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Abstract

This paper investigates the effect of media coverage on immigration

attitudes. It combines data on immigration coverage in French television

with individual panel data from 2013 to 2017 that records respondents’

preferred television channel and attitudes toward immigration. The analy-

sis focuses on within-individual variations over time, addressing ideological

self-selection into channels. We find that increased coverage of immigra-

tion polarizes attitudes, with initially moderate individuals becoming more

likely to report extremely positive and negative attitudes. This polariza-

tion is mainly driven by an increase in the salience of immigration, which

reactivates preexisting prejudices, rather than persuasion effects from bi-

ased news consumption.
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“The news media isn’t just an actor in politics. It’s arguably the most powerful actor in

politics”. Klein (2020), Why We’re Polarized, pp. 240.

Against the backdrop of the 2015 refugee crisis and rising migration flows,

immigration has emerged as a highly contentious and politically charged issue,

particularly in Europe and the United States. This surge in public and media

attention coincided with the rise of nationalist and populist movements, such

as Germany’s AfD, Italy’s Lega, France’s Front National, and the Republicans

under Donald Trump’s leadership, who took a strong anti-immigration stance

(Guriev and Papaioannou, 2022). Drawing on accessibility-based models from

media theories, such as agenda-setting and priming,1 one can hypothesize that

increased media attention on immigration has heightened viewers’ focus on the

issue and reactivated preexisting prejudices against immigrants.

This paper aims to investigate the relationship between media coverage of

immigration and the formation of attitudes toward immigration. To accurately

capture the prevalence of immigration on television, we use data from the French

National Audiovisual Institute (INA), which records a detailed description of all

subjects covered by French television channels. This allows us to provide a com-

prehensive picture of immigration’s overall prominence and representation in

French evening television news over time, including its framing toward specific

topics or sentiments. These television data are then combined with individual

panel data from the ELIPSS survey (Longitudinal Internet Studies for Social

Sciences) to track individuals’ attitudes toward immigration in 12 distinct waves

between January 2013 and December 2017. Unlike most papers that use geo-

graphical or experimental variations in media coverage, this paper links respon-

dents to their preferred television channel for political information, and thus to

their actual media exposure. The richness of our panel dataset also allows us to

control for individual, channel, and wave fixed effects in the main empirical spec-

ification, effectively mitigating concerns related to self-selection i.e individuals

watching television channels that align with their ideology.2

The main result of this paper is that increased news coverage of immigration

polarizes attitudes. There is a shift in the distribution of attitudes toward both

extremes, as individuals with initially moderate attitudes become more likely to

1See Scheufele and Tewksbury (2007) for a detailed review of media theories.
2Durante et al. (2019), for instance, demonstrate that Italian viewers changed their favorite

news programs in response to a change in news content on public television after the 2001
national elections. Other empirical tests in the paper support our findings that the results are
not sensitive to self-selection on observables and unobservables, and are unlikely to be driven
by an endogenous adjustment of TV channels or time-varying shocks correlated with individual
unobservables that would be not absorbed by fixed effects.
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report extremely positive and negative attitudes. This asymmetric change results

from initial belief heterogeneity; those with initially moderately positive attitudes

become extremely positive, while those with initially moderately negative atti-

tudes become more concerned about immigration. In terms of magnitude, we

find that a one-standard-deviation increase (1.9%) in the share of immigration-

related subjects in overall broadcasting is associated with a five percentage point

increase in the likelihood that individuals with moderate attitudes report ex-

treme attitudes. These results translate to the political level, with a polarization

of voters toward parties with the most extreme positive and negative immigration

stances.

Consistent with polarization at both ends of the distribution of attitudes, an

increase in immigration coverage has no effect on the average immigration atti-

tude in the population. This supports previous findings by Baysan (2022) who

studied a randomized door-to-door informational campaign in Turkey designed

to warn voters about the threat posed by a referendum aimed at reducing exec-

utive power constraints. She showed that the null average effect on vote shares

concealed polarization on both sides of the political spectrum, particularly in

areas with a high concentration of moderate voters. We confirm the importance

of looking beyond average effects when investigating how exposure to the same

information affects individual attitudes and beliefs. We focus on situations in

which individuals are exposed to information about immigration, through me-

dia consumption rather than direct contact,3 and not through a single shock,

but rather through repeated exposure to information over time. Unlike Baysan

(2022), who uses ballot-box-level data, we precisely characterize individuals who

polarize as those with initially moderate attitudes toward immigration who move

to the extremes of the distribution based on their initial inclination.

Several tests in the paper support interpreting our results through the lens

of salience. Salience must be understood here as the psychological process by

which an individual’s limited attention is increasingly drawn to a prominent

topic, resulting in the topic being overweighted in subsequent decisions (Kahne-

man, 2011; Bordalo et al., 2013).4 Within our framework, increased immigration

coverage raises the prominence of this subject in the minds of TV viewers, caus-

ing them to place greater emphasis on the immigration topic when forming their

opinion, thereby amplifying their initial position on the distribution of attitudes

3Baysan (2022) specifies that the goal of the door-to-door campaign was to inform voters
by specifically circumventing the government’s strict media censorship.

4See Eisensee and Strömberg (2007) or Snyder Jr and Strömberg (2010) for striking exam-
ples of the role of the press in driving the salience of a specific topic.
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from moderate to extreme.5 Consistent with this interpretation, polarization of

moderates occurs even when they are exposed to the same topic, a neutral tone,

or information from the same channel, namely for viewers exposed to the same

information.

We provide further evidence that the polarization of moderates is not ex-

plained by i) motivated reasoning, when TV viewers seek and accept informa-

tion that aligns with their pre-existing beliefs while discounting or dismissing

contradictory information, or ii) persuasion, when TV viewers exposed to dif-

fering information sets and framing update their attitudes in different directions

depending on the bias of the news, resulting in the so-called “echo-chamber”

effect (Zhuravskaya et al., 2020). We find motivated thinking to be only relevant

for individuals who already have extremely positive or negative attitudes, and

not for individuals who have moderate attitudes, as this strategic adjustment

requires strong initial attitudes (Swire et al., 2017).6

This paper contributes to the fast-growing literature on the impact of salience

on political attitudes. Existing papers in the context of migration manipulates

the salience of the topic using experimental settings (Dennison and Geddes, 2019;

Hopkins et al., 2019; Grigorieff et al., 2020; Dylong and Silke, 2022).7 Alesina

et al. (2022) randomize the order in which respondents receive questions about

immigration and redistribution in an online survey experiment and find that i)

priming immigration without any additional information deteriorates natives’

attitudes toward immigration and ii) this salience effect overcomes the positive

impact of exposure to positive anecdotes about immigrants. Similarly, Barrera

et al. (2020) used an online survey experiment during the 2017 French presi-

dential election campaign to randomly expose respondents to fact-checking on

far-right statements. The results show that i) fact-checking successfully corrects

people’s misconceptions and beliefs about immigration but ii) has no effect on

their voting preferences because the negative impact of fact-checked erroneous

statements on far-right support is compensated by the salience effect of fact-

checking exposure. Our paper provides additional out-of-the-lab evidence on the

5Similarly, Baysan (2022) suggests that the information campaign may have increased the
salience of authoritarianism, causing individuals to pay more attention to this topic.

6Specifically, pro-immigration individuals are more likely to maintain extremely favorable
attitudes when exposed to neutral and positive information but not when exposed to negative
information, which aligns with motivated reasoning. There is also a significant backlash toward
more negative attitudes when anti-immigration viewers are exposed to positive immigration
coverage that sharply contradicts their initial beliefs.

7This paper does not cover the literature on the direct impact of immigration on natives’
attitudes and votes; refer to Alesina and Tabellini (2022) for a review. Similarly, see Barber
and Odean (2007); Chetty et al. (2009); Finkelstein (2009); Bordalo et al. (2013, 2015); Ochsner
and Roesel (2023) for examples of the impact of salience on individuals’ decisions and beliefs.
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relevance and importance of salience in determining natives’ attitudes toward

immigration.

Other papers use quasi-natural experiments to capture meaningful variations

in the salience of migration, such as Gagliarducci and Tabellini (2021) with the

construction of Catholic churches in the U.S. between 1890 and 1920 that in-

creased the salience of the Italian community, Ochsner and Roesel (2023) with

Austrian far-right populist campaigns that reactivated anti-Muslim sentiments

in the mid-2000s, or Giavazzi et al. (2020) with the salience of immigration in

German social networks following criminal events or terrorist attacks between

2013 and 2017. These papers find that priming immigration sways natives’ atti-

tudes in a particular direction, mostly increasing anti-immigration attitudes. A

notable exception that does not identify an average effect is Colussi et al. (2021),

who find that the increased salience of the Muslim population during Ramadan

is associated with increased support for extreme parties (both left and right) in

German municipalities with mosques. Compared to this paper, which cannot

distinguish whether the effect occurs as a result of media exposure or direct con-

tact with immigrants, our study systematically associates individuals with their

exposure to television news. Similarly, we show that short-term variations in the

salience of immigration are a strong driver of political polarization.

This paper also speaks to the emerging literature on the cultural and political

polarization (DiMaggio et al., 1996; Fiorina and Abrams, 2008; Desmet et al.,

2017; Martin and Yurukoglu, 2017; Gentzkow et al., 2019; Alesina et al., 2020).

Unlike most studies focusing on the United States, we provide evidence for po-

larization in a European country. Additionally, while existing works suggest that

social media may drive polarization by creating echo chambers that exacerbate

political divisions (Bail et al., 2018; Levy, 2020; Allcott et al., 2020; Zhuravskaya

et al., 2020; Cinelli et al., 2021), this paper shows that traditional media, such

as television, can also contribute to polarization by simply making a topic more

salient. This result is important, as television news is less ideologically targeted

and more frequently fact-checked than information spread on social media.

Finally, this paper also contributes to a lesser extent to the literature on the

role of media in shaping political attitudes where seminal papers use exogenous

variation in broadcasting or penetration to derive causality.8 This paper specifi-

8See DellaVigna and Kaplan (2007); Gerber et al. (2009); Enikolopov et al. (2011); DellaV-
igna et al. (2014); Barone et al. (2015); Martin and Yurukoglu (2017); Mastrorocco and Minale
(2018) for causal inference and DellaVigna and Gentzkow (2010); DellaVigna and La Ferrara
(2015); Enikolopov and Petrova (2015) for extended reviews of the literature on the impact of
media on political outcomes.
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cally focuses on attitudes toward immigration (Boomgaarden and Vliegenthart,

2009; De Philippis, 2009; Héricourt and Spielvogel, 2014; de Coulon et al., 2016;

Facchini et al., 2017; Benesch et al., 2019; Couttenier et al., 2021; Keita et al.,

2023; Djourelova, 2023) but does so without an experimental design. Instead,

we use systematic within-channel variations in the coverage of immigration to

investigate the effect of differential monthly exposure to immigration through

television, and the panel dimension allows us to focus on intra-individual vari-

ability rather than local average effects.

The rest of the paper is organized as follows. Section I describes the data on

individuals’ attitudes and media reporting on immigration. Section II describes

the empirical and identification strategies. Section III reports the main results

and Section IV discusses additional tests that discriminate between alternative

interpretations of the results. Finally, Section V concludes the paper.

I Data

This section describes and provides descriptive statistics for the main datasets

used in this paper. First, we present attitudes toward immigration from the

ELIPSS panel survey and document the extent to which viewers self-select into

TV channels. Then, using data from the French National Audiovisual Institute

(INA), we characterize the coverage of the immigration topic on French television

between January 2013 and December 2017.

A Attitudes Toward Immigration and Self-Selection into

TV Channels

Individual attitudes toward immigration are measured with the ELIPSS survey

(Tiberj and Goujou, 2020). In this representative panel study, respondents are

asked to complete a 30-minute self-administered questionnaire using a touch-

screen tablet. The 2013 pilot study included 1,039 individuals, 80% of whom

remain in the 2016 sample, alongside 2,514 new individuals who joined the panel.

This paper employs 12 specific waves of the ELIPSS panel that measure

individual attitudes toward immigration in France between September 2013 and

November 2017 (see Table 1). We focus on French citizens aged 18 to 79 years

who report television to be one of their two main sources of political information

and watch news programs at least one day per week.9 Taking into account

9Of the respondents, 69% report television as a source of political information, well ahead of
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missing information for specific waves and controls, our final sample for analysis

consists of 6,776 observations from 1,312 unique respondents.10

Table 1: Number of Individual Observations per Wave

Wave Year Month Obsv. % Q1 Q2 Q3

1 2013 September 464 6.83 x x x
2 2013 December 447 6.58 x x
3 2014 April 405 5.96 x
4 2014 June 406 5.97 x x x
5 2014 December 412 6.0 x x
6 2015 March 382 5.62 x x x
7 2015 April 417 6.14 x
8 2015 June 393 5.78 x x x
9 2015 December 393 5.78 x x x
10 2016 September 1,068 15.72 x x x
11 2017 May 982 14.45 x x x
12 2017 November 1,027 15.11 x x x

Total: 6,796 100

Notes: This table reports the number of individual observations per wave in the benchmark
sample. Q1, Q2, and Q3 indicate whether the three statements used in the analysis, namely
“There are too many immigrants in France”, “France’s cultural life is enriched by immigrants”,
and “French Muslims are French citizens same as any others”, respectively, are recorded in
each specific wave.
Source: Authors’ elaboration on ELIPSS data.

Respondents are asked to answer to what extent they agree or disagree with

the following statements (Q1) There are too many immigrants in France, (Q2)

France’s cultural life is enriched by immigrants and (Q3) French Muslims are

French citizens same as any others. Respondents specify their level of agree-

ment with each statement on a four-point Likert scale ranging from strongly

agree (1) to strongly disagree (4). To ensure comparability between answers,

we first recode answers from different questions such that higher values always

represent more negative attitudes toward immigration or Muslim citizens. Then,

we compute Attitudesit as the average attitude of individual i in wave t on the

three aforementioned dimensions.11

radio (44%), internet (42%), or newspapers (26%). Among TV viewers, 75% declared watching
television at least five days a week. These numbers are consistent with findings by Kennedy
and Prat (2019) who report that all “three top media organizations in France are primarily
television-based” and that citizens mainly obtain their information from these media. It also
echoes the 2021 Reuters Institute Digital News Report, which shows that despite a slight
decline in favor of online information, TV remained the first source of information for news in
France between 2013 and 2021.

10See Figure A1 for a detailed description of sample selection.
11Note that not all three questions are included in every survey wave, as detailed in Ta-

ble 1. Consequently, the average is consistently computed based on the available questions.
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Figure 1 depicts the distribution of pooled Attitudesit within our sample,

which closely follows a normal distribution, with the majority of respondents

reporting moderate attitudes toward immigration. Following Fisher (1958), we

categorize respondents’ attitudes toward immigration into four groups using bins

constructed by minimizing the sum of squared deviations from the group mean.

Then, we define the categorical variable AttitudesCat.

it
∈{Pro-immigration, Pro-

immigration moderate, Anti-immigration moderate, Anti-immigration}, which

assigns each observation to one of the groups. Approximately 33.60% of the re-

spondents are considered pro-immigration moderates with Attitudesit ∈ [2; 2.5],

while 28.22% of them are anti-immigration moderates with Attitudesit ∈ ]2.5; 3].

For the two tails of the distribution, 19.81% of respondents hold very positive

attitudes toward immigration with Attitudesit ∈ [1; 2[), while 18.37% of them

exhibit strong negative attitudes with Attitudesit ∈ ]3; 4]).12 Throughout the

rest of the empirical analysis, individuals with extreme political attitudes are

referred to as pro-immigration and anti-immigration respondents, respectively.

Figure 1: Individuals’ Attitudes Toward Immigration, 2013-2017

Notes: Attitudesit is the average attitude of individual i toward immigration.
Pro-immigration corresponds to Attitudesit ∈ [1; 2[, Pro-immigration moderates to
Attitudesit ∈ [2; 2.5], Anti-immigration moderates to Attitudesit ∈ ]2.5; 3], and Anti-

immigration to Attitudesit ∈ ]3; 4].
Source: Authors’ elaboration on ELIPSS data (2013-2017).

Unsurprisingly, individual characteristics differ strongly across the four groups

of immigration attitudes. Table A1 reports that, on average, respondents with

In Appendix C3, we offer evidence of the robustness of our results by assessing the impact of
excluding any of the three dimensions used for the index and by employing a composite index
generated through principal component analysis (PCA).

12This classification is robust to the use of the distribution of attitudes in the first wave of
respondents (September 2013 or September 2016 for the refreshment sample) or the first wave
(September 2013).
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more (less) positive attitudes toward immigration are significantly more (less)

likely to be highly educated, employed, and have higher incomes. The char-

acteristics of pro-immigration moderates largely follow the patterns as of pro-

immigration individuals; similarly, the characteristics of anti-immigration mod-

erates are close to those of anti-immigration individuals.

The transition matrix of attitudes in Figure C3 demonstrates significant vari-

ability in respondents’ attitudes toward immigration across waves, with varia-

tions notably toward adjacent categories of attitudes. For instance, pro-immigration

moderates’ (anti-immigration moderates) attitudes are more likely to transition

to pro-immigration (anti-immigration) in the next period, rather than making

drastic shifts to the opposite ends of the attitude spectrum. Figure C4 also shows

that over the course of our four-year panel, approximately 50% of respondents

did not maintain the same attitudes toward immigration at the end of the panel

that they had at the start of the panel.

Respondents in the ELIPSS panel are also asked about their “usual preferred

channel to watch political news programs”.13 This allows us to connect each re-

spondent to the content they have been exposed to during the study period. The

analysis is restricted to seven channels, namely TF1, France 2 (FR2), France 3

(FR3), Arte, M6, BFM TV, and CNews due to the limited sample size for other

channels.14 This channel information is available in two waves, in September

2013 and 2016. This means that for the first nine waves, we assign each indi-

vidual his or her baseline 2013 channel, and the possibility of switching channels

only applies to the last three waves. The channel transition matrix in Figure C2

shows that viewers tend to show strong loyalty to their preferred news channels

within four years and that channel changes are relatively infrequent. This makes

the assumption that the preferred channel is largely time-invariant plausible.15

Regarding self-selection into channels, the literature provides sound evidence

that viewers tend to choose media platforms that conform to their ideology (see

Mullainathan and Shleifer, 2005; Gentzkow, 2006; Durante and Knight, 2012,

among others). We provide detailed evidence of self-selection into channels in

13Respondents only indicate their main preferred channel, which potentially restricts our
understanding of their television consumption. However, our focus is solely on political infor-
mation from evening news programs. In this context, it appears reasonable to assume that
individuals do not simultaneously watch multiple channels; if they do, it would decrease the
likelihood of detecting effects in our analysis.

14See Table A2 in the Appendix for a breakdown of individual observations across channels.
Specifically, we exclude channels such as Canal+, France 5, LCP, and LCI for which we have
fewer than 150 observations over time or 35 distinct respondents in the ELIPSS data. These
minor channels account for only 5% of the original TV viewer sample.

15Of those who reported their preferred TV channel for political information in both 2013
and 2016, 17.89% change their preferred TV channel between the two periods.
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Appendix A1. Overall, we find that individuals opposed to immigration tend

to favor TF1 for political information, while immigration supporters are more

likely to choose Arte, France 2, or CNews.16 As shown in Figure A6, this se-

lection results in varying distributions of attitudes for each channel, although

the majority of them attract a diverse set of respondents with mixed attitudes

toward immigration.

B Immigration in the Media and the 2015 Refugee Crisis

We use media data provided by the French National Audiovisual Institute (INA),

which archives news broadcasts for France’s main national television channels

(Philippe and Ouss, 2018; Cagé et al., 2019) to provide a comprehensive pic-

ture of immigration’s overall prominence and representation in evening news

over time. The analysis is restricted to all the news covered by evening news

programs between 6:45 p.m. and 9:30 p.m. from January 2013 to December

2017 on TF1, France 2, France 3, Arte, M6, BFM TV and CNews (I-Tele before

February 2017). All programs in our analysis mainly focus on events and in-

formation with national resonance. During our analysis period, the two leading

news programs by TF1 and France 2 had 6.1 million and 4.8 million viewers per

evening, respectively (25 and 20% of the French audience).

To identify whether subject s on channel c in year-month t is related to

the immigration topic (Immigrationsct = 1), we exploit INA’s descriptors and

account of news, which provides a comprehensive description of each broadcasted

subject.17 We build a lexicon that includes keywords associated with immigration

and their variations in spelling (see Appendix B1). Using a bag-of-words model,

a subject is classified as immigration-related if it includes at least one word from

the lexicon. For instance, the following subject in the data, from the BFM TV

evening news program on September 16, 2015, is classified as immigration-related

since it includes keywords from the lexicon such as “migrants” and “refugees”.

Speakers: Ruth Elkrief, Nathalie Schuck (Le Parisien), Thierry Arnaud. Ac-

cording to an ELABE poll survey, 80% of the respondents ask for an increase in

border controls. Interview of Bernard Sananès, president of the ELABE insti-

tute. Fear increased following the pictures of migrants in Hungary or Germany.

16CNews’s alignment with more positive immigration attitudes may come as a surprise, but
note that this channel shifted its political stance after Vincent Bolloré’s takeover in July 2015,
which affects only the last four waves of our sample (Cagé et al., 2022).

17This is the most comprehensive information on television broadcasting available because
there is no systematic transcription of all television programs.
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European leaders are in a panic. The reversal of opinion was predictable. The

question of border control arises outside Schengen. Syrian refugees are not so

interested in France.

The empirical analysis exploits this unique framework to compute a measure

of the salience of immigration on French TV news channels. First, information

on immigration news is collapsed at the channel-month level to match the time

dimension provided by the ELIPSS survey.18 Then, we define ShareSubjct, the

share of subjects devoted to the immigration topic in year-month t on the evening

news program of channel c, as follows:

ShareSubjct = (#Subjsct|Immigrationsct = 1) / (#Subjsct) (1)

where #Subjsct is the total number of subjects broadcast in year-month t dur-

ing the evening news program of channel c. This variable captures the preva-

lence of the immigration topic in the overall broadcasting of political informa-

tion on French television channels. As reported in Table B1, the average share

of immigration-related news for all months from 2013 to 2017 is 4.50%, with

a standard deviation of 4.80% and a maximum of 38,10% (Arte in September

2015).19 In descending order, the channels with the greatest average coverage of

migration in the sample are Arte, France 2, CNews, BMF TV, France 3, TF1,

and M6.

The empirical analysis exploits channel deviations from the average coverage

of immigration over time that is mostly driven by world events. Figures 2, B2 and

Table B1 display a significant rise in immigration coverage that coincides with

the substantial influx of asylum seekers into Europe following the 2015 refugee

crisis. The average share of immigration subjects increased from 3.30% prior to

September 2015 to 5.90% thereafter. Additional data from Google Trends on

the refugee crisis category also illustrate how natives’ attention to immigration

shifted in response to this increased salience of immigration.

Figure B3 provides descriptive evidence that the data capture meaningful and

sufficient variation at the channel level for the 12 available waves of the ELIPSS

18Unfortunately, only the month of the survey and not the exact date of the interview is
available for all respondents. This implies that we cannot rule out the possibility that the
impact of the media on attitudes is a short-term effect that lasts only a few days. Nonetheless,
the within-channel variability at the month level corresponds to 75% of the within variability
when information is considered at the day level, and focusing on monthly variations allows us
to capture the effect of repeated exposure to immigration-related subjects.

19The corresponding numbers in our benchmark sample used in the empirical analysis are
2.73%, 1.91%, and 18.80%, as we only use the month preceding the 12 ELIPSS waves and
individual observations are not distributed evenly across waves.
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Figure 2: Media Coverage of Immigration and the 2015 Refugee Crisis

Notes: “Share of Subjects” is the average share of subjects on French TV evening news
programs devoted to immigration-related topics. “Google Trends - Refugee crisis” reports the
monthly frequency of search queries associated with the refugee crisis, namely how often a
refugee-related term is entered into the Google search engine. “Nb. Asylum Applicants”is the
monthly total number of asylum seekers in Europe as reported by Eurostat. The data from
Google Trends are scaled such that the highest peak is set at 100. Scaling for the other two
series is relative to the initial period in January 2013.
Sources: Authors’ elaboration on INA, Google trends, and Eurostat data.

survey. Even after absorbing common monthly shocks and channel-specific time-

invariant characteristics, there are still appreciable variations over time in the

coverage of immigration across the various French evening news programs (see

Figure B4). These channel-specific fluctuations in immigration coverage can be

attributed to various factors, including changes in editorial staff, and board pref-

erences for specific subjects. For instance, Cagé et al. (2022) report that political

representation across French channels is influenced by journalists’ decisions and

their adaptation to the channel they work for. Thus, we provide additional esti-

mates in Section IIIB to ensure that our effects are not solely driven by channel

adaptation to audience attitudes. Additionally, idiosyncratic shifts in news pri-

orities, such as coverage and special editions on other topics, or channel-specific

contractual agreements (e.g., for sporting events), can impact the time available

for immigration news (Eisensee and Strömberg, 2007; Durante and Zhuravskaya,

2018; Djourelova and Durante, 2022). To this end, we demonstrate the robust-

ness of our findings by using 2SLS estimates, as outlined in Appendix C11, which

leverage news pressure from sports and disaster-related news to predict exoge-

nous changes in immigration coverage.
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As stated in Section IA, we can only track individual attitudes for a subsample

of 12 months. In Appendix B3, we show that the subsample of media data for the

months preceding each wave of the ELIPSS survey is, however, representative of

the variation recorded in the full INA database.

II Empirical Strategy

This section presents the main empirical strategy in Subsection A and discusses

its identification challenges in Subsection B.

A Empirical Specifications

The first benchmark empirical model tests the hypothesis that an increase in

immigration coverage increases the likelihood of reporting extreme attitudes to-

ward immigration. We use Polic(i)t as a dependent variable, which equals one

if an individual i in wave t, watching evening news programs on his or her pre-

ferred channel c, reports extreme attitudes (pro- or anti-immigration), and zero

otherwise (moderates). We estimate the following specification:

Polic(i)t = β1ShareSubjct−1 + β′Xit + γi + γc + γt + εit (2)

where ShareSubjct−1 is the aforementioned measure of the coverage of immi-

gration on channel c during the month preceding the month of the interview.

γt stands for wave fixed effects that absorb time-varying shocks that are com-

mon to all individuals, such as the impact of the 2015 refugee crisis in Europe,

which unambiguously affected natives’ attitudes toward immigration (Hangart-

ner et al., 2019; Schneider-Strawczynski, 2020; Steinmayr, 2021), while γi and

γc are the individual and channel fixed effects, respectively.20 A vector of time-

varying covariates, Xit, that includes age, marital status, education, household

size, number of children, employment status, occupation, and income categories,

improves the precision of the estimates.21 The coefficient of interest β1 captures

the marginal impact of an increase in the coverage of immigration on the like-

lihood of polarization. It can be interpreted as the percentage-point increase

in the likelihood of reporting extreme attitudes toward immigration for a one

percentage point increase in immigration coverage.

20Channel fixed effects (γc) can be estimated separately from individual fixed effects (γi)
because the preferred channel for political information is updated in 2016.

21A detailed description of control variables is available in Table C1.
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Second, to test whether polarization occurs on both sides of the distribution

of attitudes, we replace the dependent variable Polic(i)t in equation (2) with

Pro-Polic(i)t, which is equal to one for individuals with pro-immigration attitudes

and zero otherwise, and symmetrically with Anti-Polic(i)t, which is equal to one for

individuals with anti-immigration attitudes and zero otherwise.22 We also report

unconditional quantile estimates as a robustness check (Firpo et al., 2009).

Third, we interact the treatment variable with preexisting attitudes to de-

termine whether the direction of the shift of moderate individuals at the two

extremes of the distribution is stochastic or the result of latent heterogeneity

within this group. The benchmark specification becomes as follows:

Polic(i)t = β1ShareSubjct−1 + β2Attitudes
Cat.

it−1
+ β′Xit + γi + γc + γt

+ β3ShareSubjct−1 × AttitudesCat.

it−1
+ εit

(3)

whereAttitudesCat.

it−1
∈{Pro-immigration, Pro-immigration moderate, Anti-immigration

moderate, Anti-immigration} is a categorical variable that classifies the individ-

ual i into groups of attitudes at t− 1. Marginal effects are obtained through:

∂Polic(i)t/∂ShareSubjct−1 = β1 + β3Attitudes
Cat.

it−1
(4)

The omitted category is “Pro-immigration”, such that AttitudesCat.

it−1
= 0 and β1

is the marginal effect of an increase in the coverage of immigration for i ∈ {Pro-

immigration} at t− 1.

Including AttitudesCat.

it−1
on the right-hand side could make equation (3) sus-

ceptible to Nickell bias (Nickell, 1981), as it shares similar variations with Polic(i)t,

both being derived from Attitudesit with a one-month lag for the former. Thus,

we also always report the results of estimating equation (3) with time-invariant

baseline attitudes, defined as the attitudes of individuals when they enter the

panel. The main effect of attitudes (β2) is absorbed by the individual fixed ef-

fects in this robustness check. Note, however, that using initial attitudes rather

than attitudes at t−1 is a less desirable option because it does not allow respon-

dents’ attitudes to evolve over time.23

Given that the sampling process is not clustered, we follow Abadie et al.

(2022) and report standard errors clustered at the individual level to account for

within-individual serial correlation over time in all estimates. In Appendix C7,

we also report that our conclusions remain virtually unchanged when clustering

22See Figure C1 for a graphical representation of the coding process for the various depen-
dent variables.

23In Appendix C1 we document substantial shifts in attitudes over time.
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standard errors at the channel level or when computing wild cluster bootstrapped

standard errors to address the issue of the small number of clusters when clus-

tering at the TV channel level (See Cameron and Miller, 2015; MacKinnon and

Webb, 2017; MacKinnon et al., 2020).24

B Identification Assumptions

The main concern with the empirical strategy is the possibility of individuals

self-selecting into television channels that align with their immigration attitudes,

which would confound the estimates. The benchmark specification includes in-

dividual fixed effects, γi, to address the possibility that TV consumption choices

are endogenous to immigration views. This means that the identifying variabil-

ity stems solely from the correlation between an individual’s attitudes toward

immigration and the monthly variation in the salience of immigration on his or

her preferred TV channel.

Individual fixed effects absorb the impact of any time-invariant individual

characteristics on immigration views but not the effects of shocks correlated

with these characteristics. Concerns may arise if variations in immigration news

coverage are entirely demand driven, and if channels perfectly adjust their con-

tent based on what they anticipate about their audience’s changing interests

and beliefs about immigration over time (Gentzkow and Shapiro, 2010). We

devote Section IIIB to this threat to identification and present several pieces

of evidence demonstrating that this issue is unlikely to affect our main results.

Among other tests, we find no significant effects when assigning non-TV viewers

to a television-based immigration coverage by matching them to a TV viewer

based on several characteristics. More importantly, when we estimate a model

that simultaneously includes all leads and lags of our variable of interest, we find

non-significant correlations between current and future variations in immigration

coverage and individual attitudes.

Finally, given that different exposure to immigration may result from indi-

viduals changing their preferred TV channel due to a shift in their attitudes, we

provide additional evidence, in Section IIIB, that our estimates remain robust

to interacting channel and individual fixed effects (γic). While this approach

mitigates the issue of ideological self-selection across channels, it does shift the

24We use the Stata boottest package (Roodman, 2015) to perform the wild cluster boot-
strap with Webb weights and 999 replications. Our main conclusions are also robust to cluster-
ing standard errors at the channel-month level. However, MacKinnon et al. (2020) emphasize
that when working with panel data, “it is never to cluster below the cross-section level”; and
this is why we do not report these results, which are available upon request to the authors.
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identifying variability to the correlation between monthly variations in immi-

gration coverage on a specific French TV channel and an individual’s attitudes

toward immigration watching this channel during a particular year. In terms of

policy implications, it restricts the relevance of the results to individuals who opt

not to change their preferred TV channel. Given that individuals are particu-

larly attached to their TV news and that channel changes are relatively rare, as

shown in Section I, it is both reassuring and unsurprising to see that the results

are robust to the inclusion of these fixed effects.

III Main Results

This section covers the main findings regarding the impact of immigration cov-

erage on the polarization of attitudes. Section IIIA reports the estimates of the

benchmark equations (2) and (3), as well as the robustness checks associated with

these specifications. Section IIIB presents additional identification results, and

Section IIIC focuses on political preferences rather than immigration attitudes.

Finally, Section IIID studies which types of framing drive the results.

A Attitudes Toward Immigration

Table 2 reports the results of the benchmark equation (2) estimated with differ-

ent structures of fixed effects and controls. Overall, it shows that an increase in

immigration coverage significantly increases the polarization of those with mod-

erate attitudes toward the extremes. In the most comprehensive specification,

in Column (4), we find that a one percentage point increase in the share of im-

migration subjects (ShareSubjct−1) is associated with a 2.60 percentage point

increase in the likelihood of individuals reporting extreme attitudes. In terms

of standard deviations (0.019 in the estimation sample), this corresponds to an

approximately five percentage point increase.

We extensively discuss and challenge the robustness of this result in Appendix

C. Specifically, we report that the polarization effect is robust to excluding chan-

nels or waves one by one (Figures C5 and C6), using alternative dependent

variables (Table C3), or employing alternative independent variables to measure

the coverage of immigration in TV channels (Table C5).25 In Appendix C5, we

25The results are also robust to alternative subsamples, such as restricting the empirical
analysis before the 2016 refreshment sample, to the set of respondents who have non-missing
answers on all of the questions in the index, or to the waves that ask all three questions
simultaneously. However, we find no effect of immigration coverage on attitudes when we
restrict the analysis to non-citizen respondents. This result should be interpreted with caution
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Table 2: Coverage of Immigration and Polarization of Immigration Attitudes

(1) (2) (3) (4)

ShareSubjct−1 1.640*** 1.747*** 2.171*** 2.603***
(0.459) (0.361) (0.554) (0.613)

Controls Yes Yes Yes Yes
Individual FE No Yes Yes Yes
Wave FE No No Yes Yes
Channel FE No No No Yes
Nb. Observations 6,796 6,796 6,796 6,796
Adjusted R2 0.018 0.431 0.449 0.450
Std. coefficient 0.031 0.033 0.042 0.050

Notes: The dependent variable is Polarization, Polic(i)t, which takes value
one for individuals with extreme attitudes and zero otherwise. The vector of
time-varying controls includes age, education, employment status, marital
status, number of children, household size, a dummy for blue-collar and
income categories. Standardized coefficients for the coverage of immigration,
with a mean of 0 and a standard deviation of 1, are also reported in the table
footer (Std. coefficient). Robust standard errors clustered at the individual
level are reported in parentheses; *** p<0.01, ** p<0.05, * p<0.1.
Sources: Authors’ elaboration on INA and ELIPSS data.

also investigate whether the polarization response of an increase in the cover-

age of immigration on natives’ attitudes varies across individual characteristics

and sources of political information. Our findings reveal that the unemployed,

older, and those with lower levels of education are less likely than others to

change their attitudes, often remaining entrenched in their positions. We find

little evidence of heterogeneity in the responses of individuals who also consume

political information from other secondary sources such as radio, newspapers, or

the internet.

As discussed in Section II, polarization may be concentrated only on one side

of the attitude distribution if moderate respondents increased their likelihood

of reporting either extremely positive or extremely negative attitudes but not

both. In such a case, average or median immigration attitudes would shift in

one direction, but as shown in Table C2, increased immigration coverage has

no effect on both. This finding is consistent with previous research by Baysan

(2022), which suggests that a null effect on the average or median may reflect

changes in opposite directions within the distribution of attitudes, masking an

overall polarization effect. While Baysan (2022) demonstrates that this occurred

through direct contact for information provision, this paper demonstrates that it

can occur through traditional media exposure. In Table 3, we reestimate equa-

because the number of non-citizens in the ELIPSS survey is very small, making it impossible
to draw any firm conclusions. All of these results are available upon request.
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Table 3: Direction of the Polarization

(1) (2) (3) (4) (5)
Pol Pro-Pol Anti-Pol Pro-Pol Anti-Pol

moderates moderates

ShareSubjct−1 2.603*** 1.677*** 0.926** -1.739** -0.865
(0.613) (0.443) (0.393) (0.677) (0.576)

Nb. Observations 6,796 6,796 6,796 6,796 6,796
Adjusted R2 0.450 0.585 0.557 0.370 0.350
Std. coefficient 0.050 0.032 0.018 -0.033 -0.017

Notes: The dependent variable in Column (1) is Polarization, which takes value one for
individuals with extreme attitudes and zero otherwise. The dependent variable in Column
(2) is a dummy equal to one for pro-immigration attitudes and zero otherwise. The depen-
dent variable in Column (3) is a dummy equal to one for anti-immigration attitudes and
zero otherwise. The dependent variable in Column (4) is a dummy equal to one for pro-
immigration moderate attitudes and zero otherwise. The dependent variable in Column (5)
is a dummy equal to one for anti-immigration moderate attitudes and zero otherwise. All
estimates include wave, individual, and channel fixed effects. The vector of time-varying
controls includes age, education, employment status, marital status, number of children,
household size, a dummy for blue-collar and income categories. Standardized coefficients for
the coverage of immigration, with a mean of 0 and a standard deviation of 1, are also reported
in the table footer (Std. coefficient). Robust standard errors clustered at the individual level
are reported in parentheses; *** p<0.01, ** p<0.05, * p<0.1.
Sources: Authors’ elaboration on INA and ELIPSS data.

tion (2) with alternative dependent variables to investigate this phenomenon.

In Column (2), we use Pro-pol, a dummy variable equal to one for individuals

with pro-immigration attitudes and zero otherwise, and in Column (3), we use

Anti-pol, a dummy variable equal to one for individuals with anti-immigration

attitudes and zero otherwise. By construction, the sum of the two separately

estimated coefficients for these new dependent variables equals the previously

estimated coefficient for Pol. Columns (2) and (3) show that polarization ex-

ists on both sides of the attitude distribution, as both coefficients are positive

and statistically significant. In Columns (4) and (5), we present estimates for

pro-immigration moderates and anti-immigration moderates to provide a com-

prehensive overview. These coefficients are nearly perfectly symmetric with those

estimated in Columns (2) and (3), with quantitatively similar but opposite signs.

In both cases, the negative signs indicate a lower likelihood of expressing mod-

erate attitudes as immigration coverage increases.

These findings are corroborated by unconditional quantile estimates (Firpo

et al., 2009) reported in Figure C10. Quantile estimates allow us to exploit

the full variability of our measure of immigration attitudes without the need for

separate dummies, such as pro- or anti-polarization indicators. The estimated
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coefficients support previous results that increased immigration coverage impacts

the likelihood of displaying extreme attitudes on both ends of the distribution.

It is associated with both an increase in the likelihood of having more positive

attitudes toward immigrants at the left-hand side of the distribution (quantiles

10 to 30) and a significant increase in the likelihood of having more negative

attitudes toward immigrants at the right-hand side of the distribution (quantiles

70 to 90).

Finally, Figure 3 reports the marginal effects of increased immigration cover-

age on the likelihood of polarization to demonstrate that the increase in attitudes

at both ends of the distribution is not arbitrary but rather reflects underlying

heterogeneity in initial immigration attitudes. These marginal effects, estimated

as described in Section II, show two main patterns. First, Figure 3a reveals that

Figure 3: Coverage of Immigration Interacted with Preexisting Attitudes

(a) Pol as Dependent Variable

(b) Pro-Pol as Dependent Variable (c) Anti-Pol as Dependent Variable

Notes: The figures show the marginal effect of ShareSubjct−1 on Pol, Anti-pol and Pro-
pol, conditional on preexisting attitudes defined either in the last wave or at baseline, and
estimated separately from Equation (3). All estimates include wave, individual, and channel
fixed effects. The vector of time-varying controls includes age, education, employment status,
marital status, number of children, household size, a dummy for blue-collar and income
categories. Robust standard errors clustered at the individual level. Confidence intervals are
presented at the 95% and 90% levels.
Sources: Authors’ elaboration on INA and ELIPSS data.
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polarization results from changes in attitudes among all individuals, with the

exception of anti-immigration individuals whose attitudes remain stable regard-

less of the level of immigration coverage. This echoes previous findings in the

literature that changing the attitudes of those who already have strong exclusion-

ary attitudes may be more difficult (Kalla and Broockman, 2021). At the other

end of the attitude distribution, pro-immigration individuals strongly respond

to changes in immigration coverage by significantly increasing their likelihood of

remaining on the extreme left-hand side of the distribution rather than returning

to moderate positions. Second, compared to Baysan (2022), the use of data at

the individual level allows us to characterize switchers as mainly coming from

the middle of the attitude distribution. When immigration coverage on TV in-

creases, anti-immigration moderates become more anti-immigration (Figure 3c),

while pro-immigration moderates become more pro-immigration (Figure 3b).

Overall, we find that an increase in the coverage of immigration has no effect

on average attitudes toward immigration but that this null effect masks a shift in

the distribution of attitudes toward both extremes, as individuals with initially

moderate attitudes become more likely to report extremely positive and nega-

tive attitudes. This asymmetric change results from the heterogeneity in initial

beliefs; those who were initially moderately positive become extremely positive,

while those who were initially moderately negative become more concerned about

immigration. As news coverage of immigration increases, attitudes become more

polarized.

B Identification

As discussed in Section IIB, a legitimate concern in our analysis is that our

previous results capture the perfect adjustment of channels to the attitude of their

audience (Gentzkow and Shapiro, 2010). Indeed, individual fixed effects absorb

the impact of any time-invariant individual characteristics on immigration views

but not the effects of shocks correlated with these characteristics, and a channel

covering of an immigration-related event could be based on how interested its

viewers are likely to be in this event. Despite the lack of an experimental setting,

we provide below several additional tests that mitigate these concerns, in addition

to the use of coverage variations in the month preceding the measured attitudes.

In Appendix C11, we also report additional 2SLS estimates that rely on news

pressure to predict exogenous coverage of immigration, following Eisensee and

Strömberg (2007); Durante and Zhuravskaya (2018); Djourelova and Durante

(2022). The estimated 2SLS coefficients concur with our benchmark results,
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despite having lower precision than the OLS estimates.

Timing falsification. To mitigate potential confounding factors stemming from

channels anticipating attitudinal changes among their viewers and strategically

adjusting their immigration coverage accordingly, we regress our dependent vari-

able of polarization on leads and lags of media coverage of immigration in Figure

4. To account for serial correlation in immigration coverage, we estimate all leads

and lags within a single equation. Reassuringly, the non-significance of the lead

variables shows that future coverage of immigration at time t+1 does not predict

contemporaneous views on immigration at time t.26 This test also allows us to

assess the persistence of our estimated effect, revealing that it is only influenced

by coverage from the previous month, as previous lags have no impact. This is

consistent with recent findings by Angelucci and Prat (2023), which show that

individual knowledge of news significantly declines over time. Note that this

short-term effect does not diminish the significance of the findings. Migration

is a heavily covered topic in France during election season, and given that the

effect on attitudes toward migration can also translate into political attitudes

(see Section IIIC), it has the potential to influence election results and thus the

migration policy that newly elected officials will implement.

Figure 4: Leads and Lags of the Coverage of Immigration

Notes: The figure shows the marginal effects of ShareSubct−1 as well as its lagged and lead-
ing values on Pol estimated in a single regression. All estimates include wave, individual,
and channel fixed effects. The vector of time-varying controls includes age, education, em-
ployment status, marital status, number of children, household size, a dummy for blue-collar
and income categories. Robust standard errors clustered at the individual level. Confidence
intervals are presented at the 95% and 90% levels.
Sources: Authors’ elaboration on INA and ELIPSS data.

Individual-channel fixed effects. Individuals’ preferred channels for political

26Lead estimates are also non-significant when using Anti-pol or Pro-pol as dependent
variables, as reported in Appendix C8.
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information have previously been treated as time-invariant in our main specifi-

cation, even though those who joined the panel in 2013 may have updated their

channel preference by 2016. To address the concern that increased immigration

coverage may be the result of channel switching triggered by attitude changes, we

extend our benchmark specification with individual-by-channel fixed effects. The

identifying variability with this new fixed effects structure is solely based on the

correlation between monthly fluctuations in immigration coverage on a specific

French television channel and the attitudes toward immigration of a given indi-

vidual watching this channel. We report the result of our three benchmark tables

presented in Section III in Appendix C9, which show that all of our conclusions

remain unchanged under this alternative specification. This is not surprising

given the strong loyalty that viewers show to their preferred news channels over

the four years covered by our analysis, as discussed in Section IA.

Placebo estimates on non-TV viewers. In the presence of reverse causality

bias, non-TV viewers should be also affected by the treatment assuming a par-

allel evolution in their attitudes to that witnessed among TV viewers. Thus, in

Appendix Appendix C13, a television channel is assigned to individuals who do

not list TV as one of their primary sources of political information, either ran-

domly or by matching them with a TV viewer based on a broad set of observable

characteristics. Placebo estimates on non-TV viewers are reported in Table C16.

The main coefficient of interest remains non-significant and lower than the bench-

mark coefficient. This provides further evidence that the results truly capture

the direct impact of television on attitudes and that the effect we identify is

solely driven by channel-specific changes in migration news broadcasting.

Placebo estimates on concerns about alternative topics. To rule out

the possibility that any other changes at the channel level confounded the esti-

mates, we conduct additional placebo regressions that either replace the depen-

dent variable with polarization dummies on non-immigration topics in Tables

C17 and C18 or the independent variable with news coverage on the same non-

immigration topics in Table C19.27 Reassuringly, the results report no significant

effects for gender inequality, homosexuality, or environmental issues.28 This test

also speaks against reverse causality if individuals’ attitudes on different dimen-

sions co-evolved and channels adjusted their coverage on these dimensions.

27Despite the low frequency of non-immigration-related questions in our data, we report a
significant benchmark coefficient on immigration concerns across all reduced samples, as shown
at the bottom of Tables C17 and C18.

28This holds even though we find that gender and environmental news may affect general
attitudes toward homosexuality and climate change in additional results available upon request.
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Oster’s methodology and ideological controls. The issue of selection on

time-varying unobservables can also be addressed using a control variables ap-

proach. Table C15 provides evidence that self-selection is unlikely to drive our

results to the extent that selection on unobservables is sufficiently correlated with

selection on observables. We follow the methodology proposed by Oster (2019)

and compute δ, the degree of selection on unobservables relative to observables

required to make the coefficient of interest equal zero. As reported by Oster

(2019), concerns about self-selection on unobservables can be ruled out as long

as δ > 1. In our benchmark specification, δ = 2.06. This means that the selec-

tion on unobservables would have to be two times greater than the selection on

observables to change the nature of the findings.

Following Facchini et al. (2017), we also provide evidence in Appendix C10

that the main results are robust to including time-varying ideological controls

such as political interest, a 10-point left-right self-reported scale on political ori-

entation, and TV viewing time, measured as the number of days per week that an

individual watches television.29 Nevertheless, these results must be interpreted

with caution because these variables are jointly determined with political atti-

tudes toward immigration and could thus be considered “bad controls” (Angrist

and Pischke, 2008).

C Political Affiliation

This section investigates how the polarization in attitudes from increased immi-

gration coverage interacts with individuals’ political affiliations. We conduct this

analysis using additional questions from the ELIPSS survey on political affilia-

tion. First, we employ a self-assessed measure of individuals’ political positions

on a continuous 10-point scale ranging from zero (for respondents endorsing far-

left ideologies) to ten (for respondents endorsing far-right ideologies). Figures

5a and 5b report the marginal impact of increased immigration coverage on the

likelihood of left or right polarization, conditional on different levels of politi-

cal affiliation, and thus mirror previous estimates presented in equation (3).30

The closer individuals are to the left (right), the greater the magnitude and sig-

nificance of pro-immigration polarization (anti-immigration polarization). For

instance, individuals who do not have a strong initial position either on the right

or left of the political spectrum (score of 5) have a 1.6 pp. lower probability

29Facchini et al. (2017) rely on a similar source of variation with cross-sectional data in
the United States and find that Fox News viewers are more likely to report negative attitudes
toward illegal immigrants than CBS viewers.

30The same figure for overall polarization is reported in Figure D3.
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Figure 5: Coverage of Immigration Interacted with Political Affiliation

(a) Pro-Pol as Dependent Variable (b) Anti-Pol as Dependent Variable

Notes: The figures report the marginal impact of an increase in the coverage of immigration,
conditional on levels of political affiliation, on Pol, Pro-pol, and Anti-pol. All estimates
include wave, individual, and channel fixed effects. The vector of time-varying controls
includes age, education, employment status, marital status, number of children, household
size, a dummy for blue-collar and income categories. Robust standard errors clustered at
the individual level. Confidence intervals are presented at the 95% and 90% levels.
Sources: Authors’ elaboration on INA and ELIPSS data.

of polarizing toward extreme attitudes than individuals with a strong political

leaning (score of zero in Figure 5a and ten in Figure 5b, respectively). This con-

firms that the direction of polarization for moderates strongly aligns with initial

beliefs and political leaning.

Second, we extend the analysis by focusing on party affiliations. Although the

ELIPSS survey does not ask about voting intentions or preferred party, it does

record respondents’ likelihood of voting for each French political party on a 10-

point scale.31 Based on their position on the political spectrum, political parties

are classified into the following political groups: far-right, right, center, left, and

far-left as reported in Figure D1. Respondents who report a high likelihood

of voting for far-right parties are more likely to be anti-immigration, whereas

those who report a high likelihood of voting for the left are more likely to be

pro-immigration.32 Anti-immigration moderates are more likely to be aligned

with the right, whereas pro-immigration moderates are more likely to be aligned

with the center.33 Figure D2 investigates whether there is a polarization to more

31Due to a reorganization of the French political landscape near the end of the survey,
questions were not asked for all parties in every survey wave. As a result, the analysis is
restricted to major historical political parties with a sufficient number of observations over
time (at least six waves).

32The left is composed of the socialist and green parties, the two parties with the highest
correlation with pro-immigration attitudes in Figure D1.

33According to Table D1, an increase in immigration coverage does not significantly increase
the average likelihood of voting for a particular party or voting more to the left or right,
although the coefficients on each political group suggest a clear pattern toward more right-
leaning and less left-leaning positions after an increase in immigration coverage.
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extreme political groups employing the same estimation strategy as previously

described. A rise in immigration coverage significantly increases the likelihood of

individuals with a high probability of voting for the right in the last wave voting

for far-right parties (Figure D2b). At the other end of the political spectrum,

such a rise increases the likelihood that individuals who previously expressed a

high probability of voting for the center to vote for the left (Figure D2d).

Media coverage of immigration can thus polarize not only attitudes toward

immigration but also electoral preferences toward parties that hold more radi-

cal stances on immigration. These findings resonate with those of Colussi et al.

(2021), who show that an increase in the salience of immigration has an asym-

metric impact on voters’ electoral preferences in the German context. Using our

individual panel data matched to our television data, we can provide evidence

on the specific role of the media in increasing the salience of a contentious topic

and identify the switchers driving the effect.

D Framing of Immigration News

This section explores which types of framing within immigration news contribute

to polarization. To this end, we break down our measure of coverage of immi-

gration in equations (2) and (3) into tones and topics.34

Topic analysis. We apply an unsupervised Latent Dirichlet Allocation algo-

rithm (LDA) to the complete corpus of immigration news to identify topics within

our period of analysis. The LDA generative process aims to discover uncorre-

lated topics in migration subjects and assign each migration subject to a mu-

tually exclusive category.35 We uncover nine distinct subject clusters related to

migration during the analysis period, namely migration burden (17.3%), French

politics (13.1%), refugee camps in France (12.7%), the Syrian conflict (11.7%),

terrorism and attacks (10.8%), the refugee crisis in the Mediterranean (9.9%),

the United States (8.9%), the European Union (8.3%), and Germany (7.3%).36

Information is then aggregated at the channel-month level, and Appendix E pro-

vides descriptive statistics on the evolution of topics across channels and over

34For immigration coverage in Germany, Gehring et al. (2022) shows that average changes
in sentiment are primarily attributed to changes in topics rather than changes in sentiment
within topics.

35Given that we restrict the topic analysis to immigration-related subjects, we opt for an
unsupervised LDA that uncovers topics rather than a semisupervised LDA that requires topics
to be specified ex-ante using a seed word dictionary and that generates a residual category.

36We adopt the methodology proposed by Deveaud et al. (2014) to determine the optimal
number of LDA topics. The nine topics are labeled based on their top words, which are detailed
in Table E1. The cross-correlation between topics is low, as illustrated in Figure E1, which
rules out concerns of collinearity.
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time.

To mitigate the issue of low variability in the topic data that may impede

the precise estimation of these patterns, topics are classified into three broader,

more consistent groups: i) subjects pertaining to immigrant integration and

associated costs in France – “migration burden”, “French politics”, or “refugee

camps in France”–, ii) subjects concerning immigration in foreign host countries

–“Germany”, “European Union”, or “United-States”–, and iii) other subjects

related to sudden shocks – “Syrian conflict”, “terrorism and attacks”, or “Refugee

crisis in the Mediterranean”.37 The results are depicted in Figure 6a. Subjects

addressing immigration in France exhibit a polarization effect, whereas subjects

addressing immigration in other contexts outside the national territory tend to

foster pro-immigrant attitudes. This suggests that concerns among natives about

immigration are notably shaped by economic and psychological costs linked to

hosting immigrants, with the latter arising only when welcoming them into one’s

own country.38 Figure E4 confirms that these heterogeneous reactions depend on

initial attitudes. Respondents with initially moderate views tend to become more

negative as media coverage of immigration in France increases, whereas those

with initially positive views are more likely to report highly positive attitudes.

The coverage of immigration in France thus widens the gap between those with

differing initial attitudes. When it comes to immigration in foreign countries, we

find that pro-immigration viewers drive the empathy effect the most. Finally,

while other subjects seem to be associated with an increase in anti-immigrant

sentiments, additional robustness checks reveal that it is entirely driven by the

coverage of terrorist attacks in France during the period of analysis.

Sentiment analysis. To capture the tone expressed in migration subjects, we

run a sentiment analysis on the complete corpus of migration subjects. This

exercise proves particularly challenging within our context. First, the regula-

tory authority for audiovisual and digital communication in France (ARCOM,

formerly CSA) aims to maintain channels’ neutrality (Philippe and Ouss, 2018),

which may limit variations over time and across channels compared to the US

media market (DellaVigna and Kaplan, 2007), for instance. However, some re-

cent studies have shown that French TV channels’ neutrality is not completely

absolute (Cagé et al., 2022). Second, unlike existing studies that predominantly

37This grouping results not only from thematic similarities, but also from the fact that when
isolating topics one by one in Figure E5, their estimates point in the same direction.

38This echoes findings by Bordalo et al. (2020), who show that the end of the Cold War
increased the salience of domestic issues, translating into higher perceived polarization and
partisanship.
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Figure 6: Topic and Sentiment Analysis

(a) Topics (b) Sentiments

Notes: The figures show the marginal effect of ShareSubjct−1 on Pol, Pro-pol, and Anti-

pol for specific topics and sentiments. All estimates include wave, individual, and channel
fixed effects. The vector of time-varying controls includes age, education, employment
status, marital status, number of children, household size, a dummy for blue-collar and
income categories. Robust standard errors clustered at the individual level. Confidence
intervals are presented at the 95% and 90% levels.
Sources: Authors’ elaboration on INA and ELIPSS data.

focus on press articles, the lack of written transcripts of the broadcasted content

means that our analysis relies on descriptions provided either directly by INA

employees or by the Kantar society, which are fundamentally shorter and more

neutral than the original content. Third, some negative terms, such as “ship-

wreck,” may be perceived as ambiguous in the context of migration and may

elicit diverging reactions from the population. With these limitations in mind,

we rely on the French Expanded Emotion Lexicon (Abdaoui et al., 2017), which

is, to our knowledge, the lexicon of reference for sentiment analysis in French,

to identify positive and negative words in each subject. We first compute the

share of positive (negative) words in the total number of words for each sub-

ject.39 Then, we classify a subject as positive or negative if its share of positive

or negative words exceeds the 75th percentile of the subject distribution. Of the

migration subjects, 11.41% and 16.47% are classified as positive, or negative,

respectively. All other subjects are classified as neutral (72.13%).40 The infor-

39We remove from the sentiment analysis words that have already been used in the migration
lexicon.

40Figure F1 depicts the most frequent positive and negative French words in the most pos-
itive and negative subjects, respectively. A small number of emotionally charged immigration
subjects (1.5%) were initially classified as both positive and negative. To ensure that our
classification is exclusive, we reclassify subjects as positive if the number of positive words
within the subject is greater than the number of negative words and vice versa. The results
remain robust when excluding these subjects from the analysis or not reclassifying them. Our
conclusions remain unchanged when using the 50th percentile as a threshold, but it reduces
the number of neutral subjects to 33.32%, as reported in Figure F5.
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mation is again aggregated by computing the share of positive, negative, and

neutral immigration subjects at the channel-month level. Appendix F provides

descriptive statistics on the evolution of sentiment across channels and over time.

Interestingly, sentiments and topics do not overlap, as shown in Figure F2, with

the two highest correlations being between terrorism and the share of negative

subjects at 0.30 and between French politics and the share of positive subjects

at 0.26.

The results are reported in Figure 6b. Polarization at both ends of the dis-

tribution is primarily driven by subjects who are neither extremely positive nor

extremely negative. Instead, neutral subjects increase the likelihood of polar-

ization toward both pro- and anti-migration sentiments. Figure F6c confirms

that an increase in immigration coverage with a neutral framing increases both

the likelihood of pro-immigration moderates reporting extremely positive atti-

tudes and anti-immigration moderates reporting extremely negative attitudes.

Two additional patterns emerge for viewers whose initial attitudes are pro- or

anti-migration. On the one hand, Figure 6b indicates that negative framing may

increase the likelihood of polarization toward extremely negative attitudes, and

F6b shows that it is driven by pro-immigration individuals who can reverse their

attitudes when they are exposed to extremely negative events, such as terrorist

attacks.41 On the other hand, F6a demonstrates that a positive framing that

contradicts their initial beliefs can cause anti-immigration viewers to hold their

negative attitudes even more strongly.

IV Mechanisms

This section investigates three possible mechanisms by which individuals with

moderate attitudes toward immigration are more likely to report extreme at-

titudes in a direction that depends on initial perceptions as media coverage of

immigration increases, namely motivated reasoning and backlash, persuasion,

and salience.42

41This effect echoes the positive coefficient for the topic “Other” in Figure E4. When
removing terrorism from the “Other” topic, the coefficient becomes non-significant and close
to zero. Shifts from pro- to anti-immigration are thus only driven by the coverage of terrorist
attacks in France during our analysis period.

42As ELIPSS is an anonymous self-administered questionnaire that uses a touch-screen
tablet instead of face-to-face interviews, it is unlikely that our results reflect an increase in the
likelihood of reporting extreme attitudes due to greater social acceptance of extreme positions.
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A Persuasion vs. Salience

In a world with Bayesian learning, the preferences of TV viewers may be updated

based on the types of news they see. Polarization could occur as a result of TV

viewers self-selecting into different channels based on their initial beliefs and thus

being exposed to different biased information sets, leading them to update their

attitudes in different directions. If this is the case, pro(anti)-immigration mod-

erates will shift to extremely positive (negative) attitudes as their exposure to

positive (negative) immigration news increases. This interpretation of the results

would echo the literature on the persuasive power of the media (DellaVigna and

Gentzkow, 2010), but several findings contradict such an interpretation of our

results. Instead, a more plausible interpretation of the results is that increased

immigration coverage increases the prominence of this subject in the minds of

TV viewers, causing them to place greater emphasis on the immigration topic

when forming their opinion, thereby amplifying their initial position on the dis-

tribution of attitudes from moderate to extreme. This salience interpretation

aligns with findings by Alesina et al. (2022) and Colussi et al. (2021), among

others.

First, we examine how the effect varies based on the bias in immigration news

coverage. According to previous results in Figure 6, a rise in exposure to migra-

tion news about the same topic (e.g., immigration in France) or with a neutral

framing leads pro-immigration moderates to have an increased likelihood of re-

porting extremely positive attitudes, while anti-immigration moderates have an

increased likelihood of reporting extremely negative attitudes. Contrary reac-

tions to an increase in immigration coverage by pro- and anti-moderates, despite

being exposed to news with the same or no bias, provide preliminary evidence

against interpreting this result solely through the lens of persuasion.

Second, Bayesian updating theory suggests that extreme viewers should be

less likely to update their beliefs due to their existing polarized opinions. How-

ever, comparing pro- and anti-immigration viewers at the extremes, we find that

an increase in the coverage of immigration significantly affects pro-immigration

respondents with no symmetric effect for anti-immigration respondents. This

asymmetric impact is consistent with a salience interpretation, as several studies

show that anti-immigration respondents regard immigration as a salient topic re-

gardless of media coverage, whereas pro-immigration respondents may only per-

ceive its importance as media coverage increases (Dennison and Geddes, 2019;

Kustov, 2023).

Third, as shown in Figure 4, the polarization effect of immigration coverage

29



has a short-term impact, typically within a month. This also aligns with the

reactivation of preexisting prejudices in the context of limited attention, rather

than a long-lasting persuasion toward extreme positions.

Finally, we implement a more direct test focusing on within-channel polariza-

tion. If the only plausible interpretations of the results were Bayesian updating

and persuasion, we would not expect any opposite shifts in attitudes among

viewers of the same channel. Instead, viewers’ attitudes should converge in the

same direction as a result of exposure to the same biased content. To test this

hypothesis, we interact exposure to immigration with individuals’ preferred TV

channel, using the same estimation strategy we followed in equations (3) and

(4) for the interaction with preexisting attitudes. Figure 7a shows positive point

estimates for both Anti- and Pro-pol for all channels, suggesting that increased

immigration coverage amplifies the attitudes of viewers of the same channel in

the direction of their initial bias. Polarization is only significant for four of the

seven channels studied. However, there are positive and significant coefficients

for both Anti- and Pro-pol for BFM TV and France 2, which are the channels

with a sufficient number of individual observations (26.50% and 22.70% of the

overall sample, respectively) as well as a sufficient mix of viewers with different

initial attitudes.43 Thus, consistent with a salience interpretation, we see that

individuals exposed to the same information react differently. To enhance the

precision of our estimates, we group channels in Figure 7b, based on the overall

attitudes of their viewers (TF1 attracts anti-immigrant viewers, France2, Arte,

and CNews attract pro-immigrant viewers, and the other three channels have

mixed viewership, as reported in Table A3.). These new estimates confirm that

viewers exposed to the same coverage can polarize in opposite directions, par-

ticularly for channels that attract both positive and mixed viewers. However,

the effect on pro-immigration polarization remains non-significant for TF1. This

is most likely because the distribution of TF1’s viewers, which includes a dis-

proportionate number of anti-immigration moderates, does not provide enough

statistical power to produce a significant coefficient on polarization toward ex-

tremely positive attitudes.

43Table A2 shows the number of observations per channel. Figure A6 shows the distributions
of attitudes within channels. Because TF1 has a disproportionate number of anti-immigration
viewers, it only reports a significant and positive coefficient for anti-immigration polarization.
Arte, on the other hand, has a disproportionate number of pro-immigration viewers and thus
has only a significant and positive coefficient for pro-immigration polarization.
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Figure 7: Coverage of Immigration and Attitudes by Channel

(a) Channels Separately (b) Grouped Channels

Notes: The figures show the marginal effect of ShareSubjct−1 on Pol, Pro-pol, and
Anti-pol conditional on the preferred channel to get political information. All estimates
include wave, individual, and channel fixed effects. The vector of time-varying con-
trols includes age, education, employment status, marital status, number of children,
household size, a dummy for blue-collar and income categories. Robust standard errors
clustered at the individual level. Confidence intervals are presented at the 95% and 90%
levels.
Sources: Authors’ elaboration on INA and ELIPSS data.

B Motivated thinking and backlash

Polarization from moderate to extreme attitudes could be attributed to moti-

vated reasoning if TV viewers selectively seek and accept information that aligns

with their preexisting beliefs while discounting or dismissing conflicting informa-

tion (Taber and Lodge, 2006; Bénabou and Tirole, 2016). Experimental research

has also shown that exposing individuals to information contradicting their initial

beliefs may trigger a backlash, reinforcing their initial attitudes toward immigra-

tion, even if overall the evidence is scarce (Nyhan and Reifler, 2010; Wood and

Porter, 2019; Guess and Coppock, 2020). Our results provide little support for

these explanations.

First, if backlash were the main explanation for our results, we would ex-

pect viewers to react to news coverage framed in the opposite direction of their

initial attitudes, thereby reinforcing their initial attitudes. Figure F6a shows a

nearly significant backlash response of anti-immigration viewers to positive im-

migration coverage, which contradicts their initial beliefs, toward holding more

strongly negative attitudes. Other than this effect, we do not find supporting

evidence of a backlash effect on other types of viewers. Anti-immigration mod-

erates do not adopt more negative attitudes when exposed to positive news, and

pro-immigration viewers, whether moderate or not, do not adopt more positive

attitudes when exposed to negatively framed immigration news.

Second, if motivated reasoning were the main explanation for our results, we
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would expect viewers to respond to information framing that confirms their ini-

tial beliefs but not to information that contradicts them. However, Figures F6a

and F6b reveal null coefficients for pro-immigration moderates exposed to posi-

tive coverage and for anti-immigration moderates exposed to negative coverage.

Although Figure F6a indicates that pro-immigration individuals are more likely

to maintain extremely favorable attitudes when exposed to positive information,

Figure F6b shows that pro-immigration individuals still do not dismiss negative

information about migration and that such negative information may cause a

shift in their attitudes toward the opposite ends of the distribution, driven here

by migration topics related to terrorism.

Finally, the overall lack of changes in the attitudes of anti-immigration in-

dividuals following an increase in the coverage of immigration in our baseline

results also suggests that motivated reasoning is unlikely to explain all of our

results. In contrast, it is consistent with a salience mechanism if immigration

is always salient for individuals with strong anti-immigration priors but not for

others, as suggested in the literature (Dennison and Geddes, 2019; Kustov, 2023).

We provide strong support for a salience mechanism in the following section.

To conclude, the findings in this section suggest that motivated reasoning

and backlash can be at work for viewers who already have extremely positive or

negative attitudes, as these strategic adjustments require strong initial attitudes

(Swire et al., 2017). For viewers with moderate attitudes, however, the effect

appears to be driven by a salience mechanism and the reactivation of latent

prejudices. Because polarization is mainly driven by these viewers moving toward

the extreme, salience plays an important role in explaining the polarization effect

observed following an increase in media coverage.

V Conclusions

This paper investigates how increased media coverage of immigration affects na-

tives’ attitudes toward immigration. It combines INA data on French television

news programs with ELIPSS monthly individual panel data on attitudes from

2013 to 2017. Connecting all respondents to immigration coverage on their pre-

ferred channel for political information, we find that increases in the coverage of

immigration shift moderate individuals’ attitudes toward both extremes of the

distribution in the short run. In particular, natives with moderately positive at-

titudes adopt highly positive attitudes, whereas those with moderately negative

attitudes become very concerned about immigration. Interestingly, this main

32



result is at odds with most of the literature on the impact of media on atti-

tudes toward immigration, which usually finds that priming immigration mainly

drives natives’ attitudes in a specific direction. This paper therefore highlights

the importance of looking beyond average effects when studying how exposure

to the same information affects attitudes and beliefs. Additional results in the

paper point to a salience mechanism driving the effect, i.e. increased exposure

to immigration raises the topic’s prominence in viewers’ minds, leading to a

disproportionate influence of the latter on subsequent decisions.

These findings highlight the role of the media, particularly television in our

context, in polarizing attitudes. They have important implications for how the

media covers issues such as immigration because they imply that, regardless

of how the topic is framed, the mere mention of immigration can change the

preferences of moderate individuals. Finally, the results also show that priming

immigration influences not only attitudes but also voting decisions, which is

especially important when considering media coverage during election seasons.

All of these observations call for future research on media regulation policies

to mitigate potential adverse effects, such as the possible manipulation of the

political agenda by political leaders of extreme parties.
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