelometers (light-scattering devices for measuring suspended 

particulates, (see Wu et al., 2005b). Concentrations inside and outside the 

homes of study participants were measured with stationary monitors and 

concentration data from a nearby fixed monitoring site were used for 

comparison. A PDA was applied as an electronic TAD with a 15 minute 

resolution. Pollutant concentrations were measured once a minute over a period 

of two weeks. During the study, the subjects were visited daily to collect data, 

as well as to check and calibrate the instruments. Personal concentrations 

observed were higher than the concentrations measured at the centrally located 

fixed monitoring site as well as the stationary monitors outside and inside the 

home. The children received a large part of their total exposure in the school 

ME despite the fact that they spent more time in other MEs. 

Most of the studies discussed above applied active monitoring devices often 

comparing them to nearby routine fixed-site monitors or stationary monitors in a 

specific local ME, with the concordant result that neither fixed-site nor ME 

monitors can be regarded representative for personal exposure. This highlights 

the need for personal monitoring studies, but also identifies areas for further 

development and provides a basis for improvements in study design and sensor 

technology. Most of the studies presented above also focus on the transport 

and urban MEs, which have a high density of both population and pollution 
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sources. Few studies of the presented include different MEs where in some 

cases highest concentrations of the respective pollutants have been measured 

in the transport ME (Physick et al., 2011, Piechocki-Minguy et al., 2006). Other 

studies show strong correlations between personal exposures and indoor MEs 

(Monn et al., 1998) or highlight that a large part of total exposure is received in 

one specific indoor ME only (Wu et al., 2005a).  

All the studies described above show the variety of exposure to air pollution in 

different MEs and for different situations. To account for total of exposure over a 

lifetime towards the exposome concept, it is necessary to collate these 

components of exposure by assessing personal exposure in the full 

heterogeneity of MEs. For future personal exposure research it is thus strongly 

recommended to include all MEs visited throughout a personal daily routine.  

2.5.5 GPS enabled personal monitoring 

2.5.5.1 GPS technology and receivers 

The Global Positioning System (GPS) offers a freely accessible technology to 

determine real-time geolocation of individuals for use in personal exposure 

research. GPS receivers log location and time simultaneously and thus 

enhance the recording of time-activity patterns. As Rainham et al. (2008) state, 

wearable GPS receivers can be used to derive a more complete picture of the 

different places that influence each individuals’ well-being.  

The worldwide navigation and positioning system technology GPS is based on 

satellite positioning and is freely accessible. A very basic explanation of GPS 

technology is given based on U.S. EPA (2003). GPS operates by measuring the 

time delay of radio signals transmitted from approximately 24 satellites orbiting 
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the earth. The position of these satellites can be accurately determined as they 

are placed in precise orbits. Each satellite carries atomic clocks with 

nanosecond accuracy to time the signals sent to earth. The constellation of the 

satellites provides four to eight signals that can be received simultaneously from 

any point on earth at all times. There are also five ground control segments 

which serve as uplinks to the satellites and make adjustments if required to 

orbits and clocks. To determine the location of the GPS receiver on earth, the 

time signals sent from four or more satellites are compared to the time it 

reached the GPS receiver on earth. Precision of the coordinates reported by the 

GPS receiver varies based on the receiver design as well as on the signal 

strength and potential signal blockage. Elgethun et al. (2003), for instance, used 

GPS units integrated in clothing that had spatial resolution root mean square 

errors between 3 to 3.4 m outdoors and 5.7 to 5.9 m inside a wood-frame 

house. 

Questionnaires, TADs and interviews are the traditional methods used to collect 

time-activity data in exposure studies. In several small, non-representative 

studies, GPS technology and receivers have been successfully applied in 

conjunction with these traditional methods, with the aim to facilitate the 

observation/monitoring of human time-activity patterns to a certain degree 

(section 2.5.2). GPS is not a standalone tool as it only provides information on 

location and time and not about the pollutant of interest. However, using such 

active locating devices in combination with active pollutant sensors allows 

measuring and consolidating concentration, location and time directly without 

requiring the participant’s intervention. As Lioy (2010) discusses, a well 

designed integration of GPS with personal pollution monitors, ME 

measurements as well as activity and behaviour information can enhance 
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exposure research by identifying specific personal exposure situations and 

profiles towards changing environmental influences, which differ from other 

individuals as well as the population average.  

GPS based approaches have flexibility as advantage over static approaches 

where the person’s residence or a static area functions as surrogate for the 

person’s time-activity pattern. By operating at the individual rather than the 

aggregated level, the application of GPS for collecting personal time-location 

data while moving in the changing concentration field reduces the so-called 

modifiable area unit problem (MAUP) (Openshaw, 1984). The MAUP describes 

the fact that using arbitrary boundaries, for instance administrative areas such 

as postcode areas or Council Areas, to aggregate cases may introduce bias as 

the results can be sensitive to changes in the size and shape of boundaries 

(Järup, 2004, Flowerdew et al., 2008, Sabel et al., 2013).  

GPS technology enables the collection of large spatial datasets, but these are 

not immediately usable for analysis. The raw GPS data requires further 

processing to extract locations and paths and become meaningful for analysis 

(Thierry et al., 2013). GPS data also serves as input for exposure models which 

are based on individual movement patterns or routes (Davies and Whyatt, 2009, 

Gerharz et al., 2009).  

Requirements for GPS receivers in exposure or any other human mobility 

tracking studies are manifold (Rainham et al., 2008). A small and lightweight 

design is required. The receiver needs to be able to log and store a sufficient 

amount of data at reasonable temporal resolution and to transmit it to a receiver 

when a wired or wireless connection can be established. A long battery run-time 

is required and the receiver needs to operate passively so that the person who 
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is tracked does not have to interact during the tracking. A fast response to the 

first–fix and after the signal was lost is required too. The resolution needs to be 

as accurate as possible and also precise in built-up environments.  

2.5.5.2 Example studies 

A series of non-representative personal exposure studies described below 

made use of GPS technology for monitoring people’s movement in the changing 

air pollution field. Like the examples in section 2.5.4.5 the studies are 

introduced to demonstrate the possibilities and achievements of these studies 

for personal exposure research whereby every study contributes individual parts 

to the total assessment of exposure. 

Zwack et al. (2011) investigated the contribution of local traffic to PM 

concentrations in street canyons of Manhattan. GPS receivers tracked the 

participant’s movements along designated walking routes at specific times. 

Temperature, relative humidity and 1-minute averaged pollutant levels of UFP 

and PM2.5 were measured with equipment carried in a backpack. Measurements 

were also taken in Central Park to investigate the effects of distance from the 

street canyons on ambient concentrations observed. Additional 1-minute 

temperature and relative humidity measurements from a stationary 

meteorological station on a rooftop in the street canyon were recorded. 

Volunteers carrying the backpack had to keep a log-sheet recording traffic flow 

characteristics. One implication of the study was that stop-and-go traffic in these 

busy street canyons increased UFP and PM2.5 concentrations by approximately 

10% compared to low traffic levels.  
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A similar approach was used by Boogaard et al. (2009) who measured PNC, 

PM2.5 and noise while cycling and driving in a car. Sampling took place along 12 

predefined routes. Since the shortest way was chosen for each of the transport 

modes, they did not cover the same route. The pollutant monitors were placed 

in a backpack (cycling) and behind the driver seat (in-vehicle) with the inlets 

near the breathing zone. Several potential predictor variables such as GPS 

coordinates, road type, traffic intensity as well as passing cars and mopeds 

were collected to explain the variability in exposure during cycling. For in-

vehicle journeys only exact time and GPS coordinates were recorded. In this 

study PNC and PM2.5 exposure of car drivers was slightly higher than exposure 

of cyclists.  

Portable personal monitoring devices are a fast evolving field and also 

incorporate everyday devices such as mobile phones. Kingham et al. (2013) for 

instance used mobile phones for which a customised logging application was 

developed to record GPS coordinates, sound and photos. In their study in 

Christchurch simultaneous measurements of PM10, PM2.5, PM1, UFP and CO 

were made during the morning and evening commute by car, bus and bicycle 

on pre-defined routes. GPS coordinates were plotted on maps with colour 

coding for the different concentration levels. Relative low population density and 

traffic congestion in Christchurch compared to other cities, where similar studies 

took place, resulted in commuters being exposed to lower levels of CO. 

However, levels of PM1 and UFP show similar levels to those recorded by other 

studies elsewhere. Results showed that people commuting by car are exposed 

to the highest average levels of CO and UFP.  

GPS receivers have also been applied in combination with portable aerosol 

monitors in a study in Sydney (Greaves et al., 2008) with the aim to investigate 
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pedestrian exposure to PM2.5 in busy traffic MEs. Meteorological data from a 

nearby routine measurement site and traffic volume were collected or computed 

for the respective monitoring periods morning, lunchtime and evening. Personal 

concentrations were compared to levels measured at a nearby fixed monitoring 

site. Data was collected in two directions on the prescribed study route. A voice 

recorder was used to record events, or specific circumstances which potentially 

could increase the PM2.5 concentrations. Average concentrations were higher in 

the morning than at lunchtime or in the evening. Results from the study route 

were 40% higher than concentrations from the routine monitoring station. 

Keeping in mind the difference in temporal resolution, the authors report a 

reasonable correlation between these two measurements (r = 0.6).  

Thai et al. (2008) investigated exposure to a variety of PM size classes along 

designated bicycle routes during the morning rush hour, applying particle 

counters and GPS receivers on a specifically instrumented bicycle. GPS 

coordinates were logged at a 10-second resolution and synchronised with PM 

measurement from a fixed monitoring site in the area. Results show that PM10 

varies in concentration along the route depending on land use. Higher 

concentrations were measured along construction sites and where road dust is 

resuspended. UFP were highest in areas with high traffic volumes while PM3 

showed a homogeneous concentration for the full length of route.  

A similar set up was used by Cole-Hunter et al. (2012) who investigated 

exposure to inhaled PNC on bicycle commutes in Brisbane. A specifically 

designed measurement bicycle was built and cycled along different commuter 

routes leading into central Brisbane. Some routes were closer, some further 

away from the actual traffic during the morning rush hour. PNC and particle 
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diameter of UFP were measured, additionally UFP concentration was measured 

at a monitoring station on top of a building. A small and portable GPS unit with a 

4-second resolution was applied. With UFP being recorded at 16-second 

resolution, only the fourth GPS log was allocated to each UFP log. The heart 

rate was recorded during commutes, as well as meteorological data, recorded 

with a lightweight monitor, and compared to data from the Australian Bureau of 

Meteorology for analysis. Notes were taken post-commute about specific 

circumstances, anomalies and weather observations. Results indicate that 

cycling along a route further away from traffic reduces the exposure to PNC 

levels significant (p= 0.012 for total mean PNCs). The inhaled particle count is 

mainly determined by the actual ambient PNC rather than the cyclist’s physical 

effort.  

In a study from Belgium (Dons et al., 2011) eight couples were observed, one 

individual being a homemaker, the other partner being in full-time employment, 

thus both having very different time-activity patterns. The aim was to investigate 

the impact of these time-activity differences on personal exposure to black 

carbon (BC) over a week. A portable monitor measuring BC in 5-minute 

intervals was used and could be carried in the participant’s own backpack or 

handbag with the inlet exposed to the air. GPS coordinates were recorded on a 

PDA that also served as a device to record the TAD. Questionnaires were 

handed out at the beginning of the monitoring period. A stationary monitor was 

installed outside the house to provide simultaneous observations for the outdoor 

ME near the home. Results show that differences between the households are 

larger than between the individuals of one household, highlighting the 

challenges of up-scaling from individual to population exposure. In addition 
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findings emphasised the relevance of studying everyday exposure over several 

days:  

“Differences in exposure between members of a family originate from 

differences between their time-activity pattern and the corresponding locations 

visited.” (Dons et al., 2011, p. 3597). 

In a similar study to Dons et al. (2011), Buonanno et al. (2014), assessed 

exposure to and dose of UFP for a group of 24 couples, the men being full-time 

workers and the women being homemakers. Over 48 hours ultrafine particle 

counts were measured every 16 seconds with the monitor worn on the belt or 

placed in the bedroom. The participants also had to provide time-activity 

information. Results show that women are exposed to higher average 

exposures of PNCs. The authors relate this to cooking activities. In addition, the 

authors highlight that 

“The difference between the personal exposure of a full-time worker versus a 

homemaker of the same household amounts to more than 50% with the 

homeworker being more exposed with respect to the full-time worker.” 

(Buonanno et al., 2014,.p. 906). 

This is in line with the findings of Dons et al. (2011) that individual time-activity 

patterns drive personal exposure.  

Gerharz et al. (2009) collected GPS data and information from TADs and 

questionnaires which have been combined with PM2.5 concentrations from 

existing data sources and models to derive a novel indoor and outdoor model. 

The resulting daily average exposures of the profiles derived show a strong 

influence of individual behaviour. In a further step the model has been deployed 
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as a web service allowing lay people to assess their own exposure risk 

depending on their activity profile (Gerharz et al., 2013). For this step time-

activity data has been enriched by video records (Broich et al., 2012). 

Uncertainties in results are discussed in Gerharz et al. (2013). 

2.5.5.3 Performance of TAD and GPS for time-activity data collection 

Differences in survey reported and GPS recorded trips for a 24 hour period 

were investigated by Bricka et al. (2012) using data from the 2009 Indianapolis 

regional household travel survey. In their conclusions the authors recommend 

the use of both a GPS receiver and traditional time-activity survey methods to 

complement each other. However, the authors also highlight the fact that not all 

individuals are “...technology savvy...” (Bricka et al., 2012, p. 87) therefore the 

use of traditional survey methods is recommended as a preferred option for 

some population groups.  

Houston et al. (2011) studied the significance of underreported trips and 

locations in Los Angeles when using recall-based TAD and questionnaires for 

exposure assessment. GPS tracking was carried out for 10 to 14 days, with 

time-activity logs being completed for three weekdays. Participants also 

completed a general survey, received training and a follow-up interview was 

conducted. The data resulting from this study provided insight in the difference 

introduced by the different methods and improved the amount and quality of 

time-location data in comparison to collecting data solely through TADs. 

2.5.5.4 Potential and limitations of GPS technology for personal monitoring 

The feasibility of using GPS receivers for tracking individuals in their everyday 

environments has also been studied by Adams et al. (2009), Elgethun et al. 
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(2007, 2003), Phillips et al. (2001) and Rainham et al. (2008) who were 

assessing methodology, potential and limitations when using GPS receivers for 

exposure assessment, respectively for the validation of TADs. The main 

challenge when using GPS devices is that the signal from the satellites can 

often not be received in indoor environments or near certain materials, such as 

steel–reinforced constructions, body panels and other electrically conductive 

material (Nuckols et al., 2004, Phillips et al., 2001).  

Adams et al. (2009), being aware of GPS receiver issues, developed a high 

resolution, space and time-referenced method for personal sampling of PM, 

including a GPS receiver and a temperature sensor. All devices logged data at 

10-second intervals and were carried in a backpack. A key issue was the GPS 

signal quality, therefore the positioning capability of the commercial GPS 

receiver was evaluated beforehand against U.S. National Geodetic Survey 

benchmarks. Six indoor reference positions were set up to improve signal 

quality. By utilising to temperature differences and comparing against known 

ambient conditions, it could be determined if the person was in- or outdoors. 

Data recorded from all three monitors were transcribed and stored in a 

database by matching the associated timestamp from each instrument. The 

GPS receiver used in this study performed with better accuracy than initially 

expected. No signal loss was detected outdoors or in a wood-framed single 

story residential structure. In a concrete building, however, the signal was lost in 

windowless rooms, yet it could be regained nearly instantaneously when 

moving to a room with windows or when leaving the building. The authors 

concluded that the most up-to-date customer grade handheld GPS receivers 

have a much better capability to receive signal indoors, compared to previous 

versions which is likely due to the use of high-sensitivity GPS microcontrollers. 
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The authors however also mention that substantial further sensitivity gains may 

not be available in the near future. Thus, alternative and supplementary 

technologies such as a GPS signal repeater or radio-frequency-identification 

(RFID) for improving positioning indoors should be considered. Although the 

temperature sensor worked well as an indicator for distinguishing between 

indoor/outdoor, alternatives to consider could be light sensors or the strength of 

the GPS signal received.  

As alternatives to GPS technology, other studies suggest ultrasound (Allen-

Piccolo et al., 2009) or small cameras which not only help locate the 

environment in which the person has been, but also record behaviour 

objectively (Broich et al., 2012),.  

There are certain factors which limit accuracy and operability of GPS receivers 

such as (overseas) military control over GPS satellites, although new 

commercial GPS satellite networks are launched which will not be subject to 

military control. However, as Rainham et al. (2008) point out, these factors are 

unavoidable or lie beyond the researcher’s control. Nevertheless, most of these 

influences are usually measurable and well known and can thus be taken into 

account when studies are designed. In the future we might also consider 

clothes with in-built sensors (Van Laerhoven et al., 2002) as a logical extension 

of the ideas presented by Elgethun et al. (2003). 

In summary, the studies discussed above are covering three main areas. One 

area concerns the investigation of transport and urban MEs. Several studies 

investigate the compatibility of GPS data and TAD data to track time-activity 

patterns. The third research area covers the improvement of sensor technology 

for exposure research. The focus on the transport ME in these studies does, 
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similar to the non-GPS based approaches, not sufficiently address everyday 

exposure across all MEs visited. Few studies only (e.g. Gerharz et al., 2009, 

Dons et al., 2011, Buonanno et al., 2014) focus on individual behaviour and the 

influence on personal exposure, covering several environments a person 

spends time in during a day. Ongoing developments in monitor design improve 

the feasibility for personal exposure studies. However, study designs have to 

evolve to adequately utilise the potential of flexible monitors with high 

spatiotemporal resolution, data storage and communication capability. 

2.6 Discussion & Conclusions 

There is no gold standard or best practice for monitoring air pollution with 

personal monitors. As it stands, the variety of devices and study designs is vast, 

reflecting the current fast development in this research area and the many 

possibilities offered through recent technological improvements. Personal 

monitors provide the most accurate data on actual personal exposure as they 

allow the measurement of pollutant concentrations as close as possible to a 

person’s breathing zone. Comparative measurements between personal 

monitors, fixed-site monitors and stationary ME monitors indicate substantial 

differences in concentration and thus establish a preference for the use of 

personal monitoring techniques to collect individual exposure information 

reliably.  

2.6.1 Personal exposure monitoring – the bigger picture 

Growing evidence of adverse health effects from exposure to air pollutants 

requires progressing and improving air pollution monitoring techniques, as well 

as risk, exposure and health impact assessment tools. Personal monitoring 
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studies are one vital building block to advance personal exposure research as a 

basis for public health policy, interventions and measures. Exposure research is 

the basis for identifying sources and exposure pathways in people’s everyday 

life which will help to prevent and to reduce the risk of exposure. However, it is 

clear that major reductions of air pollutant emissions have already been 

achieved and further reduction will be more challenging and with slow 

progression.  

Personal exposure studies contribute to the knowledge about exposure 

pathways and risks and at the same time also have the potential to educate and 

increase people’s awareness of environmental health issues (Roy et al., 2012). 

Awareness of how environment, human health and quality of life are interlinked 

can be increased, especially if the devices and tools can be applied for citizen 

science studies.  

2.6.2 Burden of volunteers 

Personal monitoring studies rely on volunteers carrying the monitoring 

equipment and taking actions to record and report activities. Interference of the 

personal monitoring device with the person’s everyday habits should thus be 

kept to a minimum, especially if lay people are carrying the devices in non-

scripted studies or citizen science projects. Regardless of how miniature and 

non-intrusive monitoring equipment and TADs become, their application will 

require a substantial commitment from study participants. Being part of such a 

study therefore needs to be rewarding and informative for the participant, which 

could be achieved by providing feedback based on the collected data about the 

person’s own exposure. The data has to be made accessible to the volunteers 
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and presented in an easy to understand way, as for instance demonstrated by 

Semple et al. (2013). 

2.6.3 Expanding personal exposure to everyday environments 

Based on the literature and example studies discussed in this chapter the 

conclusion is that the conventional study designs applied are sufficient to 

assess the exposure situation in a specific single ME or for prescribed routes 

primarily. Only a few studies expanded the assessment of exposure to a variety 

of MEs during everyday situations. In order to gain information about exposure 

in all MEs a person moves in during a specified time period with the aim to 

contribute knowledge to exposome research, the simulated approach has to be 

taken a step further. Studies now need to be expanded to include the 

observation of personal exposure in everyday environments. Thus, in a recent 

publication (Steinle et al., 2013) a novel conceptual model has been proposed 

(Figure 2-3), reflecting the potential of the new developments in personal 

monitoring discussed in section 2.6 and taking account of cause-effect models 

and the way they integrate context (section 2.3). This new model incorporates 

latest technological and methodological developments and goes beyond the 

traditional approaches as outlined in Figure 2-2. It integrates the full 

heterogeneity of MEs for personal exposure assessment, including context, by 

establishing a methodology to conduct personal monitoring without gaps. In 

order to up-scale from the individual to a population wide assessment further 

research is required and needs to include models to connect the data collected 

by personal monitoring to behaviours and environmental factors of larger 

populations. By including exposure as people experience it through their 

daily/every day routine, a more realistic assessment of total exposure can be 
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achieved. Taking into account context, which includes economic, social, 

environmental determinants and lifestyle factors can, in particular in connection 

with TADs and questionnaires, provide additional socio-economic, demographic 

and environmental information that may affect health effects based on potential 

exposure. The overall aim of personal exposure studies is to gain knowledge 

about the individual exposure and context, as a basis to ultimately scale up to 

population wide exposure estimates, for instance by modelling. This is a core 

requirement for improving population health.  

 

Figure 2-3 Novel conceptual model for the assessment of individual and 

population-wide exposure to air pollution including effects (health factors) and 

context (Steinle et al., 2013). 
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As mentioned earlier there is no gold standard method in place for personal 

exposure research. This conceptual model however can support research in 

providing the framework for proposing research questions, develop and 

implement future exposure studies. In the same way as the mDPSEEA and 

eDPSEAA models (section 2.3) this is a conceptual model designed as a tool to 

think with (McIntosh et al., 2007).  

It is of vital importance that new technologies and monitoring solutions which 

are now mature enough will be applied in future studies. At the same time it is 

time to move away from the single ME approach and apply the devices and 

tools available in a greater context, i.e. in people’s everyday life to take account 

of the heterogeneity of MEs and exposures. This is of particular importance if 

the personal exposure data is used as input for exposure models.  

Monitoring air pollution and tracking human activity patterns has progressed 

considerably in recent years. Improvements are required with regard to the 

incorporation of an expanded environment, improvements in sensor design and 

monitoring methods to allow for a bigger variety of pollutants to be monitored 

indoors and outdoors. With respect to GPS-enabled monitoring approaches it is 

time to design integrated devices fit for purpose, logging location, time and 

environmental variables simultaneously. This can substantially improve the 

accuracy of the data collection and subsequent analysis, especially for citizen 

science application and when dealing with large amounts of data. 

2.6.4 Privacy or confidentiality concerns 

Environmental monitoring data is required to generate robust evidence and 

builds the basis for the development of effective environmental and public 
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health policies. It is done by national bodies and research institutions but also 

partly by volunteers (who may be called citizen scientists in certain applications) 

who, for instance, change over samples at an air quality monitoring site or 

monitor a species occurrence (BTO, 2013). Volunteers who get involved 

sometimes already have a pre-existing personal interest in the topic which 

encourages them to be part of the research community (Mackechnie et al., 

2011).  

Like all personal assessment studies, personal exposure to environmental air 

pollution does rely on measurements of the state of the environment and in 

equal shares on tracking individuals, their activity patterns and behaviour. It is 

thus based on the willingness of individuals to take part in the research and 

reveal details of their personal activity and environment. In our modern society 

concerns of being constantly tracked and observed are more present than ever 

with people being increasingly under surveillance. CCTV cameras, smart 

phones, and loyalty cards are just a few examples of ways our movements and 

habits are recorded, often without our knowledge or consent. 

Personal exposure study design needs to record an individual’s activities, habits 

and personal circumstances. This could be seen as an infringement of personal 

space and territory, so the potential for misuse of personal exposure datasets is 

reduced by the anonymisation of data, a dedication to good practice and the 

implementation of secure data storage when handling individual datasets. With 

these precautions taken, it is proposed that the disadvantages for an individual 

taking part in the study are outweighed by the advantages gained through 

personal exposure studies for air quality improvement and health protection for 

the individual as well as for the general population 
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The necessity to monitor exposure to air pollution during people’s daily routines 

was identified through reviewing a wide range of historic and current 

approaches for the assessment of personal exposure to a variety of air 

pollutants, The selection of suitable tools and methods from the vast pool of 

possibilities outlined above was based on the study approach and the funding 

available. This included the need to deploy a suitable and practical pollutant 

monitor for active data logging, with high temporal resolution and sufficient 

ruggedness. Based on the review, the decision was made that a GPS tracker 

on its own would not be able to fulfil the requirements of time-activity pattern 

data collection, in particular as contextual information would be missing. For 

practicality, commercial availability, cost and confidentiality reasons 

technologies such as cameras, smart phones or radio-frequency identification 

(RFID) were not adopted for this pilot study. Thus classic methods utilising time-

activity diaries and questionnaires (in this case collected online via web based 

forms) were identified as suitable tools, enhanced by interviews with study 

participants after their monitoring periods.  
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3 Materials and Methods 

This chapter outlines the materials and methods used in this study. More 

information about the data collection approach and data processing and 

analysis methods is presented in individual chapters where appropriate.  

3.1 Approach 

3.1.1 Study design and area 

Following the rationale of the conceptual model (Figure 2-3) a small scale pilot 

study to test the feasibility of a portable monitoring solution for particle number 

counts (PNC) was set up. The objective of this pilot study was, in the first 

instance, to establish a new personal exposure monitoring approach and test its 

feasibility for monitoring constantly across the full heterogeneity of 

microenvironments visited. 

Monitoring personal exposure to air pollutants requires a portable monitoring 

solution. Since the objective is to monitor PNC around the clock in all visited 

MEs, a non-scripted, multi microenvironment study design has been selected. 

This is only possible with the help of volunteers who agree to carry the portable 

monitoring equipment with them during their daily routines and activities.  

The study area is Scotland, a country with highly heterogeneous environments. 

It stretches from the border with England in the South (Gretna is located at 

54.994997 N, -3.067108 W) up to the Shetland Islands (Lerwick is located at 

60.155823 N, -1.144569 W).  

The climate in Scotland is strongly influenced by the Gulf Stream and the 

prevailing westerly winds from the Atlantic. The West coast and Western 
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Islands are under maritime influence, resulting in seasonally high rainfall in 

autumn and early winter and annual mean temperatures of around 9˚C. The 

East of Scotland is sheltered from the western winds and thus in comparison 

drier, but also colder with mean temperatures varying between 6 and 9˚C 

depending on the proximity to the coast and topography. The Northwest of 

Scotland is on average the windiest region of the UK and along the West coast 

high rainfall occurs especially in autumn and early winter (Met office UK, 

2013b).  

Phase 1 of data collection for the pilot study was conducted in November when 

daylight hours in Scotland vary between ~6 ½ (minimum for Shetland) and 8 ½ 

(maximum for Edinburgh). In May, when the second stage of fieldwork took 

place, daylight hours are in the order of ~15 ½ (minimum for Edinburgh) and 18 

½ (maximum for Shetland) hours (UK weather, 2014).  

Scotland’s’ population was 5,313,600 (estimated) on 30 June 2012 (GROS, 

2013b). The Central Belt, between the two most populous settlements of the 

country, Edinburgh and Glasgow, is densely populated with a high level of 

infrastructure (see Figure 3-1). Large parts of the country are, however, rural 

and much less populated and have comparatively less infrastructure and 

industry (Steinle et al., 2011). According to national statistics (GROS, 2013b) 

the Eilean Siar (Western Isles) and Highland Council areas had a population 

density of only 9 people per km2 in mid-2012, while Glasgow City had 3,407 

people per km2 with the average being 68 people per km2, across the whole of 

Scotland. 
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Figure 3-1 Scottish Government Urban Rural Classification 2009/10 (left) and 

population density (1×1 km) based on 2009 midyear estimates (right) on data 

zone (DZ) level (see section 3.3.3) (Steinle et al., 2011). 
 

Since this pilot project has a focus on personal exposure monitoring, the 

definition of a suitable study area depends on where people are most likely to 

be moving during their monitoring period. This is mainly the area around the 

Scottish capital, Edinburgh, located at 55.9531 N, -3.1889 W, which has a 

population of 482,640 (estimated population on 30 June 2012 (GROS, 2013b)) 

and the adjacent council areas, East-, Mid- and West Lothian, where most of 

the volunteers participating in this study live and work. However, there are also 

profiles covering journeys reaching far up North to the Highlands and the 

Western Isles, as well as South across the border to England (Figure 3-2). 
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Figure 3-2 Map of Scotland (OS raster Miniscale) showing all the GPS tracks 

from the fieldwork phases 1 and 2. Note that the GPS tracks are comprised only 

of logs that have accompanying Dylos data. Also shown are the Centre for 

Ecology & Hydrology (CEH) where the researcher and most of the volunteers 

are working and the locations of the fixed site monitoring station Auchencorth 

Moss and St. Leonards which are part of the national monitoring network 

(chapter 4).  

Contains Ordnance Survey data © Crown Copyright and database right [2013]. 
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In Scotland, no single source dominates the emission of primary PM2.5. The 

three most important sources according to a recent report on PM2.5 in Scotland 

(Air Quality Consultants, 2012) are road transport, domestic combustion and 

industry, accounting for about 70% of total Scottish emissions. Moreover, 

atmospheric dispersion model results indicate that particuate matter 

concentrations in the UK overall are dominated by PM2.5 components 

originating from emissions of precursor substances (ammonia, nitrogen dioxides 

and sulphur dioxide) outside the UK (Vieno et al., submitted). Annual mean 

background concentrations range from 3 to 11 µg/m3 across Scotland, with 

highest concentrations occuring in the densely populated urban areas of 

Edinburgh and Glasgow, but also more generally across the Central Belt 

between those two cities and to the North along the east coast up to Aberdeen. 

Background concentrations describe the pollution levels away from sources and 

are thus representative for large areas.  

3.1.2 Volunteers 

A non-representative group of study participants was recruited from the institute 

the researcher is based at: Centre for Ecology & Hydrology (CEH, Figure 3-2 

and Figure 3-3). Despite being a non-representative group of society, the 

volunteers all have different daily activity patterns which were sufficient to test 

the feasibility of a new methodology. A call to staff and students with information 

about the project and its objectives provided was issued by email to identify 

volunteers. CEH is located in a rural environment in Midlothian, Scotland. This 

offers the opportunity to monitor exposure for a group of people sharing a 
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common workplace from which their profiles radiate out in different directions to 

their residences and other activity spaces (Figure 3-3.).  

The advantage of both researcher and volunteers being based in the same 

institute is that the turnaround time between measurements is reduced. It is also 

easy for the researcher and volunteers to stay in contact during and after the 

monitoring period. Just one volunteer was unrelated to CEH. This person was 

based in Edinburgh city centre had a different work environment. In fact this 

person never left the urban area of Edinburgh during the monitoring period. 

Individuals who expressed interest in participation were contacted. The time 

and details for each monitoring slot were discussed with the participants and the 

project details and equipment handling were explained when the monitoring 

pack was handed out to them. In total 17 individuals volunteered for this pilot 

study and collected personal exposure data at least once and in some cases up 

to five times. More detail on the study population is given in section 6.3.1.1. 
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Figure 3-3 Map (OS raster 1:10.000) showing the common workplace of most 

volunteers, CEH (Centre for Ecology & Hydrology, green) and the GPS tracks 

(blue) of volunteers. Note that this map shows all GPS data including the logs 

which have no accompanying Dylos data. Confidential GPS logs, i.e. logs that 

are close to the individual’s private residences have been removed.  

Contains Ordnance Survey data © Crown Copyright and database right [2013]. 
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3.2 Devices and tools applied 

3.2.1 Particle monitor – Dylos DC 1700 

To measure particle number concentrations (PNC), the Dylos DC 1700 monitor 

(Dylos Cooperation, Riverside, California, USA) was used. In the following we 

refer to this instrument as the Dylos or 'the monitor' interchangeably. It is a 

particle counter based on light-scattering technology and has been developed 

for indoor air quality monitoring for households. In contrast, many other 

commercially available air quality monitors have been developed primarily for 

industrial environments and occupational health monitoring applications. The 

Dylos has been used and evaluated, by Semple et al. (2012, 2013) regarding 

exposure to second-hand smoke (SHS) and by Northcross et al. (2013) 

comparing the performance of the Dylos against other commercially available 

particle monitors (both for chamber and ambient environments). At 

approximately £270, the Dylos is relatively cheap compared to other particle 

monitors such as the SidePak AM510 (~ £2,500) or the DustTrak (~ £3,200). 

Both instruments are commercially available from TSI Inc, Shoreview, 

Minnesota, USA.  

The Dylos does not directly provide particle mass concentration, but outputs the 

number of particles counted per cubic foot of air (1 cubic foot = 28.32 litres), 

ensuring constant air flow by a fan channelling air through the measurement 

chamber. The Dylos logs particles in two size classes (>0.5 µm “small” and >2.5 

µm “large” aerodynamic diameter) with a sampling frequency of once per 

minute. The lower detection limit is stated by the manufacturer to be at 0.5 µm 

particle diameter. The instrument is provided with proprietary software (Dylos 

Logger version 1.6) to download and display data. 
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On a full battery charge, the Dylos runs for approximately 6 hours. Regaining a 

full charge takes much longer while the Dylos is monitoring and plugged into 

mains power, than when it is switched off. The built-in memory can store 

approximately one week of data when sampling continuously i.e. one log per 

minute. Once the memory is full, the Dylos continues to operate, but starts 

overwriting the oldest samples.  

The Dylos is an easy to operate instrument with one button to switch it on/off 

and two more buttons to adjust settings. Its low weight (~500 g) and relatively 

small dimensions (~12×20×8 cm) make carrying the instrument easy (Figure 

3-4). Note that when the Dylos is running on continuous mode, no actual PNC 

readings are displayed, but a generic message (“logging data”) is shown which 

has the advantage that volunteers cannot get distracted or adjust their 

behaviour according to or to avoid high PNC readings. 

The monitor was originally designed for indoor use and so is not water- or 

splash-proof. A detailed evaluation of the Dylos performance follows in chapter 

4.  

3.2.2 GPS Trackstick 

A GPS receiver to track the movement of study participants was used in 

combination with the particle counter to relate observed particle concentrations 

to time and location. GPS receivers are available in many varieties for handheld 

use, for instance for leisure activities (walking, climbing) or for professional use. 

The GPS Trackstick (Telespial Systems Inc, Burbank, California, USA) was 

selected for this study because of the small form factor (~10×3×2 cm), low 

weight (~82 g) and the ease of use with one button operation only (Figure 3-4). 
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The GPS Trackstick records date, time, longitude and latitude, altitude, 

temperature, status, course, GPS fix and signal quality approximately every 10 

seconds, depending on signal quality.  

Applying the GPS in combination with the Dylos provides spatiotemporally 

resolved particle number counts for personal exposure research. 

3.2.3 Monitoring pack 

With the key features of the Dylos being its low weight and reasonably small 

size, it has been considered to also be well suited for use in a personal 

monitoring study. A small hiking backpack with elastic cord attachments and 

side pockets to attach/carry the instruments (Figure 3-4) has been adapted. To 

avoid the interface buttons on the Dylos being pushed accidently while it is 

strapped onto the backpack, a protective plastic cover has been fitted covering 

the buttons, while allowing users to switch the device on and off with a pen. To 

secure the monitor an adjustable Velcro strap is used. To charge the Dylos, the 

device can simply be plugged into the mains electricity supply without having to 

detach the monitor from the backpack. Four monitoring packs were assembled 

to allow for parallel data collection and also to increase flexibility in handing out 

the devices and collect as much data as possible in the given time frame. The 

backpack had also space for additional batteries, charger, power plug, 

notebook, instruction leaflet and an official letter from CEH explaining the 

reason and purpose of the monitoring study with the contact details of the 

researcher. 
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The design of the monitoring pack and the fact that the Dylos is not water- or 

splash-proof, yet needs to be worn exposed to ambient air, restricts its outdoor 

use to dry weather conditions or sheltered/indoor use only.  

 

Figure 3-4 The monitoring pack - the Dylos monitor is strapped onto the 

backpack with the inlet and fan exposed to the air. The GPS is placed in the 

side mesh bottle pocket.  

 

3.2.4 Time-activity diary, follow-up meeting and questionnaire 

A TAD was created from scratch based on the reviewed literature and 

implemented as a web form accessible from any device with internet access 

(Table A 2). It was tested with volunteers before the actual data collection and 

adjusted based on user feedback between Phase 1 and Phase 2 of data 

collection (section 5.3.1.2.). In addition, volunteers were given a 24-hour matrix 

on paper and were encouraged to take their own notes during the day and later 

transfer their notes in the web form.  
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TAD and GPS data were reviewed after the monitoring pack was returned and 

discussed in follow-up meetings with the study participants. Follow-up meetings 

were mandatory and conducted as informal meetings with the volunteer to look 

at and talk through their personal data. In those meetings additional temporal 

and spatial details could be added, and ambiguities or gaps in the TAD clarified. 

This proved to be a vital step as the TAD can only be fairly generic, 

necessitating the follow-up meetings to explore detailed issues afterwards. 

These meetings had to take place as soon as possible after the monitoring 

period while memories were still fresh and to aid recall.  

A questionnaire was designed as a web form accessible from any device with 

internet access. Volunteers were asked to fill in this questionnaire once during 

the pilot study. It includes questions about the individual’s living conditions, the 

household the person is living in, building and neighbourhood characteristics 

and other contextual factors (Table A 1).  

3.3 Data collection and processing 

3.3.1 Data collection, extraction and processing  

Data was collected for two periods during autumn/winter 2012 – namely Phase 

1 or P1 - and during spring 2013 (Phase 2 or P2). Overall 17 volunteers 

collected 35 individual profiles. This is both a manageable number and covers 

sufficient activities to assess the variability of individual exposure.  

Once the monitoring pack was returned, data was downloaded from the Dylos 

with the propriety software as particles per cubic foot (1 cubic foot = 28.32 

litres). Data was exported as an ASCII text file and visually checked for bad 

data or data gaps before being further processed. The GPS data was 
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downloaded with the propriety Trackstick manager software and exported as a 

.csv file. 

TADs were exported and talked through with the volunteer during the 

mandatory follow-up meeting. 

Figure 3-5 describes the process designed to ensure consistent data analysis 

and provides an overview on the characteristics of the different datasets. Data 

processing methods have been developed and MEs and transport modes 

defined based on data collected in Phase 1 and consistently applied to data 

collected during Phase 2. Differences in the logging time steps between the 

particle measurements (1 min) and the GPS log (~10 sec) tracks require careful 

processing of the data. To match the timestamps of both devices a method was 

developed utilising the FME (Feature Manipulation Engine, (Safe Software Inc., 

2014) to match the GPS to the respective Dylos timestamps (at every full 

minute). FME software provides the opportunity to develop work flows based on 

so called ‘workbenches’ where a sequence of individual processing steps can 

be linked. The workbenches are self-documenting with transformer tools and 

variable flows graphically linked, ensuring a processing audit trail for all 

datasets. In this process date and time are also split into two separate 

variables. Dylos logs without a matching GPS-originated timestamp i.e. indoor 

logs and where the GPS did not log due to reception problems or battery life, 

are kept in the dataset. 

The matching of “hard” GPS coordinates and timestamps with “soft” real 

locations and times as noted in the TADs has to be done manually. The 

resulting new dataset, comprising GPS data, PNC and TAD information 

displayed as excel graphs with TAD information added as text was then 
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discussed and approved with the volunteer in a follow-up meeting. These 

mandatory follow-up meetings have to happen as soon as possible after the 

monitoring equipment is returned as memory fades quickly.  

 

 

Figure 3-5 Flowchart showing the data processing. Individual data sets are 

merged, additional contextual information is added to enrich personal exposure 

profiles.  

 

Based on the recorded data, additional contextual information (Figure 3-5 green 

box on the right) is added. This includes: 

• Time of the day (morning 06:00 – 11:59, afternoon 12:00-17:59, evening 

18:00-23:59, night 00:00-05:59).  

• Day of the week (Monday-Sunday) 
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• Microenvironments (MEs) (section 3.3.2) 

• Comments  

• Transport mode (Bus, Bicycle, Car, Ferry, Train and Walk; section 3.3.2) 

• Class (Indoor, Outdoor rural, Outdoor urban) (section 3.3.3) 

Each profile has been coded with an ID based on the fieldwork phase P1 or P2 

and the number according to the alphabetical order of the volunteers’ names: 

P1-01, P1-02 etc. Moreover every data point has an individual ID based on the 

profile code and the timestamp (Figure 3-5).  

Data where the Dylos was carried in backpacks, panniers or handbags or was 

left in cars or at home while the person was away was discarded as non-valid 

for the purpose of personal exposure assessment and was subsequently 

marked in the “comments” column and excluded from further analysis.  

3.3.2 Microenvironments and transport modes 

Based on the profiles collected during Phase 1 with concentration, location, time 

and TAD information, all locations and activity spaces visited by the volunteers 

during the monitoring period were analysed. Resulting from this analysis six 

MEs were identified (four indoor MEs and two outdoor MEs) into which all 

recorded locations could be allocated to analyse for time-activity patterns and 

exposure to particulate matter, namely 

• Home 

• Work 

• Public building (shops, restaurants, sports centre, train station...) 

• Private residential building (friends or partner’s residence...) 

• Transport 
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• Outdoor other (walking/cycling for leisure, spending time in a park...) 

This is an important step in the analysis process as people are constantly on 

the move and hence exposed in many different environments and activity 

spaces with different pollution levels. Through a consistent application of the 

concept of MEs, activities can be related to a spatial unit, which serves as a 

space to refer exposure to and to a certain degree allows comparison between 

individual spatial units of the same ME category.  

In this step the transport modes used by the volunteers during their monitoring 

period have been identified as follows and the respective transport mode was 

added to each individual data point. 

• Bicycle 

• Bus 

• Car 

• Ferry  

• Train 

• Walk 

3.3.3 Classes  

Each individual data point was assigned to one of the three following classes 

that are representative of a coarse allocation of personal activity spaces. This 

classification allows for distinction between different characteristic background 

pollutant concentrations and the association of observed particle number counts 

with indicative mass concentrations (section 4.4). 

• Indoor 
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• Outdoor rural 

• Outdoor urban 

The class Indoor has been assigned to all data points which are in one of the 

four defined indoor MEs.  

The outdoor classes have been assigned based on the collected GPS data and 

the Scottish Government Urban Rural Classification (URC) from 2009/10 (The 

Scottish Government, 2010). The URC classification aims to help develop the 

understanding of specific issues that may commonly affect urban, rural and 

remote locations in Scotland. It acknowledges the fact that issues such as 

transport, health and education can have a particular impact on the population 

of rural communities and provides a consistent way to define urban and rural 

areas in Scotland (The Scottish Government, 2010). This classification is based 

on the Scottish Governments definition of rurality that defines settlements with a 

population of 3,000 or less as being rural. Drive times from settlements with 

10,000 or more people are used as parameter to define areas as remote or 

accessible (Table 3-1). The URC is available as 6-fold and 8-fold version. For 

this study the 6-fold version has been used.  
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Table 3-1 The 6-fold Urban Rural Classification (URC) defines urban and rural 

areas based on population numbers. Drive times from settlements with more 

than 10,000 people are used to distinguish between remote and accessible 

areas within Scotland (The Scottish Government, 2010).  

 

 

The dataset applied for this study is the URC classification on data zone level. 

Data zones are geographical units with an approximate population between 500 

and 1,000. These data zones nest within Council Areas and as far as possible 

meet the criteria of compactness and homogeneity, and also respect other 

boundaries e.g. the physical environment. There are 6,505 data zones in 

Scotland. Since the data zones are based on population numbers they cover 

smaller areas in densely populated regions while data zones in the Highlands 

can cover vast areas. In densely populated regions the data zone geography 

provides a very detailed picture of the respective information displayed (The 

Scottish Government, 2004). 

The URC dataset is available from the Scottish Neighbourhood Statistics 

website (www.sns.gov.uk, 2011). The data zones are classified in categories 1-

6 (Table 3-1). For the purpose of this study categories 1-4 were summarised 

into urban and 5-6 into rural (Figure 3-6). 
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Figure 3-6 Map of Scotland showing the distribution of Outdoor urban and 

Outdoor rural areas on data zone level. The small map on the right shows the 

Central belt of Scotland which is densely populated and has a high degree of 

infrastructure. The two classes have been aggregated based on the 6-fold 

Scottish Government URC 2009/10 for application in this thesis. 

 

A dedicated FME workbench has been developed to assign the GPS points that 

have been recorded by volunteers to the respective class. The URC map has 

been overlaid with the GPS points to determine the category of the data zone 

within which the GPS point was located. At the same time the 6-fold 

classification is already summarised into the two classes Outdoor rural and 

Outdoor urban as shown in Figure 3-6. Data has been displayed and visually 

assessed in ArcGIS 10.1 (ESRI, 2013). 

Where no GPS data was available an assessment based on the route 

description from volunteers and the URC map has been made. 
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3.3.4 Confidentiality - issues with GPS data 

For confidentiality reasons GPS data has been post-processed to exclude all 

logs in the vicinity of volunteer’s Home addresses and other Private residential 

buildings from the resulting output tables and maps in this study. To do so all 

GPS logs recorded within postcode sectors that included Home or Private 

residential building MEs have been excluded.  

The postcodes for the volunteer’s homes were collected in the questionnaires. 

Therefore the easiest way to exclude data was to determine the coordinates of 

the Home location and put a spatial buffer around this point. Because the 

postcodes for Private residential buildings people visited were not available a 

different method has been chosen. The postcode sectors for Private residential 

buildings were determined based on the nearest GPS log, if GPS logs were 

available. Otherwise there was no need for this processing step. For future 

studies with bigger datasets it is recommended to explore further which 

geospatial techniques could be applied to remove confidential GPS data while 

provide as much GPS cover as possible. 

Postcode sectors are the first four digits of the postcode e.g. EH26. The area 

covered by these varies a lot, as postcodes are allocated based on population 

numbers and in less densely populated areas may reflect a large area. This is 

the downside of this approach because GPS points that are within the postcode 

sector but not nearby the Home or Private residential building are automatically 

excluded as well.  

On the other hand, due to the typical size of postcode sectors in the study 

domain, it cannot always be guaranteed to provide sufficient confidentiality, for 

instance, if the coordinates logged fall within an urban area where postcodes 
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cover smaller areas. Thus it was assessed if an additional buffer around the 

postcode sectors would be required to provide data protection. Due to the 

overall small size of urban postcode sectors in the study domain, applying 

buffers to all home locations in this study would result in removal of most GPS 

logs in the Edinburgh City area. For all but one volunteer, the protection of 

home location was deemed sufficient with the use of postcode sectors only, 

however, for future studies, this needs to be considered, in particular with larger 

populations in urban areas. 

The processing has been done with FME and ArcGIS software and is depicted 

as a flowchart in Figure 3-7. In a first step all GPS logs were tested for 

correctness, meaning that all logs that had longitude and/or latitude values 

outside the study area boundaries and also all data with no GPS logs (NAs) 

were excluded and saved in a separate file (False/NA) from the true GPS logs 

(True). In the False/NA dataset all GPS data i.e. latitude, longitude, altitude, 

temperature, signal etc. was set to “NA” to provide confidentiality but kept the 

accompanying Dylos and contextual data within the dataset. Both datasets 

(False/NA and True) were output as text file and as spatial data (points) for 

visualisation in ArcGIS. Transforming text into a spatial dataset is done with 

FME but requires the “NA” values for longitude and latitude temporarily to be set 

to blank as the tool doing the transformation cannot handle “NAs”. 

In a next step the relevant postcode sectors (PC) were extracted from the full 

dataset, which is publicly available from the General Register Office for 

Scotland website (GROS, 2013a). Relevant postcode sectors are those within 

which either a Home or a Private residential building was located. These 

postcode sectors were used as base to test which GPS logs (True) were within 

the respective sectors. For this step the spatial datasets, postcode polygons 
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and GPS points, were used as input files. A spatial filter was set up to test 

which postcode sectors “contain” True GPS logs. GPS logs that passed this 

spatial filter lie within the postcode sectors and therefore have to be set to “NA” 

to provide confidentiality. This data was saved as a new dataset called Passed. 

GPS logs that failed the spatial filter are located outside the postcode sectors 

and remained as they are (Failed). Both datasets were output as text and 

spatial data.  

In a final step all three datasets, False/NA, Passed and Failed, were merged 

into one text file and additionally converted into a spatial dataset to visualise the 

GPS tracks. All spatial datasets were assigned the correct spatial reference, 

projected and visualised in ArcGIS.  

 

Figure 3-7 Flowchart showing the method with which GPS points collected 

during fieldwork phases 1 and 2 that are confidential have been excluded from 

the dataset.  
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3.3.5 Distance between features  

Distances between the volunteer’s home’s, the work place and the two fixed site 

monitoring stations from the national automatic urban and rural network (AURN) 

have been calculated (Table 6-9). This has been done based on the geographic 

coordinates taken from the Scottish air quality website (Scottish Air Quality, 

2013) for the monitoring stations as well as for the work place location at the 

CEH (here the station Bush Estate located outside the building is used) and the 

postcodes for the individual home addresses compiled with the questionnaires. 

The latitude/longitude coordinates for the respective postcodes have been 

derived with the help of a freely accessible web tool 

(http://www.townscountiespostcodes.co.uk, 2014). Based on these coordinates, 

the actual calculation has been done with the ArcGIS Point distance tool, which 

provides the direct line distance. The distance has been calculated as the crow 

flies therefore actual distances travelled are underestimated.  

3.3.6 Functions to derive particle mass concentration depending on class 

As described in section 3.2.1 the Dylos does provide the measured data as 

particle number counts (PNC). However, ambient fine particulate matter levels 

are however usually expressed in PM2.5 (µg/m3) particle mass concentration, for 

instance in air quality guidelines. Following Semple et al. (2012, 2013) we 

developed two functions to derive particle mass concentration for the classes 

Outdoor urban and Outdoor rural. This was done based on the data collected 

during the evaluation of the Dylos which has been assigned an individual 

chapter in this thesis (chapter 4). The monitor was co-located with the reference 

instruments at an urban background station and a rural station in the vicinity of 

Edinburgh. Results show good agreement for both locations and are the basis 
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for the functions derived. For the class Indoor we applied the function derived 

by Semple et al. (2013) based on second-hand smoke exposure in real-life 

settings.  

The tools and methods described in this chapter have been selected based on 

the literature reviewed, as discussed in chapter 2. The application and 

performance of individual tools and methods is evaluated in the following 

chapters. Chapter 4 focuses on the performance of the Dylos particle counter in 

outdoor environments, while in chapter 5 the feasibility and limitations of all 

methods and tools required for data collection, as well as the actual monitoring 

process are evaluated. Chapter 6 concerns the actual monitoring results and 

how this fits in with the tools and methods applied. 
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4 Evaluation of the Dylos DC 1700 for personal exposure 

assessment in indoor and outdoor environments 

In this chapter the evaluation approach to assess the performance of the Dylos 

against the TEOM-FDMS reference instruments is described. Functions derived 

based on this evaluation to convert measured particle number counts into 

predicted PM2.5 mass concentrations are introduced. 

 

4.1 Introduction 

In this chapter the performance and evaluation of the Dylos against reference 

instruments that measure PM2.5 mass concentration is discussed. The 

measurement and assessment of exposure to PM2.5 is challenging, because of 

the nature of particles, their formation, evolution and their variability in size and 

composition (section 2.2.1). The European Standardisation body CEN outlines 

reference methods for particulate matter measurements in standard 

EN14907:2005 (CEN, 2005) employing a manual gravimetric approach, while 

the Dylos provides a count of the numbers of particles for a given sampling 

volume (PNC) in two different size classes (section 3.2.1). 

The Dylos has recently been applied in different settings, both indoors (Semple 

et al., 2012, 2013) and outdoors (Northcross et al., 2013). Its response has 

been evaluated against the TSI SidePak optical aerosol monitor providing data 

in mass concentration in chamber experiments with second-hand smoke 

(Semple et al., 2012) as well as in people’s home environments (Semple et al., 

2013). Northcross et al. (2013) evaluated the Dylos integrated into a system 
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called the Berkley Aerosol Information Recording System (in chamber and 

ambient experiments) against the TSI DustTrak, a commercially available 

photometer providing aerosol mass. All three studies have confirmed a reliable 

representation of particle numbers by the Dylos. For the purpose of this study 

the Dylos has been applied in mixed indoor and outdoor settings. As the pilot 

study has been conducted in both rural and urban conditions, it is necessary to 

evaluate the Dylos performance against reference instruments in both an urban 

and rural outdoor settings in order to test the first hypothesis as listed in section 

1.2:  

a) The portable particle counter Dylos DC 1700 is a viable instrument for 

personal air quality monitoring, providing robust, reliable results when 

compared to reference instruments in outdoor settings. 

4.2 Methods 

4.2.1 Reference methods 

The reference standard for measuring ambient PM2.5 mass concentration is a 

manual gravimetric method (CEN, 2005). The gravimetric method is based on 

the mass difference of filters onto which the PM is sampled onto. In practice 

however, manual methods are not able to provide fast, continuous 

measurements as required for monitoring networks. Hence, the use of 

automatic instruments designed to provide equivalent results (equivalence is 

defined according to the Guide to the Demonstration of Equivalence, (European 

Commission, 2010)) is permitted by EU legislation (CEN, 2013) for the 

measurement of PM2.5 in a regulatory context. Such methods, however, 

introduce uncertainties to the already complex task of monitoring PM2.5 (Air 
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Quality Expert Group, 2012). The instrument applied throughout the UK 

Automatic Urban and Rural Network (AURN) is a Filter Dynamic Measurement 

System (FDMS) which is based on a Tapered Element Oscillating Microbalance 

(TEOM) and will from now on be referred to as reference instrument or TEOM-

FDMS. Its performance has been extensively evaluated in the equivalence 

programme for monitoring of PM in the UK (Harrison et al., 2006). The accurate 

measurement of PM is a demanding task and notoriously difficult because of 

factors such as semi-volatile compounds and variations in water-content (Thai 

et al., 2008) which leads to the understanding that: 

“...the PM2.5 metric... [does] not correspond to definite physical or chemical 

components of the air, but is in effect defined by the measurement method.” (Air 

Quality Expert Group, 2012, p. 39). 

 

In comparison to PM10, uncertainties in PM2.5 data are inherently larger because 

the absolute mass of PM2.5 is smaller, which makes the variations in the mass of 

the filter more significant (Brown et al., 2006). Furthermore decreasing ambient 

PM2.5 concentrations may result in smaller PM mass that is sampled onto the 

filters, thus uncertainty in the accuracy of weighing the filters becomes relatively 

more significant over time (Brown et al., 2006). In measurement method 

comparison studies it is regularly reported that the PM2.5 fraction is 

underreported by the TEOM-FDMS, which is to a large extent due to the 

volatilisation of semi-volatile particles and can result in zero and negative values 

(Ayers et al., 1999, Charron et al., 2004, Cyrys et al., 2001, Air Quality Expert 

Group, 2012). In fact, values down to -4 µg/m3 are considered valid in the 

ratification process and as the report on PM2.5 in Scotland (Air Quality 

Consultants, 2012) discusses, this negative offset suggests that the 
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concentrations measured are too low for the TEOM-FDMS instruments which 

have issues with volatile material being lost from the filters. This report relates 

the issues with the TEOM-FDMS measurements specifically to the Auchencorth 

Moss site which means: 

“If the rural concentrations are, in reality, too low, then the estimated urban 

increment will be too high”. (Air Quality Consultants, 2012, p. 23) 

When looking at the data from the two fixed site monitoring stations which have 

been used for data analysis in chapter 6 it becomes obvious though that 

negative and zero values are recorded by the TEOM-FDMS at both 

Auchencorth Moss and St. Leonards. This suggests that the aforementioned 

issues occur at both sites, affecting the comparison of Dylos measurements 

with reference observations.  

The TEOM-FDMS is based on complex technology, making it relatively 

maintenance-intensive and resulting in data gaps due to downtimes. Substantial 

effort is required to ensure that output data is internally consistent and also 

comparable with the manual gravimetric reference method. Significant data 

rejection is, however, not unusual and measuring PM2.5 remains a challenge 

(Air Quality Expert Group, 2012).  

4.2.2 Evaluation approach 

For this study it is necessary to evaluate the Dylos performance concerning its 

ability to measure levels of PM2.5 in the environment and temporal trends. To 

achieve this, a co-location approach was taken. The Dylos was set up for 5 day 

periods next to TEOM-FDMS instruments which are operated routinely at a rural 

and an urban background site of the national Automatic Urban and Rural 
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Network (AURN). By evaluating the performance in both urban and rural 

outdoor environments, we later derive functional representations to translate 

PNC into indicative PM2.5 mass for the outdoor microenvironments according to 

the classification of data collected.  

In the greater Edinburgh area, two PM2.5 monitoring sites, both part of the 

AURN, are suitable for the evaluation of the Dylos (Figure 4-1) for their location 

relative to the study area): 

1. Auchencorth Moss (55.792160 N, -3.242900 W): The Co-operative 

Programme for Monitoring and Evaluation (EMEP) of the UNECE 

Convention on Long-range Transboundary Air Pollution Level II 

Supersite (Torseth et al., 2012) located in a rural environment 

approximately 10 km south of Edinburgh on an transitional lowland peat 

bog (Figure 4-1). This site is also part of the Scottish Automatic Rural 

Network.  

2. St. Leonards (55.945589 N, -3.182186 W): This Scottish Automatic 

Urban monitoring station is located within a small park area in the south 

side of Edinburgh with the nearest main road being approximately 35 m 

away (Figure 4-1). The site is classified as urban background, which 

means that it is located in an urban area away from major sources, 

broadly representative of city-wide background conditions.  

Full details on both sites, pollutants measured, measured data and statistics 

can be found on the UK air website (DEFRA, 2014). 
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Figure 4-1 Map showing the rural fixed site monitoring station Auchencorth 

Moss in the South and the urban background station St. Leonards in the North 

in relation to CEH and volunteers GPS tracks from all profiles (covering both 

fieldwork periods). 
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At both sites the reference instrument operated and used for the comparison is 

the TEOM-FDMS system (Thermo Fisher Scientific Inc., USA). Additionally an 

OSIRIS Airborne Particle Monitor (Turnkey Instruments Ltd., UK) and a MARGA 

- Monitor for Aerosols & Gasses in Ambient Air (Methrom Applikon B.V., 

Netherlands), were deployed at St. Leonards and Auchencorth Moss 

respectively during the co-location periods and data from these instruments was 

used for supporting comparisons.  

Each co-location study was conducted over a period of five days from 10th to 

the 15th of April 2013 (Auchencorth Moss) and 30th September to 4th October 

2013 (St. Leonards). In both cases, the Dylos was set up outdoors, protected 

from direct precipitation and running on mains power. The duration was chosen 

to fit the maximum data storage capacity of the Dylos of approximately six days. 

In both periods, weather conditions were mixed with windy and rainy periods 

alternating with dry sunny spells. It should be noted that the setup was not 

intended to replicate a full equivalence test to certify the Dylos according to the 

Environment Agency's Performance Standard for Indicative Ambient Particular 

Matter (MCERTS (Environment Agency, 2009)) as the focus of this study is the 

assessment of the relative contributions of different MEs and activities on 

people’s individual exposure, not to establish a reference method. 

Nevertheless, the evaluation method and results are robust for the 

microenvironments directly represented by the co-location situations (urban and 

rural background respectively). Further co-location and evaluation studies are 

required to derive functional relationships between PNC and indicative PM 

mass in other environments and situations, which is being addressed for future 

studies.  
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The data was also analysed for potential correlation between the 

measurements and temperature and relative humidity, however no relationship 

could be identified. The individual Dylos instruments have also been tested by 

direct comparison, showing very good agreement.  

4.3 Results 

Data from the Dylos and the reference instruments which were co-located in 

two different environments were analysed with respect to reliability and 

robustness.  

 

Figure 4-2 Auchencorth Moss TEOM-FDMS hourly data (μg/m3) and Dylos 

hourly data (PNC) calculated from 1-mintue logs during the co-location period 

10-15/04/2013 
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Figure 4-3 St Leonards TEOM-FDMS hourly data (μg/m3) and Dylos hourly 

data (PNC) calculated from 1-mintue logs during the co-location period 30/09/- 

04/10/2013 
The TEOM-FDMS instruments at both sites output data as hourly averages 

(also as daily values at Auchencorth Moss measured with the Partisol sampler 

(Thermo Fisher Scientific Inc., USA)). Therefore the Dylos observations were 

processed to calculate hourly averages from the data collected at 1-min 

resolution (Figure 4-2 and Figure 4-3). 

Figure 4-4 displays the scatter plots for the standard major axis regression of the 

Dylos and TEOM-FDMS hourly data at both locations chosen for this field 

experiment. The correlations between the Dylos and TEOM-FDMS at both 

monitoring sites are good: R2 = 0.9 at Auchencorth Moss and R2= 0.7 at St. 

Leonards. Similar results (not displayed here) were found for the MARGA at 

Auchencorth Moss (R2=0.8) in April and the OSIRIS at St. Leonards (R2=-0.6) in 

October respectively.  
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The TEOM-FDMS data routinely undergoes quality control and has to be ratified 

before it is officially released to the public (e.g. on the Scottish Air Quality 

website). For this co-location study, quality-controlled data from the TEOM-

FDMS for the October measurements at St. Leonards were directly obtained 

from the local site operator, Bureau Veritas prior to the official release of the 

data.  

 

Figure 4-4 Comparison of hourly-average Particle Number Counts (PNC, # ft-3 

for particles between 0.5 and 2.5 µm) from the Dylos monitor and PM2.5 Particle 

Mass (in µg/m3) from the TEOM-FDMS instruments at Auchencorth Moss (left) 

and Edinburgh St. Leonards (right).  
 

The correlation for PNCs and temperature at Auchencorth Moss is relatively 

high R2 = 0.78. This strong correlation coefficient (R2 value) can be explained 

by a change in weather conditions (primarily wind speed (from ~5 m/s to ~15 

m/s) and direction (from E/SE to predominantly S/SW) – resulting in decreasing 

temperatures and PM concentrations towards the end of the co-location period. 

It is therefore thought that the correlation between PNCs and temperature does 

not reflect a causal relationship, which was confirmed by identifying the 

composition of the PM aerosol mass concentration measured by the MARGA 
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(cf. Twigg et al., 2014). This data (Figure 4-5) shows a substantially larger 

contribution of SO4
2- and NO3

- in the first part of that period, indicating a 

dominating influence of long-range transport from continental Europe.  

 

Figure 4-5 PM2.5 composition for the period 10-14th of April 2013 at 

Auchencorth Moss. Note that this is preliminary data which has not been ratified 

yet. Due to a problem with the instrument, Na+ and NH4+ measurements in the 

PM2.5 size range are missing in this graph.  

 

This analysis suggests as well, that the PNC data from the two particle size bins 

(“small” (> 0.5 µm) and “large” (> 2.5 µm)) measured by the Dylos may be used 

to investigate ratios between “large” and “small” particle numbers and thus 

identify source footprints, such as the long-range transport vs. local emissions 

ratio in the Auchencorth Moss data. A more in-depth analysis of this matter is 

under way and is in preparation for publication.  
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4.4 Deriving indicative PM2.5 mass concentration from particle number 

counts 

One output of the evaluation process is the development of two functions to 

derive PM2.5 mass concentration from the PNCs monitored with the Dylos during 

this pilot study. This is a great opportunity since the collected data is in PNC but 

required as PM2.5 mass concentration to be comparable to the measurements 

done with the TEOM-FDMS. Air quality guidelines and health metrics also refer 

to particle mass concentrations and not PNCs.  

Based on the good agreement between reference instrument (see Figure 4-4) 

and the Dylos, two distinct functions have been developed to calculate PM2.5 

mass concentration from the measured PNCs. These functions are applied to 

all measurements made with the Dylos in outdoor environments. The functions 

are allocated according to the type of class the person has spent time in 

(section 3.3.3). Table 4-1 displays the functions derived by (a) Semple et al. 

(2013) which is applied to all Indoor environments, as well as the functions 

derived for (b) Outdoor rural (based on the data from Auchencorth Moss) and 

(c) Outdoor urban (based on the data from St. Leonards).  

The indoor function was derived from Semple et al. (2013) with 34 samples 

collected in smoking and non-smoking households. Homes with open fire 

places were excluded. The measurement instruments were placed in the main 

living area and data used for the regression analysis was randomly selected 

from the full dataset.  
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Table 4-1 Functions to calculate indicative PM2.5 (in μg/m3) from Dylos hourly-

average PNC (in particles per cu ft). 

Environment Function Source 

(a) Indoor PM2.5 = 0.65 + 4.16×10-5 × [PNC] + 1.57×10-11 

× [PNC]2 

Semple et al. 

(2013) 

(b) Outdoor rural PM2.5 = 1.291 + 1.114×10-5 × [PNC] this study 

(c) Outdoor urban PM2.5 = 4.748 + 2.807×10-5 × [PNC] this study 

 

Figure 4-6 shows the trends and absolute values of indicative (predicted) PM2.5 

derived from the Dylos PNC and the observed TEOM-FDMS PM2.5 data. For 

both sites the comparison shows a good agreement between the TEOM-FDMS 

data and the predicted Dylos data with the observed and predicted values 

following the same pattern. In the first part of the data from Auchencorth Moss, 

the exceptionally high values influenced mainly by long-range transport show a 

lot of fluctuation which is picked up slightly differently by the Dylos compared to 

the TEOM-FDMS. The difference between the instruments becomes less 

pronounced towards the end of the co-location period, when strong winds and 

local particle sources dominated. Note the strong downward trend in 

concentrations at Auchencorth Moss after approximately 70 hours which is as 

discussed in section 4.3 down to a change in weather conditions.  

The predicted Dylos data for St. Leonards follows the observed data generally 

well, with the nature of the urban background station and the slight difference in 

inlet height for the TEOM-FDMS (on the roof of the cabin) and the Dylos (1 m 

above ground) may account for the differences displayed. Trends and peak 

timing and magnitude are well captured, however the Dylos appears to have a 

higher cut-off concentration, i.e. detection limit than the TEOM-FDMS.  
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Table 4-2 compares, for each site, the maximum, minimum, mean and median 

values for PM2.5 mass concentrations directly measured by the TEOM-FDMS 

with the indicative PM2.5 derived by applying the functions displayed in Table 4-1 

to the Dylos PNC. Both for maxima and mean/median values, the predicted 

values are close to the observations. The minimum concentration observed by 

the TEOM-FDMS reach zero which are not replicated by the predicted values, 

but it is unlikely that zero concentrations will be observed in reality. Zero and 

even negative values are however a feature of the TEOM-FDMS instruments, in 

fact the ratification process allows negative concentrations down to -4 µg/m3 (Air 

Quality Consultants, 2012). 

 
Figure 4-6 Comparison of indicative hourly-average PM2.5 mass 

concentrations “predicted” by the Dylos vs. the TEOM-FDMS observed 

concentrations in µg/m3 for Auchencorth Moss (Outdoor rural, left) and 

Edinburgh St. Leonards (Outdoor urban, right) as a result of applying the 

functions presented in Table 4-1. Both the trends and absolute values of 

indicative PM2.5 derived from the Dylos PNC (“predicted”) agree well with the 

TEOM-FDMS PM2.5 (“observed”). 
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Table 4-2 Comparison of observations with the TEOM-FDMS and Dylos 

predictions applying the functions presented in Table 4-1 at both co-location 

sites (based on hourly values).All values in μg/m3. 
Statistic Auchencorth Moss St. Leonards 

 TEOM-FDMS 

observed 

Dylos 

predicted 

TEOM-FDMS 

observed 

Dylos 

predicted 

Mean 13.0 13.0 15.1 15.1 

sd 8.2 8.2 6.2 6.2 

Median 13.5 14.0 14.9 13.8 

Minimum 0.0 1.4 0.0 6.0 

Maximum 27.0 28.1 30.2 28.5 

Range 27.0 26.8 30.2 22.6 

 

4.5 Discussion & Conclusions 

The primary purpose of this study is the development of a methodology for 

personal exposure monitoring in a variety of microenvironments. The reliable 

performance of the Dylos against other particle monitors has been proven in 

chamber experiments, indoor and outdoor settings in previous studies (see 

section 4.1). However an evaluation in different outdoor environments in the 

study area for this thesis is required to assess the instrument’s performance in 

those specific geographic settings. Referring back to the aim, “The portable 

particle counter Dylos DC 1700 is a viable instrument for personal air quality 

monitoring, providing robust, reliable results when compared to reference 

instruments in outdoor settings”, here, it has been demonstrated that the Dylos 

can provide robust and reliable indicative measurements of PM2.5 in outdoor 

environments which compare well against standardised EU reference 

instruments. This evaluation is taking into account that the measurement of PM 

is inherently difficult and the reference instruments are prone to inherent, 

technologically driven uncertainties, which is reflected in the output. Knowing 
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how the Dylos performs in relation to those instruments is vital for the 

application in future studies, including the development of new, integrated 

sensor packages based on similar technology, as well as providing a test bed 

for data handling and analysis. 

When applying a personal monitoring approach, the ability to distinguish 

between different environments is the basis for analysing the data for certain 

environmental influences. Furthermore the national monitoring networks provide 

measurements from different environments to account for the influence of 

sources and environmental conditions on the pollutant concentration. Merging 

those two ideas in an approach where personalised PNC are converted to 

particle mass concentrations based on where the person has spent time is 

therefore a logical consequence. The Dylos PNCs converted into particle mass 

concentrations are indicative by design, but provide data at a higher spatio-

temporal resolution than is available from national AURN data.  

The evaluation of the Dylos and the subsequent development of functions to 

transform PNC into PM2.5 mass concentration are reassuring the capability of 

measuring ambient PM. Results are showing good agreement between the two 

units of measurement. However, it should be kept in mind that using the Dylos 

or any other non-reference air pollution monitor is not aiming to establish 

equivalence with reference methods for measuring PM, but should be seen as a 

portable tool to generate indicative concentration measurements.  

The approach presented here adds to the ongoing scientific discussion - 

information content versus instrument precision - which has intensified since 

low cost portable pollution sensors have become increasingly available. The 

results look promising and certainly raise the value of the Dylos low-cost particle 



4 Evaluation of the Dylos DC 1700  121 

counter for personal monitoring in a mixed indoor and outdoor setting. We thus 

have confidence for our purposes (chapter 5 & chapter 6) that the Dylos particle 

counter will perform within acceptable bounds for our study. 
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5 Assessment of a methodology for personal monitoring in a 

variety of microenvironments 

This chapter assesses the feasibility of the study approach taken and 

monitoring system applied. The performance and synergy of individual tools 

during the pilot study is evaluated as is the development and application of data 

processing methods. The discussion includes future potentials and applications 

of methodology and study design.  

 

5.1 Introduction 

With the overall aim of the thesis being to improve knowledge about exposure 

to particulate matter in people’s everyday lives a method needed to be 

determined, which was feasible in a real-life study setting. This requires a 

portable, non-intrusive monitoring solution that is sufficiently sensitive for 

measuring ambient air pollution, which is at the same time robust enough to be 

carried around. When working with lay people easy operation is required. If the 

method is assessed regarding its suitability for citizen science applications, the 

cost factor needs to be relatively low to ensure that a suitable number of 

monitors and other equipment can be developed or purchased. The whole 

approach of personal monitoring also involves dealing with volunteers or citizen 

scientists, explaining the equipment and collecting information in the form of 

TADs and questionnaires. The turnaround time between collecting, processing 

and examining the data with the volunteers needs to be kept to a minimum to 

ensure maximum recall of activities. The alignment of personal data collected 

from the volunteers and objective, measured data in a meaningful way and its 
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interpretation is challenging and requires the development of routines to reduce 

bias and allow for quality control.  

In this chapter the methodology and study design developed and applied in a 

pilot study to assess personal exposure to particulate matter in Scotland are 

evaluated based on the hypotheses listed in section 1.2, specifically discussing:  

b) Method and study design applied are feasible for monitoring personal 

exposure to particulate matter in everyday microenvironments. 

Feasibility in this context relates not only to the performance of the technology 

and the data analysis approach, but covers the whole process from recruiting 

the volunteers to interpreting the data and providing feedback.  

5.2 Methods 

5.2.1 Personal monitoring solution 

For this small scale pilot study, a non-scripted, multi ME study design was 

selected where people were instructed to pursue their usual activities and 

habits, as elaborated in section 2.6.1.3.  

The personal monitoring task in this study required a portable or wearable 

monitoring solution which not only measures pollutant concentration but at the 

same time records geolocation data.  

For monitoring particle number counts (PNC), we used the Dylos as described 

and evaluated in more detail in section 3.2.1 and chapter 4. With the key 

features of the monitor being its low weight, reasonably small size and the ease 

of handling it, it is well suited for use in personal exposure measurements. It 
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provides PNCs >0.5 µm and >2.5µm aerodynamic diameter which need to be 

converted to PM2.5 particle mass concentration in order to be directly 

comparable to reference air pollution monitoring data and limit or target values 

set by air quality legislation.  

The geolocation data was recorded with a GPS receiver, the GPS Trackstick 

(section 3.2.2), which was chosen for this study because of the small form 

factor and the ease of use. Unfortunately it was not possible to integrate 

concentration and geolocation measurements in one device to get a mutual 

timestamp, as currently no commercial devices exist that fulfil all requirements 

as laid out in 2.6.1.3. Thus the datasets had to be combined after the data 

collection. Together with the GPS, the Dylos was attached to a small backpack. 

Four of these monitoring packs were built to allow for parallel data collection 

and flexibility enabling the volunteers to decide when it suited them best to take 

a monitoring pack.  

To carry out the measurements with the monitoring packs, 17 volunteers from 

the Centre for Ecology & Hydrology (CEH), where this PhD project has been 

carried out, were recruited. Data was collected in two phases between 

September - December 2012 (Phase 1) and May 2013 (Phase 2) to cover two 

seasons and identify potential differences in time-activity patterns and 

concentrations.  

A TAD and a questionnaire were prepared as online web forms. For the TAD 

people were encouraged to take their own notes in a prepared 24 hour matrix or 

use their own notebooks during the monitoring and later transcribe this 

information to the web form. It was recommended that volunteers look at the 

TAD beforehand to familiarise themselves with.  
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In mandatory follow-up meetings volunteers were shown the data they 

recorded. Volunteer and researcher discussed the data and open questions 

from both sides in these meetings. The volunteer was asked to provide 

feedback concerning the monitoring period, the monitoring pack, the individual 

devices, issues and other observations regarding the project.  

Monitoring pack, TAD and questionnaire were all tested before the actual data 

collection by additional volunteers and the researcher. Valuable feedback 

especially regarding the TAD and questionnaire was received and incorporated 

before the actual data collection phases started. Despite this amendments were 

made to the web forms during the pilots study.  

5.2.2 Data processing 

Data was downloaded and processed as describe in section 3.3.1 to create a 

data file with GPS and PNC data and TAD information. This personal exposure 

profile dataset with concentration, location, time and TAD information was 

analysed and the activity spaces the volunteers had visited during the 

monitoring period extracted. Based on the GPS data and the Scottish 

Government Urban Rural Classification as well as TAD information each data 

point was allocated a class to allow for distinguishing between the characteristic 

background pollutant concentrations (section 3.3.3). 

Six distinct MEs were identified to analyse time-activity patterns, lifestyle and 

exposure differences (section 3.3.2). This is an important step in the analysis 

process as people are constantly on the move and hence exposed in many 

different environments and activity spaces with different pollution levels. Places 

or in this case MEs, have a dynamic influence on health because certain places 
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are more or less relevant to human wellbeing which is again determined by the 

length of time and how regular time is spent in those particular places (Rainham 

et al., 2008). 

Transport modes used by volunteers during their monitoring period were 

assigned alongside with other contextual information (section 3.3.1). Functions 

to derive particle mass concentration from the measured PNC in outdoor urban 

and rural environments were developed and applied. A function to derive PM2.5 

mass concentration for indoor environments was developed by Semple et al. 

(2013) and was applied to the data collected in indoor MEs in this study.  

5.3 Evaluation of the feasibility of methodology and tools applied 

5.3.1 Approach 

5.3.1.1 Study design and interaction with volunteers 

Study participants were typically asked to take the monitoring equipment for a 

minimum of two days, the maximum profile length was six days. Unlike as 

discussed by Lawless et al. (2012) there was no set sampling protocol to assure 

wearing compliance to guarantee relatively comparable circumstances for each 

profile collected. Instructions on how and when to carry the backpack were 

deliberately kept flexible to allow people to make their own decisions about 

whether it was feasible to take the monitor with them or not, as this is part of the 

second aim as listed in section 1.2:  

a) Assessment of a methodology for personal monitoring in everyday 

microenvironments. 
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Given the exposed design of the monitoring pack (section 3.2.3) volunteers 

were instructed to cover the Dylos to protect it from rain. It was down to the 

volunteer to decide when the monitor had to be covered or not. At any time 

when the monitor was still sampling while in a backpack or covered by a 

pannier, the data recorded was deemed invalid and had to be excluded, as no 

uninhibited air flow could be assumed. Because of this, some of the profiles 

collected have gaps of a few minutes (e.g. P1-12, P2-04, P2-06), while others 

contain mainly indoor measurements (e.g. P1-03, P1-18). 

In indoor environments people were instructed to leave the monitor static in one 

place, plugged in to mains power as the device only has a battery life of roughly 

six hours and needs to be fully charged to ensure battery lifetime long enough 

for commutes and non-stationary activities. When the monitor was moved within 

the home ME, for instance from the kitchen to the living room this had to be 

recorded in the TADs. Some participants, however, decided to carry the monitor 

with them in these environments all the time e.g. P2-05 (section 6.3.4.4). This 

was noted in the accompanying TADs, as well as discussed in the follow-up 

meeting. Instructions to leave the monitor stationary are not ideal with regard to 

monitoring in or near the breathing zone. The data in this study were however, 

aggregated into specific MEs which represent a space with homogenous 

pollutant concentration. Studies looking at the spatial variability of particles in 

homes also found that inter-room transport minimises the variability of particle 

levels between rooms quickly after a source event happened (Jones et al., 

2007, Wallace et al., 2008) which was also seen in some of the profiles in this 

study e.g. P2-05 (section 6.3.4.4). It is therefore assumed for this pilot study 

that exposure is the same within an indoor ME, be it the same room or the 

same building. The author cautions against assuming that these results 
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accurately reflect the exposure an individual experienced when being 

permanently in the vicinity of the source or in a different room behind closed 

doors as seen in one of the profiles discussed in chapter 5 (P2-02, section 

6.3.4.6). Information about where the monitor was placed in the respective 

indoor ME was collected to potentially allow for source identification within 

indoor MEs.  

Generally, the instructions given to volunteers seemed to work well, but 

occasionally additional questions regarding the handling of the devices occurred 

after first steps with the equipment. Since researcher and volunteers were all, 

apart from one person, based at CEH this was straightforward to deal with in a 

brief meeting.  

Common errors during the pilot study were related to the battery life of the 

Dylos i.e. it was forgotten to charge the device overnight/when somewhere 

stationary for a longer period of time (e.g. P1-01, P1-07 and P2-05). As a result, 

some profiles have data gaps, for instance during transport as people realise 

they forgot to charge the Dylos when they depart from home.  

Occasionally participants forgot to switch the GPS receiver on or back on after a 

longer period had been spent indoors. The integration of GPS and air quality 

monitor to create a common timestamp in combination with a strong power 

supply could substantially reduce the occurrence of these errors.  

It was left to the volunteers to decide when it was feasible or suitable to take the 

monitor with them. Main reasons for leaving the monitor behind are related to 

the exposed design of the monitoring pack during activities involving water 

splash (surfing P1-06), precipitation (P1-03, P1-18) or the noise of the fan (P1-

17, P1-14). Although this has not been explicitly noted or expressed in TAD and 
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follow-up meetings in this study, other studies (Lawless et al., 2012) have 

identified the possibility of embarrassment causing the volunteers to leave the 

monitor behind. Some profiles have gaps when the person went to the gym or a 

party and left the monitor at home. This may not only be related to practicality 

issues, but also to embarrassment. Volunteers reported back that they have 

been stared at when wearing the monitor in public places which may impact on 

the person’s comfort and alter their behaviour. As stated in section 2.6.1.2 

taking part in a personal monitoring study will always involve a certain degree of 

intrusiveness and a certain burden for the volunteer is unavoidable.  

Interaction with the volunteers was relatively straightforward since they were all, 

apart from one person, staff or students from the same research institution as 

the researcher. Handing over and returning the equipment was easy as people 

could be directly approached without having to arrange specific meeting points. 

Meeting face to face was therefore the preferred way of communication and 

meetings could be arranged at short notice before, during and after the 

monitoring period. The proximity of volunteers and researcher also allowed a 

certain flexibility should a volunteer have to shift their monitoring period at short 

notice. This is of course a special feature of this pilot study and other studies 

where the researchers and volunteers are from the same institution (e.g. 

Delgado-Saborit, 2012) or in single participant studies (e.g. Greaves et al., 

2008). This has to be incorporated and taken into account, however, when 

planning a bigger study where researchers and participants are not based in the 

same location and do not know each other, as it is likely to be logistically more 

challenging and more time-consuming. 
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For future studies the aim should be to set up a second follow-up meeting once 

the data has been analysed, to provide and inform the volunteer with their 

individual exposure profile and potential consequences with respect to adverse 

health impacts and well-being, as done by Semple et al. (2013) for instance. 

Informing the public and rewarding the volunteers for their participation is an 

important part of exposure studies, which rely on people interested in the topic 

and who are willing to participate as volunteer and study subject.  

5.3.1.2 Time-activity diaries, follow-up meetings and questionnaires 

The TADs are an important source of information. Times and locations as well 

as specific activities could be allocated to measured PNCs and matched to GPS 

logs. Volunteers took notes at varying degrees of detail on the timing of 

activities which were discussed in the mandatory follow-up meetings. These 

meetings proved to be a very important source of additional information. For 

example, one person had a distinctive peak in their profile which could not be 

immediately explained in the TADs. During the follow-up meeting the person 

remembered that they had visited the train station to collect tickets during the 

respective week but could remember neither the exact date nor time. The 

receipt from the ticket machine, however, clearly identified date and time of this 

activity (P1-17 section 6.3.4.3). “Landmarks” such as doctor’s appointments or 

theatre visits helped the volunteers remember their activities, and receipts from 

shops or other occasions also helped to determine the exact times of activities 

and places visited. Generally any kind of time stamped data can provide useful 

context for pinning down time-activities and location which then can be matched 

with the measured air quality data.  
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Feedback on the TAD from volunteers during the first pilot phase was used to 

improve its design and to rephrase questions in order increase clarity for the 

web form applied in Phase 2 (Table A 2). In Phase 1 the “other (please 

describe)” option was often used to add additional information about the 

volunteers whereabouts in free text. Therefore a space for “notes” was added in 

the TADs to enable them to add additional information, which was received 

positively by the volunteers. Based on the feedback, the question about the 

amount of time spent doing a certain activity has also been edited to “from 

when…until when” the respective activity lasted which improved the allocation 

of activities to concentration data substantially.  

The time resolution used in the TAD was 15 minutes, however volunteers often 

kept more detailed temporal information in their own notes and transcribed this 

information to the web form later as free text. Here issues occurred with the 15 

minute time step introduced for the online TADs: it had been viewed as being 

not sufficiently detailed as the duration of activities often lies in-between. This 

caused mismatches when transcribing handwritten notes into the web form. 

Additionally, providing information about start and end date/time of the 

monitoring period caused confusion. This section was therefore removed for 

Phase 2 and only the date of the monitoring day for which the TAD was filled in 

had to be provided. When talking through the data during follow-up meetings it 

became apparent that it is difficult to accurately track activities in shared 

accommodation, as observations are influenced by activities of dwellers other 

than the volunteer. This aspect is not easily captured in TADs and volunteers 

often found it challenging to adequately recall and report on all activities in the 

accommodation. 
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One person provided the TAD information only as plain text in an email, while 

another person provided only sparse information in paper format. In both cases 

more information was extracted during the follow-up meetings. It has also be 

noted that the TADs for the “end” days of the monitoring period are often not 

provided as people basically only get up and commute to work where the 

monitoring equipment is returned. This information was again provided in the 

follow up meeting.  

In Phase 2 there were some issues with the web form regarding the monitoring 

date which was sometimes shifted by one day. Extra care had to be taken when 

processing this information to match it with GPS and pollution data. 

The researcher’s impression was that volunteers preferred to write their own 

notes in free text and use the free text options in the web form to add this 

information. This allowed the volunteer to write down exact times, activities and 

other information regardless of any categories provided. The web form was then 

used to match the data with the GPS and PNC data before the follow-up 

meeting. Here often inconsistencies with the 15 minute time step and the 

temporarily more detailed notes in the free text “notes” box were noted. 

Therefore the follow-up meetings were crucial to revise and clarify time-activity 

information. Naturally, these follow-up sessions needed to occur as soon as 

possible after the measurement period to aid maximum memory recall. Some 

volunteers had to be reminded and urged to take part in these follow-up 

meetings. However, in this study where researcher and volunteers were based 

in the same building the meetings could be arranged easily without much 

organisational effort. Generally though arranging such meetings with every 

individual volunteer is time-consuming, especially because the actual meeting 

itself did not last very long (in the order of 15 minutes). For a larger scale project 
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the aspect of collecting time-activity and contextual information will have to be 

reconsidered to improve the ease of use for the volunteer and the information 

content for the researchers. Electronically aided TAD or voice recorders as 

applied in other studies (e.g. Kaur et al., 2005) should be considered.  

 

The questionnaires used in Phase 1 were substantially revised based on 

feedback from volunteers, edits in the TADs and experience. So were 

information about the transport mode and questions about the use of the 

monitoring equipment removed as this is already covered in the TADs on a day-

to-day basis. The questionnaires applied in Phase 2 were therefore shorter and 

less time-consuming to fill in which contributed to reducing the burden of the 

volunteers. All necessary information was still in the edited web form which was 

important as people who took part in Phase 1 did not have to fill in another one, 

unless they have moved house in between the fieldwork phases, which was the 

case for one person. Data from the questionnaires was required for 

characteristics of the study population but also to gain information about 

contextual factors which could potentially influence PNC and exposure 

pathways such as housing and neighbourhood characteristics.  

Some people did not fill in all categories of the question “Home-location 

characteristics - Is your home within range of one of the following features? 

Please choose the approximate category” (Table A 1). Where data was missing 

the author assessed the distance based on geographic data and answers from 

volunteers living in the same area.  
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5.3.2 Monitoring devices 

5.3.2.1 Particle counter 

Considering the Dylos is designed for indoor use, it was taken out of its comfort 

zone by applying it in a mixed indoor/outdoor setting. Handling and operation of 

the Dylos is relatively straightforward with no calibration or programming 

required, which makes it an attractive choice for personal exposure research 

where lay people are handling the devices (Semple et al., 2012). So does the 

simple and lightweight design with one button to switch it on/off. Both the low 

noise fan and the easy operation are in line with the requirement of being able 

to apply the monitor across the full diversity of MEs visited which we put forward 

in the conceptual model discussed in Steinle et al. (2013) and section 2.6.1.3. 

The comparatively low unit cost is also a key advantage of using the Dylos for 

personal exposure and citizen science studies where a sufficient number of 

sensors are required for simultaneous data collection. Extracting data from the 

Dylos is straightforward with an USB-to-serial adapter and the provided 

software. Finally, the temporal resolution of 1 log per minute allows for detailed 

assessment of the variability of ambient PNCs and subsequently particle mass 

concentration in time, and - in combination with GPS and TAD data - in space.  

Being based on a light-scattering device, the Dylos measures particle number 

counts. The lower detection limit of the Dylos is described by the manufacturer 

as being at 0.5 µm particle diameter. With this cut-off the analysis misses out on 

UFP which are potentially more harmful to human health (section 2.4) and have 

a large variety of sources in both indoor and outdoor environments. 

Nevertheless the Dylos’ performance against reference instruments was 

evaluated (chapter 4) based on the application of functions to transform PNC 
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into PM2.5 µg/m3. This transformation is required to get the data in a unit 

generally used by other instruments applied in personal exposure research 

(2.5.4.5 and 2.5.5.2), reference instruments and air quality guidelines.  

The limitations of using the Dylos are partly due to the fact that it is originally 

designed for indoor use and therefore not waterproof, which restricts its use 

during rain and for any activity involving potential water splash. Volunteers 

protected the monitoring pack in backpacks or panniers during rain and data 

recorded during this period had to be excluded. There were a few other 

situations where it was not possible or not comfortable for the volunteer to carry 

the monitoring pack. This includes vigorous activities like running where the 

pack has been left at home or in the car. Although being a low noise instrument 

compared to the e.g. the TSI SidePak AM510, it has been considered too noisy 

for certain MEs and activities, in particular in the bedroom. Generally the 

monitor was placed in living or dining rooms, kitchens or studies; only one 

person took it to the bedroom during the night (P2-04). Secondly the device was 

considered as being too noisy for events such as concerts or theatre visits. 

These are, however, restrictions which lie in the nature of the activity and apply 

for most instruments using an active airflow.  

The built-in battery life of the Dylos lasts for approximately six hours which 

results in data gaps when people are on the move a lot, without the opportunity 

to plug and recharge the monitor in between. For longer monitoring periods it 

also needs to be considered that the Dylos can only store 10,000 log entries in 

its built-in memory, which corresponds to ~6.9 days, subsequently overwriting 

the oldest logs. First tests with a polymer battery pack (Intocircuit Power Castle 

Powerbank 26,000 mAh) which outputs 12 V at 1 A, as well as 5V via USB 
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extends the Dylos’ lifetime away from mains power to about 27 hours but adds 

670g weight to the pack and additional costs of ~£80. 

While the Dylos is small and lightweight enough to be used as a personal 

monitor it would be preferable if the size could be further reduced and the form 

factor improved. Integration with the GPS receiver would also be more than 

beneficial to any personal monitoring approach.  

5.3.2.2 GPS 

The GPS Trackstick applied in this study is small, lightweight and easy to carry 

and provides high resolution spatiotemporal data. The minimalistic one button 

design on the one hand makes handling it relatively easy but on the other hand 

causes handling errors. Generally the GPS covered the outdoor movements 

very well, logging a point approximately every 10 seconds depending on signal 

quality. In-built up environments, especially in streets with high buildings which 

block the sky, the GPS receiver was struggled with getting enough signal 

coverage. As GPS receivers generally struggle with signal strength in indoor 

environments, and to preserve battery life, volunteers were instructed to switch 

the GPS off when they reached their destination and spent longer time periods 

indoors. Location information for these periods was based on the TADs and in 

particular on discussions during the follow-up meetings. This worked reasonably 

well, however occasionally volunteers forgot to switch the GPS back on. The 

GPS receiver also takes a few minutes to a find signal again once losing it due 

to obstruction or when switched off. Hence the first few minutes of the tracks 

after leaving an indoor or built-up environment are often not covered, although 

they can be traced with TAD information. Note that as described in section 3.3.4 

the GPS logs in the vicinity of Home and Private residential buildings have been 
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set to “NA” in this thesis for confidentiality reasons and to keep at the same 

time, the data point which includes the concentration and contextual information 

in the dataset. Therefore the beginning and/or end of many tracks are not 

displayed in this thesis.  

The manufacturer reports a battery lifetime of between three days and eight 

weeks depending on battery type, signal strength and power mode. However, 

we occasionally experienced issues with unexpectedly short battery lifetimes, 

which may be related to signal acquisition issues indoors. This is partly due to 

the minimalistic design of the GPS which does not provide a read-out. Battery 

and signal status are both indicated by a small LED which is not clearly visible 

and led to occasional handing errors as the status of the GPS was unclear. The 

LED flashes green when the device has signal and red when it does not have 

signal. This seemed to confuse volunteers occasionally as they thought a red 

flashing LED meant the batteries were low on power (this actually is indicated 

by solid red – Super Trackstick or alternating red/green Trackstick II). A clearer 

indication of the battery status and remaining lifetime would be beneficial. 

Occasionally there was also confusion about the status of the device due to it 

being labelled as 1 (on) and 0 (off) next to the power switch. This resulted in 

missing data. The advantage of not having a display is the same as with the 

Dylos (section 3.2.1): volunteers do not worry about “wrong” data displayed and 

the likelihood of them adjusting their behaviour is reduced.  

5.3.2.3 Monitoring pack 

The design of the monitoring pack allows the instruments plus additional 

equipment such as the mains adapters, batteries, charger, notebook and other 

belongings to be carried all in one backpack. Using a backpack also provides 
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flexibility in the way the monitoring pack is carried e.g. on the back, front or over 

the shoulder or strapped onto a bigger backpack depending on the person’s 

preference, comfort and specific activity. This setup has proven to be feasible 

for most MEs and activities as it had been postulated in the conceptual model 

(Steinle et al., 2013) and section 2.6.1.3. 

Limitations arise due to the non-waterproof design of the pack or the 

inconvenience of carrying the monitoring pack for the volunteers. One person 

for instance mentioned that it was too much to carry and handle when picking 

up their child from nursery and therefore the monitor was left in the car.  

With respect to the location of the monitoring pack we are aware that 

measurements were not taken from within the breathing zone (within 30 cm of 

nose and mouth as postulated by Nieuwenhuijsen (2000)). It was left to the 

volunteers to decide how to wear the monitoring pack to reduce the burden of a 

prescribed setup. Usually the monitoring pack was carried lower down the torso, 

mainly on the back, occasionally over the shoulder or in front of the body. When 

stationary it can be placed anywhere and thus the measurements are not taken 

from a standard height. This simplification is not likely to substantially affect 

measurements however, as Cattaneo et al. (2010) found that concentrations of 

fine and ultrafine particles measured in the breathing zone as well as near the 

subject do not show significant differences. With this in mind, and the fact that 

this research is interested in the variability of concentrations between MEs and 

not the actual dose received, the back-carried solution and the added comfort 

and ease of use are of more relevance for testing the feasibility for personal 

monitoring and citizen science applications, than the potential for insignificant 

differences by not positioning the device in the breathing zone. Future 
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developments of smaller, integrated devices aim to allow for easier ways to 

measure within the breathing zone.  

5.3.3 Data collection, processing and interpretation 

5.3.3.1 Phase 1 – September – December 2012 

Twelve volunteers collected 19 personal exposure profiles of different length 

over the months September to December 2012, with the bulk of data being 

collected in November. Five individuals took the monitoring equipment with 

them twice, one person three times. The completeness of the profiles with 

regard to the monitor recording for the full time period and the GPS recording at 

all times when outdoors, varies based on technical issues and human errors, as 

well as on the activities undertaken, MEs visited and weather conditions. Out of 

62 days in which people conducted monitoring only seven have full 24 hour 

coverage, due to issues with battery life and charging, the feasibility of carrying 

the monitor for certain activities as well as the fact that start and end days do 

not provide full 24 hour coverage. Altogether, 15 out of 19 profiles are 

comprised of more than 24 hours of data. 

It was not specified which activities or locations should be monitored and people 

could volunteer for taking the monitor when and for how long it suited them 

best, regardless of their plans. Therefore profiles from Phase 1 included 

between two and six days of monitoring. This phase included six weekend 

profiles and one holiday profile (days of arrival/departure as well as one day 

during the holiday have been monitored). All volunteers in this phase were 

working at the same place, CEH, although not all profiles include the work ME.  

 
 



140 Assessment of a methodology for personal monitoring 5 
 
Data from Phase 1 were the basis for developing, testing and improving data 

processing steps as well as defining MEs and transport modes which were then 

applied to Phase 2 data as well.  

5.3.3.2 Phase 2 – May 2013 

For Phase 2 twelve volunteers were recruited, of which seven had already been 

involved in Phase 1. Data was collected in May 2013 and is comprised of 16 

profiles of different length. Two volunteers completed two monitoring periods, 

one person three. Out of 50 days that people had a monitor with them, six have 

the full 24 hour coverage. The number of profiles comprising more than 24 

hours of data is 15 out of 16 which was an improvement specifically aimed for.  

For this phase it was more difficult to recruit volunteers due to the time of year 

as many people were away (holiday, fieldwork season) and also the novelty of 

being part of this project may have worn off. People also might have felt 

uncomfortable wearing the monitoring pack or it was inconvenient for them 

carrying it in Phase 1 and therefore decided not to take part in Phase 2. It was 

specifically aimed to cover 24 hours without gaps in Phase 2, thus only four 

profiles include weekends and no holiday profiles were recorded. The profiles 

are hence generally shorter, often just about the requested 24 hours. The 

longest a person had the monitoring pack with them was six days although this 

profile has many data gaps due to the weather conditions and activities 

conducted.  

Detailed analysis and discussion of the data derived in the two phases follows 

in chapter 6.  
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5.3.3.3 Data Processing 

The first step, matching the PNC as measured by the Dylos with the GPS data 

was done with a FME workbench developed for this purpose. This step has 

been automated as far as possible to both ensure consistent data quality and 

reduce the time required for recurrent processing tasks. Issues arise with the 

different time and date formats provided by the two devices, and also the way 

the device management software handles date and time formats. Because of 

this the date and time always have to be checked and, in most cases, converted 

before the actual merging process takes place. All data has been analysed with 

a FME workbench incorporating all the steps. Meanwhile a better routine 

dealing with date and time has been developed and applied to later analysis 

steps.  

Matching real locations, times and activities noted by volunteers with the 

objective data recorded by the GPS receiver was challenging. Issues of time 

shifts between GPS log, TAD and more detailed notes have been described in 

section 5.3.1.2. The matching of MEs and timestamp and, in a further step, the 

transport mode is based on the evaluation of the author and this matching had 

to be conducted manually, introducing a potential for handling error or bias. This 

contextual interpretation of the data is crucial but at the same time difficult, 

subjective and to a certain extent crude. Categorising some locations into 

specific MEs is not immediately obvious (section 5.3.3.4). Often the time-activity 

information is not detailed enough or does not exactly match the GPS data to 

identify clearly when the change between two MEs happened. This resulted in 

periods of uncertainty or ambiguity, where decisions had to be made on 

assignments to one or the other ME. In the following this will be referred to as 

“grey areas”.  
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Based on the lessons learned from Phase 1 and the development of analysis 

methods, more detailed and targeted specific questions were introduced into 

the TADs as well as in the follow-up meetings, to reduce bias and ambiguity 

and to increase the information content gained with data collection at the same 

time. In the long run, small USB cameras, smart phones for ad hoc TAD entries, 

voice recorders and other techniques improving the GPS signal (in particular 

indoors) and the detail of time-activity information respectively could help 

overcome some of these issues (Steinle et al., 2013). It is also worth mentioning 

that research is going into the automation of such data matching e.g. Mavoa et 

al. (2011) who looked at matching GPS data and travel-diaries automatically 

with sequence alignment algorithms.  

Data where the monitor has been left in cars, at home or was covered in bags 

to protect it from rain has been marked under “comments” and has been 

excluded from further analysis 

5.3.3.4 Microenvironments, transport mode and class 

The choice of MEs has been based on the data collected in Phase 1 of this 

study as well as on MEs commonly used in research (section 2.5.1). The 

process of identifying suitable MEs to aggregate all activity spaces had to be 

done manually and was entirely based on the author’s interpretation. All 

locations recorded by volunteers in Phase 1 were listed and assigned to a 

suitable group. While the indoor MEs were relatively easy to interpret with a 

clear cut-off of which location fits into which ME, the Outdoor other and 

Transport ME required more discussion. It is clear that the ME approach 

introduces a certain amount of generalisation. The great advantage of the 
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detailed TAD information derived is that the dataset still allows individual 

activities and locations to be distinguished.  

Outdoor other also includes transport, namely when a person has been walking 

or cycling for leisure, in comparison to walking or cycling to get from place A to 

place B. This does of course not apply when the person is using a motorised 

transport mode, like the train, for leisure activities. Therefore it occurs that the 

same trip - the person cycles somewhere for leisure (Outdoor other) and takes 

the train to return (Transport) covers two different MEs. As a result of this 

categorisation the amount of cycling and walking in the dataset is actually 

higher than the data reflects, due to this ME allocation (Table 6-8 ). Outdoor 

other also includes a mix of indoor and outdoor environments in a few cases 

where people have been strolling around the city centre, and visiting variety of 

shops but did not take detailed notes of when they have been inside the 

building and the GPS data was insufficient to determine their location. 

The MEs Home and Private residential building are generally the same type as 

a private residential building is nothing else than someone else’s home. 

However, it was considered important to distinguish between those two activity 

spaces which are naturally at different locations. The activities in Private 

residential buildings are also slightly different from the Home environment. For 

example when people have been invited for dinners or parties with a group of 

people present larger than would be the case at Home which can influence a 

person’s exposure. 

Within the Transport ME each data point has been assigned the respective 

transport mode (Bus, Bicycle, Car, Ferry, Train and Walk). Difficulties arise here 

when a switch between transport modes has happened e.g. a person Walks to 
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the bus stop, takes the Bus, gets off the bus and Walks to their destination (e.g. 

P1-03 section 6.3.4.2 and P2-16 section 6.3.4.5). As mentioned earlier, time 

shifts between GPS, TAD and detailed notes taken by the volunteers made it 

difficult to exactly assign the switch between transport modes. When there was 

conflicting or inconclusive data on the exact time of the switch an assessment 

based on the researchers knowledge of the area was made.  

The assignment of data points to the respective classes relies firstly on the 

assignment of MEs. All indoor MEs fall into the Indoor class. To distinguish 

between Outdoor rural and Outdoor urban the Scottish Government Urban 

Rural Classification map has been used together with the available GPS data 

(section 3.3.3). The matching between GPS and URC map is made using a 

FME workbench and works well as long as the data is within the borders of 

Scotland. One profile included a train journey to England. In this case a crude 

assessment based on the knowledge of the area and the GPS points displayed 

together with Ordnance Survey (OS) maps in ArcGIS was conducted. When no 

GPS data was available an assessment based on TAD was made.  

The idea behind the three classes is based on the differences in background 

concentrations in those three environments. Despite air exchange, indoor 

spaces are distinctively different from outdoor spaces and hence exposure in 

indoor MEs is different as well, as concentrations present a combination of 

influx of outdoor air and indoor sources (including the personal cloud).  

5.3.3.5 Transformation of PNC into particle mass concentration 

The Dylos measures PNC in the two size bins “small” (>0.5 µm) and “large” 

(>2.5 µm). This labelling is not intuitive as the “small” size class includes “large”. 



5 Assessment of a methodology for personal monitoring  145 

To directly compare with other measurements, the units have to be transformed 

into PM2.5 particle mass concentration. This makes the interpretation of the data 

much easier as it is the unit commonly used for air quality legislation. Reference 

instruments also operate and deliver results in particle mass, as exposure effect 

relationships and air quality limit values are expressed in µg/m3. The functions 

applied to the measured data are shown and discussed in chapter 4.  

The actual transformation of the PNC into µg/m3 is based on the classes to 

which the individual data points have been assigned to (section 3.3.3). Firstly 

the PM2.5 fraction of the PNC is calculated by subtracting “large” PNC from the 

“small” PNC to derive a count of all particles > 0.5 and < 2.5 µm in aerodynamic 

diameter. Then the functions are applied. The whole process is done within one 

FME workbench. Deriving PM2.5 µg/m3 based on the class i.e. taking into 

account the coarse activity spaces, adds another layer of detail to the personal 

exposure assessment process.  

5.4 Discussion & Conclusion 

A methodology to collect high resolution (both temporally and spatially) data on 

human exposure to fine particulate matter was developed and tested. The 

purpose of the pilot study was to test the feasibility of the individual 

components, and the applicability of devices and other tools when handled by 

volunteers, the process for the collection of contextual data, interaction with the 

volunteers, data processing and analysis steps.  

With respect to the hypothesis “Method and study design applied are feasible 

for monitoring personal exposure to particulate matter in everyday 

microenvironments” the monitoring equipment applied has proven to be feasible 
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for the purpose of this pilot study - exposure monitoring across the full variety of 

MEs in people’s daily lives. The monitoring pack could be taken to almost all 

MEs visited daily and is suitable for most activities. The main restrictions are 

related to wet weather conditions and the coverage of activities where the 

monitoring pack is considered as being too noisy or not wearable, but also to 

the overall burden of wearing the monitoring pack during daily routines. These 

criteria – size and weight, ruggedness, non-intrusive design - will apply to a 

large number of currently available, active air pollution monitors. Despite the 

limitations outlined above, the ease of use and low-cost of the monitoring pack 

make it specifically attractive for studies where many monitors are required and 

where lay people are handling it, for instance in citizen science applications.  

Considering this, the field tests conducted with the Dylos in outdoor 

environments (chapter 4) reinforce its adequate performance in reproducing 

both the level and variability of ambient particle numbers. Being also portable 

and wearable it is a viable solution for collecting indicative particulate matter 

concentrations to assess the spatial and temporal variability of personal 

exposure in comparison to static approaches based on fixed monitoring site 

data. The same accounts for not wearing the monitor within the breathing zone. 

Altogether personal monitoring studies are based on a trade-off between 

instrument precision, wearing compliance and information content, and it is 

down to the study aim and purpose where the focus is set. Further research 

needs to focus on improvements regarding devices and study design, with the 

aim of allowing for a seamless coverage of all MEs and activities, while 

reducing the burden to study participants. 

Further research is also needed to improve the data processing. This is partly 

related to further advancements in hardware and technology (e.g. provide 
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harmonised time stamps or delivering data via wireless communications or the 

internet) but also to tools and study design to collect time-activity information 

and interpret the collected data respectively. Extraction and processing 

methods with a substantial manual component are feasible for this small scale 

pilot study only. In larger scale applications, the amount of data collected will 

increase substantially and this requires a thoroughly tested and suitable method 

of processing and analysing the data, including quality control and visualisation. 

Automated routines for as much of the data processing as possible are required 

to take this approach further. FME software workbenches provide a powerful 

tool for data analysis and have already proven to be feasible for individual steps 

in the data processing. The software enables the design of self-documenting, 

graphical data flows and process diagrams, quality assessment and control, 

and flexibility of output generation combined with a transparent audit trail and 

reproducible, reusable data infrastructures. While this will be relatively 

straightforward to implement for some parts of the data processing and analysis 

chain, it is unlikely that automatic processing will be viable for steps such as the 

actual definition of MEs and the assignment of individual data point to the MEs.  

These steps very much depend on further improvements in collecting time-

activity data, as well as requiring expert judgement by the researchers, which 

are not easy to implement in automated routines. As a first step the integration 

of air quality monitor and GPS receiver will ease the data handling procedure 

and aid accuracy of the data set, while at the same time reducing the burden to 

study participants. First and foremost a clearer structure i.e. structured TADs 

with preset text options, if the study aim is to improve data processing is 

required to improve the design and application of TADs. This however comes at 

a cost of potentially receiving less detailed information, as free text entries are 
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usually more informative. Such a trade-off between information detail 

(information as free text) and easier to process datasets (structured TADs with 

preset answer options) needs to be evaluated depending on the study aims and 

the overall setup of the study, including the tools used (e.g. if cameras are used, 

TADs need less detail on environmental context).  

The further development of devices for GPS tracking will be the basis for 

improving and potentially farther automating the data analysis and contextual 

interpretation of time-activity patterns. This is however inherently difficult and 

requires careful evaluation of the data available. In terms of automating the 

whole process of matching GPS with time-activity information, the application of 

more objective tools such as cameras or video would be preferable as it 

reduces bias or misclassification introduced by volunteers taking notes of their 

own activities and locations. This means, on the other hand, that additional 

contextual information usually provided by the volunteer in a classic TAD will be 

lost. As highlighted by Rainham et al. (2010), the researcher needs to be 

mindful of issues related to data confidentiality as well as potential bias 

introduced by non-compliance of the participant.  

Using the approach introduced in this thesis as a basis for further development 

into a more widely applicable method, for instance in a citizen science context, 

could increase both the quality and quantity of data collected on personal 

exposure to air pollution and thus improve the characterisation of exposure 

patterns. This requires a working, well structured study design considering all 

facts from the recruitment of volunteers, over the data collection, extraction and 

processing. It would further benefit the development and validation of exposure 

models, in particular supporting the development of up-scaling parameters to 

larger populations, and informing the design of representative personal 
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exposure studies. However, it should not be forgotten that it requires a lot of 

commitment and a certain burden for the volunteer to take part in such a study.  

Results from this pilot study show that it is difficult to attract a reasonable 

number of volunteers for a small scale pilot study with the methodology and 

study design at the current state, let alone a representative or citizen science 

study without offering more than just an interpretation of and feedback on 

personal data. Miniaturisation of the devices, integration with devices 

generically used already by a wider population (e.g. smart phones) and a 

development in the way time-activity information is collected could improve this. 

The way the study output is prepared for the volunteer and published, e.g. in the 

form of a quantitative air quality information, sheet, leaflets and other public 

information with more general results and advice for exposure reduction and 

health protection can also help to make personal monitoring more attractive .  

In summary, collecting personal exposure data can be relatively straightforward 

if individuals can be encouraged to take part in such a study, but processing 

and interpreting the individual components into a comprehensive exposure 

dataset is an ongoing challenge. The more data one collects, i.e. the higher the 

spatiotemporal resolution, the better the data processing and analysis 

infrastructure has to be. 
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6 Personal exposure in a variety of microenvironments – 

results from the pilot study 

In this chapter, the results from the pilot study and the study design are 

presented and discussed. This includes the monitoring pack as introduced in 

chapter 3 and is based on the evaluation in chapter 5.Time-activity patterns and 

neighbourhood characteristics of the study population are presented and PM2.5 

concentrations measured put into context. A number of individual exposure 

profiles are discussed in detail emphasising the variety of contextual influences 

affecting the ambient concentrations measured and the high level of detail that 

can be obtained with the methodology applied.  

 

6.1 Introduction 

“Profiles” in the context of this thesis refer to individual datasets, monitored at 

different times and for different lengths by individual study participants. Direct 

comparisons as often done in scripted studies, where profiles have common 

features, are therefore not possible. Time-activity patterns and concentrations 

are compared here between the two monitoring phases in winter 2012 and 

spring 2013. Individual profiles and exposure situations are discussed in detail. 

The results are evaluated in relation to the methodology applied and their 

inherent spatiotemporal component to test the hypothesis as listed in section 

1.2, specifically:  
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c) Depending on environment, personal time-activity patterns and other 

contextual factors, exposure to air pollution is notably different between 

individuals, which can be revealed by personal monitoring. 

Indicative particle mass concentrations have been derived from directly 

observed particle number counts (PNCs), based on the method and functions 

explained in chapter 4. From now on this is referred to as PM2.5 (µg/m3). 

6.2 Methods 

The methods applied to prepare and analyse the data have been introduced in 

chapter 3 and evaluated in chapter 5.  

Statistical analyses, data summaries and graphs have been generated with 

Microsoft Excel software (Microsoft Office, 2014). Summary statistics were 

calculated with the R psych package (R Project, 2013). Profile plots have been 

designed with the R ggplot2 package, while the R openair package (Carslaw 

and Ropkins, 2012) was applied to plot the time series of measured AURN data 

and modelled meteorological data.  

For preparing, transforming and integrating different spatial and non-spatial 

datasets the FME software has been used (Safe Software Inc., 2014).  

ArcGIS version 10.1 software has been applied for transforming and displaying 

spatial and temporal data and calculating the distance between two spatial 

reference points (ESRI, 2013).  

6.3 Results 

The number of data points deemed valid for analysis, as explained in section 

3.3.1, are shown in Table 6-1. These are the Dylos 1-minute data points that 
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have each been assigned to a specific ME, a transport mode and a class. Note 

that not every data point has a related GPS log, for instance indoor locations 

and outdoor locations where GPS reception issues prevented a GPS fix to be 

established. Summary statistics for Phase 1, Phase 2 and individual profiles can 

be found in the Appendix at the end of this thesis. 

 

Table 6-1 Overview of data recorded during the pilot study including basic 

descriptive statistics. Each data point relates to 1 minute as recorded with the 

Dylos. 

 P1 P2 

Number of profiles 19 16 

Number of Dylos data 
logs (minutes) 50,162 43,331 

Shortest profile 
(minutes) 450 (P1-01) 1,422 (P2-05) 

Longest profile 
(minutes) 5,079 (P1-14) 6,254 (P2-01) 

PM2.5 concentration 
range (max-min) 236.4 µg/m3 264.3 µg/m3 

mean 5.8 µg/m3 9.0 µg/m3 
 

 

6.3.1 Study population and time-activity patterns 

6.3.1.1 Study population 

The age of the volunteers in Phase 1 was between 27 and 61. Nine of the 

volunteers were female and three male. One person was a smoker (smoking 

outdoors only). One person suffered from asthma. All volunteers considered 

themselves as being healthy at the time of the study. 
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Four people lived in shared accommodation and seven people in family homes 

one person was a single occupant. Households had between one and five 

occupants with the average being two persons per household.  

In Phase 2 volunteers were between 25 and 61 years of age. Note that seven 

volunteers took part in Phase 1 already (these are marked in Table 6-2). Eight 

volunteers were female, four were male. No smoker was involved. One person 

suffers from asthma, doesn’t use a bronchodilator. All volunteers considered 

themselves as being healthy. Four people lived in shared accommodation, five 

were in family homes and three lived in single occupancy. There were between 

one and five persons per household, with the average being three.  

6.3.1.2 Perception of the environment 

Distance of the Home ME from certain features  

In the questionnaire (Table A 1) study participants were asked to provide 

information about how far away their home is located from certain features. It 

should be noted that definitions of the features were deliberately not provided 

and the assessment was thus based on the volunteer’s individual perception of 

their environment. With most residences being in urban areas the distance to 

major roads were generally not very far. Even less varied is the distance to 

parks and green space with all (P2) or almost all homes (P1) located within 1 

km distance. In contrast to that most residences were located further away from 

industrial estates, as industrial areas tend to be located at the fringes of the city 

of Edinburgh. The distance of the volunteers residences to a farm varies 

between either being nearby (<1km) or further away (>5km) only two people 

noted the middle distance.  
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Figure 6-1 “Home-location characteristics - Is your home within range of one of 

the following features? Please choose the approximate category.” Answers 

extracted from the mandatory questionnaire volunteers had to fill in.  

 

Location of the Home ME 

According to the Scottish Government Urban Rural Classification (URC) from 

2009/10 the majority of people live in what is classified as Large urban areas 

(Table 6-2). One person moved house between Phase 1 and 2, however within 

the same category. The work environment is located in category 5 – Accessible 

rural. Looking at the updated 2011/12 URC one residency from Phase 1 has 

changed category from 2 Other urban area to 5 Accessible rural. This will be 

discussed further down in this section.  

People were asked to assess into which of the six categories their home fits. 

Recalling from section 3.3.3 the URC is based on population of the settlements 
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and drive time between settlements. It has to be noted that the information in 

the questionnaire did not give details about the definition of the URC categories. 

“In your opinion, which of the following Urban-Rural Classification categories 

best describes the neighbourhood you live in? Information: The Scottish 

Government uses the so called Urban-Rural Classification for spatial analysis. 

The categories shown here are taken from the 6-fold version and describe 3 

different types (urban area, small town and rural) with two varieties each 

(large/other, accessible/remote).” Taken from the questionnaire in Table A 1. 

Table 6-2 Individual profiles with the URC the volunteers saw their residence in 

and the actual URC class. Red indicates a mismatch in the URC self 

assessment – the person sees their neighbourhood as less urbanised. Blue 

indicates the person sees their neighbourhood as more urbanised. The type of 

heating and kitchen appliances are shown as well. URC classification is 

displayed in Table 3-1. 

˚took part in phase 1 as well 

*Category according to URC 2011/12 

**The person noted the use of log fire in the TAD, but not in the questionnaire 

***This person has moved house between P1 and P2 data collection 

Profile 
URC 09/10 

(*URC11/12) 
URC self- 

assessment 
central 
heating 

other 
heating oven/cooker 

P1-01 3 3 gas  electric 

P1-02 3 3 gas  electric 

P1-03 1 1 gas  electric/gas 

P1-04 1 1 gas  electric/gas 

P1-05 1 1 gas  electric 

P1-06 1 2 gas solid fuel electric/gas 

P1-07 2 (5*) 5 gas solid 
fuel** electric/gas 

P1-08 1 2 gas  electric/gas 
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Profile 
URC 09/10 

(*URC11/12) 
URC self- 

assessment 
central 
heating 

other 
heating oven/cooker 

P1-09 5 3 gas  gas 

P1-10 5 3 gas  gas 

P1-11 5 3 gas  gas 

P1-12 1 1 gas electric gas 

P1-13 2 3 gas electric electric/gas 

P1-14 2 3 gas electric electric/gas 

P1-15 1 1 gas  gas 

P1-16 1 1 gas  gas 

P1-17 2 3 gas  electric 

P1-18 2 3 gas  electric 

P1-19 1 1 gas  electric/gas 

P2-01 1 1 gas  electric/gas 

P2-02 1 1 gas  electric/gas 

P2-03***˚ 1 1 gas  electric/gas 

P2-04 1 2 gas  electric/gas 

P2-05˚ 1 2 gas solid fuel electric/gas 

P2-06˚ 1 2 gas  electric/gas 

P2-07 1 1 gas  gas 

P2-08˚ 2 3 gas electric electric/gas 

P2-09˚ 2 3 gas electric electric/gas 

P2-10 1 1 gas  electric/gas 

P2-11˚ 1 1 gas  gas 

P2-12˚ 1 1 gas  gas 

P2-13˚ 1 1 gas  gas 

P2-14˚ 2 3 gas  electric 

P2-15˚ 1 1 gas  electric 

P2-16˚ 1 1 gas  electric/gas 

 

  



5 Assessment of a methodology for personal monitoring  157 

For ten volunteers, the answers given matched the official classification in URC 

09/10 (Table 6-2). Seven volunteers however had differing answers. 

Interestingly all of these but one person perceived the area they live in as 

smaller as and less urbanised than the official URC category. These are mainly 

people living in residential areas within a Large urban area which are lacking 

major roads with high volumes of traffic, shops, industrial sites and other 

services.  

Two residents of the same Other urban area settlement (P1-13 & P1-14, P2-08 

& P2-09, P1-17 & P1-18, P2-14) perceived their home as an Accessible small 

town instead. This may be due to its proximity to Edinburgh City which makes it 

feel more like a suburb of Edinburgh rather than an independent town.  

One person perceived their neighbourhood as being larger and more urbanised 

(Accessible small town) than categorised by the URC (Accessible rural) (P1-09, 

P1-10 & P1-11). This settlement is well connected and has plenty of local 

services which give it a small town feeling even though its actual population is 

way below the 10,000 threshold.  

The biggest mismatch was recorded in P1-07 which is categorised as Other 

urban area but the volunteer perceives it as Accessible rural. In the updated 

URC 2011/12, the location has actually been reclassified as Accessible rural, 

which may be coincidence, but does now better match the volunteer’s 

perception. The reason for this reclassification is not explained in detail in the 

URC 2011/12 report (The Scottish Government, 2012) but may be due to a 

change in the settlement boundaries i.e. this was previously part of a bigger 

settlement and is now recognised as an individual settlement. Considering the 

average concentrations at Home for profiles that are classified as being located 
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in Other urban area, relatively high mean values have been recorded for P1-07 

(Table 6-3 middle) suggesting that influences other then the location within a 

certain URC class influence the PM2.5 concentration. These influences will be 

discussed in more detail in section 6.3.3.5. There was no data available for the 

Home ME in Accessible rural homes (P1-09, P1-10 and P1-11) as these are all 

profiles where the person spent time away from Home.  

Looking at the average concentrations for each URC class the Large urban 

areas (left) have the highest concentration and the Accessible small town (right) 

the lowest. This is, as described for P1-07 above, unlikely to reflect the location 

within the URC class though as numbers between individual profiles vary a lot. 

It is more likely that the variability in the Home concentrations is mainly driven 

by indoor sources and activities in each profile, while outdoor background 

concentrations of the surrounding areas contribute to a lesser extent. In case of 

the Large urban area there are two profiles which have distinctive concentration 

peaks due to cooking activities (P2-02 and P2-05) which introduce bias in the 

calculation of the average values.  

In any case the profiles on which this analysis is built on have not been derived 

with the intent to identify similarities in exposure between the same URC 

classes. To do this and to assess if the URC classification could indeed serve 

as a proxy for variations in PM2.5 levels, more data in representative locations 

would need to be collected, possibly with stationary measurements inside and 

outside the respective Home MEs to determine influx of outdoor concentrations.  
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Table 6-3 Tables showing the mean values for the Home ME split by the URC 2009/10 category the home is located in. 

Left - Large urban area (1); Middle - Other urban area (2); Right - Accessible small town (3) 

profile 

PM2.5 

mean 
(µg/m3) 

URC 09/10 
(*URC11/12) 

P1-03-Home 2.1 1 
P1-04-Home 3.0 1 
P1-05-Home 4.1 1 
P1-06-Home 11.4 1 
P1-08-Home 2.7 1 
P1-12-Home 6.3 1 
P1-15-Home 12.6 1 
P1-16-Home 8.1 1 
P1-19-Home 6.7 1 
P2-01 Home 14.14 1 
P2-02 Home 46.85 1 
P2-03 Home 8.22 1 
P2-04 Home 4.87 1 
P2-05 Home 32.20 1 
P2-06 Home 6.13 1 
P2-07 Home 7.95 1 
P2-10 Home 3.54 1 
P2-11 Home 4.70 1 
P2-12 Home 8.14 1 
P2-13 Home 3.18 1 
P2-15 Home 7.37 1 
P2-16 Home 17.82 1 
Average 10.1 

 
 

profile 

PM2.5 

mean 
(µg/m3) 

URC 09/10 
(*URC11/12) 

P1-07-Home 6.4 2 (5*) 
P1-13-Home 2.8 2 
P1-14-Home 3.9 2 
P1-17-Home 3.1 2 
P1-18-Home 7.7 2 
P2-08 Home 4.55 2 
P2-09 Home 2.19 2 
P2-14 Home 4.78 2 
Average  4.4 

 
 

profile 

PM2.5 

mean 
(µg/m3) 

URC 09/10 
(*URC11/12) 

P1-01-Home 3.1 3 
P1-02-Home 4.4 3 
Average 3.8 
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Results from asking people about their home location illustrate that people have 

different perceptions of their neighbourhood which might be due to one or 

several factors other than actual population density or distance to certain 

features. Factors influencing an individual's perception may be the intensity of 

road traffic, access to green space, or the amount of residential areas as 

compared to industrial or commercial areas, access to services, or how well 

developed the community is and how involved an individual is in the community.  

Perception of exposure 

These factors might also influence perception of air quality and exposure. In the 

TADs, study participants were asked for each recorded day what level they 

thought their exposure to air pollution was (high, medium, low) (Table A 2).  

In Phase 1 two people stated high for individual days, while all other days have 

been perceived as medium or low exposure (note: one person did not provide 

the information on both days, another person did not provide the information on 

days where there were issues with the monitoring device and hence no PM data 

could be collected). The two days with high included long distance travel by 

train for one person and time spent in the city centre by another person. Seven 

people had the same level for all monitoring days. Based on the TAD 

information provided study participants appear to associate higher levels (i.e. 

medium and high) of exposure with spending time in motorised transport 

(commute to work as well as long distance travel), cycling, walking or generally 

spending time in the city centre, spending time in public buildings where many 

people are present and, to a lesser extent, cooking and baking activities.  

In Phase 2 all volunteers chose low or medium (note: one person did not 

provide answers, one person provided answers for one day but not the other). 
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Seven people had the same level for all monitoring days. The remaining 

volunteers, similarly to Phase 1, seemed to generally associate higher levels 

(i.e. medium) with time spent in or around motorised transport, city centres and 

public places (restaurant/pub visits).  

Looking at the actual mean values (Table 6-4) there is no agreement between 

the measured values and the perception people had of their exposure on the 

given days. The mean values for days on which volunteers noted low exposure 

range between 1 and 19 µg/m3 while for days where medium was noted, the 

range is between 2 and 38 µg/m3. High exposure which was chosen only for 

two days of the whole pilot study covers days with PM2.5 mean values of 3 and 5 

µg/m3, corresponding to a substantially lower actual exposure than perceived 

This highlights the issue of human sensors not being well tuned to provide an 

accurate measure of exposure to air pollution and it is thus difficult for 

individuals to be aware of levels of pollution that may affect their health, while 

not being high enough to be directly noticeable. 
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Table 6-4 PM2.5 mean value for individual days of each profile calculated from 

the 1-minute data are shown along with data from the TADs regarding 

volunteer’s perception of exposure on the respective day. 

Profile Date number of 
data points 

PM2.5 mean 
(µg/m3) 

What do you think was your 
personal exposure to 

polluted air today? 

P1-01 07/11/2012 60 4 - 
P1-07 08/11/2012 471 8 - 
P1-06 12/11/2012 555 10 - 
P1-05 14/11/2012 102 4 - 
P1-04 21/11/2012 1,025 3 - 
P1-18 17/12/2012 346 8 - 
P1-18 19/12/2012 360 6 - 
P1-18 20/12/2012 1,059 9 - 
P2-14 10/05/2013 151 2 - 
P2-03 13/05/2013 619 5 - 
P2-02 20/05/2013 124 10 - 
P2-02 21/05/2013 1,440 16 - 
P2-01 22/05/2013 705 4 - 
P2-02 22/05/2013 1,250 47 - 
P1-09 08/10/2012 413 3 Low 
P1-08 08/11/2012 617 3 Low 
P1-06 09/11/2012 447 8 Low 
P1-07 09/11/2012 1,167 8 Low 
P1-10 09/11/2012 345 3 Low 
P1-06 10/11/2012 1,343 6 Low 
P1-07 10/11/2012 1,239 5 Low 
P1-10 10/11/2012 1,440 4 Low 
P1-06 11/11/2012 1,440 16 Low 
P1-07 11/11/2012 1,195 10 Low 
P1-10 11/11/2012 1,440 6 Low 
P1-07 12/11/2012 269 3 Low 
P1-10 12/11/2012 805 4 Low 
P1-02 14/11/2012 1,304 4 Low 
P1-03 14/11/2012 810 2 Low 
P1-12 15/11/2012 1,310 6 Low 
P1-12 16/11/2012 717 6 Low 
P1-14 16/11/2012 553 6 Low 
P1-19 16/11/2012 368 19 Low 
P1-16 18/11/2012 1,440 8 Low 
P1-19 18/11/2012 1,440 8 Low 
P1-04 19/11/2012 580 2 Low 
P1-16 19/11/2012 621 4 Low 
P1-19 19/11/2012 687 2 Low 
P1-04 20/11/2012 1,440 4 Low 
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Profile Date number of 
data points 

PM2.5 mean 
(µg/m3) 

What do you think was your 
personal exposure to 

polluted air today? 

P1-11 20/11/2012 475 5 Low 
P1-14 21/11/2012 734 2 Low 
P1-18 18/12/2012 940 4 Low 
P2-11 06/05/2013 739 4 Low 
P2-12 06/05/2013 329 10 Low 
P2-07 07/05/2013 379 15 Low 
P2-08 07/05/2013 770 5 Low 
P2-12 07/05/2013 1,112 6 Low 
P2-08 08/05/2013 1,440 6 Low 
P2-07 09/05/2013 960 5 Low 
P2-08 09/05/2013 1,428 4 Low 
P2-05 10/05/2013 916 7 Low 
P2-08 10/05/2013 605 2 Low 
P2-03 11/05/2013 1,373 9 Low 
P2-09 11/05/2013 510 1 Low 
P2-09 12/05/2013 1,301 1 Low 
P2-09 13/05/2013 1,440 3 Low 
P2-15 13/05/2013 606 7 Low 
P2-06 14/05/2013 1,429 12 Low 
P2-09 14/05/2013 590 3 Low 
P2-15 14/05/2013 851 5 Low 
P2-06 15/05/2013 1,429 2 Low 
P2-10 15/05/2013 1,440 3 Low 
P2-16 19/05/2013 614 17 Low 
P2-16 20/05/2013 850 19 Low 
P2-13 22/05/2013 912 6 Low 
P2-13 23/05/2013 554 3 Low 
P1-09 29/09/2012 409 5 Medium 
P1-09 04/10/2012 399 2 Medium 
P1-15 05/11/2012 421 2 Medium 
P1-01 06/11/2012 390 2 Medium 
P1-15 06/11/2012 1,210 3 Medium 
P1-15 07/11/2012 756 3 Medium 
P1-13 08/11/2012 702 3 Medium 
P1-08 09/11/2012 883 3 Medium 
P1-13 09/11/2012 722 3 Medium 
P1-03 12/11/2012 812 3 Medium 
P1-05 12/11/2012 193 4 Medium 
P1-02 13/11/2012 390 4 Medium 
P1-03 13/11/2012 1,315 4 Medium 
P1-05 13/11/2012 1,440 4 Medium 
P1-12 14/11/2012 774 4 Medium 
P1-02 15/11/2012 582 5 Medium 
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Profile Date number of 
data points 

PM2.5 mean 
(µg/m3) 

What do you think was your 
personal exposure to 

polluted air today? 

P1-16 16/11/2012 410 5 Medium 
P1-14 17/11/2012 1,390 5 Medium 
P1-16 17/11/2012 1,215 5 Medium 
P1-19 17/11/2012 1,438 5 Medium 
P1-14 18/11/2012 1,063 5 Medium 
P1-17 19/11/2012 509 5 Medium 
P1-14 20/11/2012 754 5 Medium 
P1-18 21/12/2012 672 5 Medium 
P2-11 05/05/2013 736 5 Medium 
P2-04 08/05/2013 737 5 Medium 
P2-07 08/05/2013 932 6 Medium 
P2-14 08/05/2013 805 6 Medium 
P2-04 09/05/2013 726 6 Medium 
P2-05 09/05/2013 506 7 Medium 
P2-14 09/05/2013 751 8 Medium 
P2-03 10/05/2013 418 8 Medium 
P2-09 10/05/2013 346 9 Medium 
P2-03 12/05/2013 1,181 10 Medium 
P2-06 13/05/2013 587 11 Medium 
P2-10 13/05/2013 914 11 Medium 
P2-10 14/05/2013 1,430 12 Medium 
P2-06 16/05/2013 847 12 Medium 
P2-01 17/05/2013 647 15 Medium 
P2-01 18/05/2013 1,062 20 Medium 
P2-01 19/05/2013 960 20 Medium 
P2-01 20/05/2013 1,440 25 Medium 
P2-01 21/05/2013 1,440 38 Medium 
P1-14 19/11/2012 585 5 High 
P1-17 20/11/2012 1171 3 High 

 

Based on the TAD information the study participant's perception of exposure is 

affected by the individual's perception of the environment as a whole. The 

natural environment as well as built-up environment, and social and economic 

differences between the urban and rural space influence people’s idea of their 

exposure. So does the amount of time spent in motorised transport. This might 

be due to peoples existing knowledge that motorised transport has always been 

a well known source of air pollutants. A few people relate higher exposure to 
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public places which are naturally busier than a home or other private 

environment.  

Study participants perceived their neighbourhood in a similar way – for 

example, lively places with access to a large range of services have been 

perceived as “more urban” than residential areas with less services.  

6.3.1.3 Time activity patterns 

A detailed table with all individual profiles and the number of data points 

(minutes) spent per ME, transport mode and class can be found in the Appendix 

(Tables B2 and B3). This chapter only shows summary tables relevant to the 

detailed discussion of results.  

Classes 

The majority of time in Phase 1 was spent Indoors, which is in line with the 

European average of 90% (Fernandes et al., 2009) (Table 6-5). Given the 

geographic location of the study area (Edinburgh is located at 55.9531 N,-

3.1889 W,) and that the monitoring in Phase 1 happened during the winter 

months with cold and wet weather dominating and short daylight hours these 

results are consistent with other studies (section 3.1.1). Time spent in Outdoor 

rural environments is strongly influenced by weekends spent in rural Scotland 

and long work related journeys through rural Scotland and England (Figure 6-

2a). 
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Figure 6-2 Map showing the GPS logs which have an assigned PM2.5 value 

from volunteers in fieldwork Phase 1 (a) and fieldwork Phase 2 (b) and the 

respective class: Outdoor rural and Outdoor urban. The location of CEH, the 

“work” environment for most volunteers is displayed as well. The black box 

highlights the area shown in (b). 
 

For Phase 2, for which data was collected during May 2013, the weather is 

generally drier and milder and the daylight hours much longer than in winter 

(section 3.1.1). However, May 2013 was a wet and relatively cold month with 
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rainfall of 118 mm and a mean temperature of 8.1˚C (Met office UK, 2013a). 

Despite the long daylight hours, the time spent outdoors was much less in 

Phase 2 compared to Phase 1. This is however unlikely to be related to the 

adverse weather conditions alone, but also reflects the composition of the 

profiles. Phase 2 consisted mainly of weekdays where the majority of time is 

spent Indoors due to work. The time and activities allocated to the two outdoor 

classes are pretty much limited to the commute to work. Most people live in 

urban areas and the commute to the work place, which is located in a rural 

area, only incorporates short distances within data zones classified as rural 

(Figure 6b).  

Table 6-5 Percentage of time spent per class for the full dataset Phase 1 and 

Phase 2. Due to rounding the values do not sum up to 100%. 

% time spent per class P1 P2 

Indoor 86.8 93.6 

Outdoor rural 6.7 1.1 

Outdoor urban 6.5 5.4 
 

 

Looking at individual profiles and individuals showing marked differences in how 

their time is split between indoor, outdoor rural and outdoor urban (please note 

the difference in recording length of the profiles which ranges from 7:30 hours to 

104:14 hours) it becomes obvious how this pilot study confirms existing data 

with a European average of 90% of the time spent in indoor environments 

(Table 6-6). Furthermore the data shows that the time spent outdoors is mainly 

located in urban areas. It should be noted that the two outdoor classes largely 

consist of time spent in transport and not actually time spent outdoors. In 

extreme cases where the time spent indoors is >97%, the time spent outdoors 
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is down to transport only, i.e. only the commute to and from work and short 

distances to/from a pub or other location (P1-13, P2-01 and P2-11) or when the 

weather restricted outdoor use due to the transport mode i.e. cycling or walking 

(P1-03 and P1-18). 

Profiles with less than 75% of the time spent indoors are an exception and listed 

below: 

• P1-02 - the person was on fieldwork in the rural highlands; outdoors 

includes drive time and the actual time spent outdoors. 

• P1-09 - the person was on holiday and recorded the arrival and 

departure day which includes long distance travel through rural Scotland 

and one holiday day where the majority of time was spent outdoors 

cycling and walking.  

• P1-11 - the person travelled for work through rural Scotland. 
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Table 6-6 Table showing and the number of data points (n), the time and 

percentage of time spent in Indoor and Outdoor rural and urban environments 

for each profile.  

Profile n 

Full 
profile 
duration 
(hh:mm) 

In-
door 
(%) 

Indoor 
(hh:mm) 

Out-
door 
rural 
(%) 

Outdoor 
rural 
(hh:mm) 

Out-
door 
urban 
(%) 

Outdoor 
urban 
(hh:mm) 

P1-01 450 7:30 77.6 5:49 9.3 0:42 13.1 0:59 
P1-02 2,276 37:56 74.9 28:25 19.0 7:13 6.1 2:18 
P1-03 2,937 48:57 98.4 48:11 0.2 0:7 1.3 0:39 
P1-04 3,045 50:45 93.8 47:35 1.8 0:56 4.4 2:14 
P1-05 1,735 28:55 90.1 26:3 1.7 0:30 8.2 2:22 
P1-06 3,785 63:5 85.2 53:43 4.2 2:39 10.6 6:43 
P1-07 4,341 72:21 91.3 66:2 3.5 2:30 5.3 3:49 
P1-08 1,500 25:0 88.9 22:14 3.3 0:49 7.8 1:57 
P1-09 1,221 20:21 4.3 0:52 82.3 16:45 13.4 2:44 
P1-10 4,030 67:10 88.4 59:21 8.5 5:43 3.1 2:6 
P1-11 475 7:55 63.4 5:1 27.2 2:9 9.5 0:45 
P1-12 2,801 46:41 94.1 43:57 0.9 0:25 5.0 2:19 
P1-13 1,424 23:44 97.0 23:1 0.4 0:6 2.6 0:37 
P1-14 5,079 84:39 82.3 69:38 4.4 3:43 13.3 11:18 
P1-15 2,387 39:47 91.1 36:14 4.7 1:53 4.2 1:40 
P1-16 3,686 61:26 85.3 52:24 10.1 6:12 4.6 2:50 
P1-17 1,680 28:0 87.4 24:28 2.2 0:37 10.4 2:55 
P1-18 3,377 56:17 98.1 55:13 0.8 0:27 1.1 0:37 
P1-19 3,933 65:33 88.5 58:0 3.7 2:27 7.8 5:6 
P2-01 6,254 104:14 97.1 101:14 0.3 0:16 2.6 2:44 
P2-02 2,814 46:54 95.7 44:53 0.0 0:0 4.3 2:1 
P2-03 3,591 59:51 92.5 55:20 0.8 0:30 6.7 4:1 
P2-04 1,463 24:23 93.4 22:47 2.8 0:41 3.8 0:55 
P2-05 1,422 23:42 92.2 21:51 4.1 0:58 3.7 0:53 
P2-06 4,292 71:32 95.1 68:3 0.8 0:33 4.1 2:56 
P2-07 2,271 37:51 93.2 35:17 1.0 0:23 5.8 2:11 
P2-08 4,243 70:43 95.4 67:27 0.9 0:38 3.7 2:38 
P2-09 4,187 69:47 95.0 66:16 0.5 0:23 4.5 3:8 
P2-10 3,784 63:4 87.8 55:22 0.2 0:8 12.0 7:34 
P2-11 1,475 24:35 97.2 23:54 0.0 0:0 2.8 0:41 
P2-12 1,441 24:1 90.7 21:47 4.1 0:59 5.2 1:15 
P2-13 1,466 24:26 85.9 21:0 4.4 1:5 9.6 2:21 
P2-14 1,707 28:27 96.4 27:26 1.2 0:21 2.3 0:40 
P2-15 1,457 24:17 93.6 22:44 2.1 0:31 4.3 1:2 
P2-16 1,464 24:24 83.3 20:20 0.7 0:10 16.0 3:54 
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Microenvironments 

Table 6-7 provides a split of the time recorded in all six MEs identified in this 

study. Indoors is split into four different MEs, with the time spent in the Home 

environment dominating in both phases. 

Phase 1, which includes seven profiles covering weekends and also holidays, 

shows more time spent in Public and Private residential buildings due to people 

spending weekends away visiting friends for instance. These seven profiles 

account for the bulk of time spent in Outdoor other environments (82%) while 

the time spent in Outdoor other on a normal working day is negligible or does 

actually not exist (three profiles only, accounting for 18%). Altogether ten 

profiles include a considerable amount of time spent in Outdoor other. Only two 

profiles have less than an hour spent outdoors. The longest time, with 410 

minutes spent in Outdoor other is the holiday profile where the person has been 

walking and cycling outdoors most of the monitoring day. Outdoor activities 

include long-lasting activities like hikes, bicycle tours and gardening but also 

walking the city centre, dog walking, walking at lunchtime, waiting at bus stops 

(if this has specifically been noted in the TAD). Weekend profiles comprise the 

described outdoor activities plus time spent in cafes, restaurants and pubs, 

shops, friend’s houses, hotels and other public buildings which do not or in 

much more limited amounts occur on weekdays. The weekends covered in 

Phase 1 do, however, also include long distance travel which, unless it is travel 

for work, does not typically occur on weekdays. This longer travel distances 

have an impact as well on the time spent in the Transport ME. 

As Phase 2 mainly covers weekdays (five profiles only include weekend days) 

the profiles recorded are generally much shorter and do not contain long 
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distance travel. Therefore also the time spent in Public and Private residential 

buildings e.g. people spending the weekend away, is comparatively less than in 

Phase 1 while the share of time spent at Work and especially Home is higher 

than in Phase 1. Whilst the time spent at Work increased only by 2.5%, Home is 

where people spent the time instead of being in Transport, Private residential or 

Public buildings. The time spent outdoors is negligible with nine profiles 

including time spent outdoors of which only one profile has more than an hour 

recorded outdoors. The activities classed as Outdoor other in Phase 2 include 

waiting at a bus stop, walking around the city centre or taking walks at 

lunchtime or evenings as well as dog walking which compared to the activities 

in Phase 1 are much shorter.  

Table 6-7 Percentage of time spent per ME in Phase 1 and Phase 2. Due to rounding 

the values do not sum up to 100%. 

% time spent per ME P1 P2 

Home 57.9 70.4 

Work 14.7 17.2 

Public building 10.2 5.5 

Private residential building 4.1 0.4 

Transport 9.6 5.5 

Outdoor other 3.5 0.9 
 

 

Transport mode 

In Phase 1 the Car is the dominant transport mode for everyday use, followed 

by Bus and Walk. Ferry and Train are only used for leisure or work related 

travel and over relatively long distances hence the large amount of time spent in 

those transport modes. As mentioned earlier the weekend profiles also have an 

impact on the Car category with longer distances driven.  
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Walk is the dominant transport mode in Phase 2 with all but one profile 

spending time in this transport mode. In comparison in Phase 1 only 10 out of 

19 profiles have recorded data in the Walk category. This is followed by Car and 

Bus. The Bicycle is used more despite the cold spring. The Train is only used 

for work related travel over longer distances.  

Table 6-8 percentage of time spent in the respective transport modes within the 

Transport ME in Phase 1 and Phase 2. 

% time spent per 
transport mode P1 P2 

Bicycle 4.9 9.8 

Bus 17.0 18.9 

Car 47.1 28.5 

Ferry 11.8 NA 

Train 7.2 12.2 

Walk 12.0 30.6 
 

 

It has to be remembered that some profiles are only snapshots of days rather 

than full monitoring over several consecutive days due to e.g. battery life or 

feasibility issues. In Phase 1 people visited between two and six MEs, in Phase 

2 between 3 and 6 MEs during their monitoring periods. Some volunteers 

provided more detailed information than others, hence the level of detail to 

which time-activity patterns could be broken down to is different from profile to 

profile.  

6.3.2 Distance between features  

Georeferenced data has been used to calculate the distance between the 

volunteers’ residence locations and the fixed-site monitoring stations at St. 

Leonards and Auchencorth Moss as well as the work place CEH respectively 
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(section 3.3.5). CEH is located roughly in the middle (direct line) between the 

two fixed site monitors from the AURN network which do measure PM2.5 in the 

greater Edinburgh area (distance to Auchencorth Moss is 8.1 km, to St. 

Leonards 9.4 km). The workplace is the ME where overall people spent the 

second largest amount of time (Table 6-7). Located in a rural environment, the 

values recorded at Auchencorth Moss are seen as representative in this study 

and not the urban background site St. Leonards. In fact the nearby AURN 

station Bush Estate is classified as rural, but does not provide PM 

measurements.  

Looking at the representativeness of the AURN sites for people’s homes where 

they in summary spent most of their time (Table 6-7) the distance between 

residences and monitoring stations varies substantially (Table 6-9). The majority 

of homes are located within Edinburgh City and a maximum of 5.4 km away 

from St. Leonards, with a couple homes being only 700-800 meters away (P1-

19 and P2-01). The longest distance accounts for the home location of P1-08, 

which is located in the greater Glasgow area and therefore closer to an AURN 

kerbside site (Glasgow kerbside) there. Another home (P1-07) is located in the 

Perth area and therefore closer to Grangemouth, an industrial background site. 

Other homes outside Edinburgh city are about 10-13 km away from the urban 

background station and closer to Auchencorth Moss (P1-09, P1-13, P1-17).  
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Table 6-9 Distances from the volunteer’s home address to the fixed site 

monitoring stations Auchencorth Moss and St. Leonards, and the work 

environment CEH. Note that distances are measured as a direct line between 

the two coordinates. 

*This persons Work environment is not at CEH 

Profile 
Distance (km) Home to 
Auchencorth Moss 

Distance (km) Home to 
St. Leonards 

Distance (km) Home 
to CEH 

P1-01, 
P1-02 30.5 13.7 22.7 

P1-03, 
P1-04 15.5 2.4 7.5 

P1-05 16.5 2.8 8.8 
P1-06, 
P2-05 19.8 5 11.8 

P1-07 70.8 55.5 63.8 
P1-08, 
P2-06 68 70.4 69.2 

P1-09, 
P1-10, 
P1-11 

8.9 9.7 2.6 

P1-12 14.5 3.6 6.7 
P1-13, 
P1-14, 
P2-08, 
P2-09 

4.2 13.3 4 

P1-15, 
P1-16, 
P2-11, 
P2-12, 
P2-13 

16.4 1.2 8.4 

P1-17, 
P1-18, 
P2-14 

4.3 13.3 4.1 

P1-19, 
P2-15, 
P2-16 

16.9 0.8 8.7 

P2-01 16.9 0.7 8.8 

P2-02* 17.4 1.3 9.4 

P2-03 14.9 3.2 7 

P2-04 13.9 5.4 6.1 

P2-07 19.5 2 11.4 

P2-10 16.5 1.2 8.4 
 

 

With the majority of time spent at work during a weekday, applying the PM2.5 

values from the fixed site monitor nearest to the Home ME is not sufficient but 

requires personal monitoring (as postulated in the second hypothesis (section 

1.2), which presents one of the key shortcomings of the home location 
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approach for population exposure assessment. Firstly, the Home environments 

are between 2.6 and 69.2 km away from the Work environment. Secondly the 

Work ME is located within a rural environment, which is not adequately 

represented by an urban background station which is - in addition - about 9.4 

km away. For homes closer to Auchencorth Moss, however, it is questionable if 

a rural station (which is by definition distanced as far away as possible from 

roads, populated and industrial areas (Scottish Air Quality, 2013) can be used 

as representative for concentrations in a town classified as other urban area or 

accessible rural.  

Furthermore, the specific locations of AURN sites are chosen to represent 

certain ambient concentrations i.e. urban background or rural. And as the 

section about time-activity patterns and the individual profiles (6.3.4) shows, 

people are constantly on the move and spend substantial parts of their day 

away from the Home ME. The distance of the individuals' actual activity spaces 

in relation to their residence location (here only the distance from the Work ME 

is shown as an example) support the case for individual monitoring to assess 

personal exposure on a much more detailed level. Most relevant is that the 

concentrations are measured in the direct vicinity of the person, or at least in 

the same building. Secondly, the concentrations are measured at higher 

temporal resolution (in this pilot study 1- minute), allowing for a more detailed 

analyses of source contributions and variability when moving through different 

MEs.  

When comparing daily values between those profiles which cover 24 hours with 

the data from the two fixed monitoring sites (calculated from the hourly TEOM-

FDMS values) it becomes obvious that concentrations resulting from personal 
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monitoring are on average higher. Moreover does the table (Table 6-10) show 

the difference in average concentrations measured with a personal device 

between two individuals (P1-06 & P1-10, P2-01 & P2-02) or the similarity (P1-

16 & P1-19).  

In the latter case the profiles were recorded on a Sunday and both individuals 

spent a certain amount of time outdoors walking in accessible and remote rural 

environments (P1-16) and accessible rural (P1-19). In both cases a fair amount 

of cooking and cleaning occurred in the Home ME.  

The most obvious explanation for the difference in average concentration 

between P1-06 and P1-10 on Sunday the 11th of November is that P1-10 was 

recorded entirely in remote rural areas of the Highlands while P1-06 was 

recorded in Edinburgh and East Lothian which covers a mix of urban and rural 

areas. In addition, the person in P1-06 was cooking, visiting restaurants and 

pubs, cycling and using the train while P1-10 consists mainly of quiet activities 

in indoor environments and some travel by car.  

P2-01 and P2-02 have been recorded on a Tuesday and both individuals spent 

the entire 24 hours in Edinburgh City. P2-02 shows an unexplained extremely 

strong increase of PM in the evening (section 6.3.4.6) which strongly influences 

this daily average value. P2-01 is almost entirely (98%) recorded in a shared 

accommodation. Despite the flat being only about 700m away from the St. 

Leonards monitoring site the daily averages differ by 6 µg/m3. Interestingly the 

day before (P2-01 20th of May 2013) is one of the two cases only where the 

Dylos average is lower than the St Leonards measurements over 24 hours. This 

is however at the tail end of a high pollution episode which is explained in more 

detail in section 6.3.4.5.  
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In section 6.3.4 individual profiles are discussed and assessed in relation to 

measurements from the two fixed site monitoring stations (if possible).The data 

is however also used to show where there is no relation between the two 

datasets.  

Table 6-10 The daily means for the days which have 24 hour Dylos 

measurements, in comparison to calculated daily means (based on hourly 

TEOM-FDMS values) for Auchencorth Moss (ACTH mean) and St. Leonards 

(ED3 mean). Additionally the split between the time spent indoors and outdoors 

is shown as percentage.  

Profile Date 

Dylos 
mean 

(µg/m3) 

ACTH 
mean 

(µg/m3) 

ED3 
mean 

(µg/m3) 

% time 
spent 
Indoor 

% time 
spent 

Outdoor 
P1-10 10/11/2012 4 1 4 100 0 
P1-06 11/11/2012 16 0 5 85 15 

P1-10 11/11/2012 6 0 5 93 7 

P1-05 13/11/2012 3 0 0 93 7 

P1-16 18/11/2012 8 1 3 73 27 

P1-19 18/11/2012 8 1 3 82 18 

P1-04 20/11/2012 4 2 3 91 9 

P2-08 08/05/2013 6 13 15 93 2 

P2-09 13/05/2013 3 2 3 99 1 

P2-10 15/05/2013 3 1 5 97 3 

P2-01 20/05/2013 20 NA 24 100 0 

P2-01 21/05/2013 12 5 6 98 2 

P2-02 21/05/2013 16 5 6 97 3 
 

 

6.3.3 Concentration characteristics P1 and P2 

The whisker plots in Figure 6-3 illustrate the variability of PM2.5 concentrations 

between the individual profiles arising from places visited and activities done by 

the individual volunteers. The upper end of the box (“hinge”) corresponds to 3rd 

quartile, the lower end to the 1st quartile. The median (2nd quartile) is depicted 

as a horizontal blue line inside the box. The upper whisker extends from the 

hinge to the highest values which is within 1.5 * IQR of the hinge. IQR is the 
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inter quartile range or distance between the 1st and 3rd quartiles. The lower 

whisker extends from the hinge to the lowest values that is within 1.5 *IQR. 

Outliers are plotted as black points and represent data beyond the end of the 

whiskers. The variability of profiles derived by the same person on different 

days can be seen based on the colour coding that indicates profiles derived by 

the same individual. 

 

Figure 6-3 PM2.5 (µg/m3) for each individual profile from Phase 1 (a) and Phase 

2 (b). The colours indicate profiles that have been generated by the same 

volunteer. Profiles in black show individuals that only generated one profile.  

 

The profiles in P1 have medians (Figure 6-3a) varying between 1.6 µg/m3 (P1-

11) and 5.7 µg/m3 (P1-06) while the means vary between 10.6 µg/m3 (P1-06) 

and 1.9 µg/m3 (P1-03). 
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For Phase 2 (Figure 6-3b) the medians are between 15.7 µg/m3 (P2-16) and 

2.1 µg/m3 (P2-09). The means in Phase 2 vary between 29.6 µg/m3 (P2-02) and 

2.5 µg/m3 (P2-09).  

Maximum values for both fieldwork phases are mainly related to cooking and 

baking activities which are known to create high PM levels (Abdullahi et al., 

2013) and increased movement in the direct vicinity of the monitor that have 

been reported in the TADs and follow-up meetings. Usually when people noted 

in their TADs that they get ready to leave a place, arrive somewhere, or have 

moved the monitor the PNC has increased. This is notably different to times 

spent in an ME doing quiet activities and therefore interpreted as movement in 

the vicinity and handling of the monitor likely causing the resuspension of 

(household) dust and also influenced by the personal cloud. Here movement 

can relate to the volunteers themselves but also to other people or pets in the 

vicinity. Since these movements and handling increases occur regularly when a 

switch between MEs happens, increased concentrations within the “grey areas” 

(section 5.3.3.3) can bias the results for one to the other ME as in bias the top 

end of the measurement range in that ME. 

Peak concentrations have almost exclusively been measured in Indoor 

environments and can be predominantly related to indoor sources and human 

activities, which have been identified in other studies to cause events of high 

concentration but short duration (Ferro et al., 2004). Notably, an outdoor peak is 

recorded in front of a burger grill and therefore is also related to cooking 

activities. Minimum values have mainly been recorded Indoors at home during 

quiet activities and overnight, at a small sports centre and the work environment 
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but also in individual profiles during Transport and Outdoor other activities in 

Outdoor rural areas.  

A selection of individual profiles will be discussed in more detail in section 6.3.4. 

Concentrations in the individual MEs are discussed in the following two 

sections.  

6.3.3.1 Phase 1 – concentrations per ME 

In the following the PM2.5 concentrations in the individual MEs shown in Figure 

6-4 are discussed. 

 

Figure 6-4 PM2.5 statistics per Microenvironment for data collected in Phase 1. 

The whisker plots show the variability of concentrations in the six 

microenvironments.  

 

The Work environment (included in 17 profiles) has the smallest range, i.e. 

maximum minus minimum concentration, of PM2.5 (9.6 µg/m3) whereby highest 
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concentrations are related to increased movement in the vicinity or actual 

handling of the monitor when people arrive or leave their office (maximum 

~10 µg/m3). The work place itself is mainly an office environment with a few 

labs and does not have typical indoor sources like a canteen for instance. It is 

also located in a rural environment with generally low ambient PM2.5 

concentrations.  

It is followed by the Transport ME which is included in all profiles with a range of 

42.6 µg/m3. Here the lowest concentrations (minimum 1.4 µg/m3) have been 

recorded while cycling, on a bus or in a car in either urban (non-rush hour) or 

rural areas.  

Outdoor other (Figure 6-5) (included in 10 profiles, range 85.6 µg/m3) has 

lowest concentrations (minimum 1.4 µg/m3) recorded in rural areas of the 

Scottish Highlands and Islands and near the work place e.g. P1-02, P1-09, P1-

10, P1-14 and P1-15 in Figure 6-5. The higher concentrations in Outdoor other 

(maximum ~87 µg/m3) have been recorded at the Farmers Market in front of a 

burger grill (P1-19) and the concentrations in this ME are therefore strongly 

influenced by this one specific event. Higher concentrations have also been 

recorded around the city centre (P1-14 and P1-17, Figure 6-5) and when getting 

home (P1-07, “grey area” – when moving from car to the home) and when 

working in the garden (P1-07). 
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Figure 6-5 Profiles of fieldwork Phase 1 which include the Outdoor other ME 

 

The Home ME (Figure 6-6 b) is included in 16 profiles and has a wide range 

(184.8 µg/m3) with the lowest values all recorded throughout the night and the 

early morning hours, before the start of human activities (minimum 1 µg/m3). 

The higher concentration levels (maximum 185.8 µg/m3) that have been 

recorded related to either cooking activities (P1-06, P1-12, P1-19 in all three 

cases it was frying), increased movement in the vicinity of the monitor e.g. when 

people get ready to leave the house or pets are moving in front of the monitor 

causing resuspension (P1-07), or are unexplained (P1-18). Analysing the 

whisker plots for each profile (Figure 6-6 a) it becomes obvious that the wide 

range is driven by peak concentrations while the minimum values are spread 

relatively evenly between 1 and 2 µg/m3. 
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Figure 6-6 Profiles recorded in fieldwork Phase 1 that include the Home ME. a) 

showing the full range of concentrations - b) showing the profiles between 0-25 

µg/m3 

 

The Private residential building ME (Figure 6-7) has a similarly wide range 

(169.6 µg/m3) which is to be expected as this ME is of more or less of the same 

characteristic as the Home ME. One of the profiles (P1-07) recorded PM2.5 

concentrations of up to 171.4 µg/m3 during cooking) which strongly influences 
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the range of this ME especially since it has only been visited by four volunteers. 

Profiles P1-14 and P1-16 have small ranges of ~16 µg/m3 while P1-10 has a 

wider range of peak concentrations reaching up to 72 µg/m3 when the person 

moved the monitor across the room. 

 

Figure 6-7 Whisker plots showing the variability in concentrations recorded in 

Private residential buildings.  

 

The widest range (236.4 µg/m3) has the Public building ME which is included in 

17 profiles. Individual profiles tend to have a fairly small range for this ME apart 

from P1-04 and P1-19 which have a very wide range that influences the overall 

range of the profiles. Public buildings include a large variety of buildings and 

activities for instance a small sports centre where the minimum (0.9 µg/m3 in the 

actual sports hall) as well as the maximum (~236.4 µg/m3 in the changing room) 

have been recorded (on separate days by different individuals). The top end of 
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the range has been recorded in a dry cleaner’s shop, a cafe and a theatre. The 

lowest concentrations were recorded in a shop and a post office.  

6.3.3.2 Phase 2 – concentrations per ME 

 

Figure 6-8 PM2.5 statistics per Microenvironment for data collected in Phase 2. 

The whisker plots show the variability of concentrations in the six 

microenvironments.  

 

In the following sections the PM2.5 concentrations in the individual MEs shown in 

Figure 6-8 are discussed.  

In Phase 2 it is also the Work ME (which is included in 14 profiles) that has the 

smallest range (23.9 µg/m3), however remarkably wider than in Phase 1 (9.6 

µg/m3). Maximum concentrations in the Work ME are related to monitor 

handling and increased movement in the vicinity of the monitor, for instance 

when the volunteer moved through the building wearing the monitoring pack, 
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opening and closing doors which is likely to have caused resuspension of 

particles (maximum 25 µg/m3, P2-08 Figure 6-9). An exception is P2-16, which 

is discussed in more detail in section 6.3.4.5. P2-13 shows a wider inter-quartile 

range than other profiles in this phase with concentrations recorded in the 

afternoon being higher than those recorded in the morning; no specific reason 

could be identified for this difference though. 

 

Figure 6-9 Profiles recorded in fieldwork Phase 2 that include the Work ME. 
 

Transport (Figure 6-10), which is included in all profiles has a range of 71.7 

µg/m3. The maximum concentrations of 73 µg/m3 were recorded during a bus 

journey (P2-16 and section 6.3.4.5). Other increased concentrations are related 

to the beginning of a car journey and is interpreted as handling the device or 

moving when getting into the car (P2-03 and P2-08). Other peak concentrations 

are often related to the beginning or end of journeys where movement and 

handling are likely to influence the Dylos measurements and might as well be 
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subject to unclear cut offs between two MEs, resulting in “grey areas” and 

therefore still inside a building for instance. Lowest concentrations (minimum 

1.3 µg/m3) have been recorded during walking, bus and car journeys in rural 

areas.  

 

Figure 6-10 Profiles recorded in fieldwork Phase 2 that include the Transport 

ME. 

 

The Outdoor other ME has been visited by nine study participants during Phase 

2 and has a range of 43.8 µg/m3. Lowest concentrations (minimum 1.6 µg/m3) 

have all been recorded when going for a walk near the Work environment (P2-

05, P2-12, P2-13) in a rural environment. Highest concentrations are related to 

handling the monitor when getting on and off a bus and probably involves 

movement and handling of the monitor when sitting down/getting up; and 

waiting at a bus stop in the city (P2-16, section 6.3.4.5). The maximum is 

related to the burning of food and has been recorded when the person left the 
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flat (P2-05, section 6.3.4.4). Due to the difficulties in pinning down the exact 

change of MEs this might actually still have been measured inside the building.  

Every profile in Phase 2 included the Home ME which has the widest range of 

all MEs in either fieldwork phase (264.3 µg/m3). This is down to a huge variety 

of activities taking place and sources existing in this ME. However there are 

also a couple of specific activities with very high concentrations that strongly 

influence the range. Low concentrations have been recorded during quiet 

activities or in the late evening/night and early morning hours when none or very 

limited human activity happened (minimum 0.7 µg/m3). Peak concentrations are 

all related to cooking and baking activities or unexplained and relatively long 

lasting. Baking (with a badly maintained oven (P2-02)) and chargrilling (P2-05) 

result in very high peak concentrations of 265 µg/m3 and 211 µg/m3 respectively 

which only very slowly decrease and infiltrate other rooms beyond the kitchen 

despite ventilation and closed doors (sections 6.3.4.4 and 6.3.4.6). 

The Private residential building ME has again only been visited by four 

individuals. The range of 26.8 µg/m3 is much smaller compared to Phase 1 

(169.6 µg/m3) which was strongly influenced by one individual cooking event. 

The maximum concentration of 28 µg/m3 is related to getting ready to leave the 

place and therefore probably due to handling and moving about in the vicinity of 

the monitor, causing resuspension of particles. Generally levels are relatively 

low due to quiet activities.  

The Public building ME (Figure 6-11) which has been visited by 13 volunteers 

has a range of 75.3 µg/m3. Lowest PM2.5 concentrations have been recorded in 

a shop, a conference centre and in a church (minimum 0.8 µg/m3). Highest 

concentrations (maximum 76 µg/m3) are related to concerts (P2-08), a changing 
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room (P2-05), movement from tiding up and cleaning (P2-08) as well as pub 

visits where food was prepared and consumed and many people are present 

(P2-11). The spread of concentrations in this ME reflects the variety of actual 

public buildings, sources and activities.  

 

Figure 6-11 Profiles recorded in fieldwork Phase 2 that include the Public 

building ME. 
 

6.3.3.3 Concentrations per class 

Table 6-11a shows summary statistics for PM2.5 concentrations in the three 

different classes as predicted with the functions derived in chapter 4 (for 

comparison reasons Table 6-11b shows the statistics for PNCs (>0.5 and <2.5 

µm) as recorded with the Dylos). The pattern for the three different classes is 

the same in Phase 1 and Phase 2: Indoor has the widest range of PM2.5 

concentrations. This is due to the large variety of sources and activities in the 

indoor environment where peak concentrations are recorded during cooking 
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and baking activities as well as when many people are about and unexplained. 

Outdoor rural has the smallest range, median and mean values as it is (when 

compared to Indoors) a fairly uniform environment where the person is either in 

transport or outdoors. Mean values in Phase 2 are all higher than in Phase 1. 

This is driven by a number of peak concentrations in Phase 2 which also cause 

a wider range in Indoor and Outdoor rural. The Outdoor urban range is wider in 

Phase 1 which is influenced by the peak measurement in front of a burger grill.  
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Table 6-11 Descriptive statistics for PM2.5 concentrations (µg/m3) (a) and PNC (>0.5 and <2.5 µm) (b) per class in Phase 1 and 2 

 P1 P2 

a mean sd median min max range mean Sd median min max range 

Indoor PM2.5 
(µg/m3) 5.8 9.8 3.1 0.9 237.3 236.4 8.9 19.2 4.0 0.7 265.0 264.3 

Outdoor rural 
PM2.5 (µg/m3) 2.5 1.3 2.1 1.4 17.0 15.6 3.1 2.7 2.3 1.3 22.5 21.1 

Outdoor 
urban PM2.5 

(µg/m3) 
8.9 4.5 7.8 5.0 87.2 82.3 10.8 8.4 7.7 4.8 73.0 68.2 

             

b mean sd median min max range mean sd median min max range 
Indoor PNC 

(# of 
particles/ft3) 

123,596 234,604 59,200 4,900 5,687,570 5,682,670 199,018 461,361 79,800 900 6,355,300 6,354,400 

Outdoor rural 
PNC 
(# of 

particles/ft3) 
106,652 119,708 71,500 8,800 1,408,800 1,400,000 163,993 246,617 87,700 1,700 1,899,600 1,897,900 

Outdoor 
urban PNC 

 (# of 
particles/ft3) 

148,271 158,556 107,400 8,300 2,939,000 2,930,700 213,994 300,078 105,900 100 2,431,300 2,431,200 
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6.3.3.4 Concentrations per transport mode 

Table 6-12 displays the different transport modes in the two outdoor classes 

which show distinct differences. The data shows firstly, that the Bus is the 

transport mode with the highest mean concentrations in both phases and both 

environments, this is followed by Walk (except in phase 2 outdoor urban where 

Bicycle has a higher mean value), Car and the Bicycle which has the lowest 

mean concentration (except in phase 2 outdoor urban where the Car has the 

lowest mean value). 

Secondly, the Outdoor rural means are much lower than Outdoor urban mean 

concentrations revealing the difference between ambient urban and rural 

background concentrations.  

Thirdly Outdoor urban and rural means in Phase 2 are higher than in Phase 1, 

except Car and Walk in Outdoor urban. Especially the maximum (and mean) 

concentrations for Bicycle and Bus in Phase 2 Outdoor urban are much higher 

than Outdoor rural and than comparable values from Phase 1. This is in one 

case likely due to handling/moving as the person arrived at their destination 

within the respective timeframe (Bicycle, P2-07). In the other case (P2-16) it is 

partly influenced by the prevailing wind direction bringing in air masses from the 

European continent but also calm and humid conditions preventing turbulence 

and therefore limiting air exchange within the boundary layer and partly due to 

local transport emissions (Bicycle and Bus, P2-07 and P2-16).  
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Table 6-12 Descriptive statitscs of PM2.5 concentrations per transport mode and 

class. Please note that only the regularly used transport modes are displayed - 

Train and Ferry have been excluded from this table.  

P1 TPM n mean sd median Min max range 

Outdoor rural 

Bicycle 42 2.1 0.5 2.0 1.4 3.5 2.1 

Bus 139 4.3 3.9 2.8 1.4 17.0 15.6 

Car 1,263 2.2 0.6 2.1 1.4 7.8 6.4 

Walk 99 2.3 1.7 2.0 1.4 12.6 11.2 

Outdoor urban 

Bicycle 196 7.6 1.5 7.3 5.0 11.5 6.5 

Bus 682 10.4 6.3 8.3 5.0 44.0 39.0 

Car 1,075 7.9 2.3 7.3 5.1 22.7 17.6 

Walk 479 9.0 3.7 7.9 5.1 36.0 30.9 

 
        

P2 TPM n mean sd median Min max range 

Outdoor rural 

Bicycle 33 2.5 0.7 2.3 1.6 4.3 2.7 

Bus 71 4.9 4.8 3.4 1.5 22.5 20.9 

Car 169 2.8 2.2 2.1 1.5 19.6 18.1 

Walk 78 3.1 2.8 2.1 1.3 20.9 19.6 

Outdoor urban 

Bicycle 202 12.5 6.4 9.3 5.8 25.5 19.8 

Bus 381 15.2 14.7 9.6 4.8 73.0 68.2 

Car 511 7.8 5.4 6.7 5.3 51.4 46.1 

Walk 652 8.1 3.2 7.2 4.8 34.3 29.6 
 

 

6.3.3.5 Concentrations influenced by type of heating & kitchen appliances 

In the questionnaires volunteers had to provide information about the heating 

system and the type of oven and cooker installed in their homes (Table 6-2). 

With all volunteers having gas central heating no conclusions can be drawn as 

to whether different heating systems affect indoor particulate levels differently. A 

few people used additional heating methods, e.g. two homes used electric, and 

two used solid fuel appliances. One person (P1-07) used a log fire as recorded 
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in the TAD (the person did not mention this in the questionnaire though). As the 

profile in Figure 6-12 shows, concentrations increased sharply when the fire is 

lit and decrease relatively quickly after the initial lighting.  

 

Figure 6-12 Graph showing the PM2.5 data with 1-minute resolution while a log-

fire is lit. The person in profile P1-07 lit a log fire on two days during their 

monitoring period. This can be seen in the Home ME where distinctive peaks 

appear as soon as the fire is lit at ~18:00 on the 8th and at 12:00 on the 10th of 

November. On both days concentrations drop to levels before the fire was lit 

within the hour. Data collection started on the 8th of November (a). Data gaps on 

the 10th of November (b) are due to the Dylos running out of power.  
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Regarding kitchen appliances, the only measure that can be analysed is the 

concentrations in the Home ME (Table 6-13). However this has to be looked at 

carefully because, as discussed in sections 6.3.3.1 and 6.3.3.2, there are a 

variety of sources and activities in the Home ME which make it difficult to relate 

differences in concentrations to the type of hob or oven used. PM2.5 emissions 

from cooking are expected to be mainly affected by the actual type of food and 

not the use of an electric or gas hob (compared to biomass or solid fuel use 

which will contribute more to the total concentration) (Abdullahi et al., 2013). 

The data in Table 6-13 are the same as shown in Table 6-3 but on this instance 

split by the type of oven/cooker available in the respective households. Mean 

values vary substantially between the individual profiles and suggest influences 

other than the type of cooking fuel the hob and/or oven are operating on.  
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Table 6-13 Tables showing the PM2.5 mean values (µg/m3) for the Home ME split by the type of oven/cooker. 
 

Profile 

PM2.5 mean (µg/m3) 
(with electric 
oven/cooker) 

P1-01-Home 3.1 
P1-02-Home 4.4 
P1-05-Home 4.1 
P1-17-Home 3.1 
P1-18-Home 7.7 
P2-14 Home 4.78 
P2-15 Home 7.37 
Average 4.9 

 

Profile 
PM2.5 mean (µg/m3) 
(gas oven/cooker) 

P1-12-Home 6.3 
P1-15-Home 12.6 
P1-16-Home 8.1 
P2-07 Home 7.95 
P2-11 Home 4.70 
P2-12 Home 8.14 
P2-13 Home 3.18 
Average 7.3 

 

Profile 
PM2.5 mean (µg/m3) (electric 
oven/gas cooker) 

P1-03-Home 2.1 
P1-04-Home 3.0 
P1-06-Home 11.4 
P1-07-Home 6.4 
P1-08-Home 2.7 
P1-13-Home 2.8 
P1-14-Home 3.9 
P1-19-Home 6.7 
P2-01 Home 14.14 
P2-02 Home 46.85 
P2-03 Home 8.22 
P2-04 Home 4.87 
P2-05 Home 32.20 
P2-06 Home 6.13 
P2-08 Home 4.55 
P2-09 Home 2.19 
P2-10 Home 3.54 
P2-16 Home 17.82 
Average 9.97 
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6.3.4 Discussion of individual profiles and exposure situations 

Each profile shows the personal exposure data of the respective participant, 

and since all profiles were recorded by an individual pursuing their own daily 

activities, profiles are not directly comparable between individuals even for the 

same time and day. A location that all study participants but one have in 

common is the workplace which means that in most cases, the work indoor 

environment is comparable. The urban background concentration levels for 

Edinburgh as measured at the St. Leonards fixed monitoring site represent the 

nearest reference concentration data for 11 of the individuals, who have their 

residential address in Edinburgh. The other six individuals have their home 

address in other areas where the Auchencorth Moss site or other AURN sites 

are closer (section 6.3.2). In the case of the weekend/holiday profiles individuals 

have been exposed to an entirely different background level to their residence.  

In the following individual profiles and the variations of measured concentrations 

across the MEs visited within these profiles are displayed, analysed and 

discussed.  

Following this, specific exposure situations of individual profiles are discussed in 

more detail. Here, all cases show (an) individual day(s) taken from a 

comprehensive profile. The y-axis changes from profile to profile according to 

the concentrations measured the x-axis depending on the length of the profile 

recorded on the respective day. 

For comparison the hourly PM2.5 values recorded at the two local fixed-site 

stations of the AURN which are also used for the evaluation of the Dylos in 

chapter 4 are shown for the respective days on which measurements were 
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conducted. One is an urban background station (Edinburgh St. Leonards), the 

other a rural station (Auchencorth Moss). The data is provided on the Scottish 

Air Quality website (Scottish Air Quality, 2013) through the Open Air application 

which also provides modelled wind speed and direction data (Carslaw and 

Ropkins, 2012). There are issues with data quality resulting in zero and 

negative values at both sites which are inherent to the measurement method 

and devices applied (chapter 4) and essentially indicates very low 

concentrations. While the TEOM-FDMS data has undergone quality control and 

is ratified, it represents measurements of particulate matter concentrations 

based on an accepted reference method, which results in zero or negative 

particle mass concentrations. It is highly unlikely that such concentrations do 

occur in reality, which highlights that such observations need to be viewed with 

care and can affect the comparison of different measurement methods. 

Additional weather data used in this chapter is provided by Dr. Massimo Vieno, 

taken from the weather station on the roof of one of the University of Edinburgh 

buildings in Edinburgh (University of Edinburgh, 2013) (55.922450 N, -

3.1724447 W) and represents the meteorological conditions in Edinburgh with 

sufficient accuracy for this pilot study. 

6.3.4.1 Variability of concentrations across the MEs visited within a profile 

Profile P1-07 shows how individual events and activities can influence the 

whole profile and affect summary values. P1-07 has a range of 184.6 µg/m3. 

Looking at the spread of concentrations across the six MEs the volunteer has 

visited over 5 consecutive days it is the Private residential building that 

dominates concentration levels with a mean concentration of 101.5 µg/m3 over 

a period of 42 minutes. This high concentration value is entirely driven by a 
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cooking event at a friend’s house and corroborates findings from other studies 

that cooking can cause high concentrations and exposures (Abdullahi et al., 

2013). Note that the monitor ran out of power hence the recording of this event 

only lasted for 42 minutes, while it can be assumed that concentrations stayed 

high for a longer period as seen in other profiles (section 6.3.4.4). Furthermore, 

the Home ME does stand out in this profile with maximum concentration peaks 

of up to 185.8 µg/m3 within a period of 5 minutes (black dots). This short term 

peak occurs when people and two dogs were getting ready to leave the house, 

which is in line with the findings by Ferro et al. (2004) that human (and in this 

case pet) activity can generate short term high PM concentration events. It is 

these short term peaks that strongly influence the range of the overall profile. 

The mean concentration value for Home is at 6.4 µg/m3 and as a summary 

measure integrating over a longer time period is not able to reveal short term 

peaks such as those just described. All other MEs display much smaller 

concentration ranges.  
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Figure 6-13 Concentrations per ME of profile P1-07. 

 

Similar to profile P1-07, the volunteer recording P1-14 also spent time in all six 

MEs over six consecutive days. Unlike P1-07, though, the concentrations 

encountered across the MEs are much more uniform and have a much 

narrower range of 65.4 µg/m3. The highest concentration (66.4 µg/m3) is 

recorded in the Public building ME which was after a theatre show finishes and 

people leave and therefore is likely to have been caused by resuspension and 

the personal clouds of people moving about. The Work ME has the smallest 

range in both profiles. 
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Figure 6-14 Concentration per ME of profile P1-14.  
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6.3.4.2 Example P1-03 and P1-05 -generally low concentration and 

weather/transport mode related data gaps  

 

Figure 6-15 a) Profile P1-03 showing data collected with 1-minute resolution on 

the second day of a monitoring period. PM2.5 concentrations are generally low 

with the maximum being 8.2 µg/m3. Part b) shows the second day of P1-05 

which has been recorded on the same day as the second day of P1-03. 

Concentrations are generally low for both profiles; however a different, 

individual pattern can be distinguished between them. 

 

The person recording the profile depicted in Figure 6-15a lives in central 

Edinburgh and commutes to Work by Bicycle, the distance measured as a 
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direct line between Home and Work is 7.5km. Due to rain the monitor had to be 

covered half way through the journey in the morning (~7:00-7:30) and for the 

entire return journey (~17:00). The increase of concentration at the Work place 

around 11:00 is at the time when staff came back to the office after a seminar. 

The monitor was left in the office which was shared by four people, on the floor 

next to the person’s desk. The gaps in the evening were due to rain when the 

person was walking to their destination. The short-term increase (note that 

concentrations are still <10 µg/m3) at the beginning and end of the visit to the 

Public building ME where the person attended a dance class are likely due to 

the volunteer and other people arriving, moving about and getting ready to 

leave, which created turbulence and caused resuspension of particles. During 

the class the monitor was located at the side of the room where levels remained 

low (<4 µg/m3). This suggests that only movement in the direct vicinity of the 

monitor causes increased levels that are picked up by the monitor. A similar 

observation has been made in a sports hall where people played badminton 

and the monitor was located at the side, recording low values throughout. Note 

that there are only very limited GPS recordings available for this profile because 

the monitoring pack was not used outdoors due to adverse weather conditions.  

Figure 6-15b shows data recorded on the same day as for P1-03 displayed in 

Figure 6-15a. This person also lives in the urban environment of Edinburgh and 

commutes to the same Workplace (distance 8.8km). Notable differences are the 

higher levels at the Home and Transport MEs. The increase at Home around 

6:00 might be caused by the volunteer’s cat. In the morning the person Walked 

to the bus stop, briefly calling in at a post office. The second part of the 

commute was by Bus. Here the highest concentrations of about 16 µg/m3 were 

recorded in the first half of the bus journey (see pink dots on the GPS location 
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map in Figure 6-16). Work is, like in Figure 6-15a, characterised by low 

concentrations with values <2 µg/m3. This person is located in an open plan 

office with people frequently coming and going. Movements in the open plan 

office seem however not to be picked up by the Dylos which was placed at the 

person’s desk in the far corner of the room, away from the door. This further 

supports the assumption that only movement in the direct vicinity of the Dylos 

leads to a measurable increase in particle concentrations. The return journey in 

the evening follows a different route and is done by Car, Bus and the last leg by 

Walking. When Walking along a main road the highest values of this journey 

(~12-14 µg/m3) are observed. The detailed information in the TAD provided by 

the volunteer made it possible to distinguish between exposure situations along 

main roads, minor roads or away from roads. These values are not shown on 

the GPS map (Figure 6-16) due to confidentiality reasons, as they are in close 

proximity to the volunteer's home. In the evening (~20:00-21:30) cooking and 

cleaning increased concentration levels at Home to just over 10 µg/m3 for a 

short period, slowly decreasing again over night. 
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Figure 6-16 GPS tracks of P1-05 showing the PM2.5 concentration (µg/m3) 

logged once per minute. Note that only confidential GPS points are shown, in 

particular indoor MEs do not have GPS logs. Also shown are the locations of 

the fixed site stations St. Leonards, Auchencorth Moss and the location of 

CEH. Highest concentrations (pink dots) occurred during a bus journey, 

lowest (turquoise dots) near the workplace 
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Figure 6-17 Hourly PM2.5 data from the two fixed site monitoring stations 

Auchencorth Moss and Edinburgh St. Leonards and hourly values derived from 

the personal Dylos measurements for the two profiles recorded on the 13th of 

November. The daily mean recorded at Auchencorth Moss was 0 µg/m3, a 

value unlikely representing real world concentrations, but is due to the 

measurement method (section 4.2.1). Note that there is no measured daily 

value provided for Edinburgh St. Leonards. 

 

The hourly PM2.5 values recorded at the urban background station (PM2.5_ED3) 

are either negative or zero during the night and the morning, which are in line 

with the low values recorded at Home. When the volunteers were at Work the 

values measured at the rural station (PM2.5_ACTH) varied between negative 

values and 4 µg/m3 while the daily mean was recorded as 0 µg/m3. This 

corresponds to the low values measured by both volunteers at the workplace 

(~9:00-18:00). In the evening hours the urban levels vary between negative 

concentrations and a maximum of 8 µg/m3 at 21:00. This increase of PM2.5 
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concentrations form roughly 19:00 onwards is due to traffic and is in line with 

the higher concentrations measured when the volunteer was walking along a 

main road (~19:40-20:00, PM2.5_Dylos_P1-05, blue line). All together the low 

concentrations measured at both sites are in line with the generally low 

concentrations in both profiles recorded over the 24 hours. Generally the low 

levels between personal and stationary measurements agree, however it is only 

the personal measurements that can capture and make visible the fine details of 

concentration changes.  

The volunteers were asked to provide information in the TADs about the 

weather on the monitoring days. For this day the volunteers reported rain/a bit 

of rain, cloudy and 10˚C. This corresponds to the fact that the monitor could not 

be used outdoors in one of the profiles and the relative humidity of ~70-90% 

increasing to 100% in the evening, measured at the weather station at the 

University of Edinburgh.  
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6.3.4.3 Example P1-17 - variety of concentrations across different MEs and 

noise related data gap. 

 

Figure 6-18 Data from one day of profile P1-17, showing PM2.5 concentrations 

with 1-minute resolution and the five MEs the volunteer visited during the day in 

different colours.  

 

Figure 6-18 shows the personal variation in exposure to PM2.5 as recorded in 

P1-17 on the 20th of November 2012. The person visited all but the Private 

residential building ME during the day. The profile starts at Home located in a 

large urban area, where the person stayed until ~ 08:00 and concentrations are 

generally low. Transport to Work (~08:00-08:45) was done by running with the 

monitor carried on the front. The first part of this journey was in a mainly urban 

area but avoiding the main roads before the route leads out into the 

countryside. As the Work ME is located in a rural, low pollution environment, 

concentrations measured do not exceed 6 µg/m3. All other Transport activities 

were conducted by car (~16:00-16:20, ~18:40-19:15 and ~22:15-22:30) with up 

to four passengers and show slightly higher concentrations which can be due to 

the actual transport mode, the location of the Outdoor urban environment and 

the movement and personal cloud contribution of the people in the Car. Outdoor 
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other comprised walking around Edinburgh city centre which shows variability in 

concentrations. Public buildings visited were a train station (~17:04-17:10) 

which is a busy and unique environment covered by a roof, but with both trains 

and taxis inside the station contributing emissions that would otherwise only be 

found outdoors. This visit results in a short term peak concentration of ~34 

µg/m3. Since January 2014, the station is closed for private cars and taxis and 

only authorised vehicles can enter (BBC News, 2014). While this was 

introduced due to security concerns, it should have a positive effect on air 

quality inside the station compound. After leaving the train station, the person 

spent some time in a cafe (~17:30-18:30). The data gap (~19:15-22:15) is due 

to the volunteer visiting a concert for which the monitor was considered as 

being too noisy and was therefore left in the car. 

 

Figure 6-19 Hourly PM2.5 data from the two fixed site monitoring stations 

Auchencorth Moss (PM2.5_ACTH) and Edinburgh St. Leonards 

(PM2.5_ED3). The daily mean recorded at Auchencorth Moss was 2 µg/m3. 
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Hourly values derived from the personal Dylos measurements for the 20th of 

November (PM2.5_Dylos) are shown as black line. On this day no GPS data 

has been recorded.  
Hourly PM2.5 concentrations measured at the rural station Auchencorth Moss 

(PM2.5_ACTH) and the urban background station St. Leonards (PM2.5_ED3) 

for the 20th of November 2012 are shown in Figure 6-19. This person lives in an 

urban area between the Auchencorth Moss site and the Work environment (4.3 

km to Auchencorth Moss, 4.1 km to Work and 13.3 km to St. Leonards) and it is 

thus suggested that measurements from St. Leonards are not representative for 

the persons Home ME. During the night concentrations at both sites were low 

and included zero and negative values. In the morning concentrations at 

Auchencorth Moss picked up and reach 5 µg/m3 by 9:00 before they dropped 

down to zero and negative values again. After that there was a data gap until 

18:00 due to instrument issues. The large number of zero and negative values 

at Auchencorth Moss during the day indicate very low concentrations and 

correspond to low values measured both in the Home and Work environment.  

The urban background concentrations measured at St. Leonards are at 1 µg/m3 

at 16:00 when the person left work and headed into Edinburgh city centre. 

Concentrations increase to 3 µg/m3 before they reached a negative value again 

and then showed a peak of 10 µg/m3 at 20:00. Edinburgh St. Leonards 

measurements between the hours of 16:00 and 22:00 varied a lot and did not 

correspond well with the Dylos measurements highlighting the difficulties of 

assessing personal exposure based on fixed-site monitoring. The increase in 

the evening between 19:00-20:00, which occurred on all evenings discussed in 

this chapter, was probably due to evening rush hour traffic emissions.  
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According to the volunteers' notes it was a dry day which is in line with the 

weather parameters from the station at Edinburgh University, with temperature 

varying between 8 and 13˚C and relative humidity between 60-90%.  
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6.3.4.4 Example P2-05 - Long lasting high concentrations due to cooking 

 

 

Figure 6-20 PM2.5 concentrations (1-minute resolution) on two consecutive 

days. While concentrations are generally low, there are notably higher 

concentrations in the Home environment (a and b). This profile also illustrates 

differences in the very low concentrations at the Work environment due to 

movement (c and d). Data gaps on the 9th of May are due to leaving the Dylos 

in a locker in the swimming pool (~18:20) and a flat battery (~21:00-22:30). 
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The profile extract shown in Figure 6-20 is an example for increased 

concentrations at Home due to a cooking event, which is broken down into 

different stages as follows: 

a) On the evening of the 9th of May the volunteer has been at Home 

chargrilling food in the kitchen commencing at ~20:00. The kitchen filled 

up with smoke quickly and concentrations increased rapidly to values 

>200 µg/m3. The extractor fan was turned on and the window opened. 

Note that the kitchen door was open, so when the person moved from 

the kitchen to the living room at around 20:21, carrying the monitoring 

pack with them, concentrations remained high, in fact the maximum 

concentration of 211 µg/m3 is reached at 20:24. The Dylos then ran out of 

battery power and was not monitoring consistently until the person 

returned from a short period in Outdoor other and plugged the monitor in 

at 22:16. Note that the concentrations were still high inside (~110 µg/m3) 

when the person returned Home.  

b) The concentrations stayed high in the Home ME and decreased only 

slowly overnight, falling below 25 µg/m3 after 1:15 on the 10th of May. The 

volunteer perceived this as is reflected in their TAD ”... I did fill my 

kitchen with smoke char grilling before I remembered to open window 

and turn on fan... probably lingered most of night.” 

c) On the 9th of May levels in the Work environment were generally very 

low. Differences can however be seen between a quiet lab where gas 

samples are handled (~14:30-14:50 and 15:00-15:35) and a busy lab 

where soil samples are processed (~14:50-15:00 and 15:35-16:25). The 

impact of human activity when moving around the building and changing 
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rooms is nicely shown in this dataset. The gap in the evening (~18:20) is 

when the person went to a public swimming pool and had to leave the 

Dylos in a locker for a short period. Levels observed in the swimming 

pool were low, with short term peaks at the beginning and end of the visit 

due to handling. The person noted that the changing room visited at the 

end was very busy and probably there were a lot of aerosol sprays in the 

air.  

d) Levels in the Work environment on the 10th of May were generally low, 

however differences were picked up by the monitor when the person 

went to the common room for tea break (~10:46-11:00) and when 

moving around the building opening doors. This is likely due to 

movement and activity in the direct vicinity of the monitor causing short 

term increases of PM levels due to turbulence and resuspension.  
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Figure 6-21 Map showing the GPS tracks of P2-05 and the respective PM2.5 

concentration (µg/m3) logged once per minute. Also shown in the map are the 

locations of the fixed site stations St. Leonards, Auchencorth Moss and the 

location of CEH. Concentrations during the journey in the evening of the 9th of 

May are lower (blue and turquoise dots, East) while concentrations are highest 

on the city Bypass during the morning rush hour of the 10th of May (pink and 

purple dots, West). Lowest concentrations have been recorded during a walk at 

lunchtime (turquoise dots, South). Note that the concentrations shown in this 

map do not exceed 8.3 µg/m3.  
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Figure 6-22 Hourly PM2.5 data from the two fixed site monitoring stations 

Auchencorth Moss (PM2.5_ACTH) and Edinburgh St. Leonards (PM2.5_ED3) 

and hourly values derived from the personal Dylos measurements 

(PM2.5_Dylos) for the period 9-10th of May. Daily means for Auchencorth Moss 

were 4 µg/m3 on the 9th and 3 µg/m3 on the 10th of May. The data is presented 

on a logarithmic scale to accommodate peak concentrations arising from the 

cooking, thus negative values recorded at Auchencorth Moss are not shown. 

 

The urban background data increases in the evening of the 9th from ~19:00 

onwards which is probably due to traffic (Figure 6-22). A change in wind 

direction to N/NE during the evening is in line with an increase of PM2.5 levels at 

both St. Leonards and Auchencorth Moss around 21:00. Note that this is not 

correlated with the increase in Dylos measurements, which is entirely due to the 

cooking event, but rather due to long-range transport contributing to increases 

in rural and urban background concentrations. This highlights the specific 

challenges in applying fixed-site measurements to an individual that is not only 

moving in space and time but is also exposed to local and indoor sources which 

cannot typically be resolved by a single point measurements.   



6 Personal exposure in a variety of MEs- results  217 

6.3.4.5 Example P2-16 - Elevated background concentrations due to long-

range transport and atmospheric conditions 

 

Figure 6-23 The profile shows PM2.5 concentrations on two consecutive days 

with 1-minute resolution. All data is recorded in an urban environment until the 

person commutes to Work on the 20th of May.  

 

The profile extract shown in Figure 6-23 has been mentioned in this chapter 

before as it stands out with constantly elevated concentrations in all MEs visited 

which are due to an incoming air mass from the North-East and very stable 

atmospheric conditions leading to accumulation of air pollutants in the boundary 

layer:  

a) The volunteer spent the afternoon of the 19th of May in Edinburgh city 

centre where a bicycle rally was taking place (Outdoor other, Transport 
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and Public building). For this bicycle rally the roads along which the 

person cycled in the city centre were closed for motorised traffic just 

before the cyclists went through. Urban background concentrations seem 

to be notably higher than in other profiles recorded in the urban 

environment (e.g. Figure 6-15) resulting in constantly elevated levels of 

~20-25 µg/m3 in Outdoor other and ~12-25 µg/m3 at Home.  

b) During the night of the 20th of May Home background concentrations 

increased and stayed high at ~20 µg/m3 in the morning hours. While 

waiting at the bus stop and during the actual bus journey to work in the 

morning concentrations increased to over 60 µg/m3. Such high 

concentrations have not been recorded in any other bus journey during 

this pilot study. Note that in the Work environment which is in a rural area 

with few built-up areas around it, concentrations were lower than in the 

urban environment (~10 µg/m3), but on average higher than usually 

observed during this pilot study.  
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Figure 6-24 The map shows the GPS track of P2-16 on the 19th of May (there 

was no GPS data recorded on the 20th) and the respective PM2.5 concentration 

(µg/m3) logged once per minute. Note that due to the small range of 

concentrations the data has been grouped in three classes only. Also shown in 

the map is the location of the fixed site station St. Leonards. The mix of 

concentrations in the park is when the volunteer was walking up and down the 

park where hundreds of cyclists were gathering, stopping and chatting with 

people. Highest concentrations (pink dots) have been recorded when the group 

of cyclists went through the city centre which was closed off for traffic and when 

the rally came to an end and all cyclists gathered.  
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Figure 6-25 Hourly PM2.5 data from the fixed site monitoring station Edinburgh 

St. Leonards (PM2.5_ED3) and hourly PM2.5 values derived from the personal 

measurements with the Dylos (PM2.5_Dylos, black). Hourly data for the rural 

station Auchencorth Moss is missing for these dates, a daily value is however 

provided at 11 µg/m3 on both days. Note that the personal PM2.5 data only 

covers the hours between 13:00 until 15:00 on the following day. Hourly urban 

background data and the daily mean are however depicted for the full 48 hours 

to show the build up of PM2.5 concentrations.  

 

Levels at St. Leonards, which in this case was only 700m away from the 

person's residence, increase from 14 µg/m3 at 9:00 to 28 µg/m3 at 19:00 on the 

19th of May. Which means by the time the personal measurements started 

urban background levels were already elevated at 24 µg/m3. Hourly values then 

dropped for two hours to 22 µg/m3 and 20 µg/m3 respectively before 

concentrations increased again overnight to reach a peak of 36 µg/m3 at 4:00 in 
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the morning. This overnight increase is also picked up by the personal 

measurements (black line and Figure 6-23).  

For the hours 7:00-8:00 on the morning of the 20th of May, which was when the 

person commuted to Work by Bus, hourly mean values at St. Leonards were 

still at 32 µg/m3 and 35 µg/m3 respectively. The steep decline in the Dylos data 

shows the difference between the urban environment and the rural environment 

where the work place is located. Concentrations recorded at Work are higher 

than in other profiles recorded with values between 6.2 µg/m3 and 15.1 µg/m3. 

Unfortunately hourly data for the nearby rural background station is missing for 

those days. The daily mean recorded with a different device is available though 

and is reported at 11 µg/m3 on both days, which is much higher than on any of 

the other days discussed in this chapter. Preliminary data from the MARGA 

(section 4.2.1) deployed at Auchencorth Moss for the two day period 19-

20/05/2013 shows how large the relative contribution of SO4
2-, NO3

- and NH4 of 

the total PM2.5 is. These pollutants are characteristic for long-range transport 

episodes bringing in polluted air masses from continental Europe. Generally, air 

masses from Northern and Eastern Europe are associated with contributing to 

the highest PM2.5 concentrations in Scotland and there is also evidence for air 

masses coming in from the South that have passed over large land areas in 

England and, previously, continental Europe, contributing secondary aerosols 

formed from precursors emissions from these respective regions (Air Quality 

Consultants, 2012).  
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Figure 6-26 Hourly data recorded with the MARGA at Auchencorth Moss 

showing the PM2.5 composition on the two days when P2-16 was recorded.  

 

Urban background levels and the personal measurements on these two days 

are much higher than on other monitoring days in this pilot study. Data for other 

pollutants measured at St. Leonards and the modelled wind speed and direction 

data (Figure 6-27) reveal that PM2.5 had already been increasing from the 18th 

of May. This increase coincided with the wind coming from the East, which 

brought in air masses from continental Europe carrying a large amount of 

inorganic aerosols (Figure 6-26). The wind speed decreased steadily until 

midday of the 19th of May. A change of wind direction to more westerly winds in 

the afternoon brought a slight increase of wind speed and a short term drop of 

PM concentrations. Please note that the wind speed measured at the weather 

station on the Edinburgh University building stayed however between 0 and 4 

m/s for the 48 hours which is much less in comparison to times when other 
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profiles were recorded in May 2013, and is in line with the modelled data shown 

in Figure 6-27. Concentrations rose again during the evening hours and the 

night. The influx of air from the East plus relatively stable conditions, with slow 

wind speeds will have reduced mixing conditions in the boundary layer and 

prevented dispersion of pollutants from long range transport and local traffic 

emissions. This accumulation of pollutants was picked up by the personal 

monitor as well as at the fixed site station.  

On the morning of the 20th of May the concentrations of NOx, which is a traffic 

related pollutant, showed a characteristic bump for the morning rush hour 

(Figure 6-27). Therefore it is likely that high personal exposure measurements 

during the commute to work can be attributed to traffic particle emissions, but a 

component of the observed concentration values is also still due to the tail end 

of the stable atmospheric conditions.  
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Figure 6-27 Time series for St. Leonards AURN station from 18-20th of May 2013 showing measured PM2.5 and NOx as well as modelled 

wind direction and wind speed.  
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Figure 6-28 Surface temperature and relative humidity for the period 19-

20/05/2012, logged once per minute. The data is taken from the weather station 

on the roof of one of the University of Edinburgh buildings (section 6.3.4), 

located in Outdoor urban and represents the weather parameters of the urban 

area well.  

 

The weather conditions reported by the volunteer in the TAD during those two 

days were calm and mild with high humidity. The person also reported haar 

(coastal fog) on the morning of the19th of May which did not lift until lunchtime. 

This is reflected in the weather parameters measured at Edinburgh University 

(Figure 6-28) with relative humidity around 100% all afternoon of the 19th until 

~17:00 when it dropped slightly. Overnight it reached the ~100% again until it 

dropped around midday of the 20th. The surface temperature increased from 

~9˚C at ~14:00 to ~12-13˚C in the evening and stayed stable all through the 

night. On the 20th of May it increased from ~10:30 onwards to ~20˚C at 14:00.  
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High humidity, the mild weather and the low wind speed suggest that there was 

limited air exchange and dispersion of pollutants occurring, thus PM could 

accumulate to increased background levels in the urban (and rural) area. This 

will also have affected the PM2.5 levels in the Home ME which had a mean of 

17.8 µg/m3. This is relatively high compared to profiles shown and discussed 

earlier (Figure 6-15), especially considering there were no specific high 

concentration events happening in the Home as in the profiles shown in Figure 

6-29 and Figure 6-20. 

This data supports the volunteer’s observations of the weather and the effect of 

pollution accumulation due to humid, calm and stable weather conditions. 
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6.3.4.6 Example P2-02 - Long lasting high concentrations - unexplained and 

due to baking 

 

Figure 6-29 PM2.5 concentrations (1-minute resolution) on two consecutive 

days. While concentrations are generally low, there are notably higher 

concentrations in the Home environment.  

 

The data shown in Figure 6-29 is characterised by two distinctive high 

concentration events in the Home ME: 

a) On the evening of the 21st of May concentrations increased from 21:30 

onwards. The first small increase coincided with the person using a 

vacuum cleaner for a short period (~21:30-21:42). Afterwards the person 

was in the living room pursuing quiet activities with the monitor at their 

side. The strong increase from ~22:00 onwards remains unexplained. 

The person could not recall any event or activity that could have 
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triggered such an increase in PM levels, neither by themselves nor by 

their flatmates. Neither were there any obvious outdoor sources or 

events that could explain the high concentrations. The maximum of 197.6 

µg/m3 was reached at 23:32. Please note that the concentrations stay 

high all through the night and only decrease very slowly. The monitor 

was placed in the living room overnight, otherwise it was with the person 

all the time.  

b) On the 22nd of May concentrations were low, also note that 

concentrations in the Home environment have decreased to levels of <10 

µg/m3 after ~8:30. In the evening the volunteer did some baking (electric 

oven). The oven was opened for the first time around 19:08 which 

increased the concentration instantly to 24.5 µg/m3, increasing further 

with the maximum concentration of 265 µg/m3 occurred at 20:04. Note 

that this is much higher than the maximum recorded on the evening 

before. According to the volunteer the oven used for baking is more 

“...like a charcoal burner”. The window was opened after the oven was 

opened for the first time and stayed open for the remaining time. The 

kitchen door was closed and no extractor fan was used. Sharp drops in 

concentration occurred when the person left the kitchen carrying the 

monitoring pack with them. Please note that concentrations are despite a 

closed kitchen door still at ~50 µg/m3 outside the kitchen, which shows 

how PM levels even out between rooms by infiltration (section 5.3.1.1). 

Once the person left Home the concentration dropped instantly to 6.3 

µg/m3 while Walking in an Outdoor urban environment.  
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Figure 6-30 The map shows the GPS track of P2-02 on the 21st of May (there is 

no GPS data available for the 22nd) and the respective PM2.5 concentration 

(µg/m3) logged once per minute. The urban background station St. Leonards is 

shown as well. Lowest concentrations have been recorded while walking along 

a main road during the evening rush hour (northern track). Higher values have 

been recorded when driving in a car and walking during the morning rush hour 

(southern track). 
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Figure 6-31 Hourly PM2.5 data from the fixed site monitoring station Edinburgh 

St. Leonards (PM2.5_ED3). The black line shows the hourly values derived 

from the personal Dylos measurements (PM2.5_Dylos). The person spent all 

the time in Edinburgh City. This includes the Work ME. Note that the graph is 

shown on a logarithmic scale to accommodate the peak values thus negative 

values recorded at St. Leonards are not displayed. 

 

The hourly concentrations recorded for the 21st of May at St. Leonards are 

shown in Figure 6-31 with the maximum concentration of 13 µg/m3 measured at 

3:00 (note that this is the day following the high PM2.5 episode discussed in 

section 6.3.4.5) decreasing to levels between 4 µg/m3 and 8 µg/m3 during the 

day (6:00-18:00). The personal exposure measurements show decreasing 

concentrations overnight from ~7 µg/m3 down to 4 µg/m3 in the early morning 

which is in line with the urban background data. During the day, personal 

concentrations varied depending on the activity but generally stay below 10 

µg/m3.  
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The instrument at St. Leonards picked up the daily increase in the early evening 

due to traffic. Concentrations increased slightly after that to 7 µg/m3 at 21:00 to 

22:00 on the evening of the 21st and decreased thereafter to 4 µg/m3and 3 

µg/m3 at midnight. Assessing ambient concentrations of NOx for the same 

period, as well as the modelled wind speed and direction (Figure 6-32), there is 

no immediate explanation for the high and long lasting concentrations 

measured in the Home ME on this evening. Whatever caused the PM2.5 

increase in the flat was not driven by atmospheric or meteorological conditions, 

as neither the urban background station, nor the rural station (not shown in this 

graph) show similar behaviour. The source must be local, if not indoors.  

On the 22nd of May hourly mean concentrations of PM2.5 at the urban 

background station ranged between 4 µg/m3 and 5 µg/m3 overnight with a 

decreasing tendency (Figure 6-31). They showed an increase again from 6:00 

and varied between 1 µg/m3 and 10 µg/m3 (at 14:00) during the day. Personal 

measurements stayed at notably higher levels (10-32 µg/m3) at Home until 

~8:30 due to the unexplained high concentrations. In the evening, background 

concentrations were low with values between 1 µg/m3 and 5 µg/m3 and showed 

an increase due to evening rush hour traffic emissions around 20:00. The 

volunteer did not report on the weather conditions in the TAD. The data from the 

weather station did not show any unusual pattern. 
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Figure 6-32 Time series for St. Leonards from 21-22nd of May 2013 showing measured PM2.5, NOx as well as modelled wind direction 

and wind speed. 
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6.4 Discussion 

This pilot study was specifically set up to test, according to the first and second 

hypothesis (section 1.2), if the monitoring equipment can be considered feasible 

for robustly assessing personal exposure to PM2.5 during everyday activities; 

and according to the third hypothesis, if the methodology is suitable to analyse 

the (causes for) differences in concentrations depending on lifestyle, time-

activity patterns and other contextual factors. As an explorative study, its 

objective was to expand the scope of personal monitoring with currently 

available technologies (section 2.6). The dataset thus comprises data collected 

during a large variety of activities and in very different environments.  

The study population has not been chosen to represent any specific 

subpopulation, but is simply based on the interest of the volunteer in the subject 

and available resources. Thus there is no balanced split between urban and 

rural neighbourhoods, with people living in rural areas being underrepresented 

(section 6.3.1.2). The neighbourhoods that volunteers live in are therefore 

relatively similar with respect to infrastructure and distance to certain features. 

Based on this the ambient background concentrations are also assumed to be 

relatively similar, although people’s individual perception of their 

neighbourhoods varies (section 6.3.1.2). Most residences are located in the 

greater urban area of Edinburgh with only a few being further away and in 

different locales. The distance between the volunteer’s homes and the two 

fixed-site stations Auchencorth Moss and St. Leonards varies a lot (section 

6.3.2). Given the time-activity patterns with extensive commuting to work and 

travelling for leisure, the measurements from these sites cannot accurately 

represent personal exposure.  
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Regarding time-activity patterns (section 6.3.1.3), the data collected is 

comparable with findings elsewhere, e.g. the European average of 90% of the 

time spent Indoors despite the inclusion of weekend and holiday profiles which 

comprise more time spent outdoors. The split between the time spent in 

Outdoor urban and Outdoor rural environments shows that the majority of time 

is spent in urban areas of the Central Belt, where volunteers live. The rural 

environment which covers a vast area of Scotland is mainly visited on 

weekends or during holidays. In this study the exception is the workplace, which 

is in a rural area and shows very low concentrations both indoors as well as 

when people spent time outdoors in the vicinity of the workplace.  

The variety of individual profiles and of profiles derived by the same person on 

different days is summarised in Figure 6-3. The analysis and discussion of 

individual profiles and exposure situations (section 6.3.4) supports the 

hypothesis stated in section 1.2. “Depending on environment, personal time-

activity patterns and other contextual factors, exposure to air pollution is notably 

different between individuals, which can be revealed by personal monitoring”. 

The individual differences between profiles and in fact within profiles, depending 

on the exposure situation, highlight the importance and main purpose of 

deriving personal exposure measurements. 

The variety of concentrations within individual MEs is also clearly illustrated. 

Since MEs generalise a certain number of individual activities there is a certain 

inherent variability of concentrations within each ME (section 6.3.3). Some MEs, 

like the Home or Public building have wider ranges because of the variety of 

activities, sources and exposure situations. While others like the Work and 

Transport ME are much more uniform. When looking at individual profiles and 
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their spread of concentrations across the MEs visited (section 6.3.4.1) it 

becomes obvious though that individual events can cause very different 

spreads of ME concentrations between the profiles.  

The same applies to the split between Indoor, Outdoor urban and Outdoor rural. 

Indoors has the widest range of concentrations while Outdoor rural has the 

smallest (section 6.3.3.3). This is partly influenced by the background 

concentrations and atmospheric conditions, but also by the individual activities 

which are usually indoors, often causing very high concentrations. To a certain 

degree short-term elevated outdoor concentrations are probably caused by 

movement in the direct vicinity and handling of the monitoring equipment. 

The data also shows that Outdoor urban means are consistently higher than the 

Outdoor rural mean concentrations for all analysed transport modes (section 

6.3.3.4). In addition, it is shown that the mean concentrations in Phase 2 are 

generally higher than in Phase 1. This can be due to seasonal differences, but 

will primarily be influenced by individual exposure situations. In transport peak 

measurements are often caused by movement and handling at the beginning 

and end of journeys, which will influence the mean values.  

Analysing individual profiles (section 6.3.4) shows that the methodology applied 

faces challenges in particular inherent to the devices applied, as already (partly) 

discussed in chapter 5. For instance, profiles often do not have full GPS 

coverage as the device does not get a signal fast enough after a cold start or 

after signal loss (e.g. P2-02) and therefore cannot resolve all movements and 

(especially) changes between indoor and outdoor environments. An additional 

challenge is presented by confidentiality issues, which require taking out a 

certain number of GPS logs in the immediate vicinity of study participant's 
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homes to protect their identity, which in some cases (P1-03) reduces the 

number of usable, valid GPS logs to a very small number. Handling errors and 

issues with battery lifetime (P2-16 and P1-17) also limit the number of GPS 

points as discussed in section 5.3.2.2 . 

Data gaps in monitoring ambient particle number concentrations (and 

subsequently PM2.5) are due to adverse weather conditions (P1-03) or the noise 

level of the monitor (P1-17). Limitations of battery runtime and human errors i.e. 

forgetting to charge the monitor when stationary, introduce further data gaps 

(P2-05). 

Regarding the interpretation of the results it is clear that not every activity, 

situation, source and the interaction between these different contributing factors 

that cause certain concentration levels can be unambiguously identified and 

used to conduct reliable source-apportionments for specific exposure situations. 

This partly depends on the degree of detail in the information the volunteer 

provides and the methodology of linking this contextual data with GPS and PM 

data, but is also due to the multiple complex influences contributing to (changes 

in) ambient PM concentrations. In other cases, such as the unexplained high 

concentration levels in P2-02, there is simply no obvious activity or source that 

can be related to the concentration increase. These challenges can be partly 

overcome by the generation of more detailed datasets; for instance including 

other size fractions, such as UFP and the actual physical characteristics and 

chemical composition of the particles. This additional information could enable 

more accurate and reliable source apportionments due to source fingerprints 

and thus further conclusions could be drawn.  
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As discussed in chapter 5, precise changeover times between MEs cannot 

always be determined, therefore logs in those “grey areas” (section 5.3.3.3) 

may be allocated to the wrong ME (e.g. P2-05). Ambiguity regarding the 

allocation of MEs could be reduced with an integrated device providing PM and 

GPS data with one common timestamp that would improve the alignment of 

objective, logged and subjective time-activity data provided by the volunteer. 

The use of cameras would be another option, providing time stamped 

photographic evidence of when a person was in a particular location. Collecting 

or recording time-activity data is a highly topical issue with many solutions and 

possibilities to work with (as discussed in chapter 2) and needs further 

investigation.  

It is within these “grey areas” that increased PM levels have been interpreted 

based on time-activity information as handling and movement in the vicinity of 

the monitor. This is different from case to case (e.g. P1-03 and P1-05). Based 

on the researcher’s interpretation the data implies that movement in the direct 

vicinity of the monitor causes an increase in PNC (PM2.5). This can be due to 

the disturbance of the air, causing turbulence and resuspension of particles. It is 

also possible that the personal cloud effect influences the PM levels. 

The assessment of personal exposure data in this way can only provide a 

snapshot of the full exposure situation. Incorporating measurements for 

additional pollutants from fixed-site monitors, including meteorological 

parameters, can yield more insight into certain PM levels measured with the 

monitoring pack (e.g. P2-16).  

 

 
 



238  Personal exposure in a variety of MEs- results 6 
 
6.5 Conclusions 

Personal exposure monitoring provides a much greater insight into the highly 

variable concentrations of ambient pollution a person is exposed to during the 

course of day, or several days, as would be possible with static point 

measurements. 

Personal exposure is as stated in the third hypothesis (section 1.2), driven by 

the individual’s activities and habits. The approach taken in this study allows an 

in-depth analysis of individual exposure across a full set of MEs and activities 

over a short period of time. Enriching the PM2.5 concentrations in space and 

time with contextual data regarding activities and broad environments as well as 

influences in the direct vicinity of the person (but caused by other individuals) 

highlight how varied individual exposure and the factors influencing it can be.  

However, as the data analysis clearly indicates, personal exposure is also 

influenced by the environments the person spends time in and the other people 

present in these environments. The natural environment also influences the 

ambient concentrations and thus the personal exposure. Breaking the personal 

PM2.5 exposure data down according to urban and rural environments highlights 

the difference which is also picked up by the routine background measurements 

made with reference instruments. Further investigations to better resolve the 

differentiation between urban and rural characteristics of the environment in 

personal exposure studies are recommended.  

At the same time the environment influences people’s perception of exposure to 

air pollution. With air pollution being difficult to see or notice, except when at 

really high levels (as for instance currently observed in Chinese cities), it is 
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more the context and activities that influence people’s perception of exposure 

than actual sensory experience of pollutant levels. 

Cooking and baking activities stand out in this pilot study with several profiles 

where these activities cause distinct peak exposures. General assumptions on 

cooking fuel or type of food cannot be derived from this study, as the data 

collection was not specifically targeted at such an analysis. The data collected 

for the Home ME can serve as an indication of exposure due to these activities, 

but is not sufficient for an in-depth analysis. The same accounts for the 

influence of the type of space heating. All households in this pilot study have 

gas central heating preventing any comparison, however, the impact of solid 

fuels used in a log fire can be seen in one profile (section 6.3.3.5).  

Indoor environments are very interesting for a variety of reasons. People tend to 

spend a large amount of time in these environments and the range of pollution 

sources and exposure situations is substantial. In this pilot study the Work 

indoor environment was the same for all individuals (apart from one person, 

where mean values for their respective Work environment were however similar 

to the others) and despite having similar average concentrations, differences 

due to individual activities were revealed with the personal monitoring data. 

In summary people are exposed to higher levels of PM in indoor environments 

where they also spend most of their time. However, how this affects human 

health is not only determined by time and dose, but also by the type of pollutant 

which with the approach applied cannot be determined.  
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7 General Discussion & Conclusions 

This final chapter reflects on the findings of the study conducted and considers 

its implications for exposure research, public health and policy advice. The 

potentials and limitations of the methodology applied are discussed and 

recommendations for further studies in this research area are proposed.  

 

7.1 Overview 

This thesis describes the development and application of a methodology for 

monitoring personal exposure to fine particulate matter in a variety of 

microenvironments. The incentive behind studying personal exposure in 

everyday situations and microenvironments has been discussed, the motivation 

for the monitoring approach taken and study design applied have been outlined: 

to monitor personal exposure to PM2.5 capturing the full heterogeneity of 

exposure situations in people’s daily lives (chapter 2).  

The pilot study conducted has demonstrated how the methodology developed 

can contribute to the scientific debate about individual lifestyle and contextual 

factors affecting personal exposure. In particular it has highlighted that the low-

cost monitoring approach chosen provides robust results to analyse individual 

exposure with a high spatiotemporal resolution across a variety of 

microenvironments.  

The methodology applied has illustrated the complexity of individual exposure to 

a specific pollutant. Time-activity patterns and the general environment 
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influence a person’s exposure as well as the activities of other people in their 

vicinity.  

The information gained through personal monitoring studies, which naturally 

provides a high level of detail for a small sample size, sets the scene and 

provides a methodological basis for further studies. The results obtained can 

directly inform the design of larger-scale studies to underpin and deliver 

evidence for policy decisions regarding ecological public health and the 

development of air quality policies. Personal monitoring is just one component 

of a whole assessment process across a variety of disciplines aiming to quantify 

a person’s exposome. While personal monitoring - like any other monitoring 

method - cannot capture lifelong exposure to environmental influences on 

human health of every individual, it can, however, provide vital, detailed 

information for a short period of time. Such snapshots can, for instance, cover 

specific phases of development as suggested by Rappaport (2011) and include 

foetal development, early childhood, puberty and the reproductive years, but 

can also be targeted to monitor specifically susceptible or vulnerable population 

groups.  

The level of detail derived by personal monitoring studies is hugely variable. By 

collecting contextual information about people’s environment and deriving 

specific functions for rural and urban background concentrations this pilot study 

distinguishes between urban and rural. Spickett et al. (2013) call this process 

“profiling” in their HIA and air quality standards approach for Australia. Profiling 

is one component of HIA which includes for instance urban and rural population 

attributes such as demographic information, housing and other living conditions, 

clearly distinguishing between those two environments.  
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7.2 Reflections on the performance of the particle monitor 

According to the first aim “Evaluation of the performance of a portable particle 

counter for personal air quality monitoring indoors and outdoors”, the particle 

monitor applied in the pilot study was evaluated against reference instruments 

in two different outdoor settings.  

Findings from the co-location study between the Dylos and the reference 

instrument TEOM-FDMS leads to the following conclusions: 

a) The two instruments, Dylos and TEOM-FDMS, agree well for both broad 

environments the co-location has been set up in.  

b) The evaluation of the Dylos also outputs two distinctive functions for 

converting particle number counts to PM2.5 mass concentration. Due to 

this step the data are provided in a comparable unit with reference 

instruments and air quality legislation and guidelines. 

c) Analysing the data converted with these functions adds another layer of 

detail to the process by analysing the personalised data according to the 

broad environment it has been measured in.  

This is the first study to evaluate the performance of the Dylos monitor in two 

different outdoor environments against UK reference instruments of the national 

automatic network. The co-location approach follows the concepts applied in 

earlier studies where the performance of the Dylos has been tested in chamber, 

indoor and outdoor environments for SHS and ambient exposures and against 

other devices regularly used in exposure studies.  

The evaluation study in urban and rural Scotland delivers robust results, 

demonstrating the viability of using the Dylos monitor as a low-cost alternative 
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to other commercially available instruments for exposure studies in a variety of 

environments.  

Given the available instrumentation at the two co-location sites the Dylos’ 

performance could be analysed and evaluated against further instruments. A 

key strength of this approach is the additional available data such as detailed 

elemental PM2.5 data from the MARGA analyser (for Auchencorth Moss) and 

modelled meteorological data (for both sites). 

The Dylos also picks up the heterogeneity of and changes in concentrations 

very well (Figures 4-2 and 4-3). The agreement between reference 

measurements and low-cost instrument also applies after the measured PNC 

have been converted to indicative PM2.5 mass concentration for comparison 

reasons (Fig. 4-6).  

The value of the Dylos lies in its price tag and relatively small form factor which 

allows a certain flexibility in measuring in mobile situations. While it is not a 

reference instrument and also cannot easily be worn within the breathing zone 

of the subject; it is suitable for relative measurements in the direct vicinity of the 

subject. Additionally the monitor performs well stationary as corroborated by the 

evaluation study, and can add spatial and temporal detail to routine 

measurements. No measurement method is able to replicate all aspects and 

details of every actual exposure situation and all methods have their challenges 

resulting in data gaps and rejection and operate with a certain degree of 

generalisation. With time, logistics and often cost making large-scale personal 

monitoring studies difficult; the application and validation of low cost monitoring 

solutions is crucial. The monitor applied in the pilot study and presented in this 

thesis is a low-cost particle counter, which is not primarily produced for scientific 
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purposes, but is essentially a home appliance. Monitors such as the ones 

described by Mead et al. (2013) are developed specifically for the purpose of 

personal or high density network monitoring. These have been developed over 

years within research but are not yet commercially available. For further 

research it is necessary firstly to develop fit for purposes instruments and 

secondly produce them in a commercially available form at a price which makes 

it viable to purchase in larger numbers. 

Results from this pilot study underpin the literature reviewed in chapter 2 in that 

national monitoring networks with their fixed site monitors at locations deemed 

representative for specific local or regional conditions are unable to accurately 

represent personal exposure. This has the implication that the fixed-site 

monitoring approach is inadequate for epidemiological studies, as Willocks et al. 

(2012) illustrate in their study from Scotland, which fails to find associations 

between PM10 and cardiovascular disease in Edinburgh and Glasgow for data 

covering the years 2000 to 2006. One possible explanation for the lack of 

association presented by the authors is that there was insufficient pollution data 

provided by the national network for time series studies, and a general lack of 

spatial detail due to the few available site locations. The authors therefore 

suggest an alternative study design based on measurements of health and 

pollution exposure on the individual level. Essentially highly accurate, but static 

routine measurements are not capable of capturing the real variability of 

pollutants, especially in urban areas (Mead et al., 2013) and indoor 

environments. 

It is unlikely that the monitoring network in Scotland will be expanded and more 

monitoring sites will come online in the near future. On the contrary, due to 

fiscal constraints, there is a trend towards reducing the number of national 
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monitoring network sites, as their operation and maintenance is cost- and 

labour intensive. The national network is not run for scientific reasons, but to 

comply with national and international regulatory requirements. This reduction in 

measurement sites could be compensated by integrating the use of low-cost 

and medium-cost sensor packages that can close the gaps and provide better 

spatial resolution in combination with reference instruments at fixed monitoring 

sites. A more integrated approach of mobile (both personal and otherwise e.g. 

public transport as platform) and fixed site sensors would be even better, as it 

would provide even more spatial coverage and account for the specific features 

of local environments. A dense network of sensors in urban areas for instance 

could increase the knowledge about spatiotemporal variability of pollutants in 

the complex urban environment as a basis for further exposure research.  

In order to increase the quality of information gained from fixed-site and mobile 

monitoring an integration of devices which can determine the elemental 

composition of the particle mass (as for instance done by the MARGA at 

Auchencorth Moss) would be beneficial. Alternatively, devices with a range of 

size bins would help to derive basic analyses and allow the drawing of 

conclusions about the composition of the measured particle mass, and thus 

identify potential source fingerprints. In essence different ways of data collection 

such as personal monitoring and the combination with other methods as 

discussed in section 7.3 are the way forward. Beyond that recent and current 

developments in exposure research depend to a large extent on 

interdisciplinary collaborations especially between computer sciences, 

environmental and environmental health sciences but also with stakeholders 

and communities and the general public (e.g. de Nazelle et al. 2013, Mead et al. 
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2013, or the Opensense (ETH Zurich, 2013), City-Sense (NILU, 2012) and 

iSPEX (ISPEX, 2013) projects).  

The monitoring solution applied in this study has proven to provide robust data 

for its specific purpose. In combination with data from the national AURN 

network the collected data can be analysed, and provides ambient 

concentration estimates for certain coarse environmental categories. This 

method could therefore be expanded based on a citizen science approach with 

personal monitoring equipment including co-location studies for the respective 

areas of data collection, if there are suitable monitoring sites available. This 

might be an issue as currently there are only five AURN site measuring PM2.5 in 

Scotland. Nevertheless, following the example from this study, specific functions 

for the environments people spend time in could be derived. Despite being a 

rough categorisation based on few monitoring sites representing large areas of 

Scotland, the respective functions can provide exposure estimates on a more 

detailed level than the traditional exposure assessment based solely on 

measured concentration data from static fixed-site monitors, or personal 

monitoring without the distinction between urban and rural environments. The 

combination of static and mobile monitoring presented in this thesis is one 

promising option of integrating different methods for deriving exposure 

estimates. 

7.3 Reflections on the development and application of a personal 

monitoring methodology 

Devices, tools and study design were applied in a pilot study conducted in 

Scotland, split over two fieldwork phases, to assess its feasibility according to 

the second aim formulated in this thesis: “Assessment of a methodology for 
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personal monitoring in everyday microenvironments and its potential for citizen 

science applications”. 

A group of non-representative volunteers were recruited for the pilot study 

collecting data while at the same time being study subject. Limitations of the 

applied devices, tools and study design have been discussed. The data 

collection process and the feedback from volunteers resulted in two main 

findings:  

a) It is feasible for monitoring equipment to be taken to most MEs and for 

most activities. Still, improvements regarding air pollution monitor and 

GPS such as more practical design with respect to wearability and 

ruggedness and study design are required to upscale and improve the 

collection process.  

b) Data processing and interpreting are time-consuming and in the current 

state feasible for a small scale study only. Further developments based 

on achievements regarding devices and tools (e.g. wireless data 

communication and integrated devices) and study design are required to 

make this approach applicable in a large scale study or for citizen 

science application.  

This study applies a new approach of monitoring personal exposure to PM2.5 in 

a variety of MEs over the course of several days. The novelty of this approach 

lies in the fact that measurements are taken across the full heterogeneity of 

places visited and activities conducted to gain as much insight as possible of a 

person’s total exposure. This is important as people are constantly on the move 

and follow their own individual activity patterns, which determine their individual 

exposure. Analogue to the concept of the exposome, it is vital to take account of 

 
 



248  General Discussion & Conclusions 7 
 
this variability and monitor pollution concentrations in as many situations as 

possible, providing a comprehensive snapshot of a person’s daily exposure to 

PM2.5. By doing so, this study gains insight into exposure situations previously 

not regarded in full sequence with other situations.  

To achieve this, devices with a certain flexibility are necessary to provide robust 

results. The Dylos particle counter fulfils these requirements being small and 

lightweight and showing good agreement with reference instruments. 

Additionally the instrumentation is easy to use and has a small price tag, 

reducing the burden for the volunteers taking part and adding value for a citizen 

science approach where a large number of monitoring packs are required.  

An integral part of this study approach is the collection of time-activity data 

which provides the necessary information to relate measured pollution levels to 

the respective circumstances. While the concept of MEs applied in this study is 

necessary to generalise data and analyse for time-activity patterns, the detail of 

information provided through time-activity diaries and in follow-up meetings 

allows the identification of individual situations, circumstances and spaces 

where (high) exposure occurs. It is possible to distinguish between different 

public buildings, the number of people around in a certain situation, and the 

transport mode to name a few. This level of detail is crucial and allows the 

detailed analysis of the reasons for high exposures to PM in both indoor and 

outdoor environments.  

This study also allows for the distinction between urban and rural environments 

by applying respective functions to transform PNCs into particle mass, 

accounting for the different particulate matter components typically found in 

these environments. This novel approach adds a level of detail to the personal 
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monitoring approach similar to the principle of having urban and rural national 

network stations providing detailed insight into different environmental 

compartments.  

This thesis explores the possibilities and applications of a personal exposure 

monitoring methodology in a variety of microenvironments commonly visited. 

The methodology applied in this study is limited in the sense that it has been 

applied for a small group of volunteers who also know the researcher and work 

at the same institution. Furthermore, this study was explorative and hence no 

set study protocol was applied. On the contrary, the intention was to explore 

which part of the chosen methodology is feasible and where the challenges lie; 

and which of these, and for what reasons, can be regarded as critical. Much of 

the work presented here reflects the performance of individual tools and 

methods when applied in small scale pilot study.  

The purpose of this pilot study was to test and provide feedback on the 

performance of the tools and study design applied. As an explorative study its 

aim was to expand the scope of personal monitoring to everyday situations. 

Thus the actual results derived are non-representative. The methodology 

developed includes tools to: 

• Measure ambient PNCs in the vicinity of the individual 

• Collect time-activity information for the individual 

• Collect contextual information for the individual 

The tools outlined above are commonly used in exposure studies but the way 

they have been combined and applied in this thesis is novel, as the focus is on 

constant monitoring throughout an individual’s daily activities seeking to capture 

as much of the total exposure as possible, across a complete set of 
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microenvironments. This is in line with the conceptual models introduced in 

chapter 2 which explicitly include the natural, built and indoor environments in 

the assessment process in an attempt to capture the full exposure pathway, 

consequences and actions to intervene. Such models are aiming to help 

understanding of the relationships and links between the human and the 

environmental system.  

The need for monitoring people’s exposure to environmental stressors in their 

daily life’s has grown over recent decades, for two key reasons: 

• Shift in exposures due to changes in lifestyle  

• Increasing evidence for adverse health effects from air pollutants on 

human health (and the combination with other environmental stressors) 

As introduced in chapter 2 of this thesis exposure is a function of concentration 

and time and based on complex and intertwined relationships between the 

human and environmental system. The dataset collected with the personal 

monitoring method developed in this thesis is thus complex and concerns 

several dimensions which are: 

• Changes in air pollution concentration in space and time 

• Humans moving in space and time, showing individual behaviour 

• The combination of the two first points 

• The monitoring solution applied 

• Data handling and processing 

Regarding the first point, changes in air pollution concentration in space and 

time, personal exposure research involves atmospheric sciences including 

meteorological conditions and measurements methods for certain pollutants to 
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determine the origin and fate of pollutants and pollutant mixtures. There is also 

a wide variety of models and tools such as trajectories available to investigate 

where and when pollutants occurred at which concentrations.  

A huge variety of actual pollutant monitors are available for many pollutants, in 

different sizes, sensitivities and at different prices. However, they are still not 

sufficient regarding their capacity to obtain highly selective multi-pollutant 

measurements in real world circumstances (Committee on Human and 

Environmental Exposure Science in the 21st Century et al., 2012). The 

challenges for personal monitoring of air pollutants are requirements such as a 

practical, applicable and user-friendly form factor, and a robust and non-

intrusive design which provides data with a resolution and quality as high as 

possible. Personal monitoring is therefore a trade-off between instrument 

precision, wearing compliance and information content. Conclusions from this 

study (chapter 5) support the importance of information content won with 

dynamic personal monitoring solutions over measurement accuracy provided by 

individual, expensive point measurements from fixed site monitors.  

The second dimension, humans moving in space and time and showing 

individual behaviour, concerns time-geography to assess where, when and how 

humans move in space and time, including the methods and tools to do so. 

Methods to record movement and activities are available from very simple pen 

and paper approaches to electronically aided tracking tools and systems such 

as wireless communication, GPS location, radio-frequency identification, 

cameras. The achievements in the past decade have been immense in this 

area and have opened up many new possibilities in exposure research in fields, 

atmospheric sciences and time-geography. However, it is the combination of 
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both – the constantly changing atmospheric conditions and humans 

permanently moving in space and time that makes exposure research complex.  

The challenges lying ahead regarding the third and forth point, the combination 

of the two first points and the monitoring solution applied respectively, regard 

the sensitivity of the pollutant monitors. At the same time the monitors are 

required to be small and portable or wearable and ideally are capable of 

measuring multiple pollutants. The integration of methods and tools to aid data 

collection and reduce the burden on volunteers is also a major point driving 

personal exposure research. More generally, the objective of personal 

monitoring is to decrease the knowledge gaps regarding air quality, specific air 

pollutants and pollutant mixtures, human activities and adverse health effects by 

deriving improved exposure data with more precise information regarding the 

dimensions listed above. Such improved data can, according to the Committee 

on Human and Environmental Exposure Science in the 21st Century et al. 

(2012) provides more detailed information for risk assessments. This will 

eventually lead to the improvement of public health and ecosystem protection 

and policies which are the ultimate outcome of exposure research.  

Regarding the data handling and processing (point five on this list), it is the 

large amount of data as well as the variety of data formats that requires 

attention. Personal monitoring with its high spatiotemporal resolution provides a 

large amount of data for each individual study subject or specific situation not 

only because pollutant data is required but also contextual data in order to 

allocate the pollutant concentration to certain environments and activities. This 

amount of data needs to be dealt with in a meaningful way for exposure 

analysis and requires the infrastructure to process and analyse the data to be in 

place. As this pilot study has shown it is challenging to merge and interpret the 
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respective datasets to create the full profile. For this study (with a relatively 

small sample size) methods have been developed on the go and are not readily 

applicable for a large amount of data as some steps need to be done manually. 

It is necessary to explore further and develop methods and tools to 

automatically merge and process the data. This requires a clear structure of the 

input datasets. The level of detail derived from volunteers in this pilot study is 

likely to be not feasible to process large datasets. The data needs to be 

collected with a certain amount of generalisation to simplify the processing. In 

particular when the goal is to match TADs and GPS in a more automated 

process to reduce time-mismatches, the TADs must be in a clearly structured 

format restraining its information content somewhat. This became clear during 

the pilot study when the time-activity information was derived with TADs and 

during the follow-up meetings to generate the full profile dataset.  

As evaluated in chapter 5 of this thesis, several steps in the process are only 

manageable in a small scale project and where direct contact and local 

knowledge are possible and available. Attention also has to be paid in order not 

to lose sight of the actual meaningfulness of, for instance geolocation or time-

activity data, that can be easily collected and in large quantities using with GPS 

receivers or mobile phone apps. In other words, more data does not necessarily 

mean better data, as the data collected still needs to be dealt with in a 

meaningful way.  

7.4 Application of and implications for personal monitoring 

This personal monitoring study also strives to further understand the ambient 

concentration of PM2.5 in our daily environments according to the third aim of 

this study: “Assessment of the implications of individuals moving through the 
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changing air pollutant concentration field on the applicability of air quality 

monitoring solutions". 

The measured results have been integrated with contextual data for analysis. 

Spatial and temporal data have been processed making use of GIS software 

and other processing and conversion software. Descriptive statistics have been 

applied to analyse data. Strengths and weaknesses of the data processing and 

methodology have been discussed. Findings show that:  

a) Personal exposure to PM2.5 is driven by the individual’s activities and 

habits. 

b) Personal exposure to PM2.5 is influenced by the environment in its 

broadest sense, including contextual factors and the activities of other 

people in the vicinity of the study subject. 

c) With the methods applied it is not possible to unambiguously identify 

every activity, situation, source and the interaction of these that cause 

certain concentration levels. 

This study demonstrates the high level of detail that can be derived by personal 

monitoring approaches. Based on the novel study design incorporating the full 

heterogeneity of MEs and activities, a broad spectrum of contextual data has 

been gathered. This enables a comprehensive analysis of the interplay between 

measure pollutant concentrations, time-activity and the surrounding 

environment and circumstances in individual situations. During the analysis of 

the individual profiles it became evident how important the collection of detailed 

contextual data is, for example information about the number of people in the 

same room, certain activities happening in the vicinity of the person, or 

proximity to certain features such as roads or fireplaces. The data analysed 



7 General Discussion & Conclusions  255 

highlights the variability of exposure situations, but also the difficulty in pinning 

down factors influencing specific events, as well as variations in the observed 

PM levels.  

The explorative approach applied has also been analysed, evaluated and 

demonstrates issues with monitoring in certain environments due as much to 

practicality reasons as to the actual design of the tools and devices.  

This study has not only illustrated to which detail an individual’s exposure can 

be analysed but has also shown that there are possibilities to work with people’s 

perception of the environment. This is especially interesting from an educational 

and consciousness rising point of view and should be further explored with 

respect to citizen science approaches and educational goals.  

 

This study also highlights the importance of interdisciplinary collaborations to 

account for and analyse the full spectrum of data, which will be discussed in 

more detail in section 7.5. As discussed in chapter 4 the approach used in this 

study is not meant to replicate reference measurements but to improve the 

information content of personal exposure data. Since human health is affected 

by the actual pathogen through exposure but in particular by the whole 

environment the person is spending time in and other humans and their 

activities, personal monitoring includes contextual information. It is thus seen as 

the best way to collect exposure information for the individual. However 

personal monitoring is not intended to provide details for discussion of the issue 

of air quality and adverse health effects in its totality, but is limited to a small 

area, short periods and a small sample size, and is also often expensive and a 

burden to volunteers (Dons et al., 2014).  
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Furthermore, as Spickett et al. (2013) elaborate, air quality standards and 

guidelines exist to protect human health and the environment without enforcing 

unacceptable economic and social costs. However, such standards are not 

designed for indoor environments and do not take into account population 

subgroups which are potentially more susceptible to elevated pollution levels. 

Here personal monitoring of specific air pollutants and the assessment of 

exposure to these pollutants can provide more detail on exposure pathways and 

add to the exposome of an individual. The concept of the exposome is public 

health driven and aims to upgrade from the individual to a population. Thus 

personal monitoring studies help to increase the knowledge base upon which 

policy and public health decisions are made.  

In that sense this study can only provide a snapshot of the total issue of air 

quality, adverse human health effects and the exposome. It does however feed 

into reducing knowledge gaps regarding the following key questions: 

• Who is exposed and should be regarded in exposure assessment (and 

HIA) to protect them from adverse effects? 

• Where are we exposed and thus where should we monitor (spatial 

resolution/coverage)? 

• When are we exposed to potentially harmful concentrations? 

• To what are we exposed and thus which pollutants or pollutant mixes 

need to be monitored/regulated? 

• Are there any other contextual factors influencing either of the above 

questions? 

The spatial resolution of exposure that personal monitoring approaches can 

provide is unique, but such high detail is often possible only across a small 
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area. No other air quality monitoring or modelling method can currently resolve 

the individual interaction with the pollution space in a similar fashion. Personal 

monitoring generally also provides data at a high temporal resolution (unless 

passive monitors are used). This combined high spatiotemporal resolution 

makes personal monitoring a powerful method for collecting data at a high level 

of detail taking into account personal circumstances and activities which 

determine the variability of exposure for the individual.  

This study specifically focused on the full heterogeneity of microenvironments in 

order to capture differences between those and also to get an insight into 

different spaces and activities, and their contribution to the variability of PM2.5 

concentrations. By doing so it has corroborated literature findings that personal 

exposure differs between individuals depending on a variety of contextual 

factors. Personal monitoring also provides a clear picture of concentrations in 

indoor environments. While the focus of air quality research is often primarily on 

outdoor air quality; indoor air quality, its contribution to personal exposure and 

relationships between indoor and outdoor concentrations play a vital role in 

exposure research. Results from this study have shown that firstly, people 

spend a large amount of time in indoor MEs and secondly, the levels of 

concentration measured in indoor MEs are highly variable from very low 

concentrations to short term peak concentrations much higher than typically 

observed in outdoor environments. 

7.5 Outlook 

The wide range of exposure studies conducted reflects the potential, as well as 

the limitations, of existing methods and approaches and their current 

developments. In this pilot study well established methods (TAD, questionnaire, 
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the use of a personal monitor in specific MEs) combined with new tools and 

approaches (Dylos particle monitor, GPS, everyday MEs and situations) have 

been applied to further investigate and develop the potential of integrated, 

advanced methods for personal monitoring.  

Personal monitoring is not a standalone tool and needs to be applied and 

assessed in combination with other methods and approaches. Here, the added 

value of modelled ambient pollutant concentrations and meteorological data in 

addition to measured concentration data from fixed–site monitors and observed 

weather parameters included in the analysis process has been demonstrated.  

The approaches to integrate personal monitoring with other methods for 

exposure assessment and evolve it further are manifold. One option to achieve 

further progress with personal monitoring in the sense of increasing the spatial 

coverage and/or the sample size is the citizen science approach. A citizen 

science project relies on affordable and easy to handle equipment and a 

working infrastructure to process the data. Most importantly, however, 

volunteers are needed that are interested in the topic and willing to participate 

as citizen scientists, keeping in mind that they, depending on the study design, 

can also be study object at the same time. This study has shown that it is not 

straightforward to recruit large numbers of volunteers. Time-constraints, burden, 

confidentiality concerns and simply a lack of interest in the topic make it difficult 

to convince people to take part. A larger scale project, however, with a certain 

amount of publicity and most importantly educational aims could provide a win-

win situation for individuals participating, scientific research and improving 

public health. Ideally such a project would engage with communities, 

stakeholders and interest groups to bring the topic to a wider audience, and to 

gain support and volunteers. The citizen science approach aims to increase the 



7 General Discussion & Conclusions  259 

understanding of the issues, in this case how individual activities and habits 

contribute to pollution and determine individual’s exposure, and therefore it also 

has an educational goal.  

The data gained from this pilot study are limited in their transferability to other 

areas, pollutants or population groups. The integration of personal monitoring 

with modelling is an approach that has substantial potential for exposure 

science as it enables the assessment of exposure situations for large 

populations under a variety of circumstances, including the notoriously difficult 

assessment of exposure to pollutant mixtures. As the Committee on Human and 

Environmental Exposure Science in the 21st Century et al. (2012) state in their 

vision and strategy report, models form an essential part of exposure science as 

they can predict trends and help interpret data and observations. With the 

technological advances enabling the collection and generation of larger 

datasets, models are needed to extract meaningful data, summarise large 

datasets or on the contrary, upscale from a limited number of observations 

which may be subject to financial or feasibility constraints.  

Dons et al. (2014) recently published a paper implementing and validating (with 

data from a personal monitoring campaign which had 62 participants) a model 

framework for personal exposure to black carbon. This framework has, 

according to the authors, the capability to firstly upscale to population wide 

exposure estimates and secondly to investigate the implication of those 

estimates for public health as postulated in the conceptual model introduced in 

chapter 2 (and Steinle et al. (2013)). The study from Belgium (Dons et al., 2014) 

reinforces the need for models to be validated with real-world personal 
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monitoring data, be it the full dataset or just time-activity patterns as done in the 

model by Gerharz et al. (2013) albeit for a small number of individuals.  

Models can also help to improve the PM2.5 estimates for indoor environments, 

which often have to be estimated based on data available from central fixed 

monitoring sites and assumed transmission of outdoor concentrations into 

indoor environments. Hodas et al. (2014) refined and evaluated an outdoor-to-

indoor transport model with the help of measured indoor and outdoor PM2.5 data 

and air exchange rates to avoid using sparse outdoor data as surrogates for 

estimating indoor concentrations. Results suggest that not accounting for 

specific human activities such as heating or ventilation leads to bias in the 

predicted exposures to PM2.5 at the individual level, however not at the 

population level. This model is according to the authors (Hodas et al., 2014) 

applicable for large epidemiological studies predicting exposure to PM2.5 in the 

home environment. Such models have the potential to improve the assessment 

of indoor exposure in combination with personal monitoring data for instance.  

Another approach to integrate personal monitoring with other methods for 

exposure assessment is to use a dense network of stationary monitors to 

characterise the concentrations in a specific environment. For such an 

approach the pollution concentration is provided as static data and integrated 

with the movements of humans in space and time. This avoids the limitations 

arising from personal monitoring regarding form factors, power supply and to a 

certain degree the burden of volunteers as only time-activity and contextual 

information are required. Mead et al. (2013) showed that small, low-cost gas 

sensors can provide high resolution urban air quality data for a longer period of 

time. This study also applied miniature sensors as mobile networks 

(pedestrians, cyclists and drivers) in order to derive short term personal 
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exposure. This solves the problem of cost which generally limits the number of 

measurement stations. This study also demonstrates how one device can 

measure a variety of pollutants and provide geospatial information with one 

timestamp. The authors highlight that the longer term ambition is to extend this 

low-cost/high-density network approach as suitable sensing solutions become 

available, to other gases, PM and local micro-meteorology (Mead et al., 2013).  

Alternatively ubiquitous sensing, referring to sensors that are already embedded 

in infrastructure, for instance in public transport vehicles, can be used for 

exposure purposes. The entire Lothian Buses fleet (which operates in 

Edinburgh and the Lothians) is fitted with GPS so that the vehicles can 

potentially be upgraded with pollution sensors and provide a mobile network. A 

variation of this approach is applied by a project in Zurich (ETH Zurich, 2013) 

which uses trams and buses for mobile sensing of air pollutants and other 

environmental parameters and two stationary sites form the national monitoring 

network providing high-quality measurements as reference (Saukh et al., 2013) 

Ubiquitous sensing also makes use of smart phones and their inbuilt 

technologies for geolocating and wireless communication which are carried by 

billions of people around the world (Committee on Human and Environmental 

Exposure Science in the 21st Century et al., 2012) and therefore offers a cost-

effective and non-intrusive way of data collection (de Nazelle et al., 2013). 

Therefore the citizen science approach can take advantage of the fast and ever-

growing usage of smart phones and wireless communication which have the 

potential to provide large amounts of data usable for personal exposure 

assessment. Mobile phone and web applications have been used in a variety of 

projects to collect (for instance) time-activity information, prompt recall surveys, 
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as an interface for measurements made with a wearable sensor that 

communicates wirelessly with the phone (Negi et al., 2011) in combination with 

modelled pollution data (de Nazelle et al., 2013) and even to measure aerosols 

directly as done in the iSPEX project (ISPEX, 2013)).  

The current developments in communication techniques and sensing 

technologies also result in many individual projects that monitor one or the other 

environmental stressor, weather parameters or time-activity patterns. Such 

developments e.g. the so called Senspods (Sensaris, 2014) however are not 

yet technologically robust, and often lack appropriate evaluation and referencing 

to other instruments.  

Accurately assessing exposure of the population or of individuals to air 

pollutants and other environmental stressors remains a challenge especially in 

urban areas, where the majority of the population is living. While it is essential 

to further develop and explore methodologies to conduct exposure and health 

impact assessment, in the longer term objectives need to contribute to reducing 

health care expenditures, improving public health and environmental protection 

which go hand in hand. The development and implementation of environmental 

protection measures may seem like a waste of resources to members of the 

public, hence it is necessary to inform the public and raise awareness of the 

links between public health, environment and the long-term benefits of 

strategies and policies. This can be done by highlighting the health care costs 

due to morbidity, respectively the economical costs of mortality due to air 

pollution related health effects and deaths, as done for instance by the Clean air 

in London campaign (Clean Air in London, 2012). 
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Future work should build on and utilise the advantages of already existing and 

emerging methods, while focusing on areas that need further development and 

validation. The applicability under different circumstances and at different scales 

is crucial to provide further insight into patterns and nature of exposure and 

public health issues.  

Currently most methods are capable of measuring one or a small selection of 

common air pollutants only. The issue of health effects from pollutant mixtures, 

their dynamics in the atmosphere and their impacts requires further 

investigating.  

Many developments in personal exposure research are dependent on further 

achievements in sensor design and disciplines such as microsystems 

engineering and computer science and links with environmental health sciences 

need to be improved. This highlights the need to work cross-disciplinary to fulfil 

the integration of the environmental and human systems as described in the 

eDPSEEA model (Reis et al., 2013).  

7.6 Limitations 

The tools, devices and methodology applied in this thesis provide a starting 

point to address issues and challenges regarding the quantification of human 

exposure to air pollution in everyday environments. They are not immediately 

applicable or transferable to other study areas and aims without further 

development and adjustments.  

Firstly the study is limited to one pollutant and can only provide an indication for 

exposure to other air pollutants. While the monitoring equipment is functional 

and feasible, a better design with respect to wearability and reducing the burden 
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could potentially improve measurement results, and also the number of 

volunteers involved. Further developments and research into other suitable 

monitors and tracking devices as well as technologies to record/collect time-

activity patterns will, however, require a funded research project designed on a 

larger scale than was feasible for this thesis.  

Given the fact that this is a pilot project without a substantial team behind it, the 

study is limited to a small number of volunteers who are almost all working at 

the same institution, thus considering a selective office work environment only. 

Urban areas are also over-represented in the dataset due to the residence 

locations of study participants. Data from rural areas remains mainly limited to 

weekend activities and therefore this study cannot adequately characterise 

exposure in everyday rural environments. Better spatial coverage and a more 

representative group of volunteers would be desirable and is essential for a 

study aiming to upscale to larger population groups.  

The time for the data collection was limited to two seasons and it is anticipated 

that covering all seasons may result in different time-activity patterns and 

different meteorological circumstances, as well as daylight hours, thus 

potentially leading to different exposure profiles for individuals. Additionally, 

over the summer period, time-allocations would possibly have included less 

office and indoor hours and more time spent outdoors due to fieldwork and 

leisure activities. On the other hand the summer time would have been even 

more challenging with respect to recruiting volunteers due to holidays and 

activities that may not be conducive to wearing the monitoring pack.  
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7.7 Conclusion 

In conclusion, this thesis has demonstrated that personal exposure monitoring 

is a viable method for improving the knowledge about individual level exposure 

to environmental stressors when compared to the predominant fixed monitoring 

site and aggregated approaches currently in the literature. As a methodology it 

is grounded on a compromise between instrument precision and information 

content.  

While the degree of detail of the information gained by personal monitoring is 

very high, the scope is currently limited by the small sample size and limited 

spatial coverage that can be achieved with existing devices and methods. Thus 

it is necessary to expand the information generated from a small scale personal 

exposure study and further elaborate the approach towards other pollutants, 

pollutant mixtures and other contextual circumstances.  

By exploring the feasibility of the method in everyday situations and across the 

full heterogeneity of microenvironments this pilot study already has taken a step 

in this direction. Furthermore it has shown that the application of a low-cost 

monitoring solution in combination with other monitoring and assessment 

methods provides robust and reliable exposure information. 

The study has shown that individual exposure to PM2.5, and probably to other 

pollutants as well, is highly variable and identified the main contributing factors 

for this variability. It is recommended to further explore this variability across the 

full heterogeneity of microenvironments a person spends time in, especially with 

the aim to provide input for the development of models and a knowledge base 

for the development of air quality legislation. 
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Table A 1 Questionnaire in its modified form as used in Phase 2 

Category Question Answer options 

Participant 
 Name Free text 
 E-mail Free text 
 Age Free text 
 Sex Select: 

• Female 
• Male 

 Profession Free text 
 Your home postcode Free text 
 Do you smoke? Select: 

• Yes 
• No 

 If you smoke, how many 
cigarettes (or other tobacco 
products) do you smoke per 
day (on average)? 

Free text 

 Do you suffer from asthma? Select: 
• Yes 
• No 

 If you suffer from asthma, do 
you use a bronchodilator? 

Select: 
• Yes 
• No 

 How healthy do you consider 
yourself to be? 

Free text 

Your home  

 Which type of housing do you 
live in? 

Select: 
• Terrace 
• Detached 
• Flat 
• Other (please describe) 

 In your opinion, which of the 
following Urban-Rural 
Classification categories best 
describes the neighbourhood 
you live in? 

Information: The Scottish 
Government uses the so 
called Urban-Rural 
classification for spatial 
analysis. The categories 
shown here are taken from 
the 6-fold version and 
describe 3 different types 
(urban area, small town and 
rural) with two varieties each 
(large/other, 
accessible/remote). 

Select: 
• Large urban area 
• Other urban area 
• Accessible small town 
• Remote small town 
• Accessible rural 
• Remote rural 

 Which type of central heating 
is in your home? 

Select: 
• Gas 
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• Oil 
• Solid fuel (e.g. coal, wood, peat) 
• Electric 

 Are there any other heating 
sources, if so what type? 

Select: 
• Gas 
• Oil 
• Solid fuel (e.g. coal, wood, peat) 
• Electric 

 What kind of oven/cooker do 
you have? 

Select: 
• Gas oven/cooker 
• Electric oven/gas cooker 
• Electric oven/cooker 

Household What type of household do 
you live in? 

Select: 
• Single occupant 
• Family 
• Shared house/flat 

 Number of people in your 
household? 

Drop down menu: 

1...10 

 How many people in your 
household are smoking? 

Drop down menu: 

1...10 

 If there are smokers in your 
household, where do they 
tend to smoke? 

Select: 
• Indoors 
• Outdoors 

 Do you or any other person in 
your household have pets? 

Select: 
• Yes 
• No 

 If anyone has pets, what kind 
of pets and how many 

Free text 

Home-location 
characteristics - 
Is your home 
within range of 
one of the 
following 
features? Please 
choose the 
approximate 
category: 

• Major road 
• Parks and green space 
• Industrial estate 
• Farm 
• Other features (please 

describe briefly) 

Select: 
• <1km (0.6 miles) 
• Between 1 – 5km (0.6-3.1 miles) 
• >5km (3.1 miles) 
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Table A 2 Time-activity diary in its modified form as used in Phase 2 

Category Question Answer options 

Participant 
 Name Free text 
 E-mail Free text 
 Date for which this TAD is 

filled in 
Drop down menu: 
year/month/day 

Today's activities and places visited  

Transport Mode Please describe from when 
until when have you been in 
the respective transport mode. 
Also describe form where to 
where you went 

Free text: 

• car/taxi 
• bus 
• train 
• walking 
• cycling 
• motorbike 
• other mode (please describe) 

Home-based 
activities 

Please describe from when 
until when you have done 
which activity 

Free text: 

• Cooking/baking (please also 
define the type of cooking 
(boiling, frying etc.) and 
existence of ventilation (window 
open, exhaust fan on etc.) 

• Cleaning 
• Quiet activities like resting, 

sleeping, reading, TV, working 
at a desk, other seated activities 

• TV, working at a desk other 
seated activities 

• Other activities (please 
describe) 

Workplace Please describe from when 
until when you have visited 
your work place 

Free text 

Other places visited 
during the day 

Please describe from when 
until when you have visited 
the respective places 

Free text: 

• Public building (e.g. library, 
museum, theatre...) 

• Private residential building (e.g. 
partners or friends home) 

• Shop/Supermarket 
• Gym/Sports centre 
• Restaurant/Pub/Cafe 
• Other places (please describe) 

Outdoor activities Please describe from when 
until when you have done the 
respective outdoor activities 

Free text: 

• Go for a run/cycle ride/walk... 
• Fieldwork/gardening... 
• Playing/sports... 
• Other outdoor activity (please 

describe) 

Contextual 
information 

Can you give a short 
description of the general 
weather conditions today? 
(rain, wind, temperature) 

Free text 
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Were there any special 
occurrences, events, incidents 
that could have influenced 
ambient air quality conditions? 
Please comment 

Free text 

What do you think was your 
personal exposure to polluted 
air today?  

Select: 
• high 
• medium 
• low 

 Notes Free text 
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Table B 1 Data summary – number (n) of data points collected in Phase 1 and Phase 2 split by microenvironment (ME), transport mode 

(TPM) and class. 

  
ME (n) TPM (n) Class (n) 

Field- 
work 
phase 

Total 
(n) Home Work 

Public 
buil-
ding 

Private 
resi- 

dential 
building 

Trans-
port 

Out-
door 
other 

Bi-
cycle Bus Car Ferry Train Walk Indoor 

Out-
door 
rural 

Out-
door 
urban 

P1 50,162 29,020 7,396 5,088 2,067 4,836 1,755 238 821 2,338 514 347 578 43,571 3,353 3,238 
P2 43,331 30,519 7,472 2,380 170 2,388 402 235 452 680   291 730 40,541 456 2,334 
P1 & P2 93,493 59,539 14,868 7,468 2,237 7,224 2,157 473 1,273 3,018 514 638 1,308 84,112 3,809 5,572 

 

 
 



274        Appendix 8 
 

Table B 2 Summary of data collected (number of data points (n)) in Phase 1 for each profile split by microenvironment (ME), transport 

mode (TPM) and class. 

  
ME (n) TPM (n) Class (n) 

Profile 
Total 

(n) Home Work 

Public 
buildi

ng 

Private 
resi-

dential 
building 

Trans-
port 

Out-
door 
other 

Bi-
cycle Bus Car Ferry Train Walk Indoor 

Out-
door 
rural 

Out-
door 

urban 
P1-01 450 349       101       101       349 42 59 
P1-02 2,276 1,697 8     374 197     374       1,705 433 138 
P1-03 2,937 1,429 1,361 101   46   26         20 2,891 7 39 
P1-04 3,045 1,534 1,221 100   190     64 31     95 2,855 56 134 
P1-05 1,735 988 566 9   172     112 14     46 1,563 30 142 
P1-06 3,785 2,716 69 438   404 158   90 190   54 70 3,223 159 403 
P1-07 4,341 3,708 172 40 42 258 121     258       3,962 150 229 
P1-08 1,500 862 397 75   166       166       1,334 49 117 
P1-09 1,221     52   759 410     245 514     52 1,005 164 
P1-10 4,030   25 2,690 846 446 23     446       3,561 343 126 
P1-11 475   183 118   174       174       301 129 45 
P1-12 2,801 1,768 397 472   164   164           2,637 25 139 
P1-13 1,424 714 632 35   43       43       1,381 6 37 
P1-14 5,079 2,762 469 783 164 735 166   264 71   293 107 4,178 223 678 
P1-15 2,387 1,776 394 4   159 54   102       57 2,174 113 100 
P1-16 3,686 2,110 7 12 1,015 262 280   110 108     44 3,144 372 170 
P1-17 1,680 862 538 68   150 62 22   82     46 1,468 37 175 
P1-18 3,377 2,558 735 20   64       35     29 3,313 27 37 
P1-19 3,933 3,187 222 71   169 284 26 79       64 3,480 147 306 

  50,162 29,020 7,396 5,088 2,067 4,836 1,755 238 821 2,338 514 347 578 43,571 3,353 3,238 
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Table B 3 Summary of data collected in Phase 2 for each individual profile split by microenvironment (ME), transport mode (TPM) and 

class. 

  
ME (n) TPM (n) Class (n) 

Profile 
Total 

(n) Home Work 

Public 
buil-
ding 

Private 
residential 
building 

Trans-
port 

Out-
door 
other 

Bi-
cycle Bus Car Ferry Train Walk 

In-
door 

Out-
door 
rural 

Out-
door 

urban 
P2-01 6,254 5,891 73 110   180     73       107 6,074 16 164 
P2-02 2,814 1,700 990   3 121       26     95 2,693   121 
P2-03 3,591 3,192   83 45 261 10   79 90     92 3,320 30 241 
P2-04 1,463 720 631 16   61 35     57     4 1,367 41 55 
P2-05 1,422 738 515 58   80 31     77     3 1,311 58 53 
P2-06 4,292 3,754 319 10   209       193     16 4,083 33 176 
P2-07 2,271 1,237 760 120   154   154           2,117 23 131 
P2-08 4,243 2,668 1,033 326 20 165 31     110     55 4,047 38 158 
P2-09 4,187 3,482 150 242 102 179 32   82 29     68 3,976 23 188 
P2-10 3,784 1,788 445 1,089   457 5   11 82   291 73 3,322 8 454 
P2-11 1,475 1,250   184   41             41 1,434   41 
P2-12 1,441 839 468     90 44   64       26 1,307 59 75 
P2-13 1,466 739 397 124   153 53   73       80 1,260 65 141 
P2-14 1,707 857 777 12   61       16     45 1,646 21 40 
P2-15 1,457 779 585     93   43 35       15 1,364 31 62 
P2-16 1,464 885 329 6   83 161 38 35       10 1,220 10 234 

  43,331 30,519 7,472 2,380 170 2,388 402 235 452 680   291 730 40,541 456 2,334 
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Table C 1 Summary statistics for profile P1-01 split by microenvironments, 
transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-01.PM2.5 450 3.4 1.5 3.2 1.4 11.7 10.2 
Home 349 3.1 0.8 3.1 2.1 4.8 2.8 

Transport 101 4.4 2.5 5.5 1.4 11.7 10.2 
Car 101 4.4 2.5 5.5 1.4 11.7 10.2 

Indoor 349 3.1 0.8 3.1 2.1 4.8 2.8 
Outdoor rural 42 1.7 0.4 1.6 1.4 4.0 2.6 
Outdoor urban 59 6.4 1.2 6.1 5.3 11.7 6.4 

 

 

Table C 2 Summary statistics for profile P1-02 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

  n mean sd median min max range 
P1-02.PM2.5 2,276 4.3 3.4 3.2 1.4 22.0 20.7 

Home 1,697 4.4 3.3 3.9 1.4 18.4 17.1 
Outdoor other 197 2.0 0.1 2.0 1.7 3.2 1.5 

Transport 374 4.8 4.1 2.6 1.4 22.0 20.6 
Work 8 2.3 0.9 1.8 1.6 3.9 2.3 
Car 374 4.8 4.1 2.6 1.4 22.0 20.6 

Indoor 1,705 4.4 3.3 3.9 1.4 18.4 17.1 
Outdoor rural 433 2.2 0.6 2.0 1.4 6.5 5.1 
Outdoor urban 138 9.0 3.9 7.9 5.1 22.0 16.9 

 

 

Table C 3 Summary statistics for profile P1-03 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-03.PM2.5 2,937 1.9 0.9 1.7 1.0 10.1 9.2 
Home 1,429 2.1 0.7 1.9 1.1 6.0 4.8 

Public building 101 3.5 0.9 3.5 1.6 8.2 6.6 
Transport 46 5.1 1.5 5.5 1.5 7.9 6.4 

Work 1,361 1.5 0.5 1.3 1.0 10.1 9.2 
Bicycle 26 4.7 2.0 5.4 1.5 7.9 6.4 
Walk 20 5.5 0.2 5.5 5.2 5.8 0.6 

Indoor 2,891 1.8 0.8 1.7 1.0 10.1 9.2 
Outdoor rural 7 1.7 0.2 1.6 1.5 1.9 0.4 
Outdoor urban 39 5.7 0.6 5.6 5.0 7.9 2.9 
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Table C 4 Summary statistics for profile P1-04 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-04.PM2.5 3,045 3.3 4.1 2.3 1.0 101.4 100.4 
Home 1,534 3.0 1.9 2.3 1.6 12.7 11.2 

Public building 100 11.4 13.7 9.2 3.3 101.4 98.1 
Transport 190 9.4 7.9 9.0 1.4 41.3 39.9 

Work 1,221 1.9 0.7 1.7 1.0 3.3 2.3 
Bus 64 12.3 11.7 9.0 1.5 41.3 39.8 
Car 31 4.5 2.8 2.8 1.8 8.9 7.1 

Walk 95 9.1 4.1 9.7 1.4 17.0 15.6 
Indoor 2,855 2.9 3.4 2.2 1.0 101.4 100.4 

Outdoor rural 56 3.9 4.3 2.0 1.4 17.0 15.5 
Outdoor urban 134 11.8 7.9 9.5 5.4 41.3 35.9 

 

 

Table C 5 Summary statistics for profile P1-05 split by microenvironments, transport 

modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-05.PM2.5 1,735 3.6 2.9 2.2 1.0 21.7 20.6 
Home 988 4.1 2.6 3.2 1.2 11.3 10.1 

Public building 9 1.6 0.3 1.7 1.2 2.1 0.9 
Transport 172 7.3 4.1 6.7 1.4 21.7 20.3 

Work 566 1.7 0.3 1.7 1.0 3.9 2.8 
Bus 112 6.9 3.9 6.0 1.4 17.8 16.4 
Car 14 6.3 1.3 6.6 2.2 7.1 5.0 

Walk 46 8.8 4.6 8.3 1.4 21.7 20.3 
Indoor 1,563 3.2 2.4 2.0 1.0 11.3 10.3 

Outdoor rural 30 2.3 1.3 1.6 1.4 5.2 3.8 
Outdoor urban 142 8.4 3.6 7.3 5.0 21.7 16.7 
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Table C 6 Summary statistics for profile P1-06 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-06.PM2.5 3,785 10.6 19.1 5.7 0.9 178.3 177.4 
Home 2,716 11.4 22.3 4.9 2.2 178.3 176.1 

Outdoor other 158 5.3 2.7 7.0 2.0 12.8 10.8 
Public building 438 11.2 4.9 11.5 2.3 26.5 24.1 

Transport 404 7.9 4.0 7.9 1.9 36.0 34.2 
Work 69 1.5 0.5 1.5 0.9 2.9 2.0 
Bus 90 10.2 3.1 8.9 7.2 21.6 14.4 
Car 190 6.0 3.2 7.1 1.9 16.9 15.1 

Train 54 5.8 2.9 7.1 1.9 14.7 12.8 
Walk 70 11.6 3.7 11.1 8.4 36.0 27.6 

Indoor 3,223 11.2 20.6 5.3 0.9 178.3 177.4 
Outdoor rural 159 2.3 0.6 2.2 1.9 7.8 6.0 
Outdoor urban 403 9.1 2.8 8.0 6.0 36.0 30.0 

 

 

Table C 7 Summary statistics for profile P1-07 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-07.PM2.5 4,341 7.1 12.5 4.0 1.3 185.8 184.5 
Home 3,708 6.4 8.2 4.0 1.4 185.8 184.4 

Outdoor other 121 9.6 7.7 6.4 2.4 34.2 31.8 

Private 
residential 
building 42 101.5 30.7 87.7 44.6 171.4 126.8 

Public building 40 4.8 1.6 5.0 2.4 11.0 8.6 
Transport 258 5.2 3.1 5.9 1.5 22.7 21.3 

Work 172 1.9 0.2 2.0 1.3 2.5 1.2 
Car 258 5.2 3.1 5.9 1.5 22.7 21.3 

Indoor 3,962 7.2 13.0 3.9 1.3 185.8 184.5 
Outdoor rural 150 2.5 0.8 2.3 1.5 5.9 4.4 
Outdoor urban 229 9.3 5.5 7.5 5.4 34.2 28.7 
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Table C 8 Summary statistics for profile P1-08 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-08.PM2.5 1,500 2.8 1.6 2.0 0.9 12.2 11.3 
Home 862 2.7 1.0 2.8 1.4 5.8 4.4 

Public building 75 1.3 0.2 1.3 0.9 1.7 0.8 
Transport 166 5.8 2.7 6.8 1.4 12.2 10.7 

Work 397 1.8 0.2 1.8 1.4 4.3 2.9 
Car 166 5.8 2.7 6.8 1.4 12.2 10.7 

Indoor 1,334 2.4 0.9 2.0 0.9 5.8 5.0 
Outdoor rural 49 2.0 0.4 1.9 1.4 2.9 1.5 
Outdoor urban 117 7.4 1.1 7.3 5.6 12.2 6.6 

 

 

Table C 9 Summary statistics for profile P1-09 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-09.PM2.5 1,221 4.6 6.4 2.4 1.4 51.1 49.7 
Outdoor other 410 2.5 2.3 1.6 1.4 9.4 8.0 
Public building 52 30.7 10.7 32.1 1.6 51.1 49.5 

Transport 759 3.9 2.2 3.3 1.4 14.6 13.2 
Car 245 3.6 2.4 2.3 1.4 11.1 9.6 

Ferry 514 4.1 2.2 3.8 1.6 14.6 13.1 
Indoor 52 30.7 10.7 32.1 1.6 51.1 49.5 

Outdoor rural 1,005 2.7 1.4 2.1 1.4 8.4 7.0 
Outdoor urban 164 8.1 1.6 7.9 6.0 14.6 8.6 

 

 

Table C 10 Summary statistics for profile P1-10 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-10.PM2.5 4,030 4.5 5.1 3.4 1.3 72.0 70.7 
Outdoor other 23 3.8 3.0 2.1 1.7 10.2 8.5 

Private 
residential 
building 846 8.0 10.1 4.1 1.7 72.0 70.3 

Public building 2,690 3.6 1.1 3.3 1.8 7.0 5.2 
Transport 446 3.5 2.4 2.2 1.5 13.0 11.5 

Work 25 2.1 1.2 1.3 1.3 4.2 2.9 
Car 446 3.5 2.4 2.2 1.5 13.0 11.5 

Indoor 3,561 4.6 5.3 3.5 1.3 72.0 70.7 
Outdoor rural 343 2.1 0.5 2.0 1.5 4.8 3.3 
Outdoor urban 126 7.3 1.3 7.2 5.3 13.0 7.7 
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Table C 11 Summary statistics for profile P1-11 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-11.PM2.5 475 5.0 17.3 1.6 0.9 237.3 236.3 

Public building 118 11.5 33.6 1.4 0.9 237.3 236.3 
Transport 174 4.5 3.7 3.6 1.4 17.9 16.5 

Work 183 1.2 0.2 1.1 1.0 2.3 1.3 
Car 174 4.5 3.7 3.6 1.4 17.9 16.5 

Indoor 301 5.3 21.6 1.2 0.9 237.3 236.3 
Outdoor rural 129 2.8 1.0 2.6 1.4 4.7 3.3 
Outdoor urban 45 9.4 4.2 7.0 5.1 17.9 12.8 

 

 

Table C 12 Summary statistics for profile P1-12 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-12.PM2.5 2,801 6.2 9.2 3.2 0.9 89.4 88.5 
Home 1,768 6.3 10.8 2.9 1.2 89.4 88.3 

Public building 472 7.5 7.1 4.1 2.5 49.3 46.8 
Transport 164 7.1 2.5 7.3 1.4 11.5 10.0 

Work 397 3.6 2.3 3.0 0.9 10.4 9.5 
Bicycle 164 7.1 2.5 7.3 1.4 11.5 10.0 
Indoor 2,637 6.1 9.4 3.0 0.9 89.4 88.5 

Outdoor rural 25 2.1 0.3 2.0 1.4 3.0 1.6 
Outdoor urban 139 8.0 1.5 7.8 5.4 11.5 6.1 

 

 

Table C 13 Summary statistics for profile P1-13 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-13.PM2.5 1,424 2.4 2.7 1.9 1.0 25.3 24.3 
Home 714 2.8 3.6 2.1 1.1 25.3 24.1 

Public building 35 3.4 0.2 3.4 2.8 3.5 0.8 
Transport 43 5.7 1.8 6.0 1.6 8.1 6.5 

Work 632 1.6 0.4 1.5 1.0 2.7 1.8 
Car 43 5.7 1.8 6.0 1.6 8.1 6.5 

Indoor 1,381 2.3 2.7 1.9 1.0 25.3 24.3 
Outdoor rural 6 1.7 0.1 1.7 1.6 1.7 0.2 
Outdoor urban 37 6.4 0.8 6.5 5.2 8.1 2.8 
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Table C 14 Summary statistics for profile P1-14 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-14.PM2.5 5,079 5.0 5.2 3.1 1.0 66.4 65.4 
Home 2,762 3.9 4.8 2.2 1.1 41.7 40.6 

Outdoor other 166 10.0 5.4 9.1 6.4 46.1 39.7 

Private 
residential 
building 164 9.1 4.6 9.4 2.4 18.8 16.4 

Public building 783 6.9 6.6 4.5 2.0 66.4 64.4 
Transport 735 7.1 3.9 7.1 1.4 29.2 27.8 

Work 469 2.2 0.7 2.1 1.0 3.9 2.9 
Bus 264 8.9 3.1 8.6 2.2 23.4 21.1 
Car 71 7.3 3.4 7.3 1.4 11.4 10.0 

Train 293 5.0 3.2 3.3 1.7 12.7 11.0 
Walk 107 8.6 4.7 6.9 5.5 29.2 23.6 

Indoor 4,178 4.5 5.2 2.7 1.0 66.4 65.4 
Outdoor rural 223 2.8 1.1 2.6 1.4 8.3 6.9 
Outdoor urban 678 9.2 3.8 8.6 5.4 46.1 40.7 

 

 

Table C 15 Summary statistics for profile P1-15 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-15.PM2.5 2,387 10.2 11.0 4.4 1.4 55.8 54.5 
Home 1,776 12.6 11.7 6.7 1.8 55.8 54.0 

Outdoor other 54 2.1 0.4 2.2 1.5 2.6 1.1 

Public building 4 18.0 4.5 18.2 12.6 23.3 10.7 
Transport 159 5.8 3.5 6.5 1.5 15.6 14.1 

Work 394 2.0 0.9 1.7 1.4 8.3 6.9 
Bus 102 5.6 3.1 6.6 1.6 11.8 10.2 
Walk 57 6.2 4.1 6.2 1.5 15.6 14.1 

Indoor 2,174 10.7 11.4 4.4 1.4 55.8 54.5 
Outdoor rural 113 2.1 0.5 2.0 1.5 3.9 2.5 
Outdoor urban 100 8.0 2.4 7.0 5.5 15.6 10.0 
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Table C 16 Summary statistics for profile P1-16 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-16.PM2.5 3,686 8.0 9.0 4.4 1.1 67.0 65.9 
Home 2,110 8.1 10.7 3.9 1.1 67.0 65.9 

Outdoor other 280 2.2 0.7 2.1 1.9 10.4 8.5 

Private 
residential 
building 1,015 9.3 5.4 7.8 2.9 19.7 16.8 

Public building 12 3.4 0.5 3.2 2.9 4.7 1.8 
Transport 262 7.7 7.2 6.7 1.5 44.0 42.5 

Work 7 2.2 0.7 2.7 1.2 3.0 1.8 
Bus 110 12.1 9.0 8.3 2.5 44.0 41.5 
Car 108 4.1 2.5 2.3 1.7 9.9 8.2 

Walk 44 5.7 2.8 5.8 1.5 12.6 11.1 
Indoor 3,144 8.5 9.3 4.8 1.1 67.0 65.9 

Outdoor rural 372 2.4 1.7 2.1 1.5 16.7 15.2 
Outdoor urban 170 10.3 7.5 7.6 5.3 44.0 38.7 

 

 

Table C 17 Summary statistics for profile P1-17 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-17.PM2.5 1,680 3.3 2.8 2.1 1.0 34.1 33.2 
Home 862 3.1 2.0 2.3 1.3 18.1 16.8 

Outdoor other 62 8.9 3.1 7.8 6.1 21.1 15.0 

Public building 68 7.2 4.7 5.8 5.0 34.1 29.2 
Transport 150 6.7 3.2 6.6 1.5 13.2 11.7 

Work 538 1.5 0.6 1.4 1.0 5.6 4.7 
Bicycle 22 4.7 2.3 6.3 1.8 7.3 5.5 

Car 82 8.8 2.3 9.6 2.0 13.2 11.2 
Walk 46 3.9 2.0 4.1 1.5 6.9 5.4 

Indoor 1,468 2.7 2.2 1.9 1.0 34.1 33.2 
Outdoor rural 37 2.0 0.4 2.0 1.5 3.5 2.0 
Outdoor urban 175 8.4 2.5 7.8 5.3 21.1 15.8 
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Table C 18 Summary statistics for profile P1-18 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-18.PM2.5 3,377 6.9 9.0 4.4 1.1 97.3 96.2 
Home 2,558 7.7 10.1 4.6 1.1 97.3 96.2 

Public building 20 3.8 2.6 2.7 1.3 10.2 9.0 
Transport 64 6.3 3.6 7.1 1.8 16.2 14.4 

Work 735 4.5 2.3 3.9 1.8 10.5 8.6 
Car 35 7.0 3.9 8.6 1.8 15.1 13.4 

Walk 29 5.6 3.2 5.6 2.5 16.2 13.7 
Indoor 3,313 6.9 9.1 4.4 1.1 97.3 96.2 

Outdoor rural 27 2.6 0.4 2.7 1.8 3.3 1.5 
Outdoor urban 37 9.1 2.2 9.3 5.5 16.2 10.7 

 

 

Table C 19 Summary statistics for profile P1-19 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P1-19.PM2.5 3,933 6.8 8.4 3.5 0.9 93.9 93.0 
Home 3,187 6.7 8.1 3.5 1.1 93.9 92.9 

Outdoor other 284 6.0 6.3 6.4 1.9 87.2 85.4 
Public building 71 21.3 19.6 8.7 1.9 58.4 56.5 

Transport 169 9.9 6.6 7.8 1.8 29.4 27.7 
Work 222 1.1 0.1 1.1 0.9 1.3 0.3 

Bicycle 26 7.3 0.8 6.9 6.3 9.3 3.0 
Bus 79 12.4 8.6 8.0 2.7 29.4 26.8 
Walk 64 7.9 3.0 8.0 1.8 14.5 12.7 

Indoor 3,480 6.7 8.6 3.2 0.9 93.9 93.0 
Outdoor rural 147 2.9 2.1 2.2 1.8 11.6 9.8 
Outdoor urban 306 9.6 7.1 7.7 5.9 87.2 81.4 
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Table D 1 Summary statistics for profile P2-01 split by microenvironments, 
transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-01.PM2.5 6,254 13.8 10.1 12.1 1.4 74.2 72.9 
Home 5,891 14.1 10.2 12.8 1.4 74.2 72.9 

Public building 110 10.2 3.9 10.1 3.8 22.5 18.7 
Transport 180 7.7 2.5 7.6 1.8 15.7 14.0 

Work 73 2.7 0.4 2.5 2.3 3.6 1.3 
Bus 73 7.9 2.7 8.2 2.0 13.8 11.9 
Walk 107 7.6 2.4 6.9 1.8 15.7 14.0 

Indoor 6,074 13.9 10.2 12.6 1.4 74.2 72.9 
Outdoor rural 16 2.1 0.3 0.3 1.8 2.6 0.9 
Outdoor urban 164 8.3 1.9 7.8 5.1 15.7 10.6 

 

 

Table D 2 Summary statistics for profile P2-02 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-02.PM2.5 2,814 29.6 55.5 4.5 1.6 265.0 263.4 
Home 1,700 46.8 66.0 7.4 1.6 265.0 263.4 

Private 
residential 
building 3 18.7 13.5 24.8 3.2 28.0 24.8 

Transport 121 8.3 3.2 7.1 5.7 19.3 13.6 
Work 990 2.5 0.6 2.5 1.6 4.6 3.0 
Car 26 12.5 4.2 11.3 7.1 19.3 12.2 

Walk 95 7.1 1.4 6.6 5.7 16.1 10.4 
Indoor 2,693 30.5 56.6 4.1 1.6 265.0 263.4 

Outdoor urban 121 8.3 3.2 7.1 5.7 19.3 13.6 
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Table D 3 Summary statistics for profile P2-03 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-03.PM2.5 3,591 8.0 7.9 4.9 1.0 60.9 59.8 
Home 3,192 8.2 8.3 4.5 1.0 60.9 59.8 

Outdoor other 10 9.7 2.6 8.1 7.6 13.8 6.2 

Private 
residential 
building 45 5.1 0.8 4.8 4.1 7.2 3.2 

Public building 83 7.3 2.9 7.4 1.6 14.1 12.5 
Transport 261 6.6 3.7 5.9 1.5 39.5 37.9 

Bus 79 7.3 2.8 7.8 1.5 13.0 11.5 
Car 90 6.1 5.3 5.6 1.6 39.5 37.9 

Walk 92 6.4 2.1 6.6 1.6 11.8 10.2 
Indoor 3,320 8.2 8.1 4.6 1.0 60.9 59.8 

Outdoor rural 30 2.0 0.6 1.8 1.5 3.4 1.9 
Outdoor urban 241 7.3 3.5 6.3 5.0 39.5 34.5 

 

 

Table D 4 Summary statistics for profile P2-04 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-04.PM2.5 1,463 5.2 2.2 4.4 1.9 26.4 24.4 
Home 720 4.9 2.1 4.2 3.1 26.4 23.2 

Outdoor other 35 7.8 0.3 7.7 7.4 8.6 1.2 
Public building 16 15.1 6.3 18.6 5.1 20.4 15.2 

Transport 61 5.2 2.5 5.6 1.9 9.3 7.4 
Work 631 5.1 1.3 4.9 2.8 7.8 5.0 
Car 57 5.4 2.5 5.6 2.0 9.3 7.4 

Walk 4 2.6 0.5 2.8 1.9 2.9 1.0 
Indoor 1,367 5.1 2.2 4.4 2.8 26.4 23.5 

Outdoor rural 41 3.8 1.6 2.9 1.9 6.5 4.6 
Outdoor urban 55 7.9 0.5 7.8 6.9 9.3 2.4 
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Table D 5 Summary statistics for profile P2-05 split by microenvironments, 
transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-05.PM2.5 1,422 18.1 40.5 3.0 1.5 211.1 209.5 
Home 738 32.2 52.4 6.2 2.2 211.1 208.9 

Outdoor other 31 4.4 8.4 1.7 1.5 45.4 43.8 
Public building 58 4.5 3.4 3.7 2.2 24.5 22.2 

Transport 80 5.2 3.9 6.0 1.6 31.2 29.6 
Work 515 2.3 0.6 2.1 1.6 5.1 3.5 
Car 77 5.3 3.9 6.1 1.6 31.2 29.6 

Walk 3 1.9 0.0 1.9 1.9 1.9 0.0 
Indoor 1,311 19.2 42.0 3.0 1.6 211.1 209.5 

Outdoor rural 58 1.8 0.2 1.7 1.5 2.6 1.0 
Outdoor urban 53 8.4 6.3 6.9 5.6 45.4 39.7 

 

 

Table D 6 Summary statistics for profile P2-06 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-06.PM2.5 4,292 5.8 11.6 2.7 1.2 103.7 102.4 
Home 3,754 6.1 12.4 2.7 1.2 103.7 102.4 

Public building 10 2.4 0.3 2.3 2.1 3.0 0.9 
Transport 209 5.9 1.8 6.2 1.6 11.1 9.5 

Work 319 2.5 0.2 2.5 2.0 4.5 2.5 
Car 193 5.9 1.9 6.3 1.6 11.1 9.5 

Walk 16 5.4 0.9 5.5 2.0 6.5 4.5 
Indoor 4,083 5.8 11.9 2.6 1.2 103.7 102.4 

Outdoor rural 33 2.1 0.3 2.2 1.6 2.6 1.0 
Outdoor urban 176 6.6 0.8 6.4 5.3 11.1 5.8 

 

 

Table D 7 Summary statistics for profile P2-07 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-07.PM2.5 2,271 6.6 6.0 4.6 2.2 56.7 54.5 
Home 1,237 7.9 7.4 5.4 3.6 56.7 53.1 

Public building 120 4.4 0.3 4.4 3.7 6.0 2.2 
Transport 154 10.0 5.6 8.7 2.2 25.5 23.4 

Work 760 4.1 1.0 4.0 2.3 8.4 6.1 
Bicycle 154 10.0 5.6 8.7 2.2 25.5 23.4 
Indoor 2,117 6.4 6.0 4.6 2.3 56.7 54.3 

Outdoor rural 23 2.8 0.6 2.7 2.2 4.3 2.2 
Outdoor urban 131 11.3 5.1 9.1 7.0 25.5 18.5 
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Table D 8 Summary statistics for profile P2-08 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-08.PM2.5 4,243 4.8 5.4 3.4 1.0 59.4 58.4 
Home 2,668 4.5 6.0 3.0 1.0 59.4 58.4 

Outdoor other 31 7.0 1.3 6.0 5.5 9.0 3.4 

Private 
residential 
building 20 5.3 2.3 4.4 3.8 12.1 8.3 

Public building 326 7.1 3.1 6.6 2.7 25.0 22.3 
Transport 165 8.9 8.6 6.8 1.5 51.4 49.9 

Work 1,033 3.9 2.7 3.4 1.3 25.0 23.6 
Car 110 8.9 10.2 6.7 1.6 51.4 49.9 

Walk 55 9.1 4.3 8.0 1.5 20.6 19.1 
Indoor 4,047 4.6 5.2 3.4 1.0 59.4 58.4 

Outdoor rural 38 3.5 4.0 2.1 1.5 19.6 18.1 
Outdoor urban 158 9.9 8.2 7.0 4.8 51.4 46.7 

 

 

Table D 9 Summary statistics for profile P2-01 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-09.PM2.5 4,187 2.5 2.5 2.1 0.7 24.0 23.3 
Home 3,482 2.2 2.1 2.0 0.7 24.0 23.3 

Outdoor other 32 6.2 1.7 6.2 1.6 9.6 7.9 

Private 
residential 
building 102 3.8 2.1 4.3 1.2 18.2 17.0 

Public building 242 2.3 1.9 2.1 0.8 19.3 18.4 
Transport 179 7.9 4.2 7.1 1.3 21.2 19.9 

Work 150 2.0 1.6 1.8 1.1 19.4 18.3 
Bus 82 10.4 4.4 8.8 2.4 21.2 18.8 
Car 29 4.3 2.6 2.6 1.5 8.0 6.5 

Walk 68 6.4 2.0 5.8 1.3 13.1 11.8 
Indoor 3,976 2.2 2.1 2.0 0.7 24.0 23.3 

Outdoor rural 23 1.9 0.4 1.8 1.3 2.6 1.3 
Outdoor urban 188 8.3 3.6 7.2 4.8 21.2 16.4 
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Table D 10 Summary statistics for profile P2-10 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-10.PM2.5 3,784 4.2 3.2 3.6 0.9 29.0 28.1 
Home 1,788 3.5 1.2 3.6 1.8 10.2 8.4 

Outdoor other 5 7.0 0.5 6.8 6.7 7.7 1.0 
Public building 1,089 4.0 4.6 2.3 0.9 29.0 28.1 

Transport 457 8.2 2.8 7.4 2.1 20.4 18.3 
Work 445 3.4 1.3 3.3 1.2 11.3 10.1 
Bus 11 7.3 0.3 7.3 6.8 7.7 0.8 
Car 82 6.7 1.6 6.9 2.1 9.1 7.0 

Train 291 8.6 3.2 7.5 5.1 20.4 15.3 
Walk 73 8.0 2.0 8.1 2.2 14.5 12.3 

Indoor 3,322 3.7 2.8 3.3 0.9 29.0 28.1 
Outdoor rural 8 2.3 0.1 2.2 2.1 2.6 0.5 
Outdoor urban 454 8.3 2.7 7.4 5.1 20.4 15.3 

 

 

Table D 11 Summary statistics for profile P2-11 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-11.PM2.5 1,475 7.8 10.0 4.3 1.5 76.1 74.6 
Home 1,250 4.7 2.3 4.0 1.5 18.1 16.7 

Public building 184 27.9 17.4 26.5 7.1 76.1 69.0 
Transport 41 10.7 2.8 9.9 8.8 20.3 11.5 

Walk 41 10.7 2.8 9.9 8.8 20.3 11.5 
Indoor 1,434 7.7 10.2 4.2 1.5 76.1 74.6 

Outdoor urban 41 10.7 2.8 9.9 8.8 20.3 11.5 
 

 

Table D 12 Summary statistics for profile P2-12 split by microenvironment (ME), 

transport mode (TPM) and class. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-12.PM2.5 1,441 6.7 4.3 5.9 2.0 24.2 22.2 
Home 839 8.1 3.4 6.5 3.9 22.1 18.2 

Outdoor other 44 6.0 5.1 3.9 2.0 20.7 18.7 
Transport 90 13.1 6.4 13.3 2.7 24.2 21.5 

Work 468 2.9 0.5 2.8 2.1 6.1 4.0 
Bus 64 13.3 6.1 12.4 3.9 24.2 20.4 
Walk 26 12.6 7.0 16.1 2.7 20.8 18.0 

Indoor 1,307 6.3 3.7 5.8 2.1 22.1 20.0 
Outdoor rural 59 3.9 0.6 3.9 2.0 5.3 3.3 
Outdoor urban 75 16.2 4.0 16.1 11.0 24.2 13.3 
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Table D 13 Summary statistics for profile P2-13 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-13.PM2.5 1,466 4.9 3.1 3.6 1.3 17.3 16.1 
Home 739 3.2 0.7 3.3 1.3 4.8 3.5 

Outdoor other 53 3.5 1.8 2.4 1.8 6.9 5.1 
Public building 124 8.4 1.1 8.8 5.0 9.8 4.8 

Transport 153 7.9 3.9 6.4 1.9 17.3 15.4 
Work 397 6.0 3.6 7.8 1.6 12.6 11.1 
Bus 73 9.2 4.6 8.3 2.0 17.3 15.4 
Walk 80 6.7 2.6 6.0 1.9 15.1 13.2 

Indoor 1,260 4.6 2.8 3.5 1.3 12.6 11.3 
Outdoor rural 65 2.9 1.0 2.4 1.8 5.0 3.2 
Outdoor urban 141 8.5 3.5 6.9 5.0 17.3 12.4 

 

 

Table D 14 Summary statistics for profile P2-14 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-14.PM2.5 1,707 4.7 1.7 4.6 1.6 10.9 9.2 
Home 857 4.8 1.0 4.7 3.1 10.9 7.8 

Public building 12 8.4 1.6 9.0 5.8 10.5 4.7 
Transport 61 6.5 2.9 8.1 2.1 9.5 7.4 

Work 777 4.4 1.9 3.6 1.6 9.6 8.0 
Car 16 5.5 3.2 3.0 2.2 9.3 7.1 

Walk 45 6.8 2.8 8.2 2.1 9.5 7.4 
Indoor 1,646 4.6 1.6 4.6 1.6 10.9 9.2 

Outdoor rural 21 2.5 0.3 2.5 2.1 3.0 0.9 
Outdoor urban 40 8.5 0.4 8.5 7.9 9.5 1.6 
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Table D 15 Summary statistics for profile P2-15 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-15.PM2.5 1457 5.4 3.8 5.5 1.6 30.5 29.0 
Home 779 7.4 3.0 6.4 3.4 30.5 27.2 

Transport 93 9.0 7.0 6.4 1.6 22.9 21.3 
Work 585 2.3 0.4 2.2 1.6 3.3 1.7 

Bicycle 43 5.3 2.1 6.0 1.6 9.5 7.8 
Bus 35 15.8 7.0 19.4 2.2 22.9 20.7 
Walk 15 3.6 2.4 1.9 1.8 7.5 5.7 

Indoor 1364 5.2 3.4 5.0 1.6 30.5 29.0 
Outdoor rural 31 3.3 2.5 1.9 1.6 7.9 6.2 
Outdoor urban 62 11.8 6.9 7.1 5.8 22.9 17.1 

 

 
 
Table D 16 Summary statistics for profile P2-16 split by microenvironments, 

transport modes and classes. n= number of data points, all values in µg/m3. 

 
n mean sd median min max range 

P2-16.PM2.5 1,464 17.8 8.7 15.7 6.2 73.0 66.8 
Home 885 17.8 4.8 16.6 9.5 28.2 18.7 

Outdoor other 161 23.8 2.7 23.6 19.7 38.5 18.7 
Public building 6 21.9 1.0 22.1 20.4 23.0 2.6 

Transport 83 36.1 20.9 23.5 6.8 73.0 66.2 
Work 329 10.3 2.4 10.7 6.2 15.1 8.9 

Bicycle 38 21.7 2.7 22.6 12.9 24.9 12.0 
Bus 35 56.7 16.3 63.1 20.0 73.0 53.0 
Walk 10 18.4 9.1 19.1 6.8 34.3 27.5 

Indoor 1,220 15.8 5.5 13.7 6.2 28.2 22.0 
Outdoor rural 10 16.6 6.0 20.3 6.8 22.5 15.6 
Outdoor urban 234 28.4 13.7 23.6 12.9 73.0 60.1 

 

 

 



9 Bibliography  293 

9 Bibliography 

ABDULLAHI, K. L., DELGADO-SABORIT, J. M. & HARRISON, R. M. 2013. Emissions and indoor 
concentrations of particulate matter and its specific chemical components from 
cooking: A review. Atmospheric Environment, 71, 260-294. 

ADAMS, C., RIGGS, P. & VOLCKENS, J. 2009. Development of a method for personal, 
spatiotemporal exposure assessment. Journal of Environmental Monitoring, 11, 1331-
1339. 

AIR QUALITY CONSULTANTS 2012. PM2.5 in Scotland: A Report for SEPA. Air Quality 
Consultants. 

AIR QUALITY EXPERT GROUP 2012. Fine Particulate Matter (PM2.5) in the United Kingdom. 
ALLEN-PICCOLO, G., ROGERS, J. V., EDWARDS, R., CLARK, M. C., ALLEN, T. T., RUIZ-MERCADO, 

I., SHIELDS, K. N., CANUZ, E. & SMITH, K. R. 2009. An Ultrasound Personal Locator for 
Time-Activity Assessment. International Journal of Occupational and Environmental 
Health, 15, 122-132. 

ASHMORE, M. R. & DIMITROULOPOULOU, C. 2009. Personal exposure of children to air 
pollution. Atmospheric Environment, 43, 128-141. 

ASTHMA UK 2013. Asthma UK Scotland [Online]. Available: 
http://www.asthma.org.uk/scotland. 

AYERS, G. P., KEYWOOD, M. D. & GRAS, J. L. 1999. TEOM vs. manual gravimetric methods for 
determination of PM2.5 aerosol mass concentrations. Atmospheric Environment, 33, 
3717-3721. 

BBC NEWS. 2014. Edinburgh Waverley Station: Car and taxi ban comes into force [Online]. 
Available: http://www.bbc.co.uk/news/uk-scotland-edinburgh-east-fife-25716086. 

BOOGAARD, H., BORGMAN, F., KAMMINGA, J. & HOEK, G. 2009. Exposure to ultrafine and fine 
particles and noise during cycling and driving in 11 Dutch cities. Atmospheric 
Environment, 43, 4234-4242. 

BRANIS, M. 2010. Personal Exposure Measurements. In: LAZARIDIS, M. & COLBECK, I. (eds.) 
Human Exposure to Pollutants via Dermal Absorption and Inhalation. 1st ed.: Springer. 

BRICKA, S. G., SEN, S., PALETI, R. & BHAT, C. R. 2012. An analysis of the factors influencing 
differences in survey-reported and GPS-recorded trips. Transportation Research Part C: 
Emerging Technologies, 21, 67-88. 

BROICH, A. V., GERHARZ, L. E. & KLEMM, O. 2012. Personal monitoring of exposure to 
particulate matter with a high temporal resolution. Environmental Science and 
Pollution Research, 19, 2959-2972. 

BROWN, A. S., YARDLEY, R. E., QUINCEY, P. G. & BUTTERFIELD, D. M. 2006. Studies of the effect 
of humidity and other factors on some different filter materials used for gravimetric 
measurements of ambient particulate matter. Atmospheric Environment, 40, 4670-
4678. 

BRUNEKREEF, B., ANNESI-MAESANO, I., AYRES, J. G., FORASTIERE, F., FORSBERG, B., KÜNZLI, 
N., PEKKANEN, J. & SIGSGAARD, T. 2012. Ten principles for clean air. European 
Respiratory Journal, 39, 525-528. 

BTO 2013. British Trust for Ornithology [Online]. Available: http://www.bto.org/about-bto. 
BUONANNO, G., STABILE, L. & MORAWSKA, L. 2014. Personal exposure to ultrafine particles: 

The influence of time-activity patterns. Science of the Total Environment, 468–469, 
903-907. 

CARSLAW, D. & ROPKINS, K. 2012. Openair: Open-source tools for the analysis of air pollution 
data [Online]. Available: http://www.openair-project.org/  

CATTANEO, A., TARONNA, M., GARRAMONE, G., PERUZZO, C., SCHLITT, C., CONSONNI, D. & 
CAVALLO, D. M. 2010. Comparison between Personal and Individual Exposure to Urban 
Air Pollutants. Aerosol Science and Technology, 44, 370-379. 

 
 



294  Bibliography 9       
 
CEN 2005. Ambient Air Quality - Reference gravimetric measurement method for the 

determination of the PM2.5 mass fraction of suspended particulate matter in ambient 
air. EN 14907:2005. Belgium: European Committee for Standardization. 

CEN 2013. Ambient air - Automated measuring systems for the measurements of the 
concentration of particulate matter (PM10; PM2.5). TS 16450:2013. Belgium: 
European Committee for Standardization. 

CHARRON, A., HARRISON, R. M., MOORCROFT, S. & BOOKER, J. 2004. Quantitative 
interpretation of divergence between PM10 and PM2.5 mass measurement by TEOM 
and gravimetric (Partisol) instruments. Atmospheric Environment, 38, 415-423. 

CHOW, J. C., ENGELBRECHT, J. P., WATSON, J. G., WILSON, W. E., FRANK, N. H. & ZHU, T. 2002. 
Designing monitoring networks to represent outdoor human exposure. Chemosphere, 
49, 961-978. 

CLEAN AIR IN LONDON 2012. Clean Air in London [Online]. Available: 
http://cleanairinlondon.org/. 

COLBECK, I. & NASIR, Z. A. 2010. Indoor air pollution. In: LAZARIDIS, M. & COLBECK, I. (eds.) 
Human Exposure to Pollutants via Dermal Absorption and Inhalation. 1st ed.: Springer. 

COLE-HUNTER, T., MORAWSKA, L., STEWART, I., JAYARATNE, R. & SOLOMON, C. 2012. Inhaled 
particle counts on bicycle commute routes of low and high proximity to motorised 
traffic. Atmospheric Environment, 61, 197-203. 

COMMITTEE ON HUMAN AND ENVIRONMENTAL EXPOSURE SCIENCE IN THE 21ST CENTURY 
2012. Exposure Science in the 21st Century: A Vision and a Strategy, The National 
Academies Press. 

CROMLEY, E. K. & MCLAFFERTY, S. L. 2002. GIS and Public Health. 
CROSBIE, T. 2006. Using Activity Diaries: Some Methodological Lessons. Journal of Research 

Practice, 2, 1-13. 
CYRYS, J., DIETRICH, G., KREYLING, W., TUCH, T. & HEINRICH, J. 2001. PM2.5 measurements in 

ambient aerosol: comparison between Harvard impactor (HI) and the tapered element 
oscillating microbalance (TEOM) system. Science of the Total Environment, 278, 191-
197. 

DAVIES, G. & WHYATT, D. 2009. A Least-Cost Approach to Personal Exposure Reduction. 
Transactions in GIS, 13, 229-246. 

DE NAZELLE, A., SETO, E., DONAIRE-GONZALEZ, D., MENDEZ, M., MATAMALA, J., 
NIEUWENHUIJSEN, M. J. & JERRETT, M. 2013. Improving estimates of air pollution 
exposure through ubiquitous sensing technologies. Environmental Pollution, 176, 92-
99. 

DEFRA 2012. Emissions of Air Pollutants in the UK, 1970 to 2011. Department for Environment 
Food and Rural Affairs. 

DEFRA 2013. Air Quality Management Areas [Online]. Department for Environment Food and 
Rural Affairs. Available: http://aqma.defra.gov.uk/aqma/home.html. 

DEFRA 2014. UK-AIR: Air Information Resource [Online]. Available: http://uk-air.defra.gov.uk/. 
DELGADO-SABORIT, J. M. 2012. Use of real-time sensors to characterise human exposures to 

combustion related pollutants. Journal of Environmental Monitoring, 14, 1824-1837. 
DONS, E., INT PANIS, L., VAN POPPEL, M., THEUNIS, J., WILLEMS, H., TORFS, R. & WETS, G. 

2011. Impact of time-activity patterns on personal exposure to black carbon. 
Atmospheric Environment, 45, 3594-3602. 

DONS, E., VAN POPPEL, M., KOCHAN, B., WETS, G. & INT PANIS, L. 2014. Implementation and 
validation of a modeling framework to assess personal exposure to black carbon. 
Environment International, 62, 64-71. 

DUAN, N. 1982. Models for human exposure to air pollution. Environment International, 8, 
305-309. 

EEA 2007. The DPSIR framework used by the EEA [Online]. Copenhagen: European 
Environment Agency (EEA). Available: http://root-
devel.ew.eea.europa.eu/ia2dec/knowledge_base/Frameworks/doc101182. 

EEA 2012. Air quality in Europe - 2012 report. Copenhagen: European Environment Agency. 



9 Bibliography  295 

EEA 2013. Environment and Human Health. Copenhagen: European Environment Agency. 
ELGETHUN, K., FENSKE, R. A., YOST, M. G. & PALCISKO, G. J. 2003. Time-Location Analysis for 

Exposure Assessment Studies of Children Using a Novel Global Positioning System 
Instrument. Environ Health Perspect, 111, 115-122. 

ELGETHUN, K., YOST, M. G., FITZPATRICK, C. T. E., NYERGES, T. L. & FENSKE, R. A. 2007. 
Comparison of global positioning system (GPS) tracking and parent-report diaries to 
characterize children's time-location patterns. Journal of Exposure Science and 
Environmental Epidemiology, 17, 196-206. 

ELLIOTT, P., WAKEFIELD, J. C., BEST, N. G. & BRIGGS, D. J. 2000. Spatial Epidemiology: Methods 
and Applications. In: ELLIOTT, P., WAKEFIELD, J. C., BEST, N. G. & BRIGGS, D. J. (eds.) 
Spatial Epidemiology. Methods and Applications. London: Oxford University Press. 

ENVIRONMENT AGENCY 2009. Performance Standards for Indicative Ambient Particulate 
Monitors. 

EPA 2012. Air quality in Ireland 2011. Key indicators of ambient air quality. Environmental 
Protection Agency. 

ESRI. 2013. Mapping & Analysis for Understanding Our World [Online]. Available: 
http://www.esri.com/software/arcgis. 

ETH ZURICH. 2013. Opensense [Online]. Available: http://www.opensense.ethz.ch/trac/. 
EUROPEAN COMMISSION 2010. Guide to the demonstration of equivalence of ambient air 

monitoring methods. 
EUROPEAN COMMISSION 2012. New Air Quality Directive [Online]. Available: 

http://ec.europa.eu/environment/air/quality/legislation/directive.htm. 
FERNANDES, E. O., JANTUNEN, M., CARRER, P., SEPPANNEN, O., HARRISON, P. & 

KEPHALOPOULOS, S. 2009. EnVie. Co-ordination Action on Indoor Air Quality and 
Health Effects. IDMEC, Instituto de Engenharia Mecânica, Portugal. 

FERRO, A. R., KOPPERUD, R. J. & HILDEMANN, L. M. 2004. Source strengths for indoor human 
activities that resuspend particulate matter. Environmental Science and Technology, 
38, 1759-1764. 

FLOWERDEW, R., MANLEY, D. & SABEL, C. E. 2008. Neighbourhood effects on health: Does it 
matter where you draw the boundaries? Social Science & Medicine, 66, 1241-1255. 

FOWLER, D., BRUNEKREEF, B., FUZZI, S., MONKS, P., SUTTON, M. A., BRASSEUR, G., 
RFRIEDRICH, R., PASSANTE, L. & MINGO, J. 2013. Research Findings in support of the 
EU Air Quality Review. European Union. 

FRANKLIN, P. J. 2007. Indoor air quality and respiratory health of children. Paediatric 
Respiratory Reviews, 8, 281-286. 

FREEMAN, N. C. G., LIOY, P. J., PELLIZZARI, E. D. O., ZELON, H., THOMAS, K., CLAYTON, A. & 
QUACKENBOSS, J. 1999. Responses to the Region 5 NHEXAS time/activity diary. Journal 
of Exposure Analysis and Environmental Epidemiology, 9, 414-426. 

FREEMAN, N. C. G. & SAENZ DE TEJADA, S. 2002. Methods for collecting time/activity pattern 
information related to exposure to combustion products. Chemosphere, 49, 979-992. 

GERHARZ, L., KRUEGER, A. & KLEMM, O. 2009. Applying indoor and outdoor modeling 
techniques to estimate individual exposure to PM2.5 from personal GPS profiles and 
diaries: A pilot study. Science of the Total Environment, 407, 5184-5193. 

GERHARZ, L. E., KLEMM, O., BROICH, A. V. & PEBESMA, E. 2013. Spatio-temporal modelling of 
individual exposure to air pollution and its uncertainty. Atmospheric Environment, 64, 
56-65. 

GOLDBERG, M. S. 2007. On the interpretation of epidemiological studies of ambient air 
pollution. J Expos Sci Environ Epidemiol, 17, 66-70. 

GREAVES, S., ISSARAYANGYUN, T. & LIU, Q. 2008. Exploring variability in pedestrian exposure 
to fine particulates (PM2.5) along a busy road. Atmospheric Environment, 42, 1665-
1676. 

GROS 2013a. 2013-2 Postcode Extract Files [Online]. General Register Office for Scotland. 
Available: http://www.gro-scotland.gov.uk/geography/postcode-extract/2013-2.html.  

 
 



296  Bibliography 9       
 
GROS 2013b. Mid-2011 and Mid-2012 Population Estimates Scotland. Population estimates by 

sex, age and administrative area.: General Register Office for Scotland. 
GULLIVER, J. & BRIGGS, D. J. 2004. Personal exposure to particulate air pollution in transport 

microenvironments. Atmospheric Environment, 38, 1-8. 
GULLIVER, J., BRIGGS, D.J. 2005. Time-space modeling of journey-time exposure to traffic-

related air pollution using GIS. Environmental Research, 97, 10-25. 
HÄGERSTRAND, T. 1967. Innovation diffusion as a spatial process, University of Chicago Press. 
HARMENS, H., MILLS, G., HAYES, F., NORRIS, D. & and the Participants of the ICP Vegetation. 

2011. Air Pollution and Vegetation. ICP Vegetation Annual Report 2010/2011. Centre 
for Ecology & Hydrology. 

HARRISON, D., MAGGS, R. & BOOKER, J. 2006. UK Equivalence Programme for Monitoring of 
Particulate Matter. Bureau Vertias. 

HARRISON, R. M., THORNTON, C. A., LAWRENCE, R. G., MARK, D., KINNERSLEY, R. P. & AYRES, J. 
G. 2002. Personal exposure monitoring of particulate matter, nitrogen dioxide, and 
carbon monoxide, including susceptible groups. Occup Environ Med, 59, 671-9. 

HERTEL, O., DE LEEUW, F. A. A. M., RAASCHOU-NIELSEN, O., JENSEN, S. S., GEE, D., HERBARTH, 
O., PRYOR, S., PALMGREN, F. & OLSEN, E. 2001a. Human exposure to outdoor air 
pollution (IUPAC technical report). Pure and Applied Chemistry, 73, 933-958. 

HERTEL, O., JENSEN, S. S., ANDERSEN, H. V., PALMGREN, F., WAHLIN, P., SKOV, H., NIELSEN, I. 
V., SORENSEN, M., LOFT, S. & RAASCHOU-NIELSEN, O. 2001b. Human exposure to 
traffic pollution. Experience from Danish studies. Pure and Applied Chemistry, 73, 137-
145. 

HODAS, N., MENG, Q., LUNDEN, M. M. & TURPIN, B. J. 2014. Toward refined estimates of 
ambient PM2.5 exposure: Evaluation of a physical outdoor-to-indoor transport model. 
Atmospheric Environment, 83, 229-236. 

HOUSTON, D., ONG, P., JAIMES, G. & WINER, A. 2011. Traffic exposure near the Los Angeles–
Long Beach port complex: using GPS-enhanced tracking to assess the implications of 
unreported travel and locations. Journal of Transport Geography, 19, 1399-1409. 

HOUSTON, D., WU, J., YANG, D. & JAIMES, G. 2013. Particle-Bound Polycyclic Aromatic 
Hydrocarbon Concentrations in Transportation Microenvironments. Atmospheric 
Environment. 

HTTP://WWW.TOWNSCOUNTIESPOSTCODES.CO.UK 2014. Postcode longitude & latitude 
[Online]. Available: http://www.townscountiespostcodes.co.uk/postcodes/postcode-
longitude-and-latitude.php. 

IRWIN, A. 1995. Citizen Science: A study of People, Expertise, and Sustainable Development., 
Psychology Press. 

ISD 2012. Heart Disease Statistics Update. Information Services Division. Available: 
http://www.isdscotland.org/Health-Topics/Heart-Disease/Publications/. 

ISPEX 2013. ISPEX - measure aerosols with your smartphone [Online]. Available: 
http://ispex.nl/en  

JANTUNEN, M. & JAAKKOLA, J. J. K. 1997. Assessment of Exposure to Indoor Air Pollutants, 
World Health Organization, Regional Office for Europe. 

JANTUNEN, M. J., HANNINEN, O., KATSOUYANNI, K., KNOPPEL, H., KUENZLI, N., LEBRET, E., 
MARONI, M., SAARELA, K., SRAM, R. & ZMIROU, D. 1998. Air pollution exposure in 
European cities: The "EXPOLIS" study. Journal of Exposure Analysis and Environmental 
Epidemiology, 8, 495-518. 

JÄRUP, L. 2004. Health and environment information systems for exposure and disease 
mapping, and risk assessment. Environmental Health Perspectives, 112, 995-997. 

JONES, J., STICK, S., DINGLE, P. & FRANKLIN, P. 2007. Spatial variability of particulates in 
homes: Implications for infant exposure. Science of the Total Environment, 376, 317-
323. 

KAUR, S., NIEUWENHUIJSEN, M. & COLVILE, R. 2005. Personal exposure of street canyon 
intersection users to PM2.5, ultrafine particle counts and carbon monoxide in Central 
London, UK. Atmospheric Environment, 39, 3629-3641. 



9 Bibliography  297 

KAUR, S., NIEUWENHUIJSEN, M. J. & COLVILE, R. N. 2007. Fine particulate matter and carbon 
monoxide exposure concentrations in urban street transport microenvironments. 
Atmospheric Environment, 41, 4781-4810. 

KINGHAM, S., LONGLEY, I., SALMOND, J., PATTINSON, W. & SHRESTHA, K. 2013. Variations in 
exposure to traffic pollution while travelling by different modes in a low density, less 
congested city. Environmental Pollution, 181, 211-218. 

KLEPEIS, N. E., NELSON, W. C., OTT, W. R., ROBINSON, J. P., TSANG, A. M., SWITZER, P., BEHAR, 
J. V., HERN, S. C. & ENGELMANN, W. H. 2001. The National Human Activity Pattern 
Survey (NHAPS): a resource for assessing exposure to environmental pollutants. J Expo 
Anal Environ Epidemiol, 11, 231-252. 

KNIBBS, L. D., COLE-HUNTER, T. & MORAWSKA, L. 2011. A review of commuter exposure to 
ultrafine particles and its health effects. Atmospheric Environment, 45, 2611-2622. 

LAI, H. K., BAYER-OGLESBY, L., COLVILE, R., GÖTSCHI, T., JANTUNEN, M. J., KÜNZLI, N., 
KULINSKAYA, E., SCHWEIZER, C. & NIEUWENHUIJSEN, M. J. 2006. Determinants of 
indoor air concentrations of PM2.5, black smoke and NO2 in six European cities 
(EXPOLIS study). Atmospheric Environment, 40, 1299-1313. 

LAI, H. K., KENDALL, M., LINDUP, I., ALM, S., HAENNINEN, O., JANTUNEN, M., MATHYS, P., 
COLVILE, R., ASHMORE, M. R., CULLINAN, P. & NIEUWENHUIJSEN, M. J. 2004. Personal 
exposures and microenvironment concentrations of PM2.5, NO2 and CO in Oxford, UK. 
Atmospheric Environment, 38, 6399-6410. 

LANGRISH, J. P., LI, X., WANG, S. F., LEE, M. M. V., BARNES, G. D., MILLER, M. R., CASSEE, F. R., 
BOON, N. A., DONALDSON, K., LI, J., LI, L., MILLS, N. L., NEWBY, D. E. & JIANG, L. X. 
2012. Reducing Personal Exposure to Particulate Air Pollution Improves Cardiovascular 
Health in Patients with Coronary Heart Disease. Environmental Health Perspectives, 
120, 367-372. 

LAWLESS, P., THORNBURG, J., RODES, C. & WILLIAMS, R. 2012. Personal exposure monitoring 
wearing protocol compliance: An initial assessment of quantitative measurement. J 
Expos Sci Environ Epidemiol, 22, 274-280. 

LAWTON, J. H. 1998. Daily, G. C. (Ed.). 1997. Nature's services. Societal dependence on natural 
ecosystems. Island Press, Washington, DC. 392 pp. ISBN 1-55963-475-8 (hbk), 1 55963 
476 6 (soft cover). Animal Conservation, 1, 75-76. 

LAZARIDIS, M. & COLBECK, I. (eds.) 2010. Human Exposure to Pollutants via Dermal Absorption 
and Inhalation: Springer. 

LIOY, P. J. 2010. Exposure Science: A View of the Past and Milestones for the Future. Environ 
Health Perspect, 118. 

LIOY, P. J. & RAPPAPORT, S. M. 2011. Exposure Science and the Exposome: An Opportunity for 
Coherence in the Environmental Health Sciences. Environmental Health Perspectives, 
119, A466-A467. 

LIPPMANN, M. & LIOY, P. J. 1985. Critical Issues in Air Pollution Epidemiology. Environmental 
Health Perspectives, 62, 243-258. 

MAUDGALYA, T., GENAIDY, A., WECKMAN, G., SHELL, R., KARWOWSKI, W. & WALLACE, S. 
2008. A critical appraisal of epidemiological studies investigating the effects of 
ultrafine particles on human health. Human Factors and Ergonomics in Manufacturing 
& Service Industries, 18, 358-373. 

MAVOA, S., OLIVER, M., WITTEN, K. & BADLAND, H. 2011. Linking GPS and travel diary data 
using sequence alignment in a study of children's independent mobility. International 
Journal of Health Geographics, 10, 64. 

MCKONE, T. E., RYAN, P. B. & OZKAYNAK, H. 2008. Exposure information in environmental 
health research: Current opportunities and future directions for particulate matter, 
ozone, and toxic air pollutants. J Expos Sci Environ Epidemiol, 19, 30-44. 

MEAD, M. I., POPOOLA, O. A. M., STEWART, G. B., LANDSHOFF, P., CALLEJA, M., HAYES, M., 
BALDOVI, J. J., MCLEOD, M. W., HODGSON, T. F., DICKS, J., LEWIS, A., COHEN, J., 
BARON, R., SAFFELL, J. R. & JONES, R. L. 2013. The use of electrochemical sensors for 

 
 



298  Bibliography 9       
 

monitoring urban air quality in low-cost, high-density networks. Atmospheric 
Environment, 70, 186-203. 

MET OFFICE UK 2013a. Coldest spring for more than 50 years [Online]. Available:. 
http://www.metoffice.gov.uk/news/releases/archive/2013/cold-spring. 

MET OFFICE UK 2013b. UK regional climate [Online]. Available: 
http://www.metoffice.gov.uk/climate/uk/regional-climates. 

MET OFFICE UK 2014. Case Study - Smog. The Great Smog of 1952. [Online]. Available: 
http://www.metoffice.gov.uk/education/teens/case-studies/great-smog. 

MICROSOFT OFFICE 2014. Microsoft Excel [Online]. Available: http://office.microsoft.com/en-
gb/excel/. 

MITCHELL, C. S., ZHANG, J., SIGSGAARD, T., JANTUNEN, M., LIOY, P. J., SAMSON, R. & KAROL, 
M. H. 2007. Current State of the Science: Health Effects and Indoor Environmental 
Quality. Environ Health Perspect, 115. 

MONKS, P. S., GRANIER, C., FUZZI, S., STOHL, A., WILLIAMS, M. L., AKIMOTO, H., AMANN, M., 
BAKLANOV, A., BALTENSPERGER, U., BEY, I., BLAKE, N., BLAKE, R. S., CARSLAW, K., 
COOPER, O. R., DENTENER, F., FOWLER, D., FRAGKOU, E., FROST, G. J., GENEROSO, S., 
GINOUX, P., GREWE, V., GUENTHER, A., HANSSON, H. C., HENNE, S., HJORTH, J., 
HOFZUMAHAUS, A., HUNTRIESER, H., ISAKSEN, I. S. A., JENKIN, M. E., KAISER, J., 
KANAKIDOU, M., KLIMONT, Z., KULMALA, M., LAJ, P., LAWRENCE, M. G., LEE, J. D., 
LIOUSSE, C., MAIONE, M., MCFIGGANS, G., METZGER, A., MIEVILLE, A., 
MOUSSIOPOULOS, N., ORLANDO, J. J., O'DOWD, C. D., PALMER, P. I., PARRISH, D. D., 
PETZOLD, A., PLATT, U., PÖSCHL, U., PRÉVÔT, A. S. H., REEVES, C. E., REIMANN, S., 
RUDICH, Y., SELLEGRI, K., STEINBRECHER, R., SIMPSON, D., TEN BRINK, H., THELOKE, J., 
VAN DER WERF, G. R., VAUTARD, R., VESTRENG, V., VLACHOKOSTAS, C. & VON 
GLASOW, R. 2009. Atmospheric composition change – global and regional air quality. 
Atmospheric Environment, 43, 5268-5350. 

MONN, C. 2001. Exposure assessment of air pollutants: a review on spatial heterogeneity and 
indoor/outdoor/personal exposure to suspended particulate matter, nitrogen dioxide 
and ozone. Atmospheric Environment, 35, 1-32. 

MONN, C., BRANDLI, O., SCHINDLER, C., ACKERMANN-LIEBRICH, U., LEUENBERGER, P. & TEAM, 
S. 1998. Personal exposure to nitrogen dioxide in Switzerland. Science of the Total 
Environment, 215, 243-251. 

MORAWSKA, L., AFSHARI, A., BAE, G. N., BUONANNO, G., CHAO, C. Y., HANNINEN, O., 
HOFMANN, W., ISAXON, C., JAYARATNE, E. R., PASANEN, P., SALTHAMMER, T., 
WARING, M. & WIERZBICKA, A. 2013. Indoor aerosols: from personal exposure to risk 
assessment. Indoor Air. 

MORRIS, G. P., BECK, S. A., HANLON, P. & ROBERTSON, R. 2006. Getting strategic about the 
environment and health. Public Health, 120, 889-903. 

NEGI, I., TSOW, F., TANWAR, K., ZHANG, L., IGLESIAS, R. A., CHEN, C., RAI, A., FORZANI, E. S. & 
TAO, N. 2011. Novel monitor paradigm for real-time exposure assessment. J Expos Sci 
Environ Epidemiol, 21, 419-426. 

NETHERY, E., LECKIE, S. E., TESCHKE, K. & BRAUER, M. 2008a. From measures to models: an 
evaluation of air pollution exposure assessment for epidemiological studies of 
pregnant women. Occup Environ Med, 65, 579-86. 

NETHERY, E., TESCHKE, K. & BRAUER, M. 2008b. Predicting personal exposure of pregnant 
women to traffic-related air pollutants. Science of the Total Environment, 395, 11-22. 

NIEUWENHUIJSEN, M. J. 2000. Personal exposure monitoring in environmental epidemiology. 
In: ELLIOTT, P., WAKEFIELD, J. C., BEST, N. G. & BRIGGS, D. J. (eds.) Spatial 
Epidemiology. Methods and Applications. London: Oxford University Press. 

NILU 2012. Citi-Sense - Development of sensor-based Citizens' Observatory Community for 
improving quality of life in cities [Online]. Norwegian Institute for Air Research. 
Available: http://www.citi-sense.eu/. 



9 Bibliography  299 

NORTHCROSS, A. L., EDWARDS, R. J., JOHNSON, M. A., WANG, Z.-M., ZHU, K., ALLEN, T. & 
SMITH, K. R. 2013. A low-cost particle counter as a realtime fine-particle mass monitor. 
Environmental Science: Processes & Impacts, 15, 433-439. 

NUCKOLS, J. R., WARD, M. H. & JARUP, L. 2004. Using geographic information systems for 
exposure assessment in environmental epidemiology studies. Environmental Health 
Perspectives, 112, 1007-1015. 

OHMORI, N., NAKAZATO, M. & HARATA, N. 2005. GPS mobile phone-based activity diary 
survey. Proceedings of the Eastern Asian Society for transportation Studies, 5, 1104-
1115. 

OPENSHAW, S. 1984. The modifiable areal unit problem, Norwich, UK, Geo Books. 
OTT, W. R. 1982. Concepts of human exposure to air pollution. Environment International, 7, 

179-196. 
OTT, W. R. 1985. Total human exposure. Environmental Science and Technology, 19, 880-806. 
OTT, W. R., STEINEMANN, A. C. & WALLACE, L. A. (eds.) 2007. Exposure Analysis, Boca Raton: 

Taylor & Francis. 
OZKAYNAK, H., XUE, J., WEKER, R. A., BUTLER, D. A., KOUTRAKIS, P. & SPENGLER, J. 1996. The 

Particle TEAM (PTEAM) Study: Analysis of the Data, Volume 3, Final Report. U.S. EPA. 
PASCAL, M., CORSO, M., CHANEL, O., DECLERCQ, C., BADALONI, C., CESARONI, G., HENSCHEL, 

S., MEISTER, K., HALUZA, D., MARTIN-OLMEDO, P., MEDINA, S. & GRP, A. 2013. 
Assessing the public health impacts of urban air pollution in 25 European cities: Results 
of the Aphekom project. Science of the Total Environment, 449, 390-400. 

PELED, R. 2011. Air pollution exposure: Who is at high risk? Atmospheric Environment, 45, 
1781-1785. 

PETERS, A., HOEK, G. & KATSOUYANNI, K. 2012. Understanding the link between 
environmental exposures and health: does the exposome promise too much? Journal 
of Epidemiology and Community Health, 66, 103-105. 

PHILLIPS, M. L., HALL, T. A., ESMEN, N. A., LYNCH, R. & JOHNSON, D. L. 2001. Use of global 
positioning system technology to track subject's location during environmental 
exposure sampling. J Expo Anal Environ Epidemiol, 11, 207-215. 

PHOENIX, C., OSBORNE, N. J., REDSHAW, C., MORAN, R., STAHL-TIMMINS, W., DEPLEDGE, M. 
H., FLEMING, L. E. & WHEELER, B. W. 2013. Paradigmatic approaches to studying 
environment and human health: (Forgotten) implications for interdisciplinary research. 
Environmental Science & Policy, 25, 218-228. 

PHYSICK, W., POWELL, J., COPE, M., BOAST, K. & LEE, S. 2011. Measurements of personal 
exposure to NO2 and modelling using ambient concentrations and activity data. 
Atmospheric Environment, 45, 2095-2102. 

PIECHOCKI-MINGUY, A., PLAISANCE, H., SCHADKOWSKI, C., SAGNIER, I., SAISON, J. Y., GALLOO, 
J. C. & GUILLERMO, R. 2006. A case study of personal exposure to nitrogen dioxide 
using a new high sensitive diffusive sampler. Science of the Total Environment, 366, 55-
64. 

QUACKENBOSS, J. J., SPENGLER, J. D., KANAREK, M. S., LETZ, R. & DUFFY, C. P. 1986. Personal 
exposure to nitrogen dioxide: relationship to indoor/outdoor air quality and activity 
patterns. Environmental Science & Technology, 20, 775-783. 

QUIGLEY, R., DEN BROEDER, L., FURU, P., BOND, A., CAVE, B. & BOS, R. 2006. Health Impact 
Assessment International Best Practice Principles. Special Publication. Fargo, USA: 
International Association for Impact Assessment. 

R PROJECT 2013. The R Project for Statistical Computing [Online]. Available: http://www.r-
project.org/. 

RAINHAM, D., KREWSKI, D., MCDOWELL, I., SAWADA, M. & LIEKENS, B. 2008. Development of 
a wearable global positioning system for place and health research. International 
Journal of Health Geographics, 7, 59. 

 
 



300  Bibliography 9       
 
RAINHAM, D., MCDOWELL, I., KREWSKI, D. & SAWADA, M. 2010. Conceptualizing the 

healthscape: Contributions of time geography, location technologies and spatial 
ecology to place and health research. Social Science & Medicine, 70, 668-676. 

RAPPAPORT, S. M. 2011. Implications of the exposome for exposure science. Journal of 
Exposure Science and Environmental Epidemiology, 21, 5-9. 

RAYNER, G. & LANG, T. 2012. Ecological public health: reshaping the conditions for good 
health., Oxon, Routledge. 

REIS, S., STEINLE, S., MORRIS, G., FLEMING, L., COWIE, H., HURLEY, F., DICK, J., SMITH, R., 
AUSTEN, M., WHITE, M., BECK, S. & DEPLEDGE, M. 2013. Integrating Health & 
Environmental Impact Analysis. Public Health, (in press). 

RODES, C. E., KAMENS, R. M. & WIENER, R. W. 1991. The Significance and Characteristics of the 
Personal Activity Cloud on Exposure Assessment Measurements for Indoor 
Contaminants. Indoor Air, 1, 123-145. 

ROHR, A. C. & WYZGA, R. E. 2012. Attributing health effects to individual particulate matter 
constituents. Atmospheric Environment, 62, 130-152. 

ROY, H. E., POCOCK, M. J. O., PRESTON, C. D., ROY, D. B., SAVAGE, J., TWEDDLE, J. C. & 
ROBINSON, L. D. 2012. Understanding Citizen Science & Environmental Monitoring. 
Final Report on behalf of UK-EOF.: NERC Centre for Ecology & Hydrology and Natural 
History Museum. 

SABEL, C. E., KIHAL, W., BARD, D. & WEBER, C. 2013. Creation of synthetic homogeneous 
neighbourhoods using zone design algorithms to explore relationships between 
asthma and deprivation in Strasbourg, France. Social Science & Medicine. 

SAFE SOFTWARE INC 2014. FME data conversion [Online]. Available: http://www.safe.com/  
SAUKH, O., HASENFRATZ, D., WALSER, C. & THIELE, L. On Rendezvous in Mobile Sensing 

Networks. In RealWSN '13, 2013 Como Lake, Italy, 2013  
SCOTTISH AIR QUALITY 2013. Air Quality in Scotland [Online]. Available: 

http://www.scottishairquality.co.uk/. 
SCOTTISH NEIGHBOURHOOD STATISTICS 2011. Scottish Neighbourhood Statistics [Online]. 

Available: www.sns.gov.uk 2008-2011]. 
SEINFELD, J. H. & PANDIS, S. N. 2006. Atmospheric Chemistry and Physics - From Air Pollution to 

Climate Change (2nd Edition), John Wiley & Sons. 
SEMPLE, S., APSLEY, A. & MACCALMAN, L. 2012. An inexpensive particle monitor for smoker 

behaviour modification in homes. Tob Control, 0, 1-4. 
SEMPLE, S., IBRAHIM, A. E., APSLEY, A., STEINER, M. & TURNER, S. 2013. Using a new, low-cost 

air quality sensor to quantify second-hand smoke (SHS) levels in homes. Tobacco 
Control, 0,1-6. 

SENSARIS 2014. SensPod [Online]. Available: http://www.sensaris.com/products/senspod/. 
SETTON, E., MARSHALL, J. D., BRAUER, M., LUNDQUIST, K. R., HYSTAD, P., KELLER, P. & 

CLOUTIER-FISHER, D. 2011. The impact of daily mobility on exposure to traffic-related 
air pollution and health effect estimates. J Expos Sci Environ Epidemiol, 21, 42-48. 

SHARECK, M., KESTENS, Y. & GAUVIN, L. 2013. Examining the spatial congruence between data 
obtained with a novel activity location questionnaire, continuous GPS tracking, and 
prompted recall surveys. International Journal of Health Geographics, 12. 

SHINDELL, D., KUYLENSTIERNA, J. C. I., VIGNATI, E., VAN DINGENEN, R., AMANN, M., KLIMONT, 
Z., ANENBERG, S. C., MULLER, N., JANSSENS-MAENHOUT, G., RAES, F., SCHWARTZ, J., 
FALUVEGI, G., POZZOLI, L., KUPIAINEN, K., HOGLUND-ISAKSSON, L., EMBERSON, L., 
STREETS, D., RAMANATHAN, V., HICKS, K., OANH, N. T. K., MILLY, G., WILLIAMS, M., 
DEMKINE, V. & FOWLER, D. 2012. Simultaneously Mitigating Near-Term Climate 
Change and Improving Human Health and Food Security. Science, 335, 183-189. 

SPICKETT, J., KATSCHERIAN, D. & HARRIS, P. 2013. The role of Health Impact Assessment in the 
setting of air quality standards: An Australian perspective. Environmental Impact 
Assessment Review, 43, 97-103. 

SSI 2007. Air Quality Standards (Scotland) Regulations 2007 Scotland. Scottish Statutory 
Instruments. 



9 Bibliography  301 

SSI 2010. The Air Quality Standards (Scotland) Regulations 2010. Scotland. Scottish Statutory 
Instruments. 

STEINLE, S., REIS, S. & SABEL, C. E. 2011. Assessment of personal exposure to air pollutants in 
Scotland – an integrated approach using personal monitoring data. In: CHAN, F., 
MARINOVA, D. & ANDERSSEN, R. S. (eds.) MODSIM 2011, 19th International Congress 
on Modelling and Simulation. Perth, Australia: Modelling and Simulation Society of 
Australia and New Zealand. 

STEINLE, S., REIS, S. & SABEL, C. E. 2013. Quantifying human exposure to air pollution—Moving 
from static monitoring to spatio-temporally resolved personal exposure assessment. 
Science of the Total Environment, 443, 184-193. 

SYDBOM, A., BLOMBERG, A., PARNIA, S., STENFORS, N., SANDSTROM, T. & DAHLEN, S. E. 2001. 
Health effects of diesel exhaust emissions. Eur Respir J, 17, 733-46. 

THAI, A., MCKENDRY, I. & BRAUER, M. 2008. Particulate matter exposure along designated 
bicycle routes in Vancouver, British Columbia. Science of the Total Environment, 405, 
26-35. 

THE SCOTTISH GOVERNMENT 2004. Scottish Neighbourhood Statistics Data Zones Background 
Information. Edinburgh: The Scottish Government. 

THE SCOTTISH GOVERNMENT 2008. Good Places, Better Health: A new approach to the 
environment and health in Scotland: Implementation Plan. Edinburgh: The Scottish 
Government. 

THE SCOTTISH GOVERNMENT 2010. Scottish Government urban/Rural Classification. 
Edinburgh: The Scottish Government.  

THE SCOTTISH GOVERNMENT 2012. Scottish Government Urban/Rural Classification 2011-
2012. Offfice of the Chief Statistician. Edinburgh: The Scottish Government 

THE SCOTTISH GOVERNMENT 2013a. Air Quality - PM10 Concentration [Online]. Available: 
http://www.scotland.gov.uk/Topics/Statistics/Browse/Environment/TrendPM10. 

THE SCOTTISH GOVERNMENT 2013b. Consultation on review of Local Air Quality Management 
in Scotland [Online]. Available: 
http://www.scotland.gov.uk/Publications/2013/06/5955. 

THIERRY, B., CHAIX, B. & KESTENS, Y. 2013. Detecting activity locations from raw GPS data: a 
novel kernel-based algorithm. International Journal of Health Geographics, 12, 14. 

THRIFT, N. J. 1977. An introduction to time-geography, Norwich, Geo Abstracts Ltd., University 
of East Anglia. 

TORSETH, K., AAS, W., BREIVIK, K., FJAERAA, A. M., FIEBIG, M., HJELLBREKKE, A. G., MYHRE, C. 
L., SOLBERG, S. & YTTRI, K. E. 2012. Introduction to the European Monitoring and 
Evaluation Programme (EMEP) and observed atmospheric composition change during 
1972-2009. Atmospheric Chemistry and Physics, 12, 5447-5481. 

TWEDDLE, J. C., ROBINSON, L. D., POCOCK, M. J. O. & ROY, H. E. 2012. Guide to citizen 
science:developing, implementing and evaluating citizen science to study biodiversity 
and the environment in the UK. Natural History Museum and NERC Centre for Ecology 
& Hydrology for UK-EOF. 

TWIGG, M., DI MARCO, C., VAN DIJK, N., LEESON, S., PHILLIPS, G. J., JONES, M. R., LEITH, I., 
SIMMONS, I., HARVEY, F., STORETON-WEST, R., BRABAN, C., CAPE, J. N. & NEMITZ, E. 
2014. First long term speciated high resolution measurements of water soluble 
aerosols and gases at a background site. Part 1: Aerosols. in preparation. 

U.S. EPA 2003. Global Positioning Systems - Technical implementation Guidance. U. S. EPA. 
UK WEATHER 2014. Climatology: Sunrise/Sunset for [Online]. Available: 

http://uk.weather.com/climate/sunRiseSunSet-Edinburgh-UKXX0052:1:UK. 
UNIVERSITY OF EDINBURGH 2013. School of GeoSciences Weather Station [Online]. Available: 

http://www.geos.ed.ac.uk/abs/Weathercam/station/data.html. 
VAN TONGEREN, M. & CHERRIE, J. W. 2012. An Integrated Approach to the Exposome. 

Environmental Health Perspectives, 120, A103-A104. 

 
 



302  Bibliography 9       
 
VIENO, M., HEAL, M., HALLSWORTH, S., FAMULARI, D., DOHERTY, R., DORE, A., TANG, Y., 

BRABAN, C., LEAVER, D., SUTTON, M. A. & REIS, S. submitted. The role of long-range 
transport and domestic emissions in determining atmospheric secondary inorganic 
particle concentrations across the UK. Atmospheric Chemistry and Physics. 

WALLACE, L. 1993. A Decade of Studies of Human Exposure: What Have We Learned? Risk 
Analysis, 13, 135-139. 

WALLACE, L. 1996. Indoor particles: A review. Journal of the Air & Waste Management 
Association, 46, 98-126. 

WALLACE, L., WANG, F., HOWARD-REED, C. & PERSILY, A. 2008. Contribution of Gas and 
Electric Stoves to Residential Ultrafine Particle Concentrations between 2 and 64 nm: 
Size Distributions and Emission and Coagulation Rates. Environmental Science & 
Technology, 42, 8641-8647. 

WALLACE, L. A. 1987. The Total Exposure Assessment Methodology (TEAM) Study: Summary 
and Analysis, Volume I,. In: U. S. EPA (ed.) The Total Exposure Assessment 
Methodology (TEAM) Study. Washington, D.C. : Office of Research and Development, 
U.S. Environmental Protection Agency. 

WALLACE, L. A., PELLIZZARI, E. D., HARTWELL, T. D., WHITMORE, R., SPARACINO, C. & ZELON, 
H. 1986. Total exposure assessment methodology (team) study: Personal exposures, 
indoor-outdoor relationships, and breath levels of volatile organic compounds in New 
Jersey. Environment International, 12, 369-387. 

WATKISS, P., PYE, S. & HOLLAND, M. 2005. CAFE CBA: Baseline Analysis 2000 to 2020. AEA 
Technology Environment. 

WHO 1946. Constitution of the World Health Organization as adopted by the International 
Health Conference. Official Records of the World Health Organization. World Health 
Organization. 

WHO 1998. Health Promotion Glossary. World Health Organization. 
WHO 2005a. Health effects of transport-related air pollution, World Health Organization. 
WHO 2005b. Principles of characterizing and applying human exposure models. IPCS 

Harmonization Project Document, No.3. World Health Organization. 
WHO 2006. WHO air quality guidelines for particulate matter, ozone, nitrogen dioxide and 

sulfur dioxide. Global update 2005. summary for risk assessment. World Health 
Organization. 

WHO 2010. WHO guidelines for indoor air quality: selected pollutants. World Health 
Organization. 

WHO 2011. Asthma. Factsheet No 307 [Online]. Available: 
http://www.who.int/mediacentre/factsheets/fs307/en/.  

WHO 2012. Diesel Engine Exhaust Carciogenic. In: WHO (ed.) Press release. International 
Agency for Research on Cancer. World Health Organization. 

WHO 2013a. Outdoor air pollution a leading environmental cause of cancer deaths. In: WHO 
(ed.) Press release. International Agency for Research on Cancer. World Health 
Organization. 

WHO 2013b. Review of evidence on health aspects of air pollution – REVIHAAP. World Health 
Organization. 

WILD, C. P. 2005. Complementing the Genome with an “Exposome”: The Outstanding 
Challenge of Environmental Exposure Measurement in Molecular Epidemiology. 
Cancer Epidemiology Biomarkers & Prevention, 14, 1847-1850. 

WILD, C. P. 2012. The exposome: from concept to utility. International Journal of Epidemiology, 
41, 24-32. 

WILLIAMS, M. L. 2007. Air Quality Risk Management. Journal of Toxicology and Environmental 
Health, Part A, 71, 9-12. 

WILLOCKS, L. J., BHASKAR, A., RAMSAY, C. N., LEE, D., BREWSTER, D. H., FISCHBACHER, C. M., 
CHALMERS, J., MORRIS, G. & SCOTT, E. M. 2012. Cardiovascular disease and air 
pollution in Scotland: no association or insufficient data and study design? Bmc Public 
Health, 12. 



9 Bibliography  303 

WU, C.-F., DELFINO, R. J., FLORO, J. N., QUINTANA, P. J. E., SAMIMI, B. S., KLEINMAN, M. T., 
ALLEN, R. W. & SALLY LIU, L. J. 2005a. Exposure assessment and modeling of 
particulate matter for asthmatic children using personal nephelometers. Atmospheric 
Environment, 39, 3457-3469. 

WU, C. F., DELFINO, R. J., FLORO, J. N., SAMIMI, B. S., QUINTANA, P. J. E., KLEINMAN, M. T. & 
LIU, L. J. S. 2005b. Evaluation and quality control of personal nephelometers in indoor, 
outdoor and personal environments. Journal of Exposure Analysis and Environmental 
Epidemiology, 15, 99-110. 

WU, X., BENNETT, D. H., LEE, K., CASSADY, D. L., RITZ, B. & HERTZ-PICCIOTTO, I. 2011. 
Feasibility of using web surveys to collect time-activity data. J Expos Sci Environ 
Epidemiol. 

ZARTARIAN, V. G., OTT, W. R. & DUAN, N. 2007. Basic Concepts and Definitions of Exposure 
and Dose. In: OTT, W. R., STEINEMANN, A. C. & WALLACE, L. A. (eds.) Exposure 
Analysis. Boca Raton: Taylor & Francis. 

ZWACK, L. M., PACIOREK, C. J., SPENGLER, J. D. & LEVY, J. I. 2011. Characterizing local traffic 
contributions to particulate air pollution in street canyons using mobile monitoring 
techniques. Atmospheric Environment, 45, 2507-2514. 

 

 

 

 
 


